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Preface

Inequalities and Zipf-Mandelbrot law is devoted to recent advances in variety of in-
equalities in Information theory especially for Zipf law and Zipf-Mandelbrot law. Since,
Zipf-Mandelbrot law has been applied in various scientific disciplines and different kind of
natural or social phenomena: from text mining, information retrieval, animal communica-
tion, to gene expression and many others, we hope that this book will be useful to different
scientific communities.

Subjects covered in this volume include: Zipf-Mandelbrot law and hybrid Zipf-Man-
delbrot law, Properties and its generalizations, Zipf-Mandelbrot entropy, Approximating
f-divergence via Hermite interpolation polynomials, Bounds for Inequalities for Entropy
of Zipf-Mandelbrot law, Inequalities for Shanon and Zipf-Mandelbrot entropies by us-
ing Jensen type inequalities, Combinatorial improvements of Zipf-Mandelbrot laws wia
interpolations, Cyclic improvements of Inequalitires for Entropy of Zipf-Mandelbrot law,
Inequalitires of the Jensen and Edmunson-Lah-Ribaric type for Zipf-Mandelbrot law, Sher-
man’s inequality with applications in information theory, Jensen-type inequalities for gen-
eralized f-divergence and Zipf-Mandelbrot law as well as some related results for Shanon
and Zipf-Mandelbrot entropies.

We wish to express our appreciation to the distinguished mathematicians who con-
tributed to this volume and all the researchers who contributed to this specific field of
research. Finally, it is our pleasure to acknowledge the fine cooperation and assistance
provided by the staff of “Element”,

bilda Pecari¢
Josip Pecarié¢

Editors
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Chapter

Zipf-Mandelbrot law,
properties and its
generalizations

Julije Jaksetic, Dilda Pecaric¢ and Josip Pecari¢

Abstract. Despite a wide spread applications of Zipf-Mandelbrot law, there is quite
small amount of results concerning analytical properties on distribution law. On
the first stage, we examine some monotonicity properties of the law, we derive the
whole variety of its lower and upper estimations. We then further refine our results
using some well-known inequalities such as Holder and Lyapunov inequality.

On the second stage we consider the case when total mass of Zipf-Mandelbrot
law is spread all over positive integer, and then we come to Hurwitz {—function.
As we show, it is very natural first to examine properties of Hurwitz {—function
to derive properties of Zipf-Mandelbrot law. Using some well-known inequalities
such as Chebyshev’s and Lyapunov’s inequality we are able to deduce a whole
variety of theoretical characterizations that include, among others, log-convexity,
log-subadditivity, exponential convexity.

On the third stage, we generalize Zipf-Mandelbrot law using maximization of
Shannon entropy, as we get hybrid Zipf-Mandelbrot law. It is interesting that ex-
amination of its densities provides some new insights of Lerch’s transcendent.



2 1 Z1IPF-MANDELBROT LAW, PROPERTIES AND ITS GENERALIZATIONS

1.1 Some classical inequalities
and Zipf-Mandelbrot law

1.1.1 Introduction

ForNeN, ¢g>0, s>0, k€ {1,2,...,N}, Zipf-Mandelbrot probability mass function is
defined with

1/(k+q)*
f(k7N7Q7s):¥a (11)
N.,q.s
where
N
Hygs= ) —, (1.2)
o ;(lw)s

NEN, g>0,s>0, ke{l,2,...,N} (see [6]).

Proposition 1.1 Fors>¢>0

(Nf(kN.q.5))'"* < (Nf (kN q.0))'" (1.3)
Proof. In [7] it is proved, after W is interpreted as power mean depending on s, that
s+— Nf(k,N,q,s) is a decreasing function. ]
Denote m = ,{%‘(’1, M= ﬁ—f’] and observe m =min{x;: i=1,..., N}, M =max{x;: i =
1,...,N}.
Further, for s, # > 0 let
M —m®
‘LL - Mt _ mt
and
1 11
INT th_ tMs 571
B=(8) . (1.4)
’ s (I—s/t)(M' —m")

Theorem 1.1 For probability mass function (1.39) we have following inequalities, for
O<t<s

a)
N~
B,

(f(k,N,q,0))"" < f(k,N,q,5) <NT7U(f(k,N,q.0)"",  (1.5)

b)
Mt o mt MS o ms
- <N (M'm®—Mm"). (1.6)
f(k,N,q,s)  f(k,N,q.t) ( )
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Proof.
a) It follows, for 0 <t < s,

(NF(k,N,q, ) < (Nf(k,N,q,0))"",

hence
f(k,N.q,5) <NT71(f(k,N,gq,0))"".

Now we prove left hand side inequality. First, observe here that m = min{x;: i=1,...,N},
M =max{x;: i=1,...,N}.
Using Beesack inequality (see [3], p. 334; [15], p. 110)

MY (e ) < BroM (i), 0 <1 <5, (17)
where
B 7(“_[)% mth*ths ly*,l
s (1—s/t) (M —m)
It follows

1]

f(k,N,q,s) > ]\gs (f(kav%t))S/l'

1,5

b) From Goldman inequality (see [15], p. 109.),0 <t <,
(M — ) (M) (x ) Y — (M —m®) {M) ()} < M'mi® — MP i
Hence, for 0 <t < s,

Mt 7mt MS 7ms .
— <N (Mm'—Mm').
f(k,N,q.s)  f(k,N.q,t) ~ ( )

Remark 1.1 Another type of a lower bound for f(k,N,q,s) can be derived from another
Beesack inequality (see [3], p. 336; [15], p. 111):

My (rr) < Gis+ My (1),

where

concluding

=z
—
o
+
=
Ky
=
=
s
N
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1.1.2 Zipf law estimations

If we take g = O in probability mass function (1.39) we get Zipf law with probability mass

function I
k,N = — 1.8
f(k,N,s) KHy, (1.8)

where
Hys= ) —. (1.9)
For s = 1 Hy = Hy,1 we get N—th harmonic number.
1° (caset = 1)
Using Proposition 1.2 forg =0, t =1 and s > 1 we have

(NF(k,N,5))5 < Nf(k,N,1)

ie. .
f(k,N,s) < CHY, (1.10)
We can derive further bounds using well-known inequalities for harmonic numbers.
Using Schlomlich-Lemonnier inequalities (see [14], p. 118)
In(N+1)<Hy<1+In(N+1) (1.11)
and (1.10) we get
fk,N.s) < NS In (N +1).
Also, using (see [14], p. 120)
r(1—(N+1)"") < H, < r(N'"—1)+1 (1.12)

we have
F(k,N,s) < N (rk(1 — (N+1)"1/r))=s

Similarly, we have a list of inequalities with Euler constant ¥ = limy_, (Hy — InN) (see
[14], p. 120):

Y+InN+ 55 — gz <Hy <y+InN+ 55 (1.13)
y+1nN+2(A}—+U<HN<y+1nN+2(N—1l) (1.14)
Y+In(N+1/2)+ 24N+1)2 <HN<y+1n(N+1/2) T (1.15)

7
<y+In(N+1/2)+ 24N+1/2) T 960N+

Now, using (1.10) and left-hand side inequalities in (1.13)-(1.16) we get

—s
f(k,N,S) < kiSNS?] ('}’+11’1N+ % — 8]W>
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-5
Fk,N,s) < kSN (y+ InN + Z(,J—H))

FUN,$) < KON (y+In(N+1/2)+ 5k )

f(k,N,s) <k SN°~! (}”r In(N+1/2)+ sy7730 — —96(ZN4)

Similarly, using Proposition 1.2 forg =0, t =1 and 0 < s < 1 we have
(Nf(k,N,5))* > Nf(k,N,1)
i.e.
s—1
KSHY
and then using (1.13)-(1.16) we will get lower bounds

f(kavs) Z

fk,N,s) > kSN (y+InN+ 4

f(k,N,s) > kSNs—1 <y+1nN+ 2(}\]1—7])) B

—s
f(kavs) >kisNSil (Y+1n(N+1/2)+ﬁ>

f(k,N,S) > kfsNS*l (’}/+1H (N+ 1/2)+ 24(N<:l/2)2 - 960(/\3+1)4> ‘

2° (caset = 2)
Using Proposition 1.2 for g =0, t =2 and s > 2 we have

(NF(k,N,5))* < NF(k,N,1) = (Nk~2Hy,)?

i.e.
FUk,N,s) <NITTKTH 3.

Appling Proposition 1.2 forg =0, t =2 and 0 < s < 2 we get reversed inequality

flk,N,s) > N3 Hy 2.
Now we use the next estimations for Hy» (see [14] p. 121-122; [16])

n?  N+1/2 i n? N+1/2

— T cHy,<———— 1 1=0324555
N2™"6 TN2AN+1/3

6 N:+N+d
and (see [14] p. 122)

(1.17)

(1.18)

(1.19)

(1.20)

(1.21)
(1.22)
(1.23)
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6
Hy. < gy N> 1 (1.24)
(1.25)

Hy,<2—%,N>2.

Hence, for s > 2

and for0 < s <2
R 2 N+1/2 s
FUN,s) > NTs (B — )8 N> s

Sl (1) 73y s
1y
N

(ST

s ( , N>2.

1.1.3 Zipf law and Goldman inequality
From Goldman inequality we derived (1.6). Forg =0, 0 <t < s, (now m=k/N, M = k)

j:(/:;v%s); - ]}(;](V%t)) SN("[ (1%)—" (%)I) (1.26)

1° for s >t = 1 we have then

k_j% _ks_(%)s<N B E s_ksﬁ
- N N

f(k,N,s)  f(k,N,1)

ie.
1 NS~H(N —1)
kN,s) > —- . 1.27
FUN-$) 2 55 N (o= 1)y (1.27)

Using (1.13)-(1.16) we get the following sequence of lower bounds for f(k,N,s), s > 1,

L . stl(N,I) .
f(k,N,s) > 5 N=Ns+(N*=1) (y+InN+ 55 ) N>t
s—1
kN,s) > - o N
f( ) > g N—Ns+(Ns—1) Y+lnN+ﬁ>
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NSTH(N—1)

k,N,s) > - N
f( S) k N*N‘X‘F(N‘yi]) ('y+ln(N+l/2)+ﬁ>
s—1
FUN,s) > L S Ak
N—N5+(Ns5—1) <Y+IH(N+1/2)+24(N+11/2)2 7m>

2°for0 <t <s=11in(1.26)

1 N-YN-1)
N—N'+(N'—1)Hy~
Using (1.13)-(1.16) we get the following sequence of upper bounds for f(k,N,z), t < 1,

f(k,N,t) <

(1.28)

~1
kN,t) < L. N (-1) N>1;
f ) <w NfN’+(N’71)<y+lnN+ﬁfﬁ>7
s—1
k,N,t) < &- N (N—1) N> 1;
£ ) <7 N=N*+(N5=1) (y+nN+ 5757y )
t—1
FUN.1) < 4 e N>
NfN’+(N’71)<y+ln(N+1/2)+m>
t—1
f(k,N,t) < & N (v-1) N> 1.

N—N'+(N' 1) <y+ln(N+l/2)+mf m>

3° Fors > ¢ = 2 in (1.26)
k2_(1%)2 ks_(]%)s 5 kS \ k 2
FENs) TN, ~ N\ (ﬁ) o (N)

1 N2(N*—1)
kN,s) > —
f( R ,S)_ 5 N7N5'71+(NS*1)HN,27

Combining (1.30) with (1.20), (1.24) and (1.25) we get the sequence of inequalities

ie.

N> 1. (1.29)

N“2(N?-1)

_ 2 N+12
N—N* 1+(NS*1)<%7N2+N+/|/3>

1 .
f(k7N7S)>kT' , N> 1;

) NS2(N2—1)
R v ()

NST2(N2-1)
N-N=T+(Ns—1)(2— %)

1
f(k7st) 2 3

, N>1;

1
f(k,N,s) > k- N >2.

4° Fort > s=121n (1.26)

oS¢ (1) -2 (1))
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1 N'72(N?—1)
K N—N-14 (N —1)Hya

Combining (1.30) with (1.20), (1.21), (1.22) and (1.23) we get the sequence of inequalities

fk,N,1) <

,N>1. (1.30)

=2 (N2
FUN.1) < & oy
NiNtfle(N[*l)(%iNzﬁ»Ner)
fkN,s) < & NN 1) N>1
IEAR] — K -1 8 : , ’
N—N? +(N’*‘)<§’NT@)
3
=2 (Nt
flN) < g ——E o N> 1.
Nfo*1+(N’*‘)<'8*3’N+3)
3
] N2Z(NT—1
FUN ) < - oy
NfN”'+(Nt7])<§7N+72>
3

1.1.4 Further bounds via Lyapunov and Holder inequality

Theorem 1.2 For probability mass function (1.39) we have the following inequality, for
O<r<s<t

[Nf(k’N’CIat)]7 — [Nf(k’N’q’r)]7
[Nf(kaqut)]i - [Nf(k,N,q,S)]7

Proof. Using Lyapunov inequality (see [14], p. 34, [15] p. 117). For0 <r <s <t

1 N k+q s t—r 1 N k+q N\ s | N k+q N
(N;;(uq)) S(NIZI(HC]) ﬁ%(Hq) (1.32)

We can rewrite this as

s@t—r)
= r(t—s)

~i=| ==
wl=| S

(1.31)

INF(N, .9~ < {INf (N g0 77} {INF N g.0) 77 ) (1.33)

Applying A-G inequality on right-hand side of (1.59) we have

NS (N, < S NN g, 7+ S NS (N g.0)]
which we can rewrite as
INF(k,N,q,0)) 7 — INF(N,g,1)] T st —r
INF(k,N,q,1)] 7 — [NF(l,N,g,)) s 7=s
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Theorem 1.3 For a > 1, let (o, B) be a pair of Holder conjugates. Then for r, s > 0 we
have

FUN, g s+1) > f (k,N,q,50) % f (k,N,q,rB) . (1.34)

,
Proof. Using Holder inequality for sequences {(H—q> ci=1,....N } and

i+
k+q\’ o
{(ﬁ) :i:l,...,N},wehave

§<k+q)r+s< i(k"'Q)ra /o i(k‘f'q)#} 1/B
Si\itq “\S\itg Si\itq

ie.
1 _1
(f (kN g,5+1) " < f (kN g,50) " f (k,N,q,rB) P .
O
Let
(k+ )Srg
—L , so>rf
m={4 \Vta L (1.35)
(lﬁ—g) , so<rf
and
k+ =
= , sa>rf
M= (”4> L (1.36)
(%) , soL<rf.
Theorem 1.4 For a > 1, let (o, B) be a pair of Holder conjugates. Then for r, s > 0 we

have
M—m mM% — Mm% MY% —m?%

+ < ,
f(k,N.q,s0)  f(k,N,q.rB) ~ f(k,N,q.r+s)
where m and M are defined with (1.35) and (1.36) respectively.

(1.37)

Proof. Follows from a conversion of the Holder inequality and a discreet version of the
linear functional in Theorem 4.14, [15], p. 114, applied for sequences

r N
{<1f+q) : izl,...,N} and {(’ﬂ) : i:l,...,N}.
1+q 1+q

Another type of conversion of the Holder inequality is given in [15], Theorem 4.16, p.
115. Similarly, as in the proof of Theorem 1.4, using discreet version of a linear functional,
we get the next theorem.

O

Theorem 1.5 Under the same assumptions as in Theorem 1.4, the following result holds
1
o @B (MY —m%)

: - (f (k.N.g,50))% (f (k.N.q.rB))P .
(M —m)a (mM* — Mm®)PB

(1.38)

f(k,N,q,r+s) <
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1.2 Analytical properties of Zipf-Mandelbrot law and
Hurwitz {—function

ForNeN, ¢>0,s>0, ke {1,2,...,N}, we can rewrite Zipf-Mandelbrot law (proba-
bility mass function) in the following form

1/(k+q)°
f(k,N,q,s) = =, (1.39)
( ) ¢(N,s,9)
where
N
CN,S,(] = . y (140)
( ) i—1 (l+61)s
NeN, g>0,s5>0, ke {1,2,...,N}. If total number of words N tends to infinity we
denote A )
1/(k+q)*
flk,q,s) = ——— (1.41)
(kq.5) £(s,q)
where
i 1
C(s,q9) =D, — (1.42)
(:9) Z{ (i+q)

we recognize as Hurwitz {—function. This infinite case, when total mass is spread over
all set of positive integers, particularly, is studied in [11]. Note here, that we use more
suitable version of Hurwitz ¢ function (see also [1]), since in the classical definition sum
starts from zero and ¢ > 0. However, this fact does not alter our conclusions about Hurwitz
{—function.

The are also quite different interpretation of Zipf-Mandelbrot law. As it is pointed
out in [13] (see also [4], [18]), parameters in (1.39) can be interpreted in the following
way: N is the number of species present and the parameters ¢ and s have an ecological
interpretation: g represents the diversity of the environment and s the predictability of the
ecosystem, i.e. the average probability of the appearance of a species.

1.2.1 Monotonicity properties

As starting point, we use the next proposition on inequalities for sums of positive order
([14, pp. 36], [15, pp. 165]).

Proposition 1.2 [fa; >0, i € Nthenfor0 <t <s

(ia?) S < (iai) . (1.43)
i=1 i=1
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Theorem 1.6

i) The function s — [E(N,s,q)]"/* is decreasing i.e. fors >t >0

[EN,5.9)]'* < [S(N.2,9))')"

i) The function s — [f(k,N,q,s)|"/* is increasing i.e. fors >t >0

[F(k,N,q,9)]Y* > [(f(k,N,q,0)]"/".
iii) The function s — [{(s,q)]"/* is decreasing i.e. fors >t >0
S5, < [8(t.q)"".

iv) The function s — [f(k,q,s)] s s increasing i.e. for s >t >0

£k, q8)]' > [(f(l,q,0)]'"

Proof.
i) We use the Proposition 1.2, for

ii) Follows from i)-part and

1 N (k+q)“'
— - = (k+q)’C(N,s,q). (1.44)
PN~ 2 \irg) ~*FaeNsg)
iii) Use Proposition 1.2 for a; = ﬁ ieN.

iv) Follows from iii)-part and

L (k+qr () (1.45)
= q S,q). .
f(k,q,s)

O

Theorem 1.7 The function
s (Nf(k.N,q,5))"/ (1.46)

is decreasing i.e. for s >t >0

(Nf(k,N,q.5)"* < (Nf(k,N,q,0))"/". (1.47)
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Proof. From (1.44) it follows

1 1
Nf(k,N.q,s) N ;

li(k“’)S
NS \itq

Denote x; = ﬁ—;’, i=1,...,N. Then the right-hand side of (1.49) is the power mean

k+gq s
(tra), s

ie.
1/s

(Nf(k,N,q,s)) "/ = (1.49)

MI[\;] ()Cm) =

Using well-known fact, that s — M 1[5] (x1v) is increasing function (see for example [14, 15])
we conclude that the function '

s (NF(k,N,q,5))"/* (1.50)

is decreasing. ]

1.2.2 Log-convexity and exponential convexity

Let us recall well-known Lyapunov inequality, for sequences ([14, pp. 34], [15, pp. 117]).

Proposition 1.3 Ifa; >0, i € N, thenforO<r<s<t

() <z (

If we set a; = ot i€ Nin (1.51) we get

DM s

a§> : (1.51)

Il
_

Corollary 1.1 Forl <r<s<t

™ (s.q) <L ()87 (t,9)- (1.52)

In the next theorem we prove, log-concavity of s — f(k,N,q,s) and log-convexity of
s E(5,9).

Theorem 1.8 Let A € (0,1).

i) ForO<r<t,

SN Ar+(1=A)t,q) < CH(N,rq)" " (N,1,q).
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ii) For 0 <r<t,
(FkN, g, Ar+ (1= A)0) " < (f(k,N,q,r) " (f (kN q,0) "2
iii) For1 <r<t,
C(Ar+(1—A)t,q) < C*(rng)C" *(1,q).
iv) Forl <r<t,
(Flkg, Ar+(1=200)"" < (f(kig,r) ™ (flkig0)) M.

Proof.
i)ForO<r<tand A € (0,1) we set

ands=Ar—+ (1 —A)tin (1.51):

N s \AHI=AN T N /1N Ae=r) sy r\ 1=A)=)
— < — .
(,Zl(iﬂl) ) _<,Z1(i+61) ) (;%(lw))

ii) Follows from (1.44) and i)-part.

iii) We set a; = 7 and s = Ar+ (1 = A)r in (1.51).

iv) Follows from i1i)-part and (1.45). O
We can conclude even more since this result can be extended to exponential convexity

[5].
Definition 1.1 A function h: I — R is exponentially convex on an interval I C R if it is

continuous and
Xi+x
2 &i&jh ( ‘ ’) >0
i,j=1

forall n € N and all choices & € R, x;€l,i=1,...,n

Theorem 1.9 The function s — {(s,q) is exponentially convex function on (1,00).
Proof. Foragivenn e Nlet &, €R, s, € (1,0) (m=1,...,n) we have

7+ Sm
2 &1&m¢ (l ,61) = 2 élém S — (1.53)
I,m=1 I,m=1 i=l (i+q)” 2
= 2 2 &1ém— (1.54)
i=11m=1 (i+q)~ 2
=) n 2
=3 (z é) >0. (1.55)
i=1 \m=1 (i+q) 2

Since the function s — (s, ¢) is continuous function on (1,0), we conclude its exponential
convexity on (1,e0). O

Using (1.45) we have also the next corollary.
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Corollary 1.2 The function s — (f(k, q,s))f1 is exponentially convex function on (1,0).

Proof. This is consequence of (1.45) and the fact that exponential convexity is closed under
finite multiplication of exponentially convex functions. o

— n
Corollary 1.3 The matrices [(C(W;‘”’ ,q))]zmzl and [(f(k,q, YZJr%)) l]lmil are posi-

9

tive semi definite for alln € N, s1,...,s, in (1,0).

We can also deduce exponential convexity from diversity point of view, notion mentioned
in the introduction.

Theorem 1.10 Forany s >0, N € N, the function
q+— C(N,s,q)
is exponentially convex on (0,00).

Proof. Fork=1,...,N, using the Laplace transform,

o

(k+q)t
e dt
k+q /

0

and the fact
i;]éiéjexp [ <k+ #) } = <2§,exp(—t>>2 >0,

we conclude exponential convexity of the function g — G J: 7 on (0,00). Now g — C(N,s,q)

is exponentially convex on (0,<°) as a finite sum of exponentially convex functions. O
Theorem 1.11 For any s > 1, the function

g+ C(s,q)
is exponentially convex on (0,e0).

Proof. Using Mellin transformation

1 oo ps—1,—(g+ 1)t
{(s,q) = W/O .

§ oo~ (23201))- (Beool(-222)) 20

we conclude exponential convexity of g — {(s,q) on (0,e0). a

and
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n

Corollary 1.4 Fors > 1, the matrix [{ (s, (41+2qm))]
neN, qi,...,qn € (0,00).

I.m—1 IS positive semi definite for all

Corollary 1.5 For any s > 1, the function

q— C(s,9)

is log-convex on (0,00).

1.2.3 Log subadditivity
Let us recall Chebyshev’s inequality (see [14, pp. 271, [15, pp. 197]).

Theorem 1.12 Let (ay,...,ay) and (by,...,by) be two N—tuples of real numbers such
that
(a,'—aj)(b,'—bj) >0, fori,j=1,....N,

and (wy,...,wn) be a positive n—tuple. Then

(il vw) (il Wiaibi> > (21 wiai> (ﬁv:l wibi> : (1.56)

Theorem 1.13 The function s — Nf(k,N,q,s) is log subadditive, i.e. for s,r >0
Nf(k,N,q,s+r) < [Nf(k,N,q,s)] [Nf(k,N,q,r)]. (1.57)

Proof. We apply Chebyshev’s inequality (1.79) for

k : k ! 1
a; = +q 7bl: +q 7l/t)l':—;l.:l,...,N.
i+q i+q N

Hence we get

1 i (k+q>”’> li (k+q>s li (k+q>r
N&=\itq “\~N&=\itg N=\i+q

1 1
= > s
Nf(k,N,q,s+r) — Nf(k,N,q,s) Nf(k,N,q,r)

concluding (1.81). O

Theorem 1.14 The function u — [f(k,N,q,u’l)} " is log-convex.

Proof. Using Lyapunov inequality in Proposition 1.3, for 0 <r <s <?¢

BED) <BED) GGR) - o
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Using (1.49) we rewrite this as

rt=s ts—r
s s

[F(kNoq )] < {17 Na,n) 7} {1 N g0]

t—r

~—

——
~
—
)
\=}
N

Now we substitute 7 = 1/x, r=1/y, A = £5=L in (1.59), and since 1 —A = L=2 5 =
[Ax—+(1—=A)y]"", we have

1-A

FkN,g, st (1=A)] )] ~er (-2

< { [f(k,zv,q,x”)]”‘}A {[f(k,N,q,y’l)]fy}

concluding log-convexity of the function u — [f(k,N,q, u! )] - a

1.2.4 Gini means and further monotonicity

For positive n—tuple (ay,...,a,), &, € R, Gini means are defined with
1
Sag) P
) o+ p:
Glo,f)=4q \ 2« (1.60)

n n
exp(}‘, a¥Ina;/ Y, a?‘) , o0=p.
=1 i=1

It is known then see [15, pp. 119],

G(ai,B1) < G(aa, Br), (L.61)
for oy < o, B1 < B, a1t # B, a2 # Pa.
If we choose a; = /l‘i;’ in (1.60) we will get Zip-Mandelbrot means:
[kN.gB)\ TF
) (e 2
Z(O{, ) - (k+q)aHN,q.a (kt-q)*
[(k+ Q)ag(stv O()] af(kN.q.0) exp <_WA‘;,(],(X)E(]<’N’CI’ OC)) , 0= B
(1.62)
where
N
E(k,N,q,&) = =, f(k,N,q,0)In f(k,N,q, )

k=1

denotes Shannon entropy of the law (1.39) (for related results see also [9]).
Using (1.86) we can now formulate the next theorem.

Theorem 1.15 For 0 < o < o, 0<ﬁ1 Sﬁz, (04] %ﬁ, [04) %ﬁz;

Z(ay,Br) < Z(ow, Bo). (1.63)
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The expectation of the Zipf-Mandelbrot law is

ul R S ktg—q ((N,s—1l,q)
2KNa5) = 7 s X gy~ )

This is a decreasing function over s, as the next theorem shows.

Theorem 1.16 The function
C(Na S— lvq)
C(N,s.q)

S

is decreasing on R .

Proof. We set a; = %q i=1,...,Nand o =s—1, B =sin (1.60).
According (1.86), for 0 < s <t, we have

() )

Of course, result can be extended to Hurwitz {—function.

Corollary 1.6 The function
s C(S — 17Q)
E(s,q)

is decreasing on R .

Remark 1.2 General remark in this section is that parameters o, 8 in (1.85) could be
any real numbers, so Theorems 1.27 and 1.16 are also valid on R? and R, respectively.

1.3 Hybrid Zipf-Mandelbrot law

There is a unified approach, maximization of Shannon entropy, that naturally follows the
path of generalization from Zipf’s to hybrid Zipf’s law. Extending this idea, in this section,
we make transition from Zipf-Mandelbrot to hybrid Zipf-Mandelbrot law. It is interesting
that examination of its densities provides some new insights of Lerch’s transcendent (see

[8D.

1.3.1 Shannon entropy and Zipf-Mandelbrot law

Here we extend use the maximum entropy approach in [17] to Zipf’s law in order to deduce
Zipf-Mandelbrot law, i.e. we maximize

S=-=Y pilnp; (1.64)
iel

subject to some constraints. Trivial constraint is of course Y, p; = 1.
il
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Theorem 1.17 Let I = {1,...,N} or I = N. For a given ¢ > 0 and y > 0, a proba-
bility distribution, concentrated on I, that maximizes Shannon entropy under additional
constraint

Y pln(k+q)=x (1.65)
kel

is Zipf-Mandelbrot law.

Proof. If I ={1,...,N}, in a very standard procedure, we set two Lagrange multipliers A
and s and consider expression

M=

G- _

N N
pelnpg—A (21% 1) -5 <2Pkln(k+fﬂ%> :
=1 =1

k=1 =

Just for convenience we can, of course, replace A «— InA — 1, and now conider

§——

Tpag=

N N
pelnpr—(InA —1) (2 Pk — 1) -5 (2 prIn(k+q) —}C>
=1 =1

instead.
From S, =0, k=1,...,N we deduce

1
PTG

N
and combining this with Y, px = 1, we have
k=1

=y

k=1 (k+q)* 7
where s > 0, concluding

_ Y(k+q)
C(N,s,9)

The case I = N is treated in a similar manner with the restriction s > 1 :

_ Y(k+q)
C(s.9)

 k=1,...,N.

, keN.

Remark 1.3

(i) If X is the random variable with values at I and probability law (p;, i € I), then ¥
from (1.65) is in fact expectation of the random variable In(X + ¢), which depends
onX.
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(i) Observe here that for Zipf-Mandelbrot law (1.39) Shannon entropy (1.64) can be
bounded from above (see [12]):

Ms
Mg

S=—) flkg,s)Inf(k,q,s) <— ) f(k,q,s)Ing, (1.66)

k 1

k

where (g : k € N) is any sequence of positive numbers such that ¥ g, = 1.
k=1

1.3.2 Hybrid Zipf-Mandelbrot law

The same technique of maximum entropy we apply with one additional constraint. The
derived probability law we will call hybrid Zipf-Mandelbrot law.

Theorem 1.18 LerI={1,... N} or[=N. Fora givenq>0, x > 0and u > 0, a prob-
ability distribution, concentrated on I, that maximizes Shannon entropy under additional
constraints

Y peln(k+q) =2, Y kpr=nu
kel kel

is hybrid Zipf-Mandelbrot law:

W
P T et
where .
@j(s.00) =3 s
kel
Proof. We consider first I = {1,...,N} and then we maximize

N N N
— Y prlnpg+Inw <2kpku> (InA—1) (2 pk1> <2pkln(k+q))¢> .

k=1 k=1

Spk =0,k=1,...,N gives us
—Inpr+klnw—1InA —sln(k+¢g) =0,

ie.
wk

P vy

Using Z pr=1,wegetd = Z Terar +q and we recognize this as the partial sum of Lerch’s

transcendent

N
v (s, q,w Z

k:l
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withw > 0,s > 0.
In the infinite case I = N we have restrictions eitherw < 1,5 >0orw = 1,5 > 1 and

oo k
w
2=
;le (k+q)°

we recognize as Lerch’s transcendent that we will denote with ®*(s, g, w). O

Let us denote

Wk

Fa(w, N k,q,5) = : k=1,...N (1.67)
( )= G o)

and

wk

, 1.68
kT (s.q.m) (1.68)

fh(waka‘bs) =

hybrid Zipf-Mandelbrot law on finite and infinite state space, respectively.

Remark 1.4 Some remarks are needed.

(i) Observe that constraint with the u is in fact the expectation of the law.

(ii) There is a slight difference between Lerch’s transcendent defined in [2] p. 27 and
with our understanding of Lerch’s transcendent: we don’t have Oth summand.

(iii)) We omitted the full bordered Hessian discussion in proofs of Theorems 1.17 and
1.18 as mere standard procedure.

(iv) Observe, further, that for hybrid Zipf-Mandelbrot law (1.68) Shannon entropy (1.64)
can be bounded from above (see [12]):

§S=- th(kaQas)]nfh(k7Q7s) <- th(k7Q7s)h1ka (169)
k=1 k=1

where (g : k € N) is any sequence of positive numbers such that ¥, ¢, = 1.
k=1
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1.3.3 Properties of the hybrid Zipf-Mandelbrot law

Now we examine analytical properties of the Lerch’s transcendent and the hybrid Zipf-
Mandelbrot law.

Theorem 1.19 The functions

w—whN+l 1/s
S (7wk_wk+1fh(w,N,k,q,S)) (1.70)
and
w 1/s
s (mfh(w,k,q,S)) (1.71)

are decreasing on (0,00).

Proof. From (1.67) it follows

1 _szi k+q\’
fl’l(W7N7k7q7S) _Wk l+q

i=1

Wk — ket 1/s 1 N ktq\® 1/s
= | —— ! . 1.72
(=) ot 24 () 4

The right-hand side of (1.72) is power mean, which is increasing function on parameter s.
O

ie.

Now we recall well-known Lyapunov inequality, for isotonic functionals (for details
see [15, pp. 117] ):forO<r<s<t

A(g") T <A(g") AT (1.73)

Theorem 1.20
i) ForNeN, w>0,g>0,0<r<s<t,
35,0 W) < [0 (5,0, w)] [Pk (s, 0w

ii) ForO<w<1,g>0, 1 <r<s<t,

(@ (5,q, )] < [@(5,q,w)]"" [@" (5,4, )] "

Proof. 1) We apply (1.73) to the linear functional

N
A(g) = Y w'g(k)
k=1
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and replace g(k) = ﬁ.

ii) Similarly, if we define

then the result follows from (1.73), if we choose g(k) = lerq O

We can now conclude log-convexity of Lerch’s transcendent and log-concavity of hy-
brid Zipf-Mandelbrot law.

Corollary 1.7 Let A € (0,1).
i) ForO<r<t,NeN,w>0,¢g>0,0<r<s<t,
Dy (Ar+ (1= A)t,q,w) < [@ (r.q, w))* [@)(t.q,w)] .
ii) Forl<r<t,0<w<1,g>0
O (Ar+ (1= A)t,q,w) < [ (g, w)]* [ (1,4,w)]' "
iii) ForNeN, w>0,¢g>0,0<r<s<t,
(o0 N kg Ar+ (1= 2)0) " < (fu(w.N kg, r) ™ (fu(w.N kog,0)) ")
iv) ForO<w<1,¢g>0,1<r<s<t,
(Fn(wokoq, Ar+ (1= 2)0) ™" < (fuOwikyq,r) ™ (falwik,g0) ")

Proof. 1) and ii) follow from Theorem 6.89. iii) and iv) follow from (1.67) and (1.68)
respectively. O

The results in the previous corollary can be extended further to exponential convexity.

Definition 1.2 A function h : I — R is exponentially convex on an open interval I C R if

it is continuous and
Xi+x
2 &i&jh ( ’ f) >0

i,j=1

foralln € N and all choices & e R, x; €1, i=1,...,n

Theorem 1.21 The function s — ®*(s,q,w) is exponentially convex function on (1,o).
Proof. Foragivenn € Nlet &, € R, s, € (1,00) (m=1,...,n) we have

S;+ Sm w) .
) 4q, =

S &gy — (1.74)
I,m=1 l:] (i+q) )
h

2 gl ém(b*

I,m=1

Wi i 1Sm (175)

S| +sm
=l Im=l1 (i+q) 2
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oo n 2
) W‘( > 5) > 0. (1.76)

i=1 m=1 (i+q) 2

Since the function s — ®*(s,g,w) is continuous function on (1,), we conclude its expo-
nential convexity on (1,e0). O

Using (1.68) we have also the next corollary.

Corollary 1.8 The function s — (fy(w,k,q,s))"" is exponentially convex function on
(1,00).
n

. * (S[TSm SITSm -1
Corollary 1.9 The matrices [(® (%,q,w))]zmzl and {(fh(w,k,q%)) } are

I,m=1
positive semidefinite for alln € N, s1,...,s, in (1,0).

We can deduce exponential convexity for the second parameter in generalized polylog-
arithm function. First, we will prove theorem on integral representation of generalized
polylogarithm function as a variant of Mellin transformation for Hurwitz { function.

Lemma1.1 ForO<w<1,¢g>0

oo . 5—1 ,—(q+1)u
s / S (1.77)

D (s,q,w) = 0.

0 1 —we ¥

Proof. In Gamma function integral we change variable, x = (n+ q)u,
Jo 0

hence, .
= (k+¢q)~°T(s) = / e Mo a sy, (1.78)
0

By multiplying both sides of (1.78) with wX , summing over k € N, and using Beppo-Levi’s
theorem on the right side, we have

D*(s,q,w)[(s) = / 3 whe et ay
P 0 k:1

ro0 usflef(qjtl)u
=w —du.
Jo 1—we ¥

O

Theorem 1.22 The function q — ®*(s,q,w) is exponentially convex function on (0,c0).

Proof. ForagivenneN, &, € R, g, € (0,0) (m=1,...,n), we have, using (1.77) and

i,;zn:1 Ei&jexp <— (% + 1) t) = (;nll Eiexp <—(]i2it>>2 >0,
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concluding

n
(o GG
Y, EEid*(s, 1 qu,W) > 0.
i,j=1

O

i+4q; " . .. . .
, %,w) ~is positive semi definite for

L=

Corollary 1.10 For s > 1, the matrix {q)*(s

allneN, qy,...,q, in (0,0).

Corollary 1.11 For any s > 1, the function
q— @ (s,q,w)

is log-convex on (0,00).

Theorem 1.23 The function w — W is exponentially convex on (0,1).

Proof. From L = [*¢™"dt we have

1 e -
:/ et+we utdl.
1—we™ 0

If we now rewrite (1.77)

@ (S, q,w) _ 1 /m usfle*(qul)u /‘m elere’”ldtdu7
w I'(s) Jo Jo
and use Fubini with

wi+

2
n wi n e Uy
Y gget T = (2@%3 ) >0,
i=1

ij=1

our proof is done. O
Corollary 1.12 For any o > 1 the function w +— W
(0,1).

Proof. This follows from the fact that, for y > 0, x — x~7 is exponentially convex on
(0,1) and that product of exponentially convex function (on the same domain) is again
exponentially convex (for details see [5]). O

is exponentially convex on

Let us recall Chebyshev’s inequality (see [15, pp. 197]).

Theorem 1.24 Let (ay,...,ay) and (by,...,by) be two N-tuples of real numbers such
that
(aifaj)(b,'fbj) Z 07 for i,j: 1,...,N,

and (wy,...,wy) be a positive n—tuple. Then

N N N N
(2 w,») ( wiaibi> > (2 w,-a,-> (2 w,»b,). (1.79)
i=1 i=1 i=1 i=1



1.3 HYBRID ZIPF-MANDELBROT LAW 25

Remark 1.5 The previous theorem can be extended to infinite sequences if we impose
some obvious convergence

(2 vw) (2 Wiaibi> > (2 wiai> (2 wibi> : (1.80)

Let us introduce mean version of Lerch’s transcendent

— I-w .,
q)*(quvw) = Tq) (quvw)'

Theorem 1.25 The mean version of Lerch’s transcendent is log-subadditive, i.e. for
s,r>0

D (s+r,q,w) < D*(s,q,w)D* (r,q,w). (1.81)

Proof. We apply Chebyshev’s inequality (1.80) for

k 5 k g :
ai<.+q> ,bi<.+q) ,wi=whieN
1+q 1+q

IL(D* (s+r,q,w) <D*(s,q,w)P" (r,q,w).
—w

ie.
O

Remark 1.6 A similar version of the previous theorem can be proved for cut Lerch’s
transcendent @y (s,q, w).
1.3.4 Hybrid means

For a fixed p; >0, a; >0, i=1...,N let us define linear functional on C|a, b] with
n
A(f) =Y pif(a),
i=1

where a < ming; < maxa; < b. Then, the next theorem is valid.

Theorem 1.26 For a continuous function g : [a,b] — R, the functiont — A(g") is expo-
nentially convex on (0,o0) and for positive o, cp, b1, Ba; o < ¢, Bi < o, ay # By, 0 #

B2,
| (e ey

Proof. Forafixedne N, u; € R, t; >0, i=1,...,n, we define an auxiliary function

a litt)
Y(x)= Y wupx 2 .
ij=1
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2
n t;

Since ¥ (x) = (2 uixf) >0, we have A(W(g)) >0, i.e.
i=1

L it
2 uiujA<g 2 )20
ij=1

concluding exponential convexity of the function # — A(g"). Since exponential convexity
implies log-convexity (see [5]), (1.82) follows from [15] pp. 7. O

Remark 1.7 For fixed r > 0, let m = min g'(x), M = max g’ (x). Then, from A(g" —
x€la,b] x€la,b)

m) > 0and A(M — g") > 0 it follows
mA(1) < A(g') < MA(1).

By the mean value theorem it follows that exists & € [a,b] such that

Also, for fixed o, B € (0,0), # 3, following the very standard technique, we can also
prove that there exists 1 € [a,b] such that

o—p _
g <")_A(gﬁ)' (1.83)
Now, if g(n) € [a,b], then the expression
) w
. 1.84
(A(gﬂ) (45

stands for the mean and, as (1.82) shows, these means have monotonicity property.

For fixed, k € N, g > 0, let us take p; = w', a; = ﬁ—g, i=1,...,N, g =1id. Using
Remark (1.7) and (1.67), we can define hybrid means

1
LONEaP\TT g
H(O(,B) _ (fh(WaN7ka11aO‘)>

. 1.85
exp < d‘ixfh(vaakqua)> , o= B ( )

Tn(wiNk.q,00)
Theorem 1.27 ForO0< oy < o, 0 < ﬁ] < ﬁz, (07 7é ﬁ], (07 7é ﬁz;

H(au,Br) <H(az,po). (1.86)
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Chapter

On Zipf-Mandelbrot entropy

Muhammad Adil Khan, Dilda Pecarié, Josip Pecarié, and Zaid Mohammad Al-Sahwi

Abstract. In this paper we present several results for Shannon entropy. By using these
results we give inequalities for Zipf-Mandelbrot entropy. We also discuss the results of
Shannon entropy for different parametric Zipf-Mandelbrot laws. At the end we give ex-
ample which shows that some of the results for Shannon entropy can not be applied for
Zipf-Mandelbrot entropy.

2.1 Introduction

Zipf law is one of the necessary law in information science and is very frequently utilized
in linguistics[2, 3, 20, 4, 5]. George Zipf [1] observed in the study of human language that
the size of the k-4 biggest occurrence of the event is inversely proportional to it’s rank to
according to

c

Jk) =5 (2.1)

where ¢ is a normalizing constant for the corpus, f(k) is the number of occurrences of the
k-th ranked and s > 0 is close to unite.

2000 Mathematics Subject Classification. 26D15, 94A17, 94A15.
Key words and phrases. Shannon entropy, Zipf-Mandelbrot entropy, convex function, Jensen’s inequality.
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30 2 ON ZIPF-MANDELBROT ENTROPY

Ifne{l,2,...},s>0and k € {1,2,...,n}, then Zipf’s law (probability mass function ) is
defined by: f(k,n,s) = %, where H,,  is the n-th generalized Harmonic number [7].

The more general model introduced Benoit Mandelbrot [[8] pp. 503-512], by utilizing
arguments on the fractal structure lexical trees: g(i) = W, when & = 0, we obtain Zipf’s
law.

IfneN,r>0,h>0andi<{1,2,...,n}, then Zipf-Mandelbrot law (probability mass

function) is defined by
1

(i+h)" Hyp,
The formula for Zipf-Mandelbrot entropy is given by

G(i7 n7 h7 r) =

ro & log(i+h)
Hn,h,rizl (l+h)l

Z(H h,r) = +logH, (2.2)

where H,, , , = YL (z+1—)'

There are many applications of Zipf-Mandelbrot law which can be found in ecolog-
ical field studies [29], and also applicable in information sciences [28]. Recently, Zipf-
Mandelbrot law, Zipf-Mandelbrot entropy have been applied to various types of distances
and f-divergences, for example Kullback-Leibler divergence, Bhattacharyya distance (via

coefficient), Hellinger distance, x2—divergence, Csiszar divergence, etc, [11, 12].

2.2 Preliminary results on Shannon inequality

In this section we give some basic inequalities for Shannon entropy from [17].
A fundamental result related to the notion of the Shannon entropy is the inequality

n 1 n 1
Y pilog (—) < Y pilog (—) ; (2.3)
i=1 pi i=1 qi

which holds for all positive real numbers p;, g; with

n n
ZPi = 26[[ =1.
i=1 i=1

Throughout this chapter “log” denotes the logarithmic function taken to a fixed base b > 1.
Equality holds in (2.3) if and only if p; = ¢; for all i. For details see [[15], pp. 635-650].
The following theorem [[16], pp. 278-279] extend (2.3) and we can call it Shannon’s
inequality.

Theorem 2.1 Let I be a finite or countable set of integers and {p;,i € I} a set of positive
real numbers such that ¥ ;c; pi = 1. If {qi,i € I} is a set of nonnegative real numbers with
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Sic1qi =0 >0, then
1 1
Y pilog( — ) < Y pilog | — | +loga, (2.4)
icl i iel qi
with equality if and only if g; = op; for alli € 1.
Theorem 2.2 Let I be a finite or countable set of integers and {p;,i € I} and {q;,i € I'}
sets of positive numbers such that Y,y pi =1 and o := Y1 q; < oo If Sy = Yy pilog (ql

is a finite, then S, = ¥,c; pilog (%) is also finite and

0<S,<S8,+loga.

If in addition Y, pl-2 /qi < oo, then we have

0<8;,—S,+loga
2
log [az p_}

1
iel 4i

1 2
— oS P . (2.5)
Inb | i gi

IN

IN

with equality throughout if and only if ;i = ap; for all i € I.
Theorem 2.3 Let assumptions of Theorem 2.2 be satisfied and let

O0<m<p;/qi<M forall i€l.

Then we have

(M+m)2< 1 (M—m)?

0<S8,—S5,+loga <log m = Thb Mm (2.6)
Also, if M/m < ®(¢€) for some € > 0, then
0<8;,—Sy,+logax<e.
Theorem 2.4 Under the assumptions of Theorem 2.3 we have
0<8,—S,+loga
< log la(\/ﬂ_/l Vm)?+1
< & (- P e

Inb
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First we consider a discrete valued random variable X with finite range {x;}/. Assume
that p; = P{X =x;} > 0fori=1,---,r. The b—entropy of X is defined by

Zp,log( ) b>1.

Let L(p,q) = 2 pilog ( ) be represent the discrimination, Kulbackack-Leibler distance

or relative entropy between the probability distribution p = {p;}ic; and ¢ = {q}ic;. Also,
let H(p) = S be the entropy and d(p,q) = Y, |pi — qi| be the variational distance between
icl

probability distributions p and q.
Theorem 2.5 With the above notations

L(p.q) +H(p) > —log [1 - %d(p»q)] o8

>—d .
> 57dp.g)
The following bounds on the entropy function give a further improvement of Theorem 2.1.

Theorem 2.6 () : Suppose X is a discrete valued random variable with finite range, we
have

0<logr—Hy(X <10g[ Zpkl

(2.9)
<! i 21
= np | & Pk
Equality holds throughoul if and only if p; = %for i=1,2,---,r
(b):Ifp = max,k , then
0 <logr— Hy(X) <log 1(\/5+ ! >2
e Z _
b 1 N
(2.10)
1 1)’
< _
<ams (= 15)
Ifp < ®(¢) for € >0, then
0 <logr—Hy(X) <e. (2.11)

In the following theorem [x] denotes the largest integer less than or equal to x.

Theorem 2.7 With X as above, define M = max; p; and m = min, p;, then

) 22
0 < log, r— Hy(X) < logb{ [H (Mm)2+1} < % [ﬂ . (2.12)
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If
(2.13)

then (2.10) holds.

Theorem 2.8 Let X be a discrete valued random variable with finite range {x,} _, and
probability distribution py = P{X = x} > 0 for 1 <k < r and set p = max;, k . Let o

be a permutation of (1,2,--- ,r) such that (pg(k)) is monotone. Define P, = Z Ps(i) and
i=1

1

M = max Py(1—P). Then
1<k<r

2 2
Oglogr—Hb(X)glog[M<\/_—%) +1] g%(f—%) . (2.14)

If p < Dy (e) for some € >0, then
0<logr—Hp(X) <e. (2.15)

In the case when X is a discrete random variable with countable range {x;};>, and
probability distribution p; = P{X = x;} >0 (X2, pi = 1). The b-entropy of X is defined
by

Zpllog( ) b>1. (2.16)

Consider

=3

v="Yip (2.17)
i=1
Theorem 2.9 Let X be a discrete valued random variable countable range {x;};>1 and
probability distribution p; = P{X = x;} >0 (X2, pi = 1) such that v < e. Then the
entropy Hy(X) defined by (7.48) is finite and

1%

0 < Hp(X) <log

V=11
If in addition 32 [V /(v — 1)"!|p? < oo, then
VV

< log lz ——pi

< li = 1] (2.18)

with equalities throughout if and only if p; = (v — 1)~/ Vi for all i € N.
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Theorem 2.10 (i) Under the assumptions of Theorem 2.9. If

vi
O0<L< ——=pi<U foral i€eN,

(v—1)

then

0 < logK — Hy(X)
(U +L)>
4LU
72
1L w-or?
~ 4lnb LU

IN

log

(2.19)

Also, if U/L < ®(¢) for some € > 0, then
0<logK—Hy(X) <e.
(ii) Further, we have

0 < logK — Hy(X)
log |(VU —VL)* +1

ﬁ@m_ N (2.20)

IN

Theorem 2.11 Let X be a discrete valued random variable with finite range R = {x;,i >

I} and probability distribution p; = P{X =x;} >0 (3,c; pi = 1), B an arbitrary real num-

ber. And let that A := Y,;c; b~ B/ and E[f(x)] := Yic; pif (xi) are finite. If Y, p?bPT0i) <
icl

oo, Then

0 < BE[f(x)] = Hp(X) +logA

A 2 pizbﬁf(xi)

icl

1 21 Bf(x;)
< — < J i)
< [A E pib 1], (2.21)

iel

IN

log

with equalities throughout if and only if p; = A~'b=BI&) for all i € I. Furthermore, if
there are constants L,U > 0 such that L < p,-bﬂf(xi) < U foralli€l, then

0 < BE[f(x)] — Hp(X) +logA
(U+L)?
4LU
1 (U-L)?
~ 4lnb LU

IN

log

(2.22)
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Also, if U /L < ®(x) for some € > 0,
0 < BE[f(x)] — Hy(X) +log < e.
Further, we have

0 < BE[f(x)] — Hp(X) +logA
log [A(\/U— VI +1

A 2
< —(VU-VD) (2.23)

IN

Remark 2.1 In [17], there are serval results presented for Shannon entropy involving
A = sup a,, where
neN

ay = (pnl D pk>,pk>0,2pk1. (2.24)
k=1

k=n+1

But we will show those results are not valid for Zipf-Mandelbrot law.

2.3 Inequalities for Zipf-Mandelbrot entropy

In this section we give applications of results presented in Section 2 for Zipf-Mandelbrot
entropy.

Theorem 2.12 Lerne {1,2,3,...},g>0,5>0,¢;>0,i=1,2,...,nwithY! ,qi =1,

then
log (i)
Z(H,q,s) < Yy ———F— 2.25
(H.q,s ‘,:211+q)SH,q, (2.25)
Proof. Replacing p; by W i=1,2,...,n, we have
n n
— 2 pilogpi = — log
i:§:1 l z§:l(l+Q) n.q,s (l+Q) n,q,s
_ ilog (i+q)*Hpgs
i=1 (l+Q)Sans
_§ seelina)  § et
S (9 Hugs 5 (i+q)Hngs

s xloglitq)  logHngs v 1
Hugs 5 (490 Hugs S (i+q)"
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Then
szlog( ) Z(H,q,s),

n

1
where H, , s = Y, = .
45 s
; 1(l+61)

Therefore, for p; = W in (2.3) we obtain (2.25). O

Theorem 2.13 Lerne{1,2,3,...},g>0,5>0,¢;>0,i=1,2,....nwithY}! ,q;=q,
then

n 10 ( 1 )
Z(H,q,s) +loga, (2.26)
1:21 (i+q)*Hpg,s

Equality holds in (2.26) if and only if q; = for alli=1,2,...,n.

z+q

Proof. Accordingly to the proof of Theorem 2.12, using (2.4) for p; = MTW,

i=1,2,....n, we get (2.26). O

Theorem 2.14 Lerne{1,2,3,...},g>0,5>0,¢;>0,i=1,2,....nwithY} ,q;=q,

then
log (q,)

n
0< ——+—+loga—Z(H,q,s
g(lw)%qg ga—Z(H,q,s)
2": 1
<lg|lax) —————
i=14i ((Z+Q)SH n,q,s )
1 i 1
< —la) ————— —1 (2.27)
Inb |5 qi((i+9)°*Hy n,q.s )
with equality throughout if and only if q; = W foralli=1,2,..
Proof. By taking p; = MT““ in (2.5),i=1,2,...,n, we obtain we obtain the required
result. ' ]

Theorem 2.15 Lerne {1,2,3,...},g>0,5s>0,¢;>0,i=1,2,....nwith Y} ,q; =
and let

1
0<m< —m—m—s <M forall i=12,....n.
qi ((i+q)*Hng,s)

Then we have

(M4mP 1 (M —m)?

1 Z(H.q.5) <1 .
| tlosa- (H,q,5) <log = mr = < 100" pim

(2.28)
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Also, if M/m < ®(¢€) for some € > 0, then

n log( )
+loga—Z(H,q,s) <
; (i+q)*Hng.s ( S

Proof. By taking p; = in (2.6),i=1,2,...,n, we get Theorem 2.15. O

%
(i+q)°H,

Theorem 2.16 Letne{1,2,3,...},¢g>0,5s>0,i=1,2,....nwith Y | q; = o and let

1
0<m<—§M forall i=1,2,...,n.
qi ((i+q)*Hy q.5)
n 10g(%>
0 < - — +loga—Z(H,q,s
le rar,, Tleea—2(Ha)
< log [Oc(\/ll_/l\/rﬁ)erl
a
< o (VH - V) (2.29)
Proof. By taking p; = min 2.7),i=1,2,...,n, we get (2.29). O

Theorem 2.17 Lerne{1,2,3,...},g>0,5>0,¢;>0,i=1,2,....nwithY} ,qi=q,
then we have

n

$ JBlg () Huasll 5y o ll _1g|1oalitarth,

i=1 (i+q)*Hpqs i=1 (i+q)*Hpqs
(2.30)
- 2”: 1 —qil(i+¢) Hngs
2Inb ~ (i+q)*Hp g
OR
i loggi <log|1 71& 1 —qil(i+q)"Hpgs)
S (i+q) Hyg,s 25 (i+q)*Hpq.s
2.31)
—1 &1 =ail(i+q) Hugsl
b,: (i+q)*Hp g '

Proof. By taking p; = W in (2.8),i=1,2,...,n, we get Theorem 2.17. O
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Theorem 2.18 Lerne {1,2,3,...},¢>0,5s>0,i=1,2,...,n, then we have

1
7‘]7

(2.32)
1 | 1
< — —s — 1.
i [2 [T ]
Equality holds throughout if and only if W rllfor i=12,--,n.
— (k+q) anf
Ifp= n},a]lcx (ETe then
0<l1 Z(H,q,s) <1 1(\/54— ! )2
ogn — ,q,5) < lo — -
= log q g I 7
(2.33)
< 1 \/_, L ’
~ 4Inb VP
Ifp < ®(¢) for € >0, then
0<logn—Z(H,q,s) <Ee. (2.34)
Proof. By taking p; = W in (2.9) and (2.10),i = 1,2,...,n, we get Theorem 2.18.

O

In the following theorem [x] denotes the largest integer less than or equal to x.

Theorem 2.19 Letnec{1,2,3,...},¢>0,5s>0,i=1,2,...,n, M:m?xm and

m= mm 6 - then

%
i+q) Hn g

2 N2 T2
0<logn—Z(H,q,s) < log{ [’ﬂ (M —m)? + 1} < % [”Z] L (235

j = — (k+4)*Hngs
Theorem 2.20 Let n € {1,2,3,...}, ¢ >0, 5s>0,i=1,2,...,n, p = n}ix Ty

k k
_ 1 -~ 1
Define M = 1@,?2‘,1 21 (i+9)*Hng.s (1 El (i+q)‘Hn,q.s)' Then

M 1\?
< b (\/_——) . (2.36)

NG NG

2
1
0<logn—Z7(H,q,s) <log lM <\/;_)— —) +1

If p < Dy(e) for some € >0, then

0<logn—Z2(H,q,s) <E&. (2.37)
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Theorem 2.21 Letne {1,2,3,...},¢>0,5s>0,i=1,2,...,and v:=37
oo, Then Z(H,q,s) is finite and

i
(i+lI)“Hn, S
q

0< Z(H,q,S) S IOg W

If in addition 2 % < oo, then

VV

m

=3

vl
<108 | X [ g s (v_l)”]

0 S log 7Z(H7q7s)

DM s

Vi
s Inb Ll [(i4q) Hy g s (v — 1)1 - 1] ) (2.38)

with equalities throughout if and only lf =(v—1)"1/viforallieN.

l+q YHl q,s
Theorem 2.22 (i) Under the assumptions of Theorem 2.21. If

vi
O0<L< T <U Il ieN
(H—q) nqs(v_l) fora 1EN,

then

0 < logK—Z(H,q,s)
(U+L)?
4LU
1 (U-L)?
~ 4lnb LU
Also, if U/L < ®(¢) for some € > 0, then

< log

(2.39)

0<logK—Z(H,q,s) <¢
(ii) Further, we have
0 < logK—Z(H,q,s)
< log |(VU —VL)* +1
< (VT VI, (2.40)
Theorem 2 23 Letne{1,2,3,...}, ¢ >0, s>0,i=1,2,...,n, B an arbitrary real

number. If 2 % < oo, Then
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IN

n Bf(xi)
log [zb Bf(xi) 2 b ]

i=1 i=1 l+q) Hﬂa‘las)z

IN

L fe o a )
S N A Y — (2.41)
o |5 E

i+q)Hugs)?
b—Bf(x;)
(i+q) ‘H,qs S b Brlx;)

Bf(x
Furthermore, if there are constants L,U > 0 such that L < %
n. s

with equalities throughout if and only zf y foralli=1,2,.

<U foralli€l, then

0<§B —Z(H,q,s)+1o pBI )
2 l+q) ” (H,q,s) g(;ll
(U+L)?
s loe
< 1 M (2.42)
4Inb LU
Also, if U /L < ®(x) for some € >0,
o f) B
0<BY —1 "  _7Z(H,q,5)+log| ¥ b P | <¢.
i:zl (l‘i’Q)an,q,s ( ) 1:21
Further, we have
f(x) B
0<BY —LL  _7Z(H,qs)+log| ¥ pB/0)
121 l+q> anv ( ) lzzl
n ) 2
< log leﬁf{x") (\/U—ﬁ) +1
b Bf(xi
< =
< S (f VL ) (2.43)

In the following theorems, we use two Zipf-Mandelbrot laws for different parameters.

Theorem 2.24 Letn e {1,2,3,...}, 11,tp >0, 51,52 > O, then

Z(H,t1,51) < ,21 log (i+12)*Husy.sy)
T T A (0T

: (2.44)

1 1 . .
PVOOf: Let pPi= m and qi = m, 1= 1,2, NN (D Then, using the proof

of Theorem 2.12, we get

n 1 n 1 s t SlH
Zpilog (_) _ 2 0g((l+ lv) n,tl,sl) _ Z(H,tl,Sl)
i=1 i

i=1 (lthl)”HnJl-,Sl
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n 1 2 log((i+12)2H, y,
Zpilog (_) _ 2 (( Y) n,tz,Yz)
=1 qi S (1) Hugy s
m andqi— m,l— 1,2,...,11, we obtain
required result. O

Therefore, using (2.3) for p; =

Theorem 2.25 Lern e {1,2,3,...}, 11,tp >0, 51,52 > O, then

2”: log ((i +12)Hypy.s,)

0< —Z(H,t,s
B i=1 (l+t1) 'H"Jl,Sl ( l ])
l+t2 nt s
< log | & 222
B gl 1621 l+tl) 1H’1’1 Yl) ‘|
1 (l+t2) n,t,sn
< —la ’ —11. (2.45)
lnb[ iezl((l"HI) SUHy gy 51)?

Proof. Takmg Pi = m and qi = m, in (25), = 1,2, ...,n, WE obtain
(2.45). ]

Theorem 2.26 Lern e {1,2,3,...},11,tp >0, 51,52 > 0, then

HIPRCYS
(i+n) nn s <M forall i=1,2,....n

O<m< ——————==r=
(l+tl)lHntl s1

Then we have

S log((i+t2)S2Hn,t2J2)
& (+n) " Hyy s

(M +m)? 1 (M—m)z_

< . 2.4
AdMm  — 4Inb Mm (2.46)

0< —Z(H,t1,s1) <log

Also, if M/m < ®(¢€) for some € > 0, then

lo t
0< 2 g l+ 2 nt27S2)7Z(H,l‘1,S1)§8.
i=1 l+t1 nl|,S|

Theorem 2.27 Lerne{1,2,3,...}, t1,1o > 0, 51,50 > 0, then

HIPRCYS
(i+1n) nn . <M forall i=1,2,....,n

O<m< ——————>==
(l+tl)lHntl s1

En: log ((l + t2)S2HnJ2,Sz)
i—1 (i+tl)S1Hn,t1,Sl

log [Oc(\/ll_/l Vm)?+1

_Z(H,II,S1)

IN

IN

lnb(\/_ Vm)?. (2.47)
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Theorem 2.28 Lerne {1,2,3,...}, 11,12 > 0, 51,50 > 0, then

1 (i+t2)52 Hn.t2 )
L (1) THg, s,

S (i+1) Hyyy s

(l+t2) n,itp,sn (l+t1) n,y,s1
((l +t2) ZH"Jz,Sz)((l +t1) lHn,lhsl)

(l+t2)s n,tn,s2 (l+t1)S|Hn7[1,sl
(((+02)2Hyy,55) (i +11) " H gy 5,) |
(2.48)

) —Z(H,1,s1) <log [1 2

|

1 2
S -
2Inb ~

OR

l+t2 2H, 12,80 (i+tl)S1Hn,tl,sl
((i+0)2Hupy ) (i +11)51 Hyyy )

| (%)
n Og. (l+12?‘2FL1,t2,.Y2 < log |1— l '21
S 0 Hagy s, 2

<L 2 Ut 02) gy — (0 s | 5 49
2Inb S| ((i+12)2Hgy,5,) (i +11) Hig )
Example 2.1 Let
an=(n+q)° Y, ———and A =supa, (2.50)
i=n+1 (l Q) neN

Since fori >nwehave £ > ¢ = (14+2)" > (14+2) = (14)s > (H4)s = (Ea)s > (2)s,
Therefore
— 1 - 1

Now for n = 2% we have

1 1 1 1

ks
> @ [yt ey ey gy
2k 2k
k
2 (2 )S [(2k+1)s + (2k+2)s + }
2k
T2

If k — oo then zyz—i — oo, Therefore A = oo,

2

Remark 2.2 It is obvious that the sequence a, in Example 2.1 is the related sequence of
ay in (2.24) for Zipf Mandelbrot law. But from Example 2.1 it is clear that we can not
apply results of Shannon entropy involving A for Zipf Mandelbrot law.
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Chapter

Approximating f-divergence
via Hermite interpolating
polynomial

Dilda Pecarié, Josip Pecari¢ and Ana Vukeli¢

Abstract. In this paper we introduce a new functional based on the f-divergence
functional, and then we obtain some estimates for two special cases. We use the
Cauchy’s error representation of Hermite interpolating polynomial and the results
concerning to the Hermite-Hadamard inequalities are presented. Zipf-Mandelbrot
law is used to illustrate the results.

3.1 Introduction

We follow here notations and terminology about Hermite interpolating polynomial from
[1, p. 62]:

Let —co<a<b<oo,anda<a <ay<...<ar<b, (r>2)be given. For f €
C"[a,b] a unique polynomial Py (¢) of degree (n — 1), exists, fulfilling one of the following

2000 Mathematics Subject Classification. Primary 26D15, Secondary 94A17.
Key words and phrases. Hermite interpolating polynomial, Hermite-Hadamard inequality, Csiszdr f-divergence,
Kullback-Leibler divergence, Shannon entropy, Zipf-Mandelbrot law.
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conditions:
Hermite conditions

. ) r
PI(;)(aj) :f(’)(aj); 0<i<k;,1<j<m ij—l—r:n,
j=1

in particular:
Simple Hermite or Osculatory conditions
(n=2m,r=m,k;j=1"forall j)

Po(aj) = f(a;), Polaj) = f'(a;), 1 < j<m,
Lagrange conditions (r = n, k; = 0 for all j)
Pr(aj) = f(aj), 1 <j<n,
Type (m,n—m) conditions r =2, 1 <m<n—1,kj=m—1l,kp=n—m—1)
Pan(a) = f0(a), 0<i<m—1,
(b) =), 0<i<n—m—1,

Two-point Taylor conditions (n =2m, r =2, k; =ky =m—1)

)
n
Py

Pi(a) = fD(a), PY(b) = fO(b), 0<i<m—1.

Divergences between probability distributions have introduced to measure the differ-
ence between them. A lot of different type of divergences exist. The following notion was
introduced by Csiszdr in [3] and [4]:

Definition 3.1 Lez f: (0,00) — (0,00) be a convex function, and let p := (py,...,ps) and
q:=(q1,.-.,qs) be positive probability distributions. The f-divergence functional is

I1(p.q) := Y. qif (‘Z—) :
i=1 l

It is possible to use nonnegative probability distributions in the f-divergence functional,
by define

£(0) == lim f(1); Of (g) = 0; Of(%) ::tirgl+tf(?),a>0.

t—0+
Based on the previous definition we introduce a new functional:

Definition 3.2 Ler J C (0,%0) be an interval, and let f :J — R be a function. Let
p:=(pi,-..,ps) € (0,00)%, and q := (q1,...,qs) € (0,%0)* such that

Picy i=1,..s

qi
Then let

Ii(p.a) = S aif (f]l) .

i=1
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We mention two special cases of the previous functional.
The first case corresponds to the entropy of a discrete probability distribution (f :=

In, p:=e=(L,...,1)):

Definition 3.3 The Shannon entropy of a positive probability distributions p := (p1, ..., ps)
is defined by

N

H(p) = 2 pilnp,'.
i=1,

The second case corresponds to the relative entropy or Kullback-Leibler divergence be-
tween two probability distribution (f := id In):

Definition 3.4 The Kullback-Leibler between the positive probability distributions
p:=(p1,-..,ps) and q:=(q1,...,qs) is defined by

D(pllq): szln (p’)

In this paper we obtain some estimations of above functionals by using the Cauchy’s
error representation of Hermite interpolating polynomial. As a special case, Hermite-
Hadamard type inequalities, will be considered. By using Zipf-Manedelbrot law we will
give the applications of these results.

For some results related to f-divergence see the papers [2] and [6].

3.2 Cauchy’s error representation
and inequalities for f-divergence

In [1, p. 71] the following theorem is proved:
Theorem 3.1 Let F(t) € C"~!([a,b)]) and suppose that F")(t) exists at each point of
(a,b). Then

-3 ZHU )= o)F(E), G.1)

j=1i=0

where & € (a,b) and H;j are fundamental polynomials of the Hermite basis defined by

1 kj—i k17 (R
Hij(t) = - ——F—— k+l l Z {7t a(t)) ] (t —aj), (3.2)
: t:aj

where

w(t)=T]¢—a) " (3.3)
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Now, using Theorem 3.1 for Ii,(p,q) and D(p||q) we get the following corollaries:

Corollary 3.1 Lern is even, and H;; are defined on [a,b] C (0,00) by (3.2), such that k; is
oddforall j=1,...,r. Letp:=(p1,...,ps) € (0,00)%, and q:= (q1,...,qs) € (0,00)° such
that

Pie [a,b], i=1,...,s.

qi

Then we have

i=1 7

" kj i—1(: -
Iln p.q) — 2 l]naj[l-lo p.q) + 2 %IF’U(I’»(}) <0 (3.4)
Jj=1

and

r

D(pllq) — Y, [ajlna]IHo, p.q)+ (Ina; + DIy, (p,q)
Jj=1

4j

+2 LT, (p, q)} 0. 3.5)

For n odd the inequalities are reversed.

Proof. We apply Theorem 3.1 with J := [a,b], F := In for first inequality and F := id In for
second inequality. Since k; is odd forall j=1,...,r, then using (3.3), we get that w(r) > 0.
By using (3.1) for n even, (3.4) and (3.5) obviously hold. O

Remark 3.1 If we putthat n =2m, r =mand k; = 1 for all j we get Hermite interpolating
polynomial with simple Hermite or Osculatory conditions and then

- U - 1.
Iln(P7q) - 2 |:1najIH0j (pvq) + ;IHU (pvq):| S 0
j=1 J

and
m

Della) - %, |ajna; i, (p.) + (Ina; + 1), (p,0)| = 0.

Corollary 3.2 Let n is even, and H;j are defined on [a,b] C (0,00) by (3.2), such that a; =
aandkjis odd forall j=2,...,r. Let p:= (p1,...,ps) € (0,0)%, and q := (q1,...,q5) €
(0,00)* such that

Piclan), i=1,...s

qi

Then we have

ky o

~ ~ i—1 i
In(p,q) — Inalny, (p,q) — Y, MIH,I (p,q)
i=1
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kj

" ~ i—l_

tl
j=2 i=1 J

and

(qu) - alnaiym (pvq) - (1na—|— l)iHn (p,q)

r

- 2 CUA2, (p.q) > [ajlnajiHo,-(Pﬂ)
=

i
J

k
z 20 ~
+ (Inaj + 1), (p,q) + 2 #Iyij(p,q)] > 0. 3.7)
=2

For n odd the inequalities are reversed.

Proof. Now o(t) = (t —a)"" "' [T;_,(r —a;)* . Since k; is odd for all j =2,...,r, we
get that @(¢) > 0. So, by using (3.1) for n even, (3.6) and (3.7) obviously hold. |

Corollary 3.3 Let n is even, and H;j are defined on [a,b] C (0,%0) by (3.2), such that
ar=>b. Let p:= (pi1,...,ps) € (0,00)°, and q := (q1,...,qs) € (0,00)° such that

Pi e [a,b], i=1,...,s.
qi
Then
(a) If kjis odd for all j =1,...,r, we have

< & (1l oy,
[lrl p q 2 ]najIH()j p q)+27l z](p q)

i=1 J

kr

~ i—1 i
— Inbly, (p,a)— 3, L=y (pq) < (3.8)
i=1

and

— i=2 J

_ kj )
~ —1 i-2 i—2)! =
p||q 2 [ ]naleo P, q) + (lnaj + 1)[H|j(paq) + 2 ()J#[sz (paq)‘|
; ; SESE]
— bInbly,, (p,q) — (Inb+ )y, (p,q) = Y, — =1, (p,q) > 0. (3.9)
i=2
(b) Ifkjisodd forall j=1,...,r—1 and k, is even, we have the reversed inequalities.
For n odd the inequalities are reversed.

Proof. Now @(t) = (t —b)* " [T/Z) (£ — a;)b .
(a) Since k; is odd forall j=1,...,r, we get that w(¢) > 0.
(b) Since k; is odd for all j =1,...,r— 1 and k, is even, we get that @(r) <O0.
So, by using (3.1) for n even, (3.8) and (3.9) obviously hold. O
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Corollary 3.4 Let n is even, and H;j are defined on [a,b] C (0,%0) by (3.2), such that
ay=aanda,=b. Let p:= (p1,...,ps) € (0,00)%, and q:= (q1,-..,qs) € (0,00)* such that

Pician), i=1,....s.
qi

Then
(a) If k;j is odd for all j =2,...,r, we have

- - BRI VP
In(p.q) ~ Inalpy, (p,q) - Y, =1y, (p.q)

r—1 y i1
-y l]najlyoj(p,q)-i-z(l)a# (P, q)}

j=2 i=1

~ kr i—1 i
— Inbl, (p.q) — Y, “UE T (pg) <0 (3.10)

i=1

and
ky i—2 ~72)( ~

D(pl|q) — alnalyy, (p,q) — (Ina+ DIy, (p,q) — > L2 (p.q)
=2

r—1 B R k] 2
> l Ina;li, (p.4) + (ina; + Dl (p.q) + 3, == Iy, <p,q>]

=2 iz
; ; SIS
— binblp, (p,q) — (Inb+ Ix,, (p.q) — Y, =1, (p,q) > 0. (3.11)
i=2

(b) Ifkjis odd forall j =2,...,r—1 and k; is even, we have the reversed inequalities.

For n odd the inequalities are reversed.

a)k1+1 (t _ b)er H;;lz(t _ aj)ka.

(a) Since kjis odd for all j=2,...,r, we get that w(¢) > 0.

(b) Since k; is odd forall j=2,...,7—1 and k, is even, we get that () <0.
So, by using (3.1) for n even, (3.10) and (3.11) obviously hold.

1,kp =n—m—1 and k; is even

Remark 3.2 If weputr=2, 1<m<n—1,kj =m—1,
then we get Hermite interpolating polynomial with (m,n —m) type conditions and then

Proof. Now w(t) = (t —

O

_ z 1 i ~
In(p,q) — Inaly,, (p,q) — Z ﬁ%(p q)

~ n—m—1 i—1 ~
— bl (p.a)— Y ST (pg) <0
i

and

D(qu) - alnaiym (pvq) - (1na—|— l)iHn (p,q) -
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— binb]; —(Inb+1)] = 0.
0 by, (@) = (Inb+ Vi, (p,q) — = Hy (P:q) >

For k, odd, the above inequalities are reversed.
If we putn=2m, r=2, kj =k, =m—1 and m is even then we get Hermite interpo-
lating polynomial with two-point Taylor conditions and then

m—1
| ~

~ ~ i—1 i
In(p,q) — Inalyy, (p,q) — Y, MI’H,.(p q)
i=1
m—1

o~ i—1(; ~
— Inblyy, (p,q) — 2 W[Ha(p q) <0
i=1

and

. - mol N2+
D(pl|q) — alnalp,, (p.q) — (Ina+ )iy, (p.q) — > L2 (p.q)
=2
m—1 5 )

— by, (p.q) — (nb+ Vi, (poa) — Y, L2 (pq) > 0.
=2

For m odd, the above inequalities are reversed.

Remark 3.3 By using p :=e = (1,...,1) in Corollaries 3.1-3.4, I;,(p,q) = H(q) and
Ir(p.q) = Ir(e,q) we get inequalities for Shannon entropy.
Also, we can notice that —/j,(p,q) = I_1,(p,q) = D(q||p).

3.3 Hermite-Hadamard type inequalities

As a consequences of our results given in Section 2, here we give the Hermite-Hadamard
type inequalities for Csiszdr f-divergence and Shannon entropy.
Let H;; and H;; are defined on [a, b] by

1 kj i 1 t—a )kj+l (k) '
Hij(l):i_'(t k+1 ; 2 k_{T] (t—aj), (3.12)
: 1=aj
and
_ 1 N lj—i 1 7b li+1 (k)
H;j(1) = i_'(t 1+1 ; 2 T {70 ()) ] , (t—by)", (.13)
! 1=b;
where ) _
o@)=[]t—-a)"", o@)=]]¢—>b,)"*" (3.14)
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fora<a;<ay<...<a,<b,a<b; <by<...<by<b,(r,r>2)and
Zj»zlquLr:Z;:lljJrr:n.

Theorem 3.2 Let ay =a, by=b, ky =0and kj =1 forall j=2,...,r, l; =1 for all
j=1,....,r—1landl;= 0. Then, we have

- " - 1.
In a[H()l (pvq) + 2 |:]n ajIHoj (paq) + ;IHlj (P»Q)]
J

j=2
< In(p.q (3.15)
< Z [lnb I, (p.q) + 1 IH1 (p, q)} +Inblg, (p,q)
and
rz, [iinb;T, (0,a) + (nb; + 1)z, (b.0)| + bInbl, (b.q)
< D(pllq) (3.16)
< alnang] (pvq)+ 2 [ajlnajiHoj(p’q)+(]naj+ l)iHu(pvq) )
j=2
where X
P2t
)= 32
(r—a)P? (1) ~ B_y(aj)+(aj—a)P” (aj) 4
Hosl0) (t—a;)? [P (a)]* (aj—a) (1 (aj—a)P/_(aj) ¢ ’)>’
(f—a)Przq(f)
H (f): ]
Y = ap)a—a) [Py (a)]
T (b—1)P(1) PL_y(bj) = (b=Db))PL (b)) B
Hostr) (t—b,)2 [P (b))]* (b—b)) T 0P 0y y b’))’
. (b=1)P2 (1)
Hy(t) = )
T =) o—by) [P ()]
y P2 (1)
)= 55 oy
and -
Poi(t) =TT —aj), P1() =[]t —b;)
Jj=2 Jj=1

fora<ar<...<a,<ba<b <by<..<b,_1<b,(r>2).
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Proof. We use Corollary 3.2 and Corollary 3.3(b) for n = 2r — 1 and then calculate

(ta)Pgl(t)'l (t—a) ] _ P
(

(—a) “QFL0)] T Py

Ho]([) =

and
I Gl L 210 l (1= ay” ] __ tmaR)
(r—aj) |—a)P(O)] _  (t—aja;—a)[P_(a))]
Coefficients ﬁo s I-Yl jand I-YOr we get similarly. O

Theorem 3.3 Let Hj; andI-Z-j are defined on [a,b] by (3.12) and (3.13) respectively. Then,
ifby=a, by=>b kj=1forall j=1,....r,[j=1forall j=2,...,r—landly =17=0,
we have
N o 8 1. 8
]nalﬁm (p?q) + 2 |:1nb,l]ﬁ()1 (p?q) + b_Iﬁlj (p’q):| +1nb1[‘70r (p7q)
J

j=2
i 1.
<y {lnajlyo, p.q)+ ;ly.j(p,q)] (3.17)
j=1 J
and
3. [estnasii, (0.0) + (s + 1) (0.0)] < 2Pl (3.18)

r—1
< alnal, (p.q)+ 3, [bjlnbjlﬁo,. (p,q)+(lnbj+1)lﬁlj(p,q)] +bnbly, (p,q),
=2

where
e PO (Pl
Hoj(t) = (t —a;)? [Pl(a;)]? (1 Pl(a;) ¢ ’)) ’
P2(1)
Hyj(t) = :
WO = ) B@)P
- (b—1)P2 (1)
Ho () = 0B )
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_ (t —a)(b—1)P2 (1)

Hoj(r) = 2

O e b—b)a—ty)? [P0
b

(2bj—a—b)PL_,(b) = (b—b))(bj—a)P (b))
(1 (b—b,)(b; )P, (b)) )

1_7 ) f) _ rfl_ ,
il (t—=bj)(bj—a)(b—Db)) [Piffl(bj)]z
) o
R
and
P() =1t —a;), Poa(t)=[]—by)

j=1 j=

2
fora<ai<a<..<a<ba<by<..<b,<b,(r>2).

Proof. We use Corollary 3.1 and Corollary 3.4(b) for n = 2r and then calculate

_ P f[l—a)? (t—ap?]
H”“aaﬂz{[z¥é },%+[ WGS],@“_“”}

S PO Fe) ),

(t—a;)?[Pl(a)))? Pi(aj)

ﬁa>rra»1 P
=a;

—a; | P2(0) (t=ap)Pla))]

- (t—a)t=b)P2 (1) t—a (b—1)PL (1)
(1 —a)( 0] ’

t—a t—b)P* (1

Hyj(t) =
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~ . (—a)(t-b)P (1) (1= b))
) = (t— b)) (i— ><r—b>P31<r>],bj
_ (—ab-nPL()
(t—bj)(b;—a)(b—bj) [P_,(b))]
. 0

Coefficient ﬁO(r +1) e get similarly as coefficient Ho ()

Corollary 3.5 Ifn=2m and m is odd, we have

m—1

l I
Inalj, (p,q) + 2 EU =0T (p,q)

i=1

m— 1 |
)=li=1)
+1Inblg, (p.q) + 2 TN ( X))
- n 1.
< In(p.q) Z Ina;ly,; (p,q) + ,IHU- (p.q) (3.19)
and
m
[aj In ajlmy; (p,q) + (Ina; + l)lHlj(paq):| <D(pllq) (3.20)
j=1
. S i)y
< alnaly, (p,q)+ (Ina+1)Ig, (p,q)+ Y, — 1, (p.q)
=2
5 "S-y
+bInblg, (p,q) + (Inb+ DIg,(p,q)+ —— 1, (p.9),
i=1
where Hy; and Hyj as in Theorem 3.3 withr = m
- t—a)(t—b)""E (—DMm+k—1)!
iyt = (=D Ok
i =0 [(m=1)1"(a—b)™*
and _— .
— t—a)"t—-b)'"S " (=) (m+k—1)!
HiZ(t) _ ( ) .'( ) ( ) ( 5 ) k(l‘*b)k.
i =0 [(m=1"(b—a)m*
If m even, the inequalities are reversed.
Proof. We use Remark 3.1 and 3.2 and then calculate
_ 1(f — )" (f — p)m mL-i 1 f—q)m (k)
H[](l‘):.—'( ) (m,l') '|: ( — ) m:| ([*a)k
il (t—a) S m=1)! |[(t—a)"(t—b)"|,_,

b)mmflfi (—l)k(m—l—k—l)! W
,1)!]2(a,b)m+k(t a)'

(t—a)(t—
i! i—o [(m

Coefficient H (1) we get similarly.
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Remark 3.4 Similarly as in Remark 3.3 we get inequalities of Hermite-Hadamard type
related for Shannon entropy.

3.4 Inequalities by using the Zipf-Mandelbrot law

Definition 3.5 Zipf-Mandelbrot law is a discrete probability distribution depends on three
parameters N € {1,2,...}, q € [0,0) and s > 0, and it is defined by

1
iN,q,s) = ———, i=1,...,N,
SEN8) = G g
where
A |
Hy,g:= —_—
qS kgl (k—l—q)s

If g = 0, then Zipf-Mandelbrot law becomes Zipf'’s law.

Zipf’s law is one of the basic laws in information science and bibliometrics. Zipf’s law
is concerning the frequency of words in the text. We count the number of times each word
appears in the text. Words are ranked (r) according to the frequency of occurrence (f).
The product of these two numbers is a constant: r- f = c.

Apart from the use of this law in bibliometrics and information science, Zipf’s law is
frequently used in linguistics (see [5], p. 167). In economics and econometrics, this distri-
bution is known as Pareto’s law which analyze the distribution of the wealthiest members
of the community (see [5], p. 125). These two laws are the same in the mathematical sense,
they are only applied in a different context (see [7], p. 294).

The same type of distribution that we have in Zipf’s and Pareto’s law can be also
found in other scientific disciplines, such as: physics, biology, earth and planetary sciences,
computer science, demography and the social sciences. For example, the same type of
distribution, which we also call the Power law, we can analyze the number of hits on web
sites, the magnitude of earthquakes, diameter of moon craters, intensity of solar flares,
intensity of wars, population of cities, and others (see [11]).

More general model introduced Benoit Mandelbrot (see [9]), by using arguments on
the fractal structure of lexical trees.

The are also quite different interpretation of Zipf-Mandelbrot law in ecology, as it is
pointed out in [10] (see also [8] and [12]).

We illustrate our results by using Zipf-Mandelbrot law.

Remark 3.5 Let q be the Zipf-Mandelbrot law as in Definition 3.5. By applying Theorem
3.2, we have:

N
lnaZf(i;N,q,s)HOI (m)
i=1

=
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f(isN,q,s) |:1nbj1—70j (W) + b, —Hyj (W)]

N

+Inb Y, f(isN,q,5)Ho (W) :
i=1

IN
M=

~
I
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Let p; and p, be the Zipf-Mandelbrot law with parameters N € {1,2,...}, q1,42 €
[0,00) and 51,5, > 0, respectively. By applying Theorem 3.2, we have:

2

—1
- (i;N,q1, 7 (N1,
3 D AN o) [y (FEVRRE) + (tnby ) (RS )

+blnb2f i:N,q2,52)Ho, (%)

N N,
Y f(i:N,q1,51)In (%)

i=1

N
alnaZf(i;N,qz,Sz)Hm (%)
i=1

IN

IN

r N
; (N.q1, (N.q1,
£33 1N, q2.52) [aynato; (FER02) + Onay Dy (Fivasy )]
j=2i=1
Remark 3.6 Let q be the Zipf-Mandelbrot law as in Definition 3.5. By applying Theorem
3.3, we have:

—1 N

lnaZszq, )Hm( quv) ZZszq, [lnbjﬁoj<m>

i=1 =2i=1

ble” (W)} +lnbi:21f(i;N,q,s)I-;0r (W)

I /\

N
Zleq, )In f(i;N,q,s)
i=1

| A

iZle% ){majHOJ (f(quS))jL IH” (f(ll\]/QS))]'

li=1

Let p; and p; be the Zipf-Mandelbrot law with parameters N € {1,2,...}, q1,42 €
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[0,00) and 51,5, > 0, respectively. By applying Theorem 3.3, we have:

M-
=

- LN g1, LENg18
1f(l,N,qz,sz) [ajlnajHoj (W) + (Ina;+ 1)H,; (Wﬂ

~.
Il
—_
Il

IN
M=

. i:N.q1 .S
SN qus) n (HEvA2y)

IN

N — "7
alna’y) f(isN,q2,52)Hor (HEv424)
i=1 ’ o
—1 N

: (g, (LN,
+ 3 3 (E:N.q,52) [y nbHo, (SERASL ) 4 (tnb; + D (Hived )|
i=2i=1

N - 2o ~
+bInb Y, f(i:N,q2,5)Hor (a2 ).
i=1
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Chapter

Zipf-Mandelbrot law and
superadditivity of the Jensen
functional

Neda Lovricevié, Dilda Pecari¢ and Josip Pecari¢

Abstract. Superadditivity property of the discrete Jensen functional is brought in
relation to the Csiszar divergence functional. Its monotonicity property and specific
bounds are observed consequently in the same context. Some of the well known
f— divergences, e.g. the Kullback-Leibler divergence, the Hellinger distance, the
Bhattacharyya coefficient, the y*>— divergence and the total variation distance are
analyzed in a similar way. All obtained inequalities are eventually interpreted in
the environment of the Zipf and the Zipf-Mandelbrot law.
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4.1 Introduction and preliminaries

Superadditivity property of the discrete Jensen functional

n 1 n
J(f.x,p) =Y pif (xi) = Puf (F Zpixz) “4.1)
i=1 ni—]
was established in [4] as:
J(f.x,p+q) =J(f.x,p)+J(fx,9), (4.2)
where f is a convex function on an interval / C R, x = (xq,...,x,) € I", n > 2, p and

q are nonnegative n-tuples, P, = 37| pi, On = Y11 ¢i, i = 1,...,n. Superadditivity was
accompanied therein by monotonicity property of the same functional, as its consequent
result. Namely, if p and q are such that p > q, (i.e. p; > q;,i=1,...,n) then

J(f,x,p) =2 J(f,x,q) >0 (4.3)

or
n 1 n
> pif (xi) = Puf (F > pm)
i=1 ni=l

n 1 n
> ¥ qif (xi) — Ouf (Q_ qi—xi> >0. 4.4)
i=1 o1

In the monograph [19, p. 717] J. E. Pecari¢ investigated monotonicity property of the
discrete Jensen functional from a different point of view and proved it by using Jensen’s
inequality and its reverse. Superadditivity property that was thoroughly analyzed in [4]
served later as the basis for a more generalized approach e.g. in [7], [8], [9] with the
results suitably summarized in the monograph [10].

On the other hand, we observe f— divergences which measure the distance between two
probability distributions using Csiszar’s approach [1, 2]. The Csiszar divergence functional
is defined by

D¢(r,s) = ;sif (:—i) , (4.5)

where r = (rq,...,m,) and s = (s1,...,sy,) are positive real n—tuples and f: (0,00) — R is
a convex function.

Csiszdr divergence functional (4.5) may also be defined for nonnegative real n—tuples r
and s with undefined expressions interpreted as

oe s or(§)o or(E)= imer(s). ano
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or even in a more general setting where f: I — R, I C R. Still, in all of the results in the
sequel we focus on positive real n—tuples r and s in definition (4.5).

Furthermore, Csiszdr divergence functional (4.5) can be interpreted for special choices of
the kernel function f. Thus in the case of positive probability distributions r and s, that is
ri,si € (0,1], fori=1,...,nwith X7, r; = X7 | s; = 1 it assumes special forms which we
recognize as some well known divergences.

The Kullback-Leibler divergence (see [6], [11], [20]) for positive probability distribu-

tionsr = (rq,...,r,) and s = (sq,...,s,) is defined by
n rl
KL(r,s) := Y rilog—. (4.6)
i=1 Si

In the sequel we analyze results for the logarithm function for different positive bases and
distinguish the cases for the bases greater and less than 1.

The Hellinger distance between positive probability distributions r = (ry,...,r,) and

s =(s1,...,8,) is defined by
h(r,s) ;= %1 /in1 (Vri — /50 4.7

The Hellinger distance is a metric and is often used in its squared form, i.e. as h> (r,s) :=
1 2
5 2 (V= V)
i=1
The Bhattacharyya coefficient is an approximate measure of the amount of overlapping

between two positive probability distributions and as such can be used to determine their
relative closeness. It is defined as

n
B(r,s) := 2 \/TiSi. (4.8)
i=1
Furthermore, the x? (chi-square) divergence is defined as

2 & (ri—si)°
2(r,s) =Y, ~——— (4.9)

Si

and the total variation distance or statistical distance is given by
n
V(r,s):= |ri—sil. (4.10)
i=1

One can find an overview of f— divergences e.g. in [3].

f— divergences are observed via the Jensen functional and its listed properties as well
as the Zipf-Mandelbrot law and its specified form known as the Zipf law.
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Philologist George Kingsley Zipf (1902-1950) studied statistical occurrences in different
languages and concluded that, if words of a language were sorted in the order of decreasing
frequencies of usage, a word’s frequency was inversely proportional to its rank or sequence
number in the list [18]. Thus the most frequent word will occur approximately twice as
often as the second most frequent word, three times as often as the third most frequent
word etc. It was one of the first academic studies of word frequency and was originally
prescribed only for linguistics. It was only later that many other disciplines took credit of
it: the Pareto law in economy reveals another aspect of it and the “Zipfian distribution” is
present in other fields as well: information science, bibliometrics, social sciences efc.

Benoit Mandelbrot (1924-2010) generalized the Zipf law in 1966 [16, 17] and gave its
improvement for the count of the low-rank words [13]. It is also used in information sci-
ences for the purpose of indexing [5, 22], in ecological field studies [21] and has its role
in art when determining the esthetics criteria in music [15]. The Zipf-Mandelbrot law is a
discrete probability distribution and is defined by the following probability mass function:

. 1 .
f(l;N,V,W):m, l:1,...,N, (411)
where
&1
H = —_— 4.12
N,v,w kzzll (k-i—W)V ( )

is a generalization of a harmonic number and N € {1,2,...}, v > 0 and w € [0,0) are
parameters.

For finite N and for w = 0 the Zipf-Mandelbrot law is simply called the Zipf law. (In
particular, if we observe the infinite N and w = 0 we actually have the Zeta distribution.)
According to the expressions above, the probability mass function referring to the Zipf law
is w
where Hy, = 1;1 R

f(i:N,v) = (4.13)

i"-Hy,’
that is, out of population of N elements the frequency of elements of rank i is f (i;N,v),
where v is the value of the exponent that characterizes the distribution.

The general main inequalities are obtained for Csiszdr divergence functional (4.5) via
(4.2) and (4.4) in Section 4.2 as well as for the derived special divergences. These yield
further working out in the light of the Zipf-Mandelbrot law and the Zipf law, in Section
4.3. Furthermore, results that are presented here generalize for the most part the results
previously obtained in [11] and in [14], which is accentuated wherever they occur.
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4.2 f— divergences and superadditivity
of the Jensen functional

Csiszdr divergence functional (4.5) and superadditivity property (4.2) of the discrete Jensen
functional (4.1) are integrated in the following theorem.

Theorem 4.1 Ler f: (0,00) — R be a convex function and v = (ry,...,r,) and s =
(81,...,5,) be positive real n—tuples such that R, = ¥ ri, Sy = Y1, si. Suppose v =
(V1,...,vn) is a positive real n—tuple such that V,, = Y vi. Then

n ri 1 n ri
;(Si—l—vi)f(s—i) _(Sn+vn)f<Sn+vnizl(Si+Vi)S_i>

> Dy(r,s) = Suf (SH)JF,Zl ,f(r‘) ( ”lzlw l_). (4.14)

If f is a concave function, then reverse inequality holds in (4.14).

Proof. Inequality (4.14) follows from inequality (4.2) via definition (4.1) if x; is replaced
by ﬁ and p; replaced by s;, where Dy(r,s) is the Csiszar functional defined by (4.5).

Inequallty changes its sign in case of concavity of the function f as a consequence of the
Jensen inequality implicitly included. o

Superadditivity of regarding Jensen functional (4.1) yields its monotonicity which re-
flects on Csiszdr functional (4.5) in the following way.

Corollary 4.1 Let f: (0,00) — R be a convex function and xr = (ry,...,r,) and s =
(81,...,5,) be positive real n—tuples such that R, = Y| ri, Sy = X}, si. Suppose t =

(t1,.. . ta) and w= (uy,...,uy) are positive real n—tuples such that T, = ¥, t; and U, =
Stui If s >, fori=1,....nthen

Dy(r,s) > S, f (?—) n En:u,-f (;—> —Unf (Ui Zu:—> . (4.15)
n i=1 i ni= Si

Ifsi<tj,fori=1,...,nthen

Dy(r,s) < Suf ( )+2t, () Tf(%ZfZ—) (4.16)
ni—1 i

If f is a concave function, then reverse inequalities hold in (4.15) and (4.16).
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Proof. Inequality (4.15) is obtained from superadditivity (4.2) or (4.14) as we write:

lzl lf( ) nf(sn) >i21<si—ui)f(:—j)

L S

+ Zu, Unf< Zu,rl), (4.17)

N

wherefrom we get inequality that corresponds to (4.15):

Zs, (l> Snf(I;n) > Zlulf<:—z> Unf (; Zlu, i), (4.18)

n . 1 .
since 2 (si—ui)f (ﬁ) — (S —=Un)f ( Z(Si — ui)ﬁ> > 0 in the observed case
i=1 Si Si

of s; > u;, i=1,...,n. On the other side,

isif(g) _Snf(%) > i(si—fi) (?)
i=1 ! n i=1 i

1 ri
— Vi), (4.19)
T, 5 ls,'>

wherefrom we get inequality that corresponds to (4.16):

25, (l) Snf< ) Zt, <l> Elf(ﬂjitlrt')’ (4.20)

1 n

since 2 —14)f —(Sn—To)f 2(5,- —1) fi < 0 in the observed case of
Sl Sn - Tn

i=1 Si
s,gt,,l—l,... .

Corollary 4.1 was established as the main result in [14] when it was deduced directly
from monotonicity property (4.4) similarly as it had been done with the Jensen functional
in [19].

Remark 4.1 Inequalities (4.15) and (4.16) are a generalization of specific bounds for
Csiszdr functional (4.5) that were previously obtained in [11]. Namely, by means of simul-
taneous inserting the constant n—tuples u and t into inequalities (4.15) and (4.16), where



4.2 f— DIVERGENCES AND SUPERADDITIVITY OF THE JENSEN FUNCTIONAL 67

U= nlun {s;} andr; = nl1ax {si}, we get the following bounds as in [11]:

s () + max ) (zf() (;li]:i>>>Df(r5)
> 5, (’;-) + min {s) (211" (—) —nf (;21 )) @

In the following theorem we establish a similar relation between Csiszar divergence
functional (4.5) and superadditivity property (4.2) of discrete Jensen functional (4.1).

Theorem 4.2 Ler f: (0,00) — R be such that t — tf(t) is a convex function. Assume

r=(ri,....ry) and s = (sy,...,s,) to be positive real n—tuples such that R, = Y}, r;,
Su = XL si. Suppose V.= (vi,...,v,) is a positive real n—tuple such that V,, = Y, v;.
Then

n ri n 1 n ri
B () (Beri)i(stade)
ZDid-f(raS)_ ( ) iv,rl ( l) (ivlﬁ>f<i iviﬁ> . (422)
-1 Si Si = S Vo 51 i

n .
where Djq.;(r,s) == Y rif (ﬁ) .
i=1 Si
Ift — tf(¢) is a concave function, then reverse inequality holds in (4.22).
Proof. Inequality (4.22) follows from inequality (4.2) via definition (4.1) for convex func-
tion# +— 1 f(¢) if x; is replaced by — and p; replaced by s;. Functional Djy.¢(r,s) is deduced
from Csiszar functional (4.5), also for convex function 7 — 7 (). Inequality reverses in
case of concavity of the function 7 — 7 f(¢) as a consequence of the Jensen inequality im-
plicitly included. O

Similarly as the previous one, Corollary 4.2 was also established as the main result in
[14] where it was deduced directly from monotonicity property (4.4).

Corollary 4.2 Let f: (0,00) — R be such that t — tf(t) is a convex function. Assume
r=(ri,....ry) and s = (sy,...,8,) to be positive real n—tuples such that R, = ¥, r;,
Sy =Y si. Suppose t = (t1,...,t,) and w = (uy,...,u,) are positive real n—tuples such
that T, =Y tiand Uy, =Y u;. If s; > w;, fori=1,....n then

Dig.¢(r, s)>Rnf(S )—i—izlu,rl_ (Sl) (iul§>f<[]i S ul§> (4.23)
Si i i1 Si ni—1 Si

D,df<rs><Rnf(S)+2 (%) (2 ) ( zrl’f). @24)
n i=1 i ”i 1 Si

Ift — tf(t) is a concave function, then reverse inequalities hold in (4.23) and (4.24).
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Proof. Follows the same lines as in Corollary 4.1 when we introduce the result from
Theorem 4.2 regarding functional Dj.¢(r,s). a

Remark 4.2 Inequalities (4.23) and (4.24) are a generalization of specific bounds for
the functional Dj4.7(r,s) that were previously obtained in [11]. Namely, by means of
simultaneous inserting the constant n—tuples u and t into inequalities (4.23) and (4.24),
where u; = I{un {si} and r; = Irllax {si}, we get the following bounds as in [11]:

seesi 1=,

Ry . & ri [ Lo (1S
=l (s‘) ¥ pin, e (2 wr(5)-Zir (2‘>> -4

Corollary 4.2 allows a specific implementation for Kullback-Leibler divergence (4.6).

Corollary 4.3 Let r, s and v be as in Theorem 4.2. If the logarithm base is greater than
1, then

™M=

(sl+v)—log—_ (i“‘”)s)mg (Snivn i(si+vi)g>

1 Si i=1 i=1

n
> r,log——R logS——f—Zv,—log——(Zvl >log< 2";”)'
1 n N N Si i

i= ! ”tl Si

(4.26)
If the logarithm base is less than 1, then the inequality sign is reversed.

Proof. Follows from Theorem 4.2 for function 7 — ¢logt which is convex when the loga-
rithm base is greater than 1 and is concave when the logarithm base is less than 1. O

The following corollary leans on (4.26), but the result was also established in [14]
directly from (4.4).

Corollary 4.4 Letr ands be positive probability distributions, i.e. ri, s; € (0,1], X1 ri =
Y 8i=landtandware as in Corollary 4.2. If s; > u;, fori=1,...,n then

n n n
Ti Ti Ti 1 T
s)> » ui—log— — u lo ui— |, (4.27)
) ; si gsi <121 lSl) g<Uni 1 lSi)

where the logarithm base is greater than 1.
Ifsi <t fori=1,...,nthen

n ri ri n ri
rs) < Y si—log——| Y~ |log 2 tl , (4.28)
i=1 St Si i=1 Si =

where the logarithm base is greater than 1.
If the logarithm base is less than 1, then reverse inequalities hold in (4.27) and (4.28).
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n

Proof. Taking into account the assumptions on r and s, functional 2 T log L from Corol-
Si

lary 4.3 stands now for Kullback-Leibler divergence (4.6). The proof starts with Corollary
4.3 and follows the lines of the proof of Corollary 4.2 (or Corollary 4.1 given here in de-
tail) for function ¢ — log# which is convex when the logarithm base is greater than 1 and
is concave when the base is less than 1. ]

Remark 4.3 Inequalities (4.27) and (4.28) generalize specific bounds for the Kullback-
Leibler divergence which were previously obtained in [11]. Namely, by means of simul-
taneous inserting the constant n—tuples u and t into inequalities (4.27) and (4.28), where
u; = nlun {si} andr; = nl1ax {si}, we get the following bounds as presented in [11]:

ol fioxati 1 & i
max {s;} | Y, “log=—Y —log( - = | | = KL(r,s)
i=1l,...n =8 . —~ s S
. i Tioxa i 1 & r
> : lijlgoe i 1i IS .
z min {si} <2s.1°gs. Slog| ~ ¥ =, (4.29)

i=15i ii=19i

where the logarithm base is greater than 1. If the logarithm base is less than 1, then the
inequality signs are reversed.

We proceed with similar results related to other previously introduced divergences:
Hellinger distance (4.7), Bhattacharyya coefficient (4.8), chi-square distance (4.9) and total
variation distance (4.10).

Corollary 4.5 Letr, s and v be as in Theorem 4.1. Then

2
18 7\ SutVa 1y ri
= Si +vi ——1] - si+vi)——1
zlzzl(‘ )< Si ) 2 Sn+an~:21(l l)si

2 2

1 & S R, 1 T
> 2 Y o -n z . LA T R
z 3 2V vs =7y, +2i§1v’ s

V, 1 & ’

n Ti

- = — ——1] . 4.30

2 < Vn ; Vi Si ) ( )

Proof. Follows from Theorem 4.1 for convex function ¢ — % (\/Z — 1)2 . O

The following corollary concerning the Hellinger distance /4?(r,s) can also be com-
pared with the corresponding result in [14] where it was obtained only by means of mono-
tonicity property (4.4).

Corollary 4.6 Letr and s be positive probability distributions, i.e. ri, s; € (0,1], ¥ ri =
Y 8i=landtandware as in Corollary 4.1. If s; > u;, fori=1,...,n then

R (r, V%(\/%’l) +;§ui<\/zl)2 Un< Un,i )2_ (4.31)
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If si <t fori=1,...,nthen

w(rs) <o ( By +l§n:t~ Iy I 2¢——1 (4.32)
2 Sy 24" Si 2 ! ' ‘
Proof. Since r and s are positive probability distributions we observe the Hellinger dis-

tance h’(r,s) defined by (4.7) as a specific role of 5 2 (\Vri— \/s_,)2 in (4.30). Mak-

ing use of (4. 30) the proof follows the lines as in Corollary 4.1, for convex function

t— % (\/_ — 1) . O
Remark 4.4 Inequalities (4.31) and (4.32) generalize by means of the constant n— tuples
uandt, u; = nllm {s,} i = max {sl} specific bounds for the Hellinger distance which

2
2 1 — 1) . (4.33)

(V2

N |

3

=

—

el

—
M=
N

|

L
N—
(3]

|

S
VN

=1,..., n N
- i=1

Corollary 4.7 Let v, s and v be as in Theorem 4.1. Then

1 n n
(Sn+Vn) \/ 2 +V1 2 51+V1
S+ Vy = \/

R T
> Sn S_n*Z\/rzszi‘Vn ZVZ lizvz (4.34)
noi= Vi i=1
Proof. Follows from Theorem 4.1 for convex function ¢ — —+/z. O

Monotonicity property for Bhattacharyya coefficient (4.8) is deduced from superaddi-
tivity property (4.34) as follows, although it was formerly deduced in [14] with the help of
(4.4).

Corollary 4.8 Letr ands be positive probability distributions, i.e. ri, s; € (0,1], Y1 ri =
Yt si=1andtandu are as in Corollary 4.1. If s; > u;, fori=1,...,n then

Rn L ri 1 n ri
S )2 =S [ U — Y w2 435
n S, ;uz 5 + Un U, leulsi ( )

If si <t fori=1,...,nthen

B(r,s) < s,m/ Zt,\/7+T,l 2;,” (4.36)
"l 1
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Proof. With positive probability distributions r and s involved, we actually deal with the
Bhattacharyya coefficient B(r,s) defined by (4.8), when observing functional — 2 \/TiS;.

The proof is carried out by (4.34) analogously as in Corollary 4.1, for convex functlon

t— —/1. U

Remark 4.5 If we make use of constant n—tuples u and t with u; = nlun {si} and
i

= n

= max {s;} and insert them into inequalities (4.35) and (4.36), we get :
i=1,..,n

1

1- .:ml,ign{s,'} (n —}n) r 2 r—) > B(r,s)
>1- max (s} <n 1i i —i r—) , (4.37)

that is, bounds from [11] which are a special case in this more general setting.

Corollary 4.9 Letr, s and v be as in Theorem 4.1. Then

2 2
n ri 1 n Ti
> (si+vi) | =—1) —(Sut+Va > (si+vi)=—1
(s ) ( i ) (S ) (Sn Va i—1 (s )S' )

i=1 Si !

2
1 (ri—si)? (Rn >2 < (Vi )2 14 n

S WA VN S TR B o VA (KA T R VAY R o I 1)
izzl Si n Sn 1:21 1 Si n Vn 1:21 ZSi

Proof. Follows from Theorem 4.1 for convex function ¢ — (¢ — 1) O

The following corollary on chi-square divergence (4.9) leans on (4.38), but the result
was also established in [14] from (4.4).

Corollary 4.10 Letr ands be positive probability distributions, i.e. ri,s; € (0,1], Y1 ri=
Yt si=1andtandu are as in Corollary 4.1. If s; > u;, fori=1,...,n then

*(r,s) z}n: (—1)zun< 214,—1)2. (4.39)

N

If si <t fori=1,...,nthen

*(r,s) th,(—l)z ( 21‘,—1)2. (4.40)

i=1 "Ll Si

L (ri—si)’

Proof. When we observe functional 2
=1 Si

tions on r and s, then inequalities (4.39) and (4.40) concern the chi-square divergence

x%(r,s) defined by (4.9). The proof is carried out by (4.38) analogously as in Corollary

4.1, for convex function 7 — (¢ — 1)%. O

in (4.38) under the additional assump-
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Remark 4.6 Inecqualities (4.39) and (4.40) generalize specific bounds for the chi-square

divergence which had been previously obtained in [11]. Namely, by means of simultaneous

inserting the constant n—tuples u and t into inequalities (4.39) and (4.40), where u; =
nlun {si} ands; = nl1ax {si}, we get the following bounds as presented in [11]:

m o) ($(20) - (1870)

i=1,....n i—1 nl.fl Si
> 2*(r.s)
> '{}i”'lz 151”12 (4.41)
min {s; —— —nl->) —— . .
=t O\ A s n =i
Corollary 4.11 Letr, s and v be as in Theorem 4.1. Then
n rl n
si+vi)|— =1 = (Su+V,) (si+vi) ——1
lgl(l l) Si ' ( ! Sn an 1 l ' Si
> 2|r, — Sy, —1‘+2v, —1’ Vi | = Zv,——l (4.42)
=1 |Si VoiZt si
Proof. Follows from Theorem 4.1 for convex function ¢ — |r — 1]. O

The following corollary concerns the total variation distance V (r,s) and can also be
compared with the corresponding result in [14] where it was obtained only by means of
monotonicity property (4.4).

Corollary 4.12 Letr ands be positive probability distributions, i.e. ri, s; € (0,1], Y1 ri=
>t si=1andtandu are as in Corollary 4.1. If s; > u;, fori=1,...,n then

V(e,s) > S [ 1‘+i i 1‘ Uy~ S0 1 (4.43)
r,s) >S,|—— ui|——1-U,|— - — .
" S = ' Si " U, i—1 Sl
Ifsi<t fori=1,...,nthen
R n 1 n .
V(r,s)gSn—"—l‘—i-Ztiﬁ—l‘—Tn—Ztiﬁ—l. (4.44)
Sn i=1 Si ’I;zi,] Si

Proof. When r and s are observed as positive probability distributions, then functional
Y, |ri — si| is the total variation distance V (r,s) defined by (4.10). The proof follows the
lines of the proof of Corollary 4.1, after relation (4.42), for convex functionz +— |t — 1|. O

Remark 4.7 Inequalities (4.43) and (4.44) generalize by means of the constant n— tuples
uand t, u; = mm {s,} t =  max {sl} specific bounds for the total variation distance
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which were previously obtained in [11]:

n n
ri 1 i
' ——1 = —71 >V
o3 (B[ [l 1)) 2vees
> min (s} (3|7 1] n P30 (4.45)
min {s; LA | S [ N ) )
T i=l,..n Si “si n n = s

4.3 Zipf-Mandelbrot law in f— divergences

If we define s; as (4.11), that is as the Zipf-Mandelbrot law probability mass functions
f(;N,v,w), for i = 1,...,N, we can use a new environment to observe the previously
obtained results. When observed with the Zipf-Mandelbrot N —tuple s included, the Csiszar
functional Dy(r,s) defined by (4.5) becomes

N
Dy (i,N,v2,w2,r) 2

i (i " H, 4.46
i=1 l+W2 Hszwzf(rl(l+W2) Niv2aw2)’ ( )

where f: (0,00) = Rand N €N, vo,w, > 0 are parameters.
Csiszdr functional (4.5) assumes the following form when r and s are both defined as Zipf-
Mandelbrot law N—tuples:

(4.47)

Mz

. (i'f'WZ)V2 Hy vy w
D'(lNV1V2W1W2 < 22
ST T i=1 l+w2 VZHN V2,02 (l+w1)Vl HN7V17W1 ’
where f: (0,00) > Rand N € N, vi,vp,w;,w; > 0 are parameters.

Finally, both N—tuples r and s may be defined via the Zipf law (4.13) where wi=w,=0
and thus Csiszar functional (4.5) assumes the form:

4 V2 V1 HN V2
l N V],V2 2 > |- (4-48)

i=1 lvzHN Vz Hy

Remark 4.8 For all three types of the Csiszér functional defined via the Zipf and the Zipf-
Mandelbrot laws, superadditivity (4.2) provides new types of results related to Theorem 4.1
and Theorem 4.2. All results on monotonicity presented in sequel were deduced previously
in [14] from (4.4) and are now deduced from superadditivity, which is a more general
aspect.

In the first case, that is for the Csiszar functional D¢ (i,N,v2,w2,r) given as in (4.46)
we transform Theorem 4.1 and Theorem 4.2 in the following way.
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Corollary 4.13 Ler f: (0,00) — R be a convex function, vo, wa >0 andr = (ry,...,rn),
V= (V1,...,Vy) be positive real N—tuples such that Ry = YN, r;, Vy = 3N, v;. Then

N 1

I (i v
2 <<i+W2)V2HN7v27w2 +v’> f(rl(l+w2) HN,Vz,Wz)

i=1
1 X 1

- (1+V, = , +; ) ri(i+wo)2H,
( N)f<1+VNizl ((1+W2)V2HN,V2,W2 l) z( 2) N,vz,w2>

N
> Dy(i,N,vy,w2,x) — f (RN) + X, Vif (ri(i+w2) "2 Hy vy )
i1

_ 1 X .
— Vnf (V_ ZViri(lJrWz)vzHN,vz,wz) . (4.49)
N

i=1

If f is a concave function, then reverse inequality holds in (4.49).
Suppose t — t f(t) is a convex function. Then

N 1

2 —— Vi (1 VZH N VZH
l,; ((i+W2)V2HN o +vl) Fi(i+w2) 2 Hy vy oo f (ri(i +w2) 2 HN vy )

M

1
—+—. (1 “2H .
( i+ w2)" Hyy o V’) rilEt w2 Hi g v,

1 X 1
. — - +9; ) ri(i+wy)2H
f<1+VNi21 ((IJFWZ)VZHN,vz,Wz 1) l( 2) N,v27w2>

N

> Dig.y(i,N,v2,w2,t) = Rnf (Ry) + 3, Viri(i 4+ w2) 2 HN vy sy f (ri(i +w2) " HN vy )
i=1

N 1
— Zviri(iJrWz)vzHN,vz,wz fl=
i=1 V

N
where Dig.p(i,N,va,wp,x) := Y rif ((i+w2)"2Hy .y ) -
i=1
Ift — tf(t) is a concave function, then reverse inequality holds in (4.50).

n Mz

”i(i + Wz)VZHN,VZ,wZ> , (4.50)

Proof. Inequality (4.49) leans on the proof of Theorem 4.1 wherein we insert for s; the

expression by definition (4.11) of the Zipf-Mandelbrot law and Sy =1 .

( +W2) V2Hy, ORI
Inequality (4.50) follows analogously after the proof of Theorem 4.2. Inequalities change
their signs in the case of concavity of functions f or ¢ — 7f(z) as a consequence of the
Jensen inequality implicitly included. O

Monotonicity property of Jensen functional (4.1) reflects on Dy (i,N,v2,w2,r) and
Diq.f(i,N,v2,wa,r) as follows.
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Corollary 4.14 Ler f, vo,w; and r be as in Corollary 4.13. Suppose t = (t1,...,ty) and
u = (uy,...,uy) are positive real N—tuples such that Ty = 2?/:1 t; and Uy = 2{,\/:] u;. If
—— > u;, fori=1,...,N then
(l+w2)V2HN7V27W2 i

N
Dy(i,N,va,wa,x) > f(Rn)+ X uif (ri(i+w2)" > Hy vy )

i=1

1 X .
— Unf <— Zuiri(l+W2)v2HN7v27w2> . (4.51)
Uv 5
1
If ——————— <tj,fori=1,...,N then
f (i+w2)v2HN,v2,w2 - f

N
Dy(i,N,va,wa,x) < f(RN)+ X tif (ri(i +w2)">Hy py )

i=1
1 N

—TNf T_Nztiri(i+W2)V2Hva27w2 . (4.52)
i=1

If f is a concave function, then reverse inequalities hold in (4.51) and (4.52).

Supposet — tf(t) is a convex function.

—— >u;, fori=1,...,N then
S, = o

N
Dig.r(i,N,va,w2,¥) = Ry f (RN) + Y, uiri(i +w2) 2 Hy o f (ri(i -+ W2) 2 HN 5 10,
i1

N N
. 1 .
- <2uiri<l+w2)vzHN,V2,W2> f (U_ Zuiri(l+wz)vzHN,V2,W2> ) (453)
i=1 i=1

1
If ———— <t,fori=1,...,N then
y (i+w2)v2HN,V2,W2 =t

N

Dig.r(i,N,va,w2,x) < Ry f(Ry)+ Y, tiri(i -+ W2) 2 H s f (ri(i + W2) 2 HN 5 10,
i1

5 Ly
- (2%‘(1 +W2)V2HN,v27WZ> f (E D tiri(i+w2)  Hy oy, | - (4.54)
i=1

i=1

Ift — tf(¢) is a concave function, then reverse inequalities hold in (4.53) and (4.54).

Proof. Follows from Corollary 4.13 or is carried out as for Corollary 4.1 and Corollary
4.2. ]
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1 1
Remark 4.9 If we put 4; = min = and t; =
Pt =, {(l+W2)V2HN mm} (N +w2)"2Hp ) w, l

1 1
max { } = simultaneously into inequalities (4.51)
i=1,.,N (l+W2) 2HN vy wy (1 +W2)V2HN,V2,W2
and (4.52) we get the following bounds as a special case of Corollary 4.14. These were
obtained earlier in [11]:
1

(1 +W2)V2HN7V27W2

> f(Rn)+

f(Rn)+

Al > Df(ivav27W27r)

1
(N + W2)v2 HN,vz Wo

Ap, (4.55)

N N
. 1 .
where A| = Zf(ri (l +W2)V2 HN,VzaWZ) —Nf N 2 ri (l +W2)V2 [‘]}\J,VLW2
i=1 i=1
If we repeat the similar procedure with inequalities (4.53) and (4.54), we get the analogous
bounds for Dj4.(i,N,v2,w»,r), previously obtained in [11], as well:
1

(1+ W2)V2HN,V2,W2

> Rnf(Ry) +

Ry f(Rn) + Ay > Dig.r(i,N,va,w2,T)

Ar, (4.56)
(N+W2)V2HN,V2,W2 :

where

N
A=Y ri (i w2)"> Hy oo f (1 (140 w2) "> Hy sy 10, )

N 1 N
_ (2 ri (i+w2)V2 HN’VZ,M) f (ﬁ 2 Ti (i+wz)V2 HN,Vz,Wz> . 4.57)

i=1

In the second case, that is for the Csiszar functional Df(i,N, V1,v2, Wi, W) as in (4.47),
we transform Theorem 4.1 and Theorem 4.2 as follows.

Corollary 4.15 Let f: (0,00) — R be a convex function and vy,vy, wi,wy > 0. Let V=
(V1,...,Vn) be a positive real N—tuple such that Vy = 2{,\’:] v;. Then

i <; +gi) f (%)
i=1 (l+w2)V2HN,v2,w2 (Z+W1)V1HN,V1,W|
_ 1 N 1 . VZH
— (1+Vy) f — Z( : +Vi) (z}wz) N w22
1+Vy S\ (i +w2)2Hy v, w, (i+w1)" Hy oy,
lerl)VlPI]\/,vl’W1

I \/

Dy (i,N,v,v2,wi,w2) +2 lf(

= - Hy vy 0
_ VNf( 2 M) (4.58)

N =] lJrWl) LHN )y
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If f is a concave function, then reverse inequality holds in (4.58).
Supposet — tf(t) is a convex function. Then

™M=

(—1 ) b i, (i
i=1 l+W2) "2HN vy l (i+w1)V1HN7V17W1 (i+w1)leN7V17W1

Vi :
l+w2 ZHN V2,W2 ) (i4+w1)" 1 Hy vy w,

2 ( 1 +Vi) _(i+W2)V2HN-,V2-,W2
1+VN1 1 (ZJFWQ)VZHN-,VLWZ (i+Wl)V1HN,v1-,W1

Ddf(l N V],VQ,W],Wz) f(l)
ﬁv:— i+w2)"2Hy v, w, ((1+W2)V2HN,V2,W2)

(i+ W2)V2HN,V2,W2 )

/\

~

Vi

S +w)  Hy g \ (G W) T HN
(i (i+w2)" HNWZ)JC(_L %M> (4.59)
& (i4+wi) Hy Vv S (4 w) Hy oy )
. S 1 (i+w2)" HN vy w0y
where Dig.g(1,N,v1,v2, w1, w2) 1= 2:1 (i+w1)" Hy vy oy <(i+W1)V' HN vy w) ) '

Ift — tf(¢) is a concave function, then reverse inequality holds in (4.59).

Proof. Inequality (4.58) leans on the proof of Theorem 4.1 wherein we insert for r; and
1 1
s; expressions — and by definition (4.11) of the Zipf-
(i4+w )VIHNaVlan (i+w2)2Hy, V2 ,Wo
Mandelbrot law and Ry = Sy = 1 . Inequality (4. 59) follows analogously after the proof
of Theorem 4.2. Inequalities change their signs in the case of concavity of functions f or

t — tf(¢) as a consequence of the Jensen inequality implicitly included. O

Monotonicity property of Jensen functional (4.1) reflects on Dy (i,N,vy,v2, wy,w2) and
Dig.r(i,N,vi,v2,wi,wy) as follows.

Corollary 4.16 Let f, vi,vo,w and wy be as in Corollary 4.15. Suppose t = (11,...,ty)
andw = (uy,...,uy) are positive real N—tuples such that Ty = 2?’11 tiand Uy = 2?/:] U;.
If ———— >u;, fori=1,...,N then

(1+W2)VZHN,V2,W2 l

l+W2)v2HN,V2,W2)
l+W1)V1HN,V| W1

N ; %)
—Unf (UL Zulm> ) (4.60)

N =1 (l + Wl)leN7V1 Wi

Df(lel,Vz,Wl,Wz > f(1 +2 lf(
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If !

— <t fori=1,...,N then
. (l+w2)v2HN7V2,W2 " T

Df(l N V],Vz,wl,WZ <f +2t, <

1 X (i+w2)2Hy e
Il =N = ) (4.61)
! (TN 1:21 l(lJFWl)leN-,Vl-,Wl

l+W2 HNVz,Wz)
l+W1)V1HN VWi

If f is a concave function, then reverse inequalities hold in (4.60) and (4.61).
Suppose t — t f(t) is a convex function. lf ——————
PP f( ) f v (l+W2)v2HN,V2,W2

(i+w2)"2HN vy wy <(l+W2) HNV2W2>
Diq.¢(i,N,vi,va,wi,wa) > f(1)+ >, u; : :
l f( )2 £ Z:I l<l+W1 VIHNW wi (l+w1)leNV1 wi

—<§ME’+W2§ HN”2W2>f<1 iu i+ ws) HN”2W2>, (4.62)
i=1

I+wi)" T Hy ) w, Uy & (i4+wi1) Hyyy

>uj, fori=1,...,N then

N

where Diq.r(i,N,vi,v2,wi,w2)

M

((I+W2) HNVZWZ)
i=1 (i+w VlHNVl W1 (i+wr) VHN vy '

1
If <t,fori=1,...,N then

. (i + WZ)VZHNNZ,Wz

< (i+W2)v2HNv w (i+w2)vzHNV W
Dig.r(i,N,vi,vo,wi,wp) < f(1)+ ) ti— V2w ( - V25 2>
i f( ) M) le l(l+W1)v1HN,V|,W| (i + W) Hy vy 0,

N : Y2 1 N : Y2
_ er 7 —an _ 4.63)
i=1 (lJrWl) VHN vy oy Iy i=1 (l+wl) VH vy wy

Ift —tf(¢t) is a concave function, then reverse inequalities hold in (4.62) and (4.63).

Proof. Follows from Corollary 4.15 or is carried out as for Corollary 4.1 and Corollary
4.2. o

1 1
Remark 4.10 For u#; = min { } =
i=LoN | (i w2) 2 Hy vy (N +w2)"2Hy v,
1

inequalities (4.60) and (4.61) as-

and

1
t; = max =
l il,...,N{ (i+ W2)v2HN-,V2-,W2 } (1+ WZ)VZHN-,Vz-,Wz
sume the form of the bounds that were obtained earlier in [11] :

1
1 Ay > Dy (i,N
f()+ (1+W2)V2HN,vz7wz 22 f(l7 V1, V2, W1, W2)
1

(N + WZ)VZ HN,vz R
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i+ws)"? Hy, 1 & (i+w2)"? Hy,p,,
where Ay = Zf( N7, - Wz) —Nf N Y = iy e
(i+wr) Nvi,wy i=1 (i+w1) Nyiwy

If we repeat the similar procedure with inequalities (4.62) and (4.63), we get the analogous
bounds for Djg.r(i,N,vi,v2,wi,wz), as in [11]:

1
(1+ W2)v2HN,V2,W2

> f(1)+

Ay > Did-f(iva‘)laVZanaWZ)

f()+

As, (4.65)

(N +wp)¥2 HY vy 07

where

g: l+W2 HNVz,Wz ((i+W2)vz HN;‘/Z;WZ)
l+W1 1HNV|,W| (i+W1)V1 Hy v, 0,

B 2 (it w2) Hyvaos | (1 i (i+w) 2 Hysws | 4 66)
' (i+W1)v| Hy vy oy N = (i+W1)v| Hy y, w,

i=1

i=1

Finally, when the Csiszar functional Dy(i,N,vi,v2) is defined as in (4.48), that is by
means of the Zipf law N—tuples, Theorem 4.1 and Theorem 4.2 assume the following
forms.

Corollary 4.17 Let f: (0,00) — R be a convex function and vy,vy > 0. Suppose V =
(V1,...,Vn) be a positive real N—tuple such that Vy = 2?’:1 Vi. Then

N
) ( - +v,~) f (ivm H—N”)
i=1 1"2Hy v, Hy v,
— 1 N 1 HN v
14V _ . 4y ) 2T 2
( N)f<1+VN Z <lv2HNV2 l) HNV]

H
ZD/‘(INVMVZ JrElvf(vz lesz)
V1
— 1 Y Hy.,
—Vnf| = Yy 2 ) (4.67)
! (VN ,:21 l Hy y,

If f is a concave function, then reverse inequality holds in (4.67).
Supposet — tf(t) is a convex function. Then

N
2 < — 1 +vl) iv27v1 HN-,VZf (invl HN-,VZ)
i=1 \! 2Hy, V2 Hy, V1 HN,vl

2 —_) le V] HN7V2
i=1 lVZHN V2 HN,vl
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N
= 2<. : +v,~) =i Ny
1+Vy S \i"Hy,y, Hy

> Didf(i N,vi,v) = f(1)

H,
7.2 sz vy —vy AN vy
" 2 H Hyy, ! ( Hy v, )

Nvl
2 v:i27 HN7V2 f 1 iv 271 m (4 68)
. = i ’ .
Hy y, Vv i3 Hy

, & vy Hiy
where Diq.r(i, N,vi,v2) := 2 - flir—=—=.

S HN Hy v,
Ift —tf(¢) is a concave function, then reverse inequality holds in (4.68).

Proof. Inequality (4.67) leans on the proof of Theorem 4.1 wherein we insert for r; and s;
1

expressions — and by definition (4.13) of the Zipf law and Ry =Sy =1 .
i"1Hy, V1 i"2Hy, V)

Inequality (4 68) follows analogously after the proof of Theorem 4.2. Inequalities change
their signs in the case of concavity of functions f or ¢ — 7f(z) as a consequence of the
Jensen inequality implicitly included. |

Monotonicity property of D¢(i,N,vi,v2) and Djg.r(i,N,vi,v2) is presented in the se-
quel.

Corollary 4.18 Let f, vi and v, be as in Corollary 4.17. Suppose t = (t1,...,ty) and
u = (uy,...,uy) are positive real N—tuples such that Ty = 2?’11 t; and Uy = 2?]:1 u;. If

>uj, fori=1,...,N then

"2 I‘IN’V2

(lNVI va) > f(1 +2 lf(vz leNVZ)—U}\Jf( Zulvz HHNV2>'(4‘69)

HN Vi N Vi

If " Hy s <t fori=1,...,N then
Dy(i,N,vi,v2) < f(1)+ Zt, < 2 ZN“> ( vaz " HN”) . (4.70)
N.,v; N.vi
If f is a concave function, then reverse inequalities hold in (4.69) and (4.70).
Suppose t — tf(t) is a convex function.
If " Hyo, >uj, fori=1,...,N then

H,
Dja.f(i,N,vi,v2) > f(1 2 i VlHNv2f<V2 v N;Vz)

N,vi Hy
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N N
H 1 H
_ 2 uii"z*vlﬂ f _2 uﬂ"z*"lﬂ ; (4.71)
i=1 Hy v, Un i=1 Hy

<t fori=1,...,N then

if

"2 HN,v2

HNV N,v
N < th V1 2 V) —V] 2
iMoo vs) < £0) + e ey (oo

i=1 N W1
N HN P 1 HN %

o DL = I Ztﬂ”f”l —2 ], (4.72)
i—1 HN,VI TN i—1 HN,VI

Ift — tf(¢) is a concave function, then reverse inequalities hold in (4.71) and (4.72).

Proof. Inequalities (4.69), (4.70), (4.71) and (4.72) can be deduced from Corollary 4.17
or from Corollary 4.1 and Corollary 4.2 by analogous steps therein, if we observe the
probability mass functions r; and s; as Zipf laws defined by (4.13). O

1 1 1
Remark 4.11 For u; = min = and f; = max A« - =
i=1,..N ([ 1"2Hp y, N“2Hy ,, i=1,.,N [ 1"2Hp y,

inequalities (4.69) and (4.70) assume the form of the bounds that were obtained

HN,VZ
earlierin [11] :

1
A3 > D¢(i,N > f(1 —A 4.73
T r(i,N,vi,v2) > f(1) + Nty (4.73)

f)+

HNV 1 N HNV
h vy —v VLV N Vo —vy TNV
where Az = Ef( ) f(NE

Novy i=1 HN!VI
If we repeat the similar procedure with inequalities (4.71) and (4.72), we get the analogous
bounds for Djg.£(i,N,vi,v2):

~ 1 ~
A3 > Diy.¢(i,N > f(1 — A 4.74
HN’VZ 3 Z ldf(la 7V17V2) = f( )+ NVZHN,VZ 3 ( )

J)+
where
zl\q V] NVZf(Vz V|HN~,V2)
HN Vi HN,vl

N N
o Hy 1 Hy,
_ 2 b2 _ v 2 ) 4.75
(2 HN,V| > f (N 2 Hy v ) ( )

i=1 i=1 5
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In the sequel we present analogous results with the special choices on kernel function
f- Although it is possible to deduce results concerning observed f—divergences for all
three types of the Csiszar functional, that is for (4.46), (4.47) and (4.48), accompanied re-
sults for (4.48) will suffice in each implementation.

We start with Kullback-Leibler divergence (4.6) and superadditivity applied to both Zipf
law N—tuples, i.e. those with wi =w, =0.

Corollary 4.19 Let v = (v,...,Vn) be a positive real N—tuple such that Vy = ny:] v;
and let vy, vy > 0. If the logarithm base is greater than I, then

N
2 < _i> 2v v Hy v, log ( V21 HNv"Z)
l 2HN ,V2 HN W1 HN,V]
Vi) l'V27V| HN-,VZ
l 2I'INV HN,vl

1 _ HN Vv,
lo 4y )2 5
: ( 1 +VN 1:21 <l "2Hn v, l) Hy

KL(i,N,vi,v2)

N
+ )y By log (z"z w v v2>
i=1 Hy Hy y,

1 X H
— 2701 Ay log | = Y v;i?™ N ) (4.76)
Hy Vv iZ Hy

If the logarithm base is less than 1, then the inequality sign is reverse.

Y

] Mz

Proof. Follows from (4.68) when observing function# — log# and its convexity (concavity)
which depends on the logarithm base greater than 1 (less than 1.) O

Monotonicity can now be deduced directly from (4.76) and is given in the following
corollary.

Corollary 4.20 Supposet = (t1,...,tn) andu = (uy,...,uy) are positive real N—tuples
such that Ty = YN t; and Uy = YN u; and let vi,v, > 0.

> u; i=1,...
P Hyyy © uj, fori ,...,N then

H, H,
KL(i,N,v1,v2) >2uzv2 v N2 1o g<Vz vy N,Vz>

i=1 Novi HNVI

. Zu,»iVZ*V' Ay, ) | zmvz w v . @77
i=1 HN,vl HNvl
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where the logarithm base is greater than 1.

I <t i =1,...,N th
f inHN’vz = laforl ) ) en

. HNv Hy,
KL 7]\77 , t Vy—vp VLV ] V) —V] V2
(i,N,vi,v7) 2 i 7 og ( i

i=1 Ny Ny

pyiva—vi Ny i1 N . (4.78)
(2 l N W1 ) ( 2 HN V1

where the logarithm base is greater than 1.
If the logarithm base is less than 1, then reverse inequalities hold in (4.77) and (4.78).

1

1 1 1
Remark 4.12 Ifu;, = mm andz; = max
=1,..., lVZI'I]\/V2 IVZPINV2 i=1,...,.N lVZI‘INv2 I‘I[\/V2
in inequalities (4.77) and (4 78) then the following bounds for the Kullback-Leibler diver-
gence hold, as a special case of Corollary 4.20:

1
Agr > KL(i,N > —F—-A 4.79
Hvy, L2 (i,N,vi,v2) > Ny, KL (4.79)

where

HNV HNV
A vo—vy 2TV 1 Vo—vy ZTIVLV2
2’ H, g( H

i=1 NV| N W1

N N
(D e ) og (L o e ) (4.80)
i=1 Hy v, N Hy y,

Bounds (4.79) were obtained earlier in [11], due to a less general approach.

What follows are similar and concise results for the Hellinger distance, the Bhat-
tacharyya coefficient, the chi-square divergence and the total variation distance.

Corollary 4.21 Let v = (vy,...,Vn) be a positive real N—tuple such that Vy = 2?’11 v;
and let vi,v, > 0. Then
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Vy 1 ¥ Hy ,
- R V2TV ——= — ] R (481)
2 <\/VN l; l HN,V|

i=1

HNv
LNV vp) + 1= Y vy 21 —=2
( 12] ' HN V1
+ VN\/ vaz vi HZ 2 (4.82)
i
N 2
> ( ! +vl~) (iV”l Ay, _ 1)
S\ HNy, Hy

2
— 1 N 1 HNv
- (1+V = , +; )T 2
( v <1+VN Z (IVZHN,VZ l) Hy

Hy 2
V) —V] 7V271
T
7 L
Mvy
N
2<12HNV2 )
_ 1 X
—(1+VN) 2
=1

1+VN

2

H

v r2—vi Nvy 1) , (4.83)
N,V|

n Mz

_y Hy oy
le V] a271
Nvl

1 +Vi) 2N M -1
l 2PIN V2 HN,vl

. N HNV
> V(I,N,V],V2)+2V 2 ’21’
i=1 Ny
N
_ 2— V2=V NVZ — 1. (4.84)
— HNvl

Proof. Inequalities (4.81)-(4.84) follow from inequality (4.67) by inserting convex func-
1

tions: £ — 3 (Vi— 1)2 for (4.81),1 +— —+/ for (4.82), 1+ (t —1)* for (4.83) and ¢ — |t — 1|

for (4.84). O

Again, superadditivity yields monotonicity which was independently given in [14] in a
less general approach.
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Corollary 4.22 Let t and u be as in Corollary 4.18 and let v{,v, > 0.

Ifivzle2 >u;, fori=1,...,N then
2
1 X HNv
h? LNVEv) > = ) u; v2-vi 222
( 2 1:21 l ( Hy v,
v 2
UN 1 . HN %)
— 5 — Y w2V —=—1] (4.85)
(o B
B(i,N,vi,v2) > fleM, "2 VIHNV2+U Zum v N”, (4.86)
HN Vi HN v

i=1

2(~ N )> i V2 —V] HN~v2 1 ? U 1 i V2 —V] HN~v2 1 ’ (4 87)
1 Vi,V u |1 —_— - - u;l —_— .
X (LN, VL,V )2 ' i H N U ~ i H )

N,vl

N
V(i,N,vi,va) = Y w2 sz— ‘ zule Vi NVZ—I . (4.88)
i=1 N,yvi Ny
[fiVZHN,vZ <ty fori=1,...,N then
2
1Y Hy,
n? i,N,vi,m) < = 2V —=2 — ]
( 2 ; ( HN,Vl
I A it o My 2 (4.89)
[ —_— l _— .
2 v 5 Hy ,, ’
HNV Nv
LN v v) < =1 =Yt [i2 1 =2 4 Ty 2V 2 (4.90)
( ) 2 ' HN V1 2 ' HN Vl

M=

Hy 2 Hy ?

2/ V) —V V2 vy —vy TV,

LN v, )< ) 8 (l 27— = ) —Ty i 2l -1, @91
pall ) i Ho, § Hyo,

1

N
V(i,N,v1,v2) §2t

i=

Zt 271 sz1|. (4.92)
NV|

2V NV27
NV]

—_
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1
i"2Hy VZ} ~ N“Hy,,

1 1

ti = max = in inequalities (4.89)-(4.92), then the following bounds
i=1,..., i"2Hy y, Hy,,

for the dlvergences hold, as special cases of Corollary 4.22.

Thus we have for Hellinger distance (4.7):

Remark 4.13 If u; = min {

=

in inequalities (4.85)-(4.88) and

1 1

Ay > W2(i,N >—— A 4.93
Sy, M (i,N,vi,v2) > NP Hy M (4.93)
where
N 2 N :
. Hpy 1 . Hy
Ay = v 2 1| N — vamv 22 1| 4.94
h 1121 ( e ) ( N izzlz Hy s, ) (4.94)
for Bhattacharyya coefficient (4.8):
! Ap > B(i,N )>1 ! A (4.95)
- i — .
NVZHN,VZ B — IV, V1, V2) 2 HN7V2 B>

where

N V2 N V2
Ap=Ny[— Y 222 2V 2 (4.96)
2 Hy V1 Z: HN7V1

for chi-square divergence (4.9):

1
Agii > x2(i,N > —— A 4.97
HN,vz chi = X (lv ,V],Vz) = NVZHN,VZ chis ( )
where
A i <~V2V1 HN‘VZ 1>2 N 1 ﬁv: V22—Vl HN~V2 1 ’ (4 98)
C— l —_— — j— l _ = .
o i=1 HNM N,’:1 HNM

and for total variation distance (4.10):

1
Ay > V(i,N,vi, ) > ———Ay, 4.99
H MV 7 (i,N,vi,v2) Ny, (4.99)

where

1 N

_Zlvz V1M,1 .
Ni:1 HN,Vl

(4.100)

,-vrm% — 1’ -N
Ny

Bounds (4.93), (4.95), (4.97) and (4.99) were also obtained earlier in [11], due to a less
general approach.
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Chapter

Inequalities for Shannon and
Zipf-Mandelbrot entropies by
using Jensen'’s type
inequalities

M. Adil Khan, Dilda Pecarié and Josip Pecarié

Abstract. Shannon and Zipf-Mandelbrot entropies have many applications in many
applied sciences for example in Information Theory, Biology and Economics etc.
In this paper we consider several Jensen type discrete as well as integral inequal-
ities and obtain different bounds for Shannon and Zipf-Mandelbrot entropies. We
also focus to investigate bounds for Csiszar divergence as well as hybrid Zipf-
mandelbrot entropies.
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5.1 Introduction

Several functionals have been proposed in the literature as measures of information and
each definition enjoys certain axiomatic and/or heuristic properties. A convenient way to
differentiate among the various measures of information is to classify them in three cate-
gories: parametric, non-parametric and entropy-type measures of information. Parametric
measures of information measure the amount of information supplied by the data about
an unknown parameter 6 and are functions of 6. In this case the best known measure
is Fisher’s measure of information [13]. Non-parametric measures express the amount of
information supplied by the data for discriminating in favor of a distribution ¢; against
another ¢, or measure the distance or affinity between ¢; and ¢». The best known measure
of this type is the Kullback-Leibler measure[16]. Measures of entropy express the amount
of information contained in a distribution, that is, the amount of uncertainty concerning
the outcome of an experiment. The classical measures of this type are Shannon’s [17] and
Renyi’s [29]. In this paper our focus will be on Shanon’s entropy and Zipf-Mandelbrot
entropy.

The concept of Shannon’s entropy [17] is the central role of information theory some-
times referred as measure of uncertainty. The entropy of a random variable is defined in
terms of its probability distribution and can be shown to be a good measure of randomness
or uncertainty. Shannon entropy allows to estimate the average minimum number of bits
needed to encode a string of symbols based on the alphabet size and the frequency of the
symbols. The formula for Shannon entropy is given by

n
1
S(p) = pilog — 5.1
i1 Pi

where py are positive real numbers with Y7 | p; = 1.

Zipf’s law is one of the fundamental law in information science and it is very often used
in linguistics. George Zipf’s in 1932 found that we can count how many times each word
appears in the text. So if we rank (r) word according to the frequency of word occurrence
(f), then the product of these two numbers is a constant (C) : C = r.f.

Apart from the use of this law in information science and linguistics, Zipf’s law is used
in city populations, solar flare intensity, website traffic, earth quack magnitude and the size
of moon craters etc. This distribution in economics is known as Pareto’s law which analyze
the distribution of the wealthiest members of the community [12, p. 125]. These two laws
are the same in the mathematical sense, but they are applied in a different context [20, p.
294].

Benoit Mandelbrot in 1966 [18] gave a generalization of Zipf’s law, known as Zipf-
Mandelbrot law. Which gave improvement in account for the low-rank words in corpus
where k < 100 [26]: f(k) = ﬁ, when we put ¢ = 0; we get Zipf’s law. Applications
of Zipf-Mandelbrot law can be found in linguistics [26, 27], information sciences [28] and
also mostly applicable in ecological field studies [29]. The formula for Zipf-Mandelbrot
entropy is given by
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s & log(k+q)
Hn,q,s k=1 (k+ )

where n € {1,2,3,..}, ¢ > 0,5 >0, k€ {1,2,...,n}, Hy g5 =
Mandelbrot law(probability mass function) is given by:

1/(k+4q)°
Hn,q,s .

Z(H,q,s) = +logH, 4, (5.2)

i W and the Zipf-

flk,n,q,s) = (5.3)

Different scientific disciplines have different interpretation of the law. At this point, we
will give interpretation from ecology [27]: parameters in (5.1) can be interpreted in the
following way: n is the number of species present and the parameters, g represents the
diversity of the environment and s the predictability of the ecosystem, i.e. the average
probability of the appearance of species.

Further generalization of Zipf-Mandelbrot entropy is Hybrid Zipf-Mandelbrot entropy
[15] which is given by

n i

H(®D*,q,s) := 2

“(s,q,w ,:1 (i+q)°

<(i”;iq)s) +log®* (s,q,w)

where ®*(s,q,w) =¥, (k+q> and Hybrid Zipf-Mandelbrot law is given by

wk

@*(s,q,w)(k+q)*

In [15] the authors used maximum entropy approach [31] and proved that maximum value
of the Shannon entropy under some constraints is Zipf-Mandelbrot law. That is, if [ =
{1,2,..,n} or I =N for a given g > 0, a probability distribution that maximizes Shannon

entropy under constraints Y, p; = 1 2 piln(i+q) = yx is Zipf-Mandelbrot law. They also
icl
used the same technique and derlved hybrld Zipf-Mandelbrot law but with one additional

constraint. That is, if I = {1,2,..,n} or I = N for a given g > 0, a probability distribution
that maximizes Shannon entropy under constraints Y, p; = 1 2 piln(i+q)=x,Yipi=u
icl

icl
is hybrid Zipf-Mandelbrot law.

g(k7n7q7s) =



92 5 INEQUALITIES FOR SHANNON AND ZIPF-MANDELBROT ENTROPIES...

5.2 Discrete Jensen'’s type inequalities

The following improvement of Jensen’s inequality has given in [30].

n
Theorem 5.1 Let ¢ : [a,b] — R be a convex function, x; € [a,b], p; >0, Y, pi=P,. Then
i=1

1

FSpot) ~ 0@ = |33 plot)-ow|- LS

2 pilxi—x||. (5.4

n
where, X = PL > piXi.
n .
i=1

The following improvement of Jensen’s inequality for monotone convex function has given
in [1].

Theorem 5.2 Ler ¢ : [a,b] — R be a monotone convex function, x; € |a,b], p; > 0,
topi=LIfx;>XforielC{1,2,..,n}, then

sgn (i — ) [0 (x) — 9/, (7)]
+ [0 —xL (@] [1-2P)], (5.5

Y pio(xi) — ¢ (2 Pixi> >
i=1 i=1 i=1

where, X = Y| piXi.

M. Mati¢ and J. Pecari¢ in [21] proved general inequalities from which one can obtain
some companion inequalities to the Jensen inequality:

Theorem 5.3 Let ¢ : I — R be differentiable convex function defined on 1. If x; € 1,i =
1,2,..,n(n > 2) are arbitrary members and p; > 0 (i=1,2,..,n) with P, =¥, p; > 0 and
letXx = Pi" Y Pixi,y = PLH Y pi¢(xi). If c,d € I are arbitrary chosen numbers, then we
have

¢(C)+()_C_C)¢/(C) <y< 21’! Xi— xl) (5.0)

By i=1

Also, when ¢ is strictly convex, we have equality in the left inequality in (5.14) if and only
if x; = ¢ holds for all indices i with p; > 0, while equality holds in the right inequality in
(5.14) if and only if x; = d holds for all indices i with p; > 0.

If we set ¢ = d = x in (5.14), then we can obtain Jensen’s inequality as well as companion
inequality to the Jensen inequality:

Theorem 5.4 ([22]) Let ¢ : I — R be differentiable convex function defined on I and let
Xi, pi, Py, X and y be stated as in Theorem 5.25. Then the inequalities

0<y—o¢(x <—2p, (%) (x; = X) 5.7

n,
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hold.
In the case when ¢ is strictly convex, we have equalities in (5.15) if and only if there is
some ¢ € I such that x; = ¢ holds for all i with p; > 0.

Moreover, if ¥} | pi¢’(x;) # 0 and X = QHL;;)((X)) € I, then by setting d = X, we get

Slater’s inequality:

Theorem 5.5 ([24]) Suppose that (Z) I —Ris convexfunction on 1, for xy,xp,..,x, €1

a”dforplaPZ»--»PnZOWiﬂ’l Pn: lpl>0 Let ]pl¢+(xl)7é0 % E[,
then the following inequality holds:
Y1 pifl (xi)x; >
— x;) < - |- (5.8)
P izlpl l ( i1 Pl (xi)

The following refinement of (5.14) has been given in [21].
Theorem 5.6 Let ¢ : I — R be strictly convex differentiable function defined on I and let
Xi, pi, Py, X and v be stated as in Theorem 5.25 and d = (¢') ™! (Pi" > p,'(])'(xi)), then the
following inequalities hold
1 n
y<¢ sz 1 Xi d + sz Xi— z) (5.9)
Py i=1 P i=1

Remark 5.1 In [25] Dragomir has also proved Theorem 5.12 for the case d = x and
P, =1

The following improvement of the right side of the inequality (5.14) has been given in
[2].

Theorem 5.7 Let ¢ : I — R be a convex function, x; € I, p; > 0 (i = 1,..,n) such that
P,=3Y",pi>0andy:= Pi" Y pi®(xi), then we have

_ 1 &
¢(d)—y—FZPt¢/+(xi)(d—xt)
n il
1 & 1 &
E;Pi o(d) *(P(xi)’ - Fni;pi (5.10)

As a consequence of the above theorem, the following improvement of Slater’s inequality
has been obtained:

0L () (d —) |

Corollary 5.1 ([2]) Let ¢ : I — R be a convex function, x; € I, p; >0 (i = 1,.
such that P, =Y pi >0 and y := 21 1 Pi0(xi). If X1 pi@’ (xi) # O such that X =

S pid (xi)xi
S ol € 1o then

n)

9(x) sz(q) (X) — 9 (x; ( sz(m xi)(x — x,)( (5.11)
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As a another consequence of Theorem 5.13, the following improvement of the inequality
(5.15) has been obtained:

Corollary 5.2 ([2]) Let (1) I — R be a convex function, x; € I, p; > 0 (i = 1,..,n) such
that B, =Y} 1 pi >0,y:= I Zl 1 Pid(xi) and x = Pi" YL | PiXi, then we have

¢()E)7)7* 2P1¢+ xz x xz)
”t 1

Zpl’ (%) — ¢x,’ (5.12)

E:p,’(l)+ x;i)(x— x,)’

n,

The following improvement of the left side of (5.14) is given in [3].

Theorem 5.8 Ler ¢ : I — R be a convex function, x; € I, p; > 0 (i = 1,..,n) such that
St pi=landx:= Y} | pix; then we have

2p@@»¢@>wwﬂfo

(5.13)

-9 - Spfo' @6

i—c)‘.

5.3 Integral Jensen’s type inequalities

Let (Q,A, 1) be a measure space and w : Q — R be measurable function with w(x) > 0 for
x € Q. We consider Ly, (u) := {f : @ — R such that [owfdu < eo}.
Throughout this section w, f and g are defined as:

we [wdug=< [ wotnau7 =< [ wrau.

where ¢ is a function such that the domain of ¢ is equal to the range of f.

Now we recall some results while these results are given in [21, 22, 24, 2, 3] for w(x) =
1, xe Q.

M. Mati¢ and J. Pecari¢ in [21] proved the following integral Jensen’s type inequalities
from which one can obtain some companion inequalities to the Jensen inequality:

Theorem 5.9 Ler (Q,A, 1) be a measure space with 0 < u(Q) <eeoandlet ¢ : (a,b) —» R
be differentiable convex function defined on interval (a,b). If w: Q — RT f: Q — (a,b)
are such that f,¢(f),¢'(f) and ¢'(f)f are in L,(1), then for any d € (a,b) one has

0@+ (T-00'() g9+ [ wr—a(Nau. 614
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The following converse of Jensen’s inequality is the the integral analogue of Theorem 2.1
given in [22], which can also be directly obtain from (5.14).

Theorem 5.10 Ler all the assumptions of Theorem 5.9 are satisfied. Then the following
inequalities hold

_ - 1 <
0<5—0(N < < [ wo'(1)(f = Tran. (5.15)
The following Slater’s inequality has been given in [24].

Theorem 5.11 Let (Q,A, i) be a measure space with 0 < u(Q) <« and let ¢ : (a,b) —
R be a convex function defined on the interval (a,b). If w:Q — R™ f:Q — (a,b) are such

that §(f), 0. (f) and §'. (f)f are all in Ly () and [, wo', (f)dp 0, % € (a,b).
Then the following inequality holds.

1 / Jowfo} (f)du
= [ wo(f)du<¢ (7 : (5.16)
7 Jo OISO e (Pan
Remark 5.2 Let ¢, f and f be stated as in Theorem 5.25, [, w¢'(f)du # 0 and let ? =
W (a,b). If we putd = f in (5.14) we immediately obtain Slater’s inequality

(5.36). On the other hand, if we put d = £ in (5.14) we immediately obtain (5.15).

The following refinement of (5.15) is also valid (see [21]).

Theorem 5.12 Let (Q,A, i) be a measure space with 0 < u(Q) < e and let ¢ : (a,b) —
R be a differentiable, strictly convex function on interval (a,b). If w:Q — RT f:Q —
(a,b) are such that f,¢(f),¢'(f) and ¢'(f)f are all in L,,(u). Then there is exactly one
d € (a,b) such that ¢'(d) = 1 [ow¢'(f)du and

d)+— /w¢ (f — d)du, (5.17)
0<8—0(7) < 0@+ [ wo' (1)~ D —0(7)
L, -
<= [ wo'(n(F ~ P (5.18)

The following improvement of the right side of the inequality (5.14) has been given in [2].

Theorem 5.13 Let (Q,A, 1) be a measure space with 0 < u(Q) < and ¢ : (a,b) = R
be a convex function. If w: Q — R, f : Q — (a,b) are such that ¢(f), ¢’ (f) and ¢, (f)f
are in Ly,(1), then for any d € (a,b) we have

0(@) -8 [ wol (9)(d— du

1 Lo,
>[5 [lo@=onlan=% [ wlot (0t -l 619
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As a consequence of the above theorem, the following improvement of Slater’s inequality
has been obtained:

Corollary 5.3 ([2]) Let all the assumptions of Theorem 5.13 hold. Then

o07) - 5 [wotsau = |1 [ wloth) ~onlau~ % [ wlot (1)~ Dlaw| 520

holds, whenever [qw¢! (f)du # 0 andf:: % € (a,b).
+

As a another consequence of Theorem 5.13, the following improvement of the inequal-
ity (5.15) has been obtained:

Corollary 5.4 ([2]) Ler all the assumptions of Theorem 5.13 are satisfied. Then

0()—&—5 [ w0l (N~ Nau

2|2 [ wlo—oldn—+ [ WLt -Plaw. 20

w.
The following improvement of the left side of (5.14) is given in [3].

Theorem 5.14 Let all the assumptions of Theorem 5.13 are satisfied. Then for any ¢ €
(a,b) we have

> | o) o(@lan— 2N [ ufr - lau). (522)

5.4 Bounds for Shannon entropy

In the following theorem we present bound for Shannon entropy by using refinement of
Jensen’s inequality for convex functions.

Theorem 5.15 ([4]) Let piand g; (i=1,2,...,n) be positive real numbers with Y,}_| p; =
lLand Y} | qi = a, then

1

n
*—ZPi

o5

n .
Zpi 2
;- 1

i=1

loga —log

& (5.23)

Di

n
—S(p) =Y, pilogg;+loga > ,a‘ .
i1

Proof. Let ¢(x) = —logx and x; = %, as pi,q; > 0 and X} | ¢; = a, then from (5.5) we
get (5.23). O

The following corollary is the special case of Theorem 5.15.
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Corollary 5.5 ([4]) Let p; (i=1,2,...,n) be positive real numbers with ¥}, p; =1, then

il
——n
Pi

—S(P) +logn > ZPz |10gn+10gpl| - ZPL (5.24)

l 1

Proof. By takingg; =1,i=1,2,..,n,1n (5.23), we get (5.24). O

In the following theorem we obtain another bound for Shannon entropy by using re-
finement of Jensen’s inequality for convex functions.

Theorem 5.16 ([4]) Let piand g; (i=1,2,...,n) be positive real numbers with Y}, p; =
Land Y} | qi = a, then

n
—S(p) - Y, pilogg;+log
i=1

'] 11 |1 —logal : (5.25)
—0 og—|—|1—1lo E =——1. (.
g o £ q, g o

qi i=1 i

Proof. Using inequality (5.5) for ¢(x) = xlogx and then replacing p; by g; and x; by % we
get

oig i o
L& |p,opi 11 ' 1 ‘
>|— i|—log— — —1lo —f—1+1 — ———1]. (5.26)
a;qz -l -l e galglqz P
Now using Logarithmic rules and definition of Shannon entropy we get (5.25). O

The following corollary is the special case of the above Theorem.

Corollary 5.6 ([4]) Let p; (i=1,2,...,n) be positive real numbers with Y| p; =1, then

>

Proof. By takingg; =1,i=1,2,..,n,1in (5.25) we get (5.27). O

—S(p) +logn >

—|1—logn|2

i=1

pilogpi+ 10g n

! H . (5.27)
n

In the following theorem we obtain bound for Shannon entropy by using refinement of
Jensen’s inequality for monotone convex functions.

Theorem 5.17 ([4]) Let piand g; (i=1,2,...,n) be positive real numbers with ¥}_| p; =
land Y}  gi=oa. IfI={ie{1,2,..,n}: % > o}, then

n
—S(p)— Y, piloggi+loga >
i=1

’leisgn (%—a) [Olp —log — ] [1—loga][l —2P]|.
i=1 i i
(5.28)
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Proof. Let ¢ = —logx and x; = % and g; > 0, X! ¢; = a, then from (5.5) we have

n p
2 pilog = +logo >
qi

i=1

n . . .
Y pisgn (& - a) {i logi] +[1 —loga][1—2P]|.
i=1 Pi api Pi

(5.29)

Now using Logarithmic rules and definition of Shannon entropy we get (5.28) O

The following corollary is the special case of the above Theorem.

Corollary 5.7 ([4]) Letp; (i=1,2,...,n) be positive real numbers with 3| p; =1, then

—S(p) +logn > . (5.30)

4 1 1
Y pisgn (—_ —n) [E —|—10gpl} +[1 —logn][1 —2P/]
1

i=1 t

Proof. By takingg; =1,i=1,2,..,n,in (5.28), we get (5.58). O

5.5 Results for Csiszar divergence

In this section we give some basic results for Csiszar divergence and present applications
of the results given in Section 1 for Csiszar divergence.
Given a convex function f : Ry — R, the f—divergence functional

n
i
Iy(p.q) == D qi¢ (—) , (5.31)
i—1 qi
where p = (p1,...,Pn), 4 = (q1,...,qn) are positive sequences, was introduced by Csiszar

in [7], as a generalized measure of information, a distance function on the set of probability
distributions P". As in [7], we interpret undefined expressions by

6(0) = lim £(1), 09 (g) —o,

t—0t
t
0¢ (‘6’) = lim ¢¢ (9> Catim 29 o0,
q*,OJr q g—o° t

The following results were essentially given by Csiszar and Korner [8]:
(i) If ¢ is convex, then /4 (p,q) is jointly convex in p and q;
(ii) For every p,q € R", we have

o) > Y a0 [ 2= 5.32)
¢(pq)_j21q;¢<2?1qj> (
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If ¢ is strictly convex, equality holds in (5.32) if and only if

pL_p2_ _Pn

a1 @ an

If ¢ is normalized, i.e., ¢(1) = 0, then for every p,q € R, with 3", p; =¥ | qi,
we have the inequality

I;(p,q) > 0. (5.33)

In particular, if p,q € P", then (5.33) holds. This is the well-known positivity property
of the ¢-divergence.

In [3] the authors gave application of Theorem 5.9 for Csiszar divegence for the func-
tions defined on the linear space. Here we mention that result for the function defined on
an interval which is in fact application of Theorem 5.9.

Theorem 5.18 Ler ¢ : Ry — R be a convex function, p = (p1,...,pn),q4 = (q1,---,qn) be
two positive real n-tuples and let P, = Y| p; and O, = Y qi. If c,d € R, are arbitrary
chosen numbers, then the following inequalities hold

o0+ (g

, 1 1 N d
&Q¢@sgﬂ@mg<> &in¢@)@wmw@w

qi
Remark 5.3 In [3] the authors gave Theorem 5.18 for the case P, = 0, = 1.

The following application of Theorem 5.25 for Csiszar divegence has been given in [23].
This result can also be obtained by using (5.18) forc =d = P”

Theorem 5.19 Let ¢ : Ry — R be a convex function, p= (pi,...,pn),q = (q1,...,qn) be
two positive real n-tuples and let P, = Y| p; and Qn, = Y\, qi. Then

1 (p P,
0 S I(P(p?q) Qn¢ < _I(l)’ —P | — _I¢’ (pvq)7 (535)
Qn n q n
2 2
where 1:1 = (Z—ll,..., %)

In the following result is the application of Theorem 5.5 for Csiszar divegence.

Theorem 5.20 Let ¢ : R — R be a convex function, p (P1y-sPn), 4 = (q1s--,qn) be

two positive real n-tuples and let Q,, = Y| q;, ;Lm eRyand Y 1611(P+(pl) # 0.
qi94
Then
1 -1 Pi9 (5)
—LP.a) <O\ oo |- (5.36)
n gl (2)

In the following theorem we give application of Theorem 5.12 for Csiszar divegence.
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Theorem 5.21 Let ¢ : Ry —R be strictly convex and differentiable function, p=(p1, ..., Pn),
q=(q1,...,qn) be two positive real n-tuples and let O, = ¥ q; and

d=(¢")! <él¢/(p,q)>. Then for any d € R we have

1 1 _
S lolpa) < 0@+ &z,mq(%@

i

< 0(d) + an Y4 (”f d) o'(2). (5.37)

i=1 qi qi
In the following theorem we give application of Theorem 5.13 for Csiszar divegence.

Theorem 5.22 Let ¢ : Ry — R be convex function, p = (p1,..-,Pn),q = (q1,---,qn) be
two positive real n-tuples and let Q, = Y, qi, then we have

1 Di
d) — ; d—=
o(d) in¢(p,q) in lq¢+(ql)( qi)

1 (2| -
On i=1

qi

qi|¢(d) —

¢+ ) ) ﬁ)”. (5.38)

q
Qn i— l qi

The following result is a consequence of Theorem 5.22 which is in fact application of
Corollary 5.1.

Corollary 5.8 Ler ¢ : R. — R be a convex function, p = (p1,...,pn),q = (q1,---,qn) be
P

two positive real n-tuples and let Q, = Y7, qi, X := ZI”LZ?EZ; eR,and Y}, q,(])+( ) +
1919+ q;
0. Then
= 1 1 p p = pi
0~ 5-lo(p.q) 2 % o) - 02| - - z%¢+‘< Pl 539
On Qn i— i qi

Another consequence of Theorem 5.22 which is in fact application of Corollary 5.2.

Corollary 5.9 Ler ¢ : R. — R be a convex function, p = (p1,...,pn),q = (q1,---,qn) be
two positive real n-tuples and let Q,, = Y, qi, then we have

Pa

")(@) 0,09~ Qn,z 90, >(§Z—>

> |5 Sale (g) —o@|- 5 Saler 2 )(ﬁ—&)\‘. (5.40)

On  qi
The following result can be obtained by using Theorem 5.8.
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Theorem 5.23 Let ¢ : Ry — R be differentiable convex function, p = (pl, wDn),
q = (q1,...,qn) be two positive real n-tuples and let P, =Y | p; and Q, = X} qi. If
¢ € [0,00| then we have

anq,(p,q) ~9(c)— (— —c) ¢'(c)

el (2)-wol 3|

Remark 5.4 In [3] the authors gave Theorem 5.23 for probability distributions p and q.

(5.41)

Now we start to give integral version of the above results:

Let (Q,A, 1) be a measure space and p : Q — R be measurable function. We consider
S:={q:Q—R" suchthatg:= [, qdu < =}. Let ¢ : [0,00) — IR be a convex function.

In 1963, I. Csiszar [8] introduced the concept of ¢-divergence as follows.

Definition 5.1 Let p,q € S, then the ¢-divergence functional is defined by

Co(p,q) == /Qq(t)¢ (%) du. (5.42)

Now we start to give application of Theorem 5.9 for Csiszar divergence.

Theorem 5.24 Let ¢ : (0,00) — R be a differentiable convex function and p,q € S with
P = [op(t)du,q:= [oq(t)du, then for any c,d € (0,°0) we have

PNy < L 1 / M) _d

o0+ (Z-c) o< sepa <o+ [ oo (20 )au-Scyiva)
(5.43)

Proof. Using Theorem 5.9 forw — g and f — g, we obtain (5.43). O

The following result is the application of Theorem 5.25.

Corollary 5.10 Let all the assumptions of Theorem 5.24 are satisfied. Then the following
inequalities hold

P PP
0<Cy(p.a) —q9 (:) < Co(=,p) = =Cy(pq)- (5.44)
q q q
Proof. Putting c =d = g in (5.43) we obtain (5.44). ]
The following result is the application of Theorem 5.11 for Csiszar divegence.

Theorem 5.25 Ler ¢ : (0,00) — R be a convex function and p,q € S with G := [ q(t)du

and let [oq(t)9), (M)du#Oandw € Ry. Then
Jo +\qlt) Joal ¢+(q(t;)d'u
LIGAWF
1 Jap®)¢! (55)du
—Cy(p.q) < ¢ ﬁgi : (5.45)
1 Joa(®)el (555)du
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The following theorem is the application of Theorem 5.12.

Theorem 5.26 Let ¢ : (0,00) — R be strictly convex and differentiable function, and
p,q € S with G := [oq(t)du. Then there is exactly one d € (0,0) such that ¢'(d) =
%qu(p,q) and for any d € (0,0) we have

%Cqﬁ(p,q) S(])(E)Jr%/Qq(t)(])/ (%) (%3) du
d)Jr%./s;q(t)q)' (%d) ¢ (’%3). (5.46)

The following theorem is the application of Theorem 5.13 for Csiszar divergence.

Theorem 5.27 Ler ¢ : (0,20) — R be a convex function and p,q € Swithp := [o p(t)dLu,
G:= Joq(t)du, then for any d € (0,°) we have

o(d)— 2colp, q>f—/ (r>¢( Eji)(d%)d
o (28
Lo (-l o

The following result is a consequence of Theorem 5.27 which is in fact application of
Corollary 5.3.

{O\Q

i

Corollary 5.11 Let ¢ : (0,00) — R be a convex function and p,q € S with G := [oq(t)du
and let [oq(t)9), (M)d,u #0 and d := M
R " Jaa(el (5))du

¢(d:)—%C¢(p,q)2’%/q(t)|¢ (d) - ( >| u

Lo ()Pl o

Another consequence of Theorem 5.27 which is in fact application of Corollary 5.4.

€ Ry. Then

Corollary 5.12 Let all the assumptions of Theorem 5.9 are satisfied. Then the following
inequalities hold

oD) - ZCo(pa) < [ alt)o! (%) (g%)d
2|5 fuaote (2) o (55

Lo (22) (D]
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The following result can be obtained by using Theorem 5.14.

Theorem 5.28 Ler ¢ : (0,00) — R be a convex function and p,q € Swithp := [o p(f)dL,
G:= Joq(t)du, then for any c € (0,°0), we have

LCo(p.a)— 0l6)- m()(?—c)
> ‘%./Jq(t)(l) (%) —¢(c)|du— |¢/+q(c)| ./S‘)‘q(t)‘% —c‘du‘. (5.50)

5.6 Bounds for Zipf-Mandelbrot entropy

In the following theorem we use Zipf-Mandelbrot law and deduce bounds for Zipf-Mandelbrot
entropy.

Theorem 5.29 ([4]) Lerne€{1,2,3,...},¢>0,5>0,¢;>0,i=1,2,...nwithY} | qi =

o, then
i logq, < 1 . ,
Z(H,q,5) +loga> ¥ [log & — log(qi(i+ ) Hu )
"t R R g, )
1 n
— Y |+ g Hags— | 551
062:1 (l“l‘CI)SHn,q,s %( Q) n,q,s ( )
S U
Proof. Let p; = En 1,2,...,n, then
n n 1 1
logp; = - log —
ZT proep 1:21 (i4q)*Hn.g.s £ (i+q) Hngs
1
= — - log((i+
i:21 (l+q)Yang g(( q) nqs)
n s ) &, logHy s
= - ——log(i+ —
Z%(H‘qunqs g( q) ,211(14“1) Hy g,
2 lo 1 Hy, g5 & 1
= —— Ss 2 g(i+q) O Hn q,s : . — _Z(H,q.5).
(i+q)Hngs 5 (i+q)° Hyqs & (i+q)
< 1
AsH,go= Y aF )“ therefore Z 7[1‘1 = 1. Hence using (5.23) for p; = (Ee
i=1 G, n,q,s
i=1,2,..,n, we obtain (5.51). O

The following corollary is the special case of above theorem.
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Corollary 5.13 ([4]) Letn€{1,2,3,...}, ¢ >0, s >0, then

n
—Z(H,q,s)+logn> |y

T ~Nerr loen —1lo i+ SH
i=1 (ZJF‘J)‘YHn,q,s| g g((i+aq) "aq,5)|

n
Tn 2T arE | ) g ’ 52
w2 T g, U0 s =] (552)
Proof. By taking g; = 1,i=1,2,...n,in (5.51), we get (5.52). =

In the following theorem we use two Zipf-Mandelbrot laws for different parameters
and deduce bound for Zipf-Mandelbrot entropy.

Theorem 5.30 ([4]) Lerne {1,2,3,...}, 11,12 > 0, 51,50 > O, then

L 1
i=1 (i+t1)S'Hn,l|7S|

- IOg((i"’tl)slHn,thl)
i=1 (i+t1)S'Hn,l| 51 N

(i+t1)slHn,l| S

—Z(H,t1,81)+ o8 (i+t2)san,l2,52

V

_ En: 1 <i+t1)S|Hnatlvsl o 1‘ (5 53)
i=1 (i+t1)S'Hn,l|7S| (i+t2)san,l2782 . .
Proof. Let p; = m and ¢; = m, i=1,2,...,n, then as in the proof of
Theorem 5.29 we have
S pilogpi= 3 i —log (H.11.5)
i 10 = - 0og — - :—ZH,Z‘I,Sl .
i=1 posp: i=1 (l+tl)slHnJ1-,S1 & (lthl)”HnJl,Sl
L L 1 1 2 log((i+1) " Hyy, s
Y, piloggi =Y, = log —— 3 el Y) )
i=1 S (4 0) Hyyy s (i+12)2Hpy, s, S (1) Huy s
Ao D=3 4% s
SO i= ) ———=o=1an —=1.
i:l% S (i+0)2Hyy, S i+ n)2Hy, s,
Therefore using (5.23) for p; = WHM; and g; = m, i=1,2,..,n, we obtain

(5.53). "
Theorem 5.31 ([4]) Letn€{1,2,3,..},4>0,5>0,4;>0,i=1,2,...nwith ¥ q; =
o, then
Z(H,q,s) 2": loggi (o0
_ q,s) — Y —=
! i=1 (l+q)SHn,q,s &
>2n: log(qi(i+q)’H, )Jrllol
g y [
Z iz]‘]z qi(i+Q)an,q,s 2\qi q) ngq.s p ga
- logal 3 ";l -
¢ i:lql qi(i+q)Hugs .
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Proof. As in the proof of Theorem 5.29, using (5.25) for p; = m, i=1,2,..,n, we

get (5.54). O

Corollary 5.14 ([4]) Letn € {1,2,3,...}, ¢ >0, s > 0, then

*Z(H;CI;S) + IOgI’l

1 1
log((i+q)°H, n,q.s s)+ ;log;

S ) Hugs

1
_ — — (5.55)
S +q)Hgs
Proof. By takingg; =1,i=1,2,..,n,1n (5.54), we get (5.55). O
Theorem 5.32 ([4]) Letn € {1,2,3,...}, t1,t > 0 and s1,s2 > 0, then
o log((i+11)" Hyyy )
—Z(H,t,s1) + - —
(Hyin,s1) i=1 (i+11) W Hy gy 5,
zn: 1 (l+t1) LTI (l+t1) n,t,S]
i=1 (i+t2)S2HH7lz782 (l+t2) ZHHJZ,SZ (l+t2) ZH"Jsz
}n: i+ 1) Moy 1]} (5.56)
l+t2 an 12,52 (l‘i’tl)slHn,tl,sl

i=1

Proof. As in the proof of Theorem 5.30, using (5.25) for p; = m and ¢g; =
1 =1,2,..,n, we get (5.56). O

(i+lz)‘V2Hn,t2,.v2’ L

Theorem 5.33 ([4]) Lerne{1,2,3,..},¢>0,5>0,¢;>0,i=1,2,...,nwith Y}, g;
a. IfI={ie{1,2,..,n}: Wga}, then

c loggi
—Z(H — 4 logx
( q’ 2 +q)anqv+ Og

l:l

n

1
> - -
1211 (i+q) Hngs

i+q)°H

sgn (qi(i+q)*Hyqs — o) {ql(

1
+[1-1 1-2) ———||. (5.57
[1 —loga] [ % (lJrq)an’J ‘ (5.57)

Proof. Using (5.28) for p; = m, we get (5.57). O
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Corollary 5.15 ([4]) Letn€ {1,2,3,...},¢>0,5s>0, k€ {1,2,...,n}, then

7Z(H7qu)+10gn

n 1 1 K
2|2 gy, e (4 @'y >[(+L logli +4) H ]

+[1 —logn] [1 —22 (5.58)

I+Q)Sans‘| ‘

Proof. Since W is decreasing sequence over i = 1,2,..,n. Therefore there exists
k € {1,2,..,n} such that W >n for all i € {1,2,...,k}. Now By taking ¢; = 1,
i=1,2,..,n,1n (5.57), we get (5.58). O

Theorem 5.34 ([4]) Lern€ {1,2,3,...}, 11,0 > 0 and s1,sp > 0. If [ ={i € {1,2,..,n} :
(i4+12)°2Hy 1y
(i+0)* 'an > 2 1}, then

. IOg((l"’tl) nlhsl)
i=1 (l+t1) 'Hn,thl

(thl)SlHn,tl,sl o )
. i Sgl’l( z+t2)s2'Hnt252— 1 |:(l+t1) n11,81 10g<(l+t1) n.11,51 ):|

l+tl) 1H, 11,81 (l+t2) an,tz,sz (l+t2) an,tz,sz

7Z(H,I],S])+

i=1

1-2 (5.59)

iel l+t1) lHntl v1‘| ‘

Proof. Using (5.28) for p; = and g; = we get (5.59). O

1 1
(i+tl )Sl Hn,t| 1 (i+12)‘y2Hn,t2‘x2 ’

We start to give first general inequalities for Zipf-Mandelbrot entropy which contain
two arbitrary positive real numbers.

Theorem 5.35 ([5]) Lerne{1,2,3,..},¢>0,s5,p;>0,i=1,2,..,nwith¥! pi=P,
then for any c,d € R, we have

1 z 1
loge+ (P, -> 2 OSPi +Z(H,q,s )>logd+1—d2
C

— . (5.60)
i=1 l+q SI-I"CIS i= 1pl l+q) YH,%‘IY

Proof. Using ¢(x) = —logx in (5.34) we obtain
—Qnloge — (P, —cOn) — < ZqIIOg( > < —Qplogd — Qn+d2 4 . (5.61)
i=1 Di i—1 Pi
Let g = b, i=1,2,....n,then Q, =¥, ¢; = 1 and

(H’Q)SHn,qJ ’

n

n
1
logg; = - , lo
izzl ql gql 1:21 (l+q)an!q’s g

(i+4)*Hugs



5.6 BOUNDS FOR ZIPF-MANDELBROT ENTROPY 107

n
1
= -y —log((i+
izzl (l+q)anqs g(( q) n.q,s )
L s L logHp g
= - ; log(i+q)— ), ——7—
izzl (i+q)*Hngs gli+a) 1:21 (i+q)Hugs
2 log(i logH, z 1
_ s 0g(l+q) _ 108y q.s : = Z(H,q,s)
i+ @VHugs 5 (i+9)  Hugs S (i)
and
c L log pi
logp: = ——oft
izzl% gPDi 1:21 (l+q)Aanq,s
Therefore (5.61) implies that
1 ¢ logpi
—logc—(Py—¢)-<—-) ————— —Z(H,q,s
B (B0 S A gy, A
<—-logd—1+d)Y —/————, (5.62)
zzllpl l+q)2YH1%qv
which is equivalent to (5.60). O

The following corollaries are consequences of the above theorem.

Corollary 5.16 ([5]) Letne{1,2,3,..},g>0,5,p;>0,i=1,2,..,nwith ¥} pi=P,

then
i log pi +Z(H,q,s)—logP, >1—P, 2— (5.63)
i=1 (i+q)Hugs o i= 1pl(l+‘J)2SH2,qs

Proof. Take ¢ =d = P, in (5.60), we get (5.63). O

The following consequence of Theorem 5.50 is in fact the application of Slater’s in-
equality.

Corollary 5.17 ([5]) Letne {1,2,3,...},¢>0,s,p; >0,i=1,2,...n, then

& lo 1
2 S L 7(H,g,s) > log | ——————— (5.64)
S (i4+q) Hugs =1 pi(i+q)>H g
Proof. By setting d = % in the right inequality of (5.60), we get (5.64). O
y g n g q y g

=1 Pi(”ﬂi)szr%q s

In the following theorem we give general inequalities for Zipf-Mandelbrot entropies
corresponding to different parameters.
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Theorem 5.36 ([5]) Lern€ {1,2,3,...}, 1,0 >0, 51,52 > 0, then for any c,d € Ry, we
have

1 & log((i+11)" Huyy s,)
logc+(1—c)—>Z(H,tr,s7) — : , 11,81
¢ ( ) ¢ ( ) 1:21 (l+t2)52Hn,t2,s2

. (i"'tl)slH"Jl,Sl

>logd+1—d . . (5.65)
¢ 2 5 0) iy
— 1 - 1 -
Proof. Let Pi—= m and qi = m, 1= 1,2,...,1’!,, then
n n 1 1
loggi = ; log — =—Z(H,1p,52),
i=1 o le (l+t2)szH"7lz,Sz s (l +t2)S2Hn,t2,s2 ( )
Y gilogpi= 3 1 log ! _ ~ log((i 1) Hagy )
i=1 l l i=1 (i+t2)sanJz-,S2 (ithl)SlHn,tl-,Sl i=1 (iJFtZ)SanJz-,Sz -
n n 1 n 1
Also O, = i = ———— = land P, = — =1
" i;ql le (i+12)2Hyy, 5, " le (i+11)" Hygy s,

Therefore using (5.61) for p; = m andg; = m, i=1,2,..,n, we obtain

(5.65). o

The following corollaries are the consequence of Theorem 5.50.

Corollary 5.18 ([5]) Letn€ {1,2,3,...}, 11,62 > 0, 51,5, > 0, then

n . K n ; S1
OZZ(H’Z‘27SZ)—210g(.(l+tl) Hn,tl,sl) Z 1— (.l+t])v Hn,tl,SIZ. (566)
S ((+0)2Huy,, 1 (((+1)2Hug,s)
Proof. Take c =d =1 in (5.65), we get (5.66). O

The following corollary is the application of Theorem 5.50 is in fact the application of
Slater’s inequality for Zipf-Mandelbrot entropies corresponding to different parameters.

Corollary 5.19 ([5]) Letn € {1,2,3,...},11,tp > 0, 51,82 > O, then

n 1 : t SZH n : t SlH
2 Og(.(lJr 1)2Hyyy s,) —Z(H,12,5) < log 2 (.H“ l), 1,81 s 67
e (l+l‘2)52Hng,S2 i=1 ((l+t2)S2H’1J2-,S2)

Proof. Take d = ————L—— in the right inequality of (5.65), we get (5.103). O

n (i+17)°1 Hut sy
i=1 ((H’[Z)SZ Hn.IZ,.vz )2

The following result for Zipf-Mandelbrot entropy has been obtained by using the right
inequality in (5.37).
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Theorem 5.37 ([5]) Lern<{1,2,3,..}, ¢ >0, s,p; >0,i=1,2,..,n, then for any d €
R4 we have

= log pi 1
———+Z(H,q,s) > o
& Tyt e =le | 5

1
i=1 Pi (i+q) ZSH)%.q,s
1

>logd+1—-d) ——————. (5.68)
s 2 (l+Q)25H1%q s
Proof. By setting ¢(x) = —logx in (5.37) we have
1 & q? (pi
2q,10g—<—10g O g—logd——zq—’<&—d). (5.69)
On i—1 qi 2171 "1)_1 On i—1 Pi \4i
Now putting g; = m, i=1,2,...,n,1in (5.105) we deduce
z log pi 1
- #_Z(Hacbs)g_]()g n 1
=1 (l + q)‘ Hn,q,s i=1 m
1
<-—-logd—1+d) ————5—75—.
¢ 2 pili+aq)*Hz ,
which is equivalent to (5.104). O

In the following theorem we have presented result for two Zipf-Mandelbrot entropies
corresponding to different parameters.

Theorem 5.38 ([5]) Letn <€ {1,2,3,...}, t1,6 > 0, 51,82 > 0, then for any d € Ry, we
have

: s 2
zn: log(.(lthl)slHn,n,u) —Z(H,1r,5) < logz ((i+0)2Hppy5,)
i=1 (l+t2)S2Hn,t2,32 i=1 l+tl) lHn S1,81

d(l+t1) n,1,81

< —logd—1 . 5.70
=T I G, T
Proof. As in the proof of Theorem 5.37, putting p; = m and g; = m’
i=1,2,....n,in (5.105), we get (5.106). 0

The following application of the inequality (5.38) for Zipf-Mandelbrot entropy holds.

Theorem 5.39 ([5]) Lern< {1,2,3,..}, ¢ >0, s,p; >0,i=1,2,..,n, then for any d €
R4, we have

n

~logd + 3. 8D\ 74,5+ S

S ———— —————(d—pi(i+
(i4q)*Hug.s = 1pl l+q)2Yngqs( pili+q)'H ,qs)
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logd —log pi(i+q)°Hy.q.s

S (i+9)*Hyg,s

n 1 d
-y ’ 4 —1‘. (5.71)
i=1 (l + q)SH”-,CI-,S pi(l + q)SHn,q,s
Proof. By using (5.38) for ¢ (x) = —logx, we have
n 1 & 2 pi
—logd + log—+ — (d — —)
£ ;ql g Qn ,zll Pi qi
qi Di
logd — lo ’ 9 - 2H||. 5.72)
Qn, 1%’ £ S qi Qnizl lpi( Qi) ‘ (
Now putting g; = —1 = 1,2,...,n,in (5.72) we obtain (5.71). O

(le‘l)‘yHn,q‘x ’

The following consequence of the above theorem is in fact the refinement of inequality
(5.64).

Corollary5 20 ([5]) Letne {1,2,3,..},¢>0,5p;>0,i=1,2,..,nand
X:= "71 Then
i= 11’ (l+q)2_s n,q,s

n

log p;

—log%+ 7+Z(H,q,s)
2 i,
n
> — |log¥—1lo i+
S (i+9)Hugs ¢ Bpii4) Hug.
n 1 ~
) Y 2 - 1‘ . (5.73)
i=1 (i+ ‘J)SHn,q,s pili+ q)“Hn,q,s
Proof. By setting d = X in (5.71) we get (5.73). O

Corollary 5.21 ([5]) Letn€{1,2,3,..}, ¢ >0, s,p; >0,i=1,2,..,n, then we have

n n

log p;

“logPi+ Y —2PL L 7(H.q )+ ———— (P, pili+
. 2 (i+q)’ Hn,qs e lflpz(”rq BH (= pili @) Hnas)
! 1
> ,7‘10 P —logpi(i+q)°H (
B 1:21 (i+4)*Hpg,s ebs ~logpili+ @)"Hug,
L 1 P,
) n 71‘ . (574
S (i+q) Hy g | pili+q) Hyg,s
Proof. By setting d = P, in (5.71) we get (5.74). O

In the following theorem we have given refinement of the right inequality in (5.65).
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Theorem 5.40 ([5]) Letn € {1,2,3,...}, t1,6p > 0, 51,52 > O, then for any d € Ry, we

have
—logd+Z(H 1, sz)—i log((i+1)" Husysi) | v dli+11)" Hunsy |
e i—1 (i+t2)s2Hn,t2,s2 i=1 ((i+t2)s2H’1J2-,S'2)2
n
Sy logdflog(l—i—tz)—nlz’sz
S (i+0)2Hyy s (i+11)" Hy s,
B 1l 1 d(l+t1) n,t,s1 71’ (575)
i— 1(l+t2) n,tn,s7 (l+t2) nip,s2 ' .
Proof Putting p; (Hlly}mm and g; = W i=1,2,...,n,in (5.72), we obtain
(5.75). -

The following consequence of the above theorem is in fact refinement of Slater’s in-
equality for Zipf-Mandelbrot entropies corresponding to different parameters.

1

Corollary 5.22 ([5]) Letne{1,2,3,...}, 1,6 >0, 51,50 >0 and ¥ = — A
n nity.s]
i=1 ((iJrfz)San,tZ‘xz)z

then

2 log((i+11) Hyy, 5,)
—logxX+Z(H,t,50) — - dial
s ( ) 1:211 (l+t2)sanJz-,S2
L 1 t
———|log%—log —(l + 1)l s,
i=1 (l+t2)san,l2782 (l+t1) 'H"Jl,Sl
2 1 t
_ - (l+ 1) 1,81 71‘ . (576)
i=1 (l+t2)S2Hng,Sz (l+t2) 2Hn,l2782
Proof. By setting d = W in (5.75), we obtain (5.76). O

=1 ((i+17)*2 Hy 1, xz)

The following theorem is the application of Theorem 5.23 for Zipf-Mandelbrot entropy.

Theorem 5.41 ([5]) Letne€ {1,2,3,...}, ¢ >0, s,p; >0,i=1,2,..,n, then for any c €
Ry, we have

S log p; |
-2 —Z(H,q,s)+logc+ (P —c¢) -
1:211 (i+q)Hugs (H,9.5) g (P )C
N 1
> Ty ~Navr l+ SH E 710 B
3 g ospii 0 ) - tog

n

D T

i=1 l+q ng,s

pii+q) Hygs— c‘ . (5.77)

QI'—*
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Proof. Using (5.41) for ¢(x) = —logx and then putting g; = WHMY, i=1,2,...,n, we

obtain (5.112). O

Remark 5.5 If we set ¢ = P, in (5.112) then we obtain the inequality (14) as obtained in
(4].

Another application of Theorem 5.23 for Zipf-Mandelbrot entropies corresponding to dif-
ferent parameters has been given below.

Theorem 5.42 ([5]) Letn € {1,2,3,...}, t1,t > 0, 51,852 > 0, then for any ¢ € Ry, we
have

,21 log((i T )SIH”-,’I 1 )
i=1 (i + tZ)SZHn,tz-,Sz

1
—Z(H,tp,57) +logc+ (1 —C);

o (l+t2) n,to,52
(l+t1) 'Hn,lhsl

—logc

n
21 l+t2 2Hnl25‘2

1 1 t
I 2 (l+ 2) na,52 76" . (578)
(l+t2) n,n,s2 (l+t1) IHnJlaSl
Proof. Using (5.41) for ¢ (x) = —logx, we obtain
o Saitoe +toge+ (2 ) 1
0 ogc — —c
Qn i= lql g £ On
1 n
>0 q,’log— “loge ‘ (5.79)
nj=
Now submitting p; by m and ¢g; by m, i=1,2,...,n,in (5.79) we
deduce (5.112). O

Remark 5.6 If we set ¢ = 1 in (5.78) then we obtain the inequality (16) as obtained in
[4].

In the rest of results we have obtained related results by using another convex functions.

Theorem 5.43 ([5]) Letrne€{1,2,3,..},¢>0,5,4:>0,i=1,2,...nwithY} | qi = Oy,
then for any c € R, we have

n

loggi
cloge+ (1 —c0p) (1 +loge) < =Y — 229 7(H g.5). 5.80
Oucloge+ (1 —cQ,) (1 +logce) ;1 ET (H,q,s) (5.80)

Proof. Using ¢(x) = xlogx in the first inequality of (5.34) we obtain

Qucloge + (P — cQ,) (14 1oge) < Y pilog (ﬂ). (5.81)
i=1 qi
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Let p; = m, i=1,2,...,n, then P, = 1 and proceeding as in the proof of Theorem

5.50, we have

n
Y pilogpi = —Z(H,q,s).
i=1

Therefore (5.85) implies that

Oncloge+ (1 —cQp) (1+loge) —Z(H,q,s). (5.82)

I/\
‘M=
<)
()
=

O

Corollary 5.23 ([5]) Letne€{1,2,3,..},¢>0,5,¢; >0,i=1,2,..,nwith Y}, qi = Oy,
then for any c € R, we have

_ loggi
lo —Z(H,q,s). 5.83)
an le o, AHa9) (
Proof. By substituting ¢ = é in (5.57), we get (5.83). O

Theorem 5.44 ([5]) Letn € {1,2,3,...}, t1,1 > 0, 51,82 > 0, then for any ¢ € Ry, we
have

o Log((i+0)2Hyysy)
i=1 (l+t1) .|

cloge+ (1 —c¢)(1+1loge) < —Z(H,t1,s1) (5.84)

Proof. Using ¢(x) = xlogx in the first inequality of (5.34) we obtain
n i
Oncloge+ (Py—cQy) (1 +1oge) < Y pilog (q—l) . (5.85)
i~ i

1 i=1,2,...,n, we obtain

. o 1 L
Using (5.85) for p; = T By and g; = T2y )

c - o log((i‘i’tZ)SZHnt ) )
logp; = —Z(H,t1,s1), logg; = — - 1827
Z{ pilogpi ( ) ;; pilogyqi 1:21 (l+tl)slHn,t1,s1

Therefore (5.85) implies that

o log((i+1)2H, nn,s )
clogc+ (1 —¢)(1+1logc 272
ge+(1—c)(1+1loge) < ; EE

—Z(H,t1,51).
This completes the proof. O

Corollary 5.24 ([5]) Letn € {1,2,3,...}, 11,12 > 0, 51,52 > O, then we have

n 7 52
Z(H,t1,51) <Y, log(.(l+t2,) LR
i=1 (lthl)SlHn,tl-,Sl

(5.86)
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Proof. By taking ¢ = 1in (5.84) we get (5.86). ]

Theorem 5.45 ([5]) Lerne{1,2,3,..},q>0,5,p;>0,i=1,2,..,nwith ¥ pi =P,
then for any d € R4, we have

n

1 .
dlogd +F,~d(1+3, o8p:

7+z H,q,s
(i 7q) s (H.q,s))

n

2 H—q)

i=1

>

dlogd — pi(i+q)*Hp g4 slogpi(i+q)°Hpq.s

n,g,s

(1+1logpi(i+q)*Hngs)(d — pi(i+q) Hugs)||- (587)

1

n
- (i + q)an‘ 5
4,
=1

Proof. Using ¢(x) = xlogx in the inequality (5.38), then we obtain

dlogd——Zp,log——L y qi (1+10g&> (d&>
On g Oni 5 qi

i qi

n

in 1

dlogd— Pi &

qi

__qu’ +1ogp‘ )d— Z’)". (5.88)

ill 1
which is equivalent to

B d Pi
dlogd +——d(1+ Zqilog—)
On qi

i=1 i

qu

"tl

C]z

dlogd——
l

'. (5.89)

—|—logp’ )(d — Zl)

in 1

i

Putting ¢; = W i=1,2,...,n,in (5.89), we get (5.87). O

Theorem 5.46 ([5]) Lern € {1,2,3,...}, t1,6p > 0, 51,52 > O, then for any d € R, we
have

,21 log((i+11)" Husy.s,)
i=1 (i + t2)S2HnJ2-,S2

(l+t2) n,tp,5 log (l+t2) n,tp,82
(l+t1) lHnJlasl (l+t1) 1,81

dlogd+1—d(1— +Z(H,12,52))

n

B i=1 (i + tz)szH"JLSz

dlogd —

(l+t2) 282y (g — (l+t2) "12,52)
(l+t1) lHnJlasl (l+t1) lHnJlasl

(1+1log

72 l+l1 'Hn

12,52

| . (5.90)

Proof. Using (5.85) for p; = m and ¢; = W i=1,2,...,n, we obtain

(5.90). o
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Theorem 5.47 ([5]) Letne{1,2,3,..},¢>0,5,¢;>0,i=1,2,...nwithY} ,qi = Qy,
then for any ¢ € Ry, we have

Z(H }n: log4: Oycl (1—cQy,) (1+1logc)
, — Oycloge—(1—c¢ ogc
45 i—1 l+q anv ! g " g
v log(qii+q)'H
>34 0g(qi(i+4) Hnyg.s) +eloge
i—1 QI(H"I) n,q,s
L 1
— [1+1ogel ¥ g ———-——c (5.91)
2 G @
Proof. Using inequality (5.41) for ¢ (x) = xlogx we obtain
1 1 (P )(1+1 )
0 ——c ogc— | =~ —c¢ ogc
in ]pl g gi g 0, g
1 141 L i
> log clogc‘ - wz%‘&fc (5.92)
Qni qi On i
Now putting p; = WHMY, i=1,2,...,n,in (5.92), we get (5.87). O

Remark 5.7 If we set ¢ = é in (5.87) we deduce the inequality (17) as obtained in [4].

Theorem 5.48 ([5]) Lerne€{1,2,3,..},¢>0,5,4:>0,i=1,2,..,nwithY} qi = Oy,
then for any ¢ € Ry, we have

S IOg((l"’tZ) ntp Sz)
=~ —Z(H,t1,s1) —clogc— (1 —c)(1+logc
3 20 1 1)  cloge — (1) (1 + oz
> S 1 UJFIQ)SZH"JZ-,SZ (i+t2)S2Hn-,12352 _clogC‘
i=1 (i+t2)s2HnJ2-,S2 (ithl)slHnJl-,Sl (i+t1)SlHnJl,Sl
1 | +1,)2H,
— |1 +1logc]| 2 (it 12)2 Hn —c“. (5.93)

+t2) an \12,82 (i+tl)S1Hn,t1,Sl
PVOOf: Using (592) for pPi = m and qi = W, i= 1,2,...,”, we get
(5.93). O

Remark 5.8 If we set ¢ = 1 in (5.93) we deduce the inequality (19) as obtained in [4].

Now we give applications of the above some results in Linguistics.

Gelbukh and Sidorov in [14] observed the difference between the coefficients s; and s,
in Zipf’s law for the English and Russian languages. They processed 39 literature texts for
each language, chosen randomly from different genres, with the requirement that the size
be greater than 10,000 running words each. They calculated coefficients for each of the
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mentioned texts and as the result they obtained the average s; = 0.973863 for the English
language and s, = 0.8928609 for the Russian language.
In the following result we give application of inequalities (5.61) for the English lan-

guage.

Application 5.1 [[5]] Let n € {1,2,3,...}, p; > 0, i = 1,2,..,n with X} | p; = P,, then
for any c,d € R, we have

log p;
loge+ (P, > 2 FOE T Rp— +Z(H,0,0.973863)

1
>logd +1 de T 12 . (5.94)
i=1 Pitly 0,0.973863

Similarly we can give application for Russian language.

Now we give application of the result related two parameters: s; = 0.973863 for the
English language and s, = 0.892869 for the Russian language, which is in fact application
of the inequalities in (5.65).

Application 5.2 [[5]] Letn € {1,2,3,...}, then for any ¢,d € R, we have
log (973863 H,, 4 0.973863)
10892869, 6 0.892869

0.973863
& H, 0,0.973863

d
2 0892869 H, 6.0.892869)

1
loge+ (1 —¢) - > Z(H,0,0.892869) ~ 3
i=1

>logd+1— (5.95)

5 -

Remark 5.9 By the similar way we can give applications of other related results.

5.7 Results for hybrid Zipf-Mandelbrot entropy

We start to give first general inequalities for Hybrid Zipf-Mandelbrot entropy which con-
tain two arbitrary positive real numbers.

Theorem 5.49 ([6]) Lerne {1,2,3,..}, g>0, w,s,p; >0,i=1,2,...nwith ¥} | p; =
P,, then for any c,d € R, we have

1 w'log p;
logc+ (P, —c)— > - +H(®",q,s
g+ (P )C_;(Hrq)@*(s?q?w) (", q,s)
i W2i
>logd+1—d - ,
=1 pi(l + q)ZSQ)*Q(S’q’W)

(5.96)
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Proof. Taking discrete measure, p — p;, ¢ — ¢; and then taking ¢(x) = —logx in (5.43)
we obtain

—QOnloge — (Py—cOn) - < 2‘]11()% (p > < —Onlogd — QnJFdZ ql . (5.97)

— i—1 Pi

Let qi = W, 1= 1,2,...,11, then Qn = 2?:1%’ =1 and

n i i

2 w w
gilogg; = - - log — -
,»:21 e ;1 (i+q)®*(s,q,w) = (i+4q)'P*(s,q,w)

i

-y w <10g wi L log 1 )
i=1 (l—|—q)5¢*(s Q7 ) (l+q)s (I)*(saqaw)

i i

i

d w w log®*(s,q,w) & W
= log " — ; = fH(CI)*,q,s)
2o g i Ol X
and
c c w'log p;
gilogpi = . .
Z? e ,:21 (i+q)*®@*(s,q,w)
Therefore (5.97) implies that
. w'log p;
—loge— (P, —¢) < —H(®",q,s)
lzzl (i+4q)'®*(s,q,w)
i W2i
< —logd—1+d - , (5.98)
i=1 pl’(l+q)2sq)*2(saqaw)
which is equivalent to (5.96). |

The following corollaries are consequences of the above theorem.

Corollary 5.25 ([6]) Letne {1,2,3,...}, ¢ >0, w,s,p; >0,i=1,2,..,n with ¥} | p; =
P,, then we have

< llngl *
H(D —logP,
; l+q sq)*(s q,w )+ ( aqas) 0gln
2i
w

>1-P, . (5.99)

,21 pi(i+q)»®**(s,q,w)
Proof. Taking ¢ =d = P, in (5.117), we get (5.99). O

The following consequence of Theorem 5.50 is in fact the application of Slater’s in-
equality.
Corollary 5.26 ([6]) Letne {1,2,3,...}, ¢ >0, w,s,p; >0,i=1,2,...n, then
L w'log p; 1
. : +H(®%,q,5) > log
& (i) ®*(s,q,w)

(5.100)

W2
=1 pi(i+q)2 2 (s,9,w)
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- 1 — in the right inequality of (5.117), we get (5.100).

= pilirg P02 (s.q.0)

Proof. By setting d =

O

In the following theorem we give general inequalities for hybrid Zipf-Mandelbrot en-
tropies corresponding to different parameters.

Theorem 5.50 ([6]) Letn € {1,2,3,...}, 11,tp > 0, wi,wp,s1,52 > 0, then for any ¢,d €
R4, we have

n

1 i i
logc+(1—c)= >H(D" 1r,57) +2 2 i
c

lo
(i+12)2D*(tp,52,w2) g(i+f1)s"l)*(t1,S1,W1)
(l—l—tl)sl(b*(ll S1,W1)

n
>10gd+17d2

. (5.101)
i= 1W1((l+f2)vzq)*(f2,sz,wz))2
Wi Wi .
Proof. Let Pi—= m and qi = m, 1= 1,2,...,1’[, then
n n 1 1
logqg; = lo =—H(®" 1,s7),
i;l o 231 (i+1)2d*(1,52,w2) £ (i+1)2d*(t,52,w2) (@ 12,52)
z wh w
ilogp; = 2 lo 1
;ql Epi 211 (i412)%2®*(tp,52,w2) & (i41)51D* (21,51, w1)
n n Wi n Wi
Also 0, = Y qi = , 2 =1land P, = , L =1
On izzlql 1:21 (l+t2)52q)*(t2,S2,W2) " 1:21 (z+t1)51c1)*(t1,s1,w1)
. Wi Wi .
Therefore using (597) for Pi—= m and qi = m, 1= 1,2,..,]1,
we obtain (5.101). O
The following corollaries are the consequence of Theorem 5.50.
Corollary 5.27 ([6]) Letn € {1,2,3,...}, 11,12 > 0, wi,wp,51,52 > 0, then
wh wh
0 >H(®",1n,s)+ 2 log — 1
( 2 2 2 l—l—lz)SZ(I)*(tz,Sz,Wz) g(l+11)s'¢*(11,S1,W1)
n £1)51D* (¢
ST L (,“L 1) t51,m) (5.102)
S (i +102)2@* (12,52, w2))
Proof. Take c =d =11in (5.101), we get (5.102). O

The following corollary is the application of Theorem 5.50 which is in fact the applica-
tion of Slater’s inequality for hybrid Zipf-Mandelbrot entropies corresponding to different
parameters.
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Corollary 5.28 ([6]) Letn€ {1,2,3,...}, 11,12 > 0, wy,wy, 51,52 > 0, then

whlo ((i+t1)“1¢>*_(11 -,Sl-,Wl)>
i " CH(® 13, 52)
S (i+0n)20* (1, 52,w2) R
< log i W%i(ith])ﬁcI)*(t],sl,W]) . (5.103)
a S wi (i +12)2@% (12,50, w2) )
Proof. Take d = — in the right inequality of (5.101), we get (5.103).

n o W) O s )
=1l ((1412) 2 0% (13,50 )2

O
The following result for hybrid Zipf-Mandelbrot entropy has been obtained by using
the right inequality in (5.46).

Theorem 5.51 ([6]) Letn € {1,2,3,...}, ¢ >0, w,s,p; >0, i = 1,2,..,n, then for any
d € Ry we have

n il . 1
(i+ v;qu(f(pl j @) 2log | o w2
: 1 : s,q,w i=1 2D 2 (e )
& (i+a) 0 (s,q, Zil P o )
W2i

(5.104)

n
>logd+1—d -
;pi(lw)z@*z(w,W)

Proof. Taking discrete measure, p — p;, ¢ — ¢; and then taking ¢ (x) = —logx in (5.43)
we obtain

n

1 . 1 2 .

— Y gilog 2l < —10g O < —logd—— Y L& (&d>. (5.105)
On 54 qi Y L On 5 Pi \4i

=L pi

i

Now putting g; = W’VW’ i=1,2,...,n,in (5.105) we deduce

i ‘log p; 1
- 2 (i+qv;d(>)*g(lsjlq W) —H(®",q,5) < —log n w2
= @ = P o )
2i

w

n
< —logd—1+d - : 5
i:zl pi(l+q)25¢*2(5’q’w)

which is equivalent to (5.104). O

In the following theorem we have presented result for two hybrid Zipf-Mandelbrot
entropies corresponding to different parameters.
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Theorem 5.52 ([6]) Letn € {1,2,3,...}, t1,6 > 0, wi,wp,s1,82 > 0, then for any d €
Ry, we have
wi log ((l+ll)”¢*.(ll 7S|7W1))

z
Wi

l—l—lz)gz(b (lz,SZ,Wz))2
(i+n) " Hyg s

n
H(®", ¢ ) <1
; (i+02)2®*(t,52,w2) H(®12,52) ogg

dW%l(l +11)  Hygy 5,

< —logd—1+ 272 : 5.106)
B (T ) (

Proof. Asin Fhe proof of Theorem 5.51, putting p; = m and

gi = m,i: 1,2,...,n,in (5.105), we get (5.100). |

The following application of the inequality (5.47) for hybrid Zipf-Mandelbrot entropy
holds.

Theorem 5.53 ([6]) Letn € {1,2,3,...}, ¢ >0, w,s,p; >0, i = 1,2,..,n, then for any
d € Ry, we have

n W21

,»:21 pili+q)»®**(s,q,w)
i(i + Q)Sq)* (S, q,w) ’

wi

w'log p;
(i+q)*®*(s,q,w)
n i

> ‘lod
,21<z+q>vq>*sq, ga—log

—logd+2 +H(® t,5) —1+d

L w' aw'

izzl (i+q)s®*(s,q,w) ‘pi(i+q)“'<1>* (s,q,w

. 1‘ . (5.107)

Proof. Taking discrete measure, p — p;, ¢ — ¢; and then taking ¢ (x) = —logx in (5.47)
we obtain

n . 1 g2 .
flogd+2qilogp—l'+Q—2q—" (d&)

i=1 qi n =1 Pi qi
Di Pi
4 ’logd log 2% ’ _ ’ Pl (5.108)
n ,21 ' Qn 121 Di ‘Ii)
Now putting g; = W, i=1,2,...,n,in (5.108) we obtain (5.107). O

The following consequence of the above theorem is in fact the refinement of inequality
(5.100).

Corollary 5. 29 ([6]) Letne{1,2,3,..},q>0,ws,p; >0,i=1,2,.,nand
P — . Then
i m

w'log p; .
—1 H(®". 1
ng+2 l+q)vq)*(s q,w )+ ( ’ ,S)
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1 i (7 sp*
Z 2 . ,W ’logf—logpl(l+q) i (S,q,W)’
i=1 (l+q)5(D*(s7q7w) Wl
n Wi ‘ )EWi
-y - - —1’ . (5.109)
izzl (i+q)*®*(s,q,w) I pi(i+ q)*P*(s,q,w
Proof. By setting d =X in (5.107) we get (5.109). O

In the following theorem we have given refinement of the right inequality in (5.101).

Theorem 5.54 ([6]) Letn € {1,2,3,...}, wi,wy, 11,12 > 0, 51,82 > 0, then for any d €
R4, we have

H(®*,12,57) Jrzn: W210g (l+t1)yl¢>*l(t1 S1,W1) —logd— 1+d§n: 2l(i+t1)s'q)*(l1,S1,W1)
7 1 (4 10)2 0% (12,52, w2) S (i +12)2@% (12, 52,w2) )
4 wh i+ 1) 2% (¢
> ‘logd—log W}(l.+ ) (2,S2,W2)’
S i) qu)*(t27s2vw2 wh (i 411)S1D* (11,51, w1)
L wh d )2 (1
2 . *2 ‘ wi(i+1) d (t2,52,w2) _1' (5.110)
art lthz ZCD (tz,Sz,Wz) Wz(l—l—ll)s'q) (ll,S1,W1
. Wi Wi . .
PrOOf: Putt]ng Pi—= m and qi = m, 1= 1,2,...,11, m (5108),
we obtain (5.110). O

The following consequence of the above theorem is in fact refinement of Slater’s in-
equality for Zipf-Mandelbrot entropies corresponding to different parameters.

Corollary 5.30 ([6]) Lerne {1,2,3,..}, 11,10 >0, 51,50 >0 and % := —

n ”2("+t1) L Hy, 11,51
=1 (i4+12)@% (19,50 w) )2
then
Wy
(i+11) 1D*(11,51,w1)
(i+12)2®* (12,52, w2)

i wzlog
710gx+Z(H 1,52 +2

i=1

n Wl2

1 (i + [Z)qu)* (l‘z,SQ,Wz)

(l +12)32(D (IQ,Sz,WQ) ’

l
logi—1lo il
‘ & £ ’z(l—i-tl)slfl)*(tl,sl,wl)

i=

. wh ‘xwl(’+’2)szq’*(f2,sz,w2

: ~1}.
= (l+l‘2)s2q)*(l‘2,52,wz) Wz(l—l—ll)sl (I)*(tl,sl,wl

(5.111)

Proof. By setting d = — L in (5.110), we obtain (5.111). O

n ] wh (i+1] )*1 Hut sy
=L T (15) 2 0% (13,5 7))2

The following theorem is the application of Theorem 5.28 for hybrid Zipf-Mandelbrot
entropy.
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Theorem 5.55 ([6]) Lern € {1,2,3,...}, ¢ >0, wys,p; >0, i = 1,2,..,n, then for any
c € Ry, we have

< w'log p; .
a ] ) _Hq)*atvs +logc+ (P, —c¢) —
& (i+9)P*(s,q,w) ( ) +loge+ (P —c) -
c l (7 S@*
> : W* ‘log (pz(lJrq) ' (S,q,w)) " loge
= (i+q)sD*(s,q,w) Wi
1 ¢ wi (i 4 a) D
R _Z ‘pl(l+q) " (5,4,%) —c‘ : (5.112)
¢ & ao (gn -

Proof. Taking discrete measure, p — p;, ¢ — ¢; and then taking ¢(x) = —logx in (5.50)

we get
P, 1
2q,10g< )—i—logc—i—(—"—c)—
nl 1 O c
1 & 1 ¢ Pi
lo —logce| — ——c (5.113)
> g Zolvos (§) -1oee| - o, Sl
Now putting g; = m, i=1,2,...,n,in (5.113) we obtain (5.112). O

Another application of Theorem 5.28 for Zipf-Mandelbrot entropies corresponding to
different parameters has been given below.

Theorem 5.56 ([6]) Lerne {1,2,3,...}, 11,1 >0, wi,wy,s1,52 >0, thenforany c € R,

we have

wi
i+11)° 1" (11,51,w1)
(i+12)2®*(tp,52,w2)

n whlog (

1
loge+ (1 —c); —H(®",12,57) +

i=1

N w ’ wi (i +12)”®" (12,52, w2) ~loge
S (i +12)2D* (12,50, w2) wh (i 411)1®* (11,51, w1)
1 l i )2 D" (¢
_ _2 — Wl!<f+ Z)Y *<2’s2’W2) fc' . (5.114)
c A (i+n)2d (IQ,SZ,WZ) wh (i +11)51D* (11,51, w1)
. wi wh . .
PVOOf: Substitute Pi—= m and qi = m,l: 1,2,...,}’[, m (5113)

we deduce (5.114). O

In the rest of results we have obtained related results by using another convex functions.

Theorem 5.57 ([6]) Lerne€{1,2,3,..},¢>0, w,s,q; >0, i=1,2,..,nwithY} ,q; =
Oy, then for any c € Ry, we have

n llo N
Oucloge+ (1 —cQy) (1+1loge) < =Y l+qvq)*g(th o —H(®" 13,57). (5.115)

i:l



5.7 RESULTS FOR HYBRID ZIPF-MANDELBROT ENTROPY 123

Proof. Taking discrete measure, p — p;, ¢ — ¢; and then using ¢ (x) = xlogx in the first
inequality of (5.43) we obtain

Qucloge+ (P, —cQy) (1 +1oge) < 2p,10g< ) (5.116)

Let p; = m, i=1,2,...,n,then P, = | and proceeding as in the proof of Theorem

5.50, we have

n
2 pilogp; = 7H(q)*,l‘2,52).
i=1

Therefore (5.116) implies that

c llogql *

1 1— 1+1 — H(®",¢ . (5.117

Queloge+ (1 =cQn) (I +loge) < = 2 v ir s — H(®' ,52). (5.117)

O

Corollary 5.31 ([6]) Letn e {1,2,3,..}, g >0, w,s,q; >0,i=1,2,..,nwith ¥} qi =
Oy, then we have

1 z w'logg;
log — < — - — H(®",15,57). 5.118)
5 AT gy ) (
Proof. By setting ¢ = é in (5.115) we obtain (5.118). O

Theorem 5.58 ([6]) Lern€ {1,2,3,...}, 11,1 >0, wi,wy,s1,52 >0, thenforany c € R,
we have

(i412)2®" (1p,59,w3) )

]

n wilog( o

1 (i41)51®*(t;,51,w1)

cloge+ (1 —c)(1+1loge) < —H(®",17,52). (5.119)

=
i

wh w

Proof. If Pi = m and qi = 4(1’%2)52(1)*2(12,52,»\»2_) . = 1,2, ey n, then
n n n Wli 10g(+)
Jlogpi = —H (D", 15,57), loog: = (i412)"2 D% (£3,52,w2) '

Z:lpz g Pi ( 2,52) lepl 24i le (i+t1)“fb*(t1,S1,W1)

Therefore (5.116) implies that

log( (i+1p)%2 ‘I’*l_(tz-,Sz-,Wz) )

n
cloge+ (1 —¢)(1+1logc) e —H(®* 1,5,).
g ( g 1:21 (i41)51®*(t;,51,w1) ( 2:52)

This completes the proof. |
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Corollary 5.32 ([6]) Letn € {1,2,3,...}, t1,t2 > 0, wi,wy,s1,52 > 0, then we have

n Wl] IOg( (i+12)‘y2 ();:é(t27SZ7WZ) )
H(®" 1p,5) < - 5.120
(@ 2)_5121 (i+t1)51®*(t1,51,w1) ( )
Proof. By taking ¢ = 1in (5.119), we get (5.120). O

Theorem 5.59 ([6]) Lernc {1,2,3,..},g>0, w,s,p; >0,i=1,2,...nwith Y} | pi =
B, then for any d € R, we have

u wlog p;
dlogd+ P, —d(1+ , +H(®* 1,5
A Y e (g T (@)
E”: w! ’dlo g Pili+a)'®(s,q,w) log pili+q)*®*(s,q,w) ‘
= (i4q) D (s,q,w wi wi
_2 itq)lH, <1+10g(pi(i+Q)“¢*(s,q,W))> <d_pi(i+CJ)“'<D*(s,q,W))’
s . . .

wi wi

>

(5.121)

Proof. Taking discrete measure, p — p;, ¢ — ¢; and then using ¢(x) = xlogx in the in-
equality (5.47), then we obtain

dlogd——Zp,log——L y qi (1+10g&> (d&>
On | g On 5 qi

i qi

1< pl
in 1

qi dlogd—— —

__qu' +log? (d__)". (5.122)

ill]

which is equivalent to

dlogd+——d + > gilog
Q 2 L q)

i=1 4
n

qi

dlogd — Piog 2t
qi qi

1

1
Qn,

nj=

Pi Di
,Q_Zq,’lﬂog )d — q)". (5.123)

1,2,...,n,in (5.123), we get (5.121). 0

Putting ¢i = morartgm =
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Theorem 5.60 ([6]) Letn € {1,2,3,...}, t1,to > 0, wi,wp,s1,82 > 0, then for any d €
Ry, we have

i wh (i41)20" (13,50, w2)
L log (Wg(m])s. ¢*(l|,s|,w1))

(i+12)2®*(t2,52,w2)

Wil (i+l2)s2 o* (12,52,W2) Wil (i+l2)52 o* (lz,sz,W2)
wh (i1 )1 (11,51, w1) wh (i1 1 (1y,51,w1)

-1 (i+1)2®*(12,52,w2)

dlogd+1—d(1—

i=1

+H(D",1,5)))

n

>

wi (i+1)"2 & (l2,52,W2)> (df Wl'l(iﬂz)szq’*(lz,Sz,Wz)) ‘

L (1)1 D* (11,51, w1 ) wh (i+11 )51 D* (11,51, w1 )

n w’l‘ (1+10g

_ (5.124)
=i (i 1)1 @* (11,51, w1)
. Wi Wi
PrOOf: Uslng (5123) for Pi = m and qi = m, 1= 1,2,...,11,
we obtain (5.124). O

Theorem 5.61 ([6]) Lerne€{1,2,3,..}, ¢ >0, w,s,q; >0, i=1,2,..,nwith Y} ,q; =
Oy, then for any c € R, we have

n

. w'lo
H(®*,1,5)— ), z+q‘®§(csllq W) — Oncloge— (1 —cQy) (1+1logce)
l:l ’

n

wi log(m>

>\ qi . —clogc‘
i:zl l qi(l+q)sq)*(quvw)
Wi
~ 1 +loge fc‘ . (5.125
e e o il

Proof. Taking discrete measure, p — p;, ¢ — ¢; and then using inequality (5.50) for ¢ (x) =
xlogx, we obtain

o, Zpllog—l —cloge — <g —c) (I+1logce)

1

1 +logc| &
> | g |2qi Pi
in' l

5 bi c" (5.126)

—log fclogc —

l

qi

i

m,i: 1,2,...,n,1n (5.126), we get (5.125). o

Now putting p; =
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Theorem 5.62 ([6]) Lerne{1,2,3,..},¢g>0, wi,wa,s,q;>0,i=1,2,...nwith ¥ | gi=
Oy, then for any c € R, we have

)
w2

log(w)

n
—H(®",11,51) —cloge — (1) (1+1
'2 l+t1 Sld)*(tl slawl) ( ’ 1751) clogce ( C)( + OgC)

i=1

i | wy i+t 2 @* 1,52,W2 wih i+t 2.p* 1,52,W2

1 [ ) o (G )} g
wh (i+11) 1@ (t1,51,w1) wh (i+11)"1D* (11,51, w1)

=X

= (i+1)2®*(1,52,w2)

i wi (t+lz)‘2 D*(tp,52,w72) C’

& le wh (411 ) 1D*(t1,51,w1)
— |1 +loge B Satiid (5.127)
sl 2 o (s
. Wi Wi .
PrOOf: Uslng (5126) for Pi = m and qi = m, 1= 1,2,...,7’[,,
we get (5.127). O
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and new inequalities of Rényi and Shannon entropies for m-convex function using
Montgomery identity, Lidstone polynomial, Taylor polynomial and Hermite inter-
polating polynomial.

2010 Mathematics Subject Classification. Primary 26D07, 26D15, 26D20, 26D99.
Key words and phrases. m-convex function, Jensen’s Inequality, f- and Rényi divergence, Montgomery identity,
Entropy.

129



130 6 COMBINATORIAL IMPROVEMENTS OF ZIPF-MANDELBROT LAWS...

6.1 Introduction

The most commonly used words, the largest cities of countries income of billionare can be
described in term of Zipf’s law. The f-divergence which means that distance between two
probability distribution by making an average value, which is weighted by a specified func-
tion. As f-divergence, there are other probabilities distributions like Csiszar f-divergence
[19, 20], some special case of which are Kullback-Leibler-divergence use to find the appro-
priate distance between the probability distribution (see [23, 24]). The notion of distance
is stronger than divergence because it give the properties of symmetry and triangle in-
equalities. Probability theory has application in many fields and the divergence between
probability distribution have many application in these fields.

Many natural phenomena’s like distribution of wealth and income in a society, dis-
tribution of face book likes, distribution of football goals follows power law distribution
(Zipf’s Law). Like above phenomena’s, distribution of city sizes also follow Power Law
distribution. Auerbach [5] first time gave the idea that the distribution of city size can
be well approximated with the help of Pareto distribution (Power Law distribution). This
idea was well refined by many researchers but Zipf [13] worked significantly in this field.
The distribution of city sizes is investigated by many scholars of the urban economics, like
Rosen and Resnick [30] , Black and Henderson [7], loannides and Overman [18], Soo [31],
Anderson and Ge [4] and Bosker et al. [8]. Zipf’s law states that: “The rank of cities with
a certain number of inhabitants varies proportional to the city sizes with some negative
exponent, say that is close to unit”. In other words, Zipf’s Law states that the product of
city sizes and their ranks appear roughly constant. This indicates that the population of
the second largest city is one half of the population of the largest city and the third largest
city equal to the one third of the population of the largest city and the population of n-th
city is % of the largest city population. This rule is called rank, size rule and also named
as Zipf’s Law. Hence Zip’s Law not only shows that the city size distribution follows the
Pareto distribution, but also show that the estimated value of the shape parameter is equal
to unity.

In [21] L. Horvéth et al. introduced some new functionals based on the f-divergence
functionals, and obtained some estimates for the new functionals. They obtained f-di-
vergence and Rényi divergence by applying a cyclic refinement of Jensen’s inequality.
They also construct some new inequalities for Rényi and Shannon entropies and used Zipf-
Madelbrot law to illustrate the results.

Higher order convex function was introduced by T. Popoviciu (see [28, p. 15]). The
inequalities involving higher order convex functions are used by physicists in higher di-
mensions problems. S. I. Butt et al. in their work stated that many of the results are not
true for higher order convex functions which are true for convex functions, which convince
us to study the results involving higher order convexity (see [10]). In [28, p. 16], the fol-
lowing criteria is given to check the m-convexity of the function.

If (") exists, then f is m-convex if and only if £ > 0.
In recent years many researchers have generalized the inequalities for m-convex func-
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tions; like S. I. Butt et al. generalized the Popoviciu inequality for m-convex function

using Taylor’s formula, Lidstone polynomial, montgomery identity, Fink’s identity, Abel-

Gonstcharoff interpolation and Hermite interpolating polynomial (see [9, 10, 11, 12, 13]).
Since many years Jensen’s inequality has of great interest. The researchers have given

the refinement of Jensen’s inequality by defining some new functions (see [16, 17] ). Like

many researchers L. Horvath and J. Pecari¢ in ([14, 17], see also [15, p. 26]), gave a

refinement of Jensen’s inequality for convex function. They defined some essential notions

to prove the refinement given as follows:

Let X be a set, and:

P(X) := Power set of X,

|X |:= Number of elements of X,

N:= Set of natural numbers with 0.

Consider ¢ > 1 and r > 2 be fixed integers. Define the functions

Fo:{l,....q} —{l,....q)7" 1<s<n

Fi{l,....q}" = P({l,....q}" "),

and
T.:P({1,....q}") = P({1,...,q}" "),
by
Fr,S(ilv"'?ir) = (il7i27'"7iS717iS+17"'7ir) ISSSV,
r
Fr(iv,--ir) = (J{Fus(ir,-- i)}
s=1
and
9, [=¢;
T.(I) = U Elit,..osip), [ #¢
(il,....,i,)el

Next let the function
0pi:{l,....q}" =N 1<i<g
defined by
04.;(i1, ... ,ir) is the number of occurences of i in the sequence (iy,...,ir).
Foreach 7€ P({l1,...,q}") let
o= N ot i) 1<i<gq.
(H) Let n,m be fixed positive integers such that n > 1, m > 2 and let I,, be a subset of
{1,...,n}" such that

OCIm,iZI lgzgn
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Introduce the sets [; C {1,...,n} (m—1>1> 1) inductively by
I[,] IZTl(I[) leZZ

Obviously the sets /; = {1,...,n}, by (H;) and this insures that oy, ; = 1(1 <i <n). From
(Hy) wehave oy, ; > 1(m—1>1>1,1<i<n).
For m > 1> 2, and for any (ji,...,j;_1) € [;_1, let

G, (i di—r) =Gy i) k) < {1, Fr (i) = (-0 Ji-1) )

With the help of these sets they define the functions 1y, ; : I; — N(m > [ > 1) inductively
by
nl,,l,m(ila---»im) =1 (i],...,im) Elm;

M d—1(J1s - Jim1) = D Nt (155 07).

m—1)! )
Gy = Dy (In, X153 X0, DL - Pns f) o= <(l 0! Y Mylins. i)
(il,...,i[)GII
L opy
Y s
L P 21 Oy
.21 O, i f L pi;
S 2 G

and prove the following theorem.

Theorem 6.1 Assume (H,), and let f: I — R be a convex function where I C R is an

n
interval. If x1,...,x, € and p1,..., p, are positive real numbers such that Y, p; =1, then
i=1
n n
f 2 Dsxs | < er{m,m < dm,mfl <...< VQ{m,Z < vdm,l = Zpsf (xs) . (6.1)
s=1 s=1

We define the following functionals by taking the differences of refinement of Jensen’s
inequality given in (6.1).

O,(f) :,Qfm,—f<ilpsxs>, r=1,...,m, (6.2)
5=
Ox(f) = Gr— i, 1<r<k<m. (6.3)
Under the assumptions of Theorem 6.1, we have
0,(f)>0, i=1,2. (6.4)

Inequalities (6.4) are reversed if f is concave on I.
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6.1.1 Inequalities for Csiszar divergence

In [19, 20] Csiszar introduced the following notion.

Definition 6.1 Let f:RT — R be a convex function, letv=(ry,...,r,) andq=(q1, - .- ,qn)
be positive probability distributions. Then f-divergence functional is defined by

n 7
I¢(r,q) := Y qif (—l> : (6.5)
i—1 qi
And he stated that by defining

£(0):= lim f(x); w(%) —0; Of(%) = lim xf(%), a>0, (6.6)

x—0+t x—0F
we can also use the nonnegative probability distributions as well.
In [21], L. Horvath, et al gave the following functional on the based of previous definition.

Definition 6.2 Let I C R be aninterval and let f : I — R be a function, letx = (r1, ... 1)
eR"and q=(qi,...,qn) € (0,00)" such that

IR

el, s=1,...,n
qs
Then they define the sum as I}-(r, q) as
. z T
Ir(r,q) =Y q.f | =) 6.7)
s=1 qs

We apply Theorem 6.1 to I7(r,q)

Theorem 6.2 Assume (H;), let I C R be an interval and let v = (ry,...,r,) and
q=(q1,...,qn) are in (0,%)" such that

s
—el, s=1,...,n
qs

(i) If f : I — R is convex function, then

A = Ty ! ) :
b =Yar(2)> = G S sl

l i 221% e\ &
(2 qij )f % 2___2.)0(%)2%. (6.8)
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If f is concave function, then inequality signs in (6.8) are reversed.
(ii) If f : I — R is a function such that x — xf (x)(x € I) is convex, then

(im)f(ilﬁ) SS% 2 T]["l7l(i1,...,i[)

s=1 © (i yenip)EL
1 Zl' 1 rij Zl' 1 rij n
qi; J=1 Oy is J=1 Oy i T s
(2 5 - ) ; q,-j] f 711 <. <Y S (-S) =liqr(r,q) . (6.9)
j=1 S 2}':1 i j 21 10"m ij = ‘]S
Proof. (i) Consider ps = ,—q and x; = ;z in Theorem 6.1, we have
n
@ (m—1)! o
f(Z —>§---§7 N (i)
s=1 2?:1 s 9s <l - 1)' (i|,...,i])€]]
‘Iij
q; . z?:lqi rl_]
[ s 2 Oy 4 nog .
2 s=19s f J= <...< (2. (6.10)
. ql
Jj=1 alm-,lj Z" 1‘1z s= 121 19s qs
j:l a’m,l]

And taking the sum Y|_, ¢; we have (6.8).
(if) Using f :=idf (where “id” is the identity function) in Theorem 6.1, we have

il%)ﬁvf(ipvxv) ... %( 2 nlm,l(ily---ail)

- i15ed] ) EDp
! i l Pi:
J .
Pi- jfl a1y, ij J jzl a’m-ij xlj n
j ! / I <...= 2 PsXsf (Xs). (6.11)
j=1 a’maij z Pij 2 Pi; =
= A i
J=1 7 j=1 J

Now on using ps = <*— and x; = =, s=1,...,n, we get
Zszlqs qs

2 an rif(z nqs E)SS% 2 Tllm,z(h,...,iz)
T (

s=1 23:1 qs qs s=1 ~s=1 qs qs it,ei))EDL
q,'- . q,'j .
9i; e T DTN
J L
d Y1 s 2] ! a’”‘ ij i z] Loy, 4 dij
2 . qi; f q; .
j=1 a’ma‘j + 4—
2 1115 2 q 19s
j=1 azmlj j=1 azmlj
n
qs Iy
2 <—> . (6.12)
o—1 25=19s QS qs

On taking sum Y;_, ¢, on both sides, we get (6.9). O
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6.1.2 Inequalities for Shannon Entropy

Definition 6.3 (SEE [21]) The Shannon entropy of positive probability distribution
r=(ry,...,ry) is defined by

— i rslog(ry). (6.13)

Corollary 6.1 Assume (H;).
) Ifa=(q1,---,qn) € (0,00)", and the base of log is greater than 1, then

1 m—1)! . .
_ 2 gslog(gs) <...< ((l—il))' 2 N2 (i1,- - 07)
s=1 : (il,...,il)GI[

! . ! .
qi; qi;
log <...<log ( > q (6.14)
(,»21 %J,-) (,21 %J,-) X195 Z: "

If the base of log is between 0 and 1, then inequality signs in (6.14) are reversed.
(i) If = (q1,---,qn) is a positive probability distribution and the base of log is greater
than 1, then we have the estimates for the Shannon entropy of q

H(qg)<...<—

(m—1)! Y . .
nlm,l(llv' .. 7”)
(=1t (it sy €Dy

(i q—?)log(i L) <...<log(n). (6.15)

j=1 OCI,,l,lj j=1 OCIm,lj
Proof. (i) Using f :=logandr = (1,...,1) in Theorem 6.2 (i), we get (6.14).

(if) It is the special case of (i). a

Definition 6.4 (SEE [21]) The Kullback-Leibler divergence between the positive proba-
bility distribution v = (r1,...,ry) and q = (q1,. .. ,qn) is defined by

)= rilog (’-) . (6.16)
s=1 qi
Corollary 6.2 Assume (H;).

(i) Letr = (rq,...,1y) € (0,00)" and q = (q1,.-.,qn) € (0,00)". Ifthe base of log is greater
than 1, then

u oy (m—1)! . .
1 B )<< (it
> og(Z leqs> (=1 (i’Z Ny (i1, 1)

= s=1 1seensi ) ED
l‘l'. I l‘l'j
l . 2 1 2 i=1 o - n
qi; Jj= (o7 ] Ol i : g
Yy — L log | —FE | <. < XY rlog [ 2). (6.17)
=1 Qb i i % O — o qs
J j=1 (X[m z] j=1 a’"*-ij
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(if) If r and q are positive probability distributions, and the base of log is greater than 1,
then we have

m—1)! . .
D(r,q)ZZ (l 1)' 2 T]]m,[(ll,...,ll)
( o ) (i1,-501 )€
rl-. I l‘l'j
1o, Yo 1 Yo
(2 q’f}) 7t |log | 5L | =20 (6.18)
j=1 O i 2 j=1 a,m i 2z j=1 a,"l{l.j
If the base of log is between 0 and 1, then inequality signs in (6.18) are reversed.
Proof. (i) On taking f :=log in Theorem 6.2 (ii), we get (6.17).
(if) It is a special case of (i). a

6.1.3 Inequalities for Rényi Divergence and Entropy
The Rényi divergence and entropy come from [29].

Definition 6.5 Lerr:= (ry,...,ry) and q :=(q1,...,qu) be positive probability distribu-
tion, and let A > 0, A # 1.
(@) The Rényi divergence of order A is defined by

1 i A\
D;.(r,q) := 5—log (2% (;-) ) : (6.19)
i=1 l

(b) The Rényi entropy of order A of r is defined by

i=1

1 n
H,(r):= -7 log (2 l) . (6.20)

The Rényi divergence and the Rényi entropy can also be extended to non-negative prob-
ability distributions. If A — 1 in (6.19), we have the Kullback-Leibler divergence, and if
A — 11in (6.20), then we have the Shannon entropy. In the next two results, inequalities
can be found for the Rényi divergence.

Theorem 6.3 Assume (H,), letr = (ry,...,ry) and ¢ = (q1,...,qn) are probability dis-
tributions.
(i) If 0 < A < u such that A, # 1, and the base of log is greater than 1, then

<

I
Nt (i1s-- 05 07) (2
(i 711 JEL
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<...<Dy(r.q). (6.21)

The reverse inequalities hold if the base of log is between 0 and 1.
(ii) If 1 < u and the base of log is greater than 1, then

I%OJ)DUﬂ)imk%(%>
— ! Ii.
..§“1110g<(m D! D nlm,l(ila---»il)<2 ’ )

IN

(= (it st €, =1 Ot
! Fi. Fi.
=) % o (1)
exp jfl <...<Dy(r.q), (6.22)
rl-j
jgl i j

where the base of exp is same as the base of log, and the reverse inequalities hold if the

base of log is between 0 and 1.
(iii) If 0 < A < 1, and the base of log is greater than 1, then

Dy (r,q) <...<

A—1 (l o 1)' (i1ye-si ) EL j=1 Oclmal] é li;
A Oy i
j:l "l)]
<...<Di(r,q) (6.23)
—1
Proof. By applying Theorem 6.1 with I = (0,00), f : (0,00) = R, f(¢) := 121
A—1
s
Ps=Ts, Xgi= (—> , s=1,...,n,
qs
we have
n ry A % n ry A—1 L:;
qs — = re | —
v:zll S<qs> gzzll S(‘Is)
u—1

=
<
\—/
~
| ™M~
S
Bl
&
YN
S
~_
>~
|
~
L

n A—1\ Z=1
g...gzn,((ﬁ) ) , (6.24)
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ifeither0 <A <1< forl <A <u,and the reverse inequality in (6.24) holds if 0 < A <
B < 1. By raising to power M%’ we have from all

1

(21q(q_)l> <.<

/- A\ AT\ AT
5 - ()
m—1)! . . Long j=1 i \ ¥
<l 1)' 2 nlm,l(llv"'vll) (2 - ) !
(I—1) ( Jen

T (g yeensd] Jj=1 alm’ij

1
1 1

n A—1 ﬁ:} K n u\ w—1
s I's
<...< er<<—> ) (2%(—)> : (6.25)
—1 qs s—1 qs

Since log is increasing if the base of log is greater than 1, it now follows (6.21). If the
base of log is between 0 and 1, then log is decreasing and therefore inequality in (6.21) are
reversed. If A = 1 and 8 = 1, we have (ii) and (iii) respectively by taking limit. a

Theorem 6.4 Assume (H,), letr = (ry,...,ry) and ¢ = (q1,...,qn) are probability dis-
tributions. If either 0 < A < 1 and the base of log is greater than 1, or 1 < A and the base
of log is between 0 and 1, then

v

! r\* T
Aqu(—“) 10g(—“>§...§
n (ﬁ) s—1 qs qs
s:lqs qs

1 m—1)! -
A ((l— 1))v Y i)
(A’ o 1)2?:] qs (ﬁ) C (i yenip) €D

7.
j:] ml
zl: ri; , A-1
1 (m — 1)' . . / ri. =1 O"m‘ij ai;
[ 2 T’Im,l(l],...,ll) (2 j IOg
e e VI Zoa, T
h [0
j=1 "4
<...<Di(r,q). (6.26)

The inequalities in (6.26) are reversed if either 0 < A < 1 and the base of log is between 0
and 1, or 1 < A and the base of log is greater than 1.
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Proof. We prove only the case when 0 < A < 1 and the base of log is greater than 1 and the
other cases can be proved similarly. Since ﬁ < 0 and the function log is concave then

A-1
choose I = (0,0), f :=log, ps = rs, X5 1= (;—i) in Theorem 6.1, we have

D) = g 3 n) lliﬁkil
A )q - )L -1 g sZIqS qs A. —1 Og Sv:lrs gs

I\
Pl
L (m—1)! A Z @\,
S SR> ’”"»ml(lh---»lz)<2 —log |
©(iyenip) €L j=1 aImslj 2 rlj
j=1 %mij
1 s Al < s
<...< 1 erlog (—) = erlog (—) =D(r,q) (6.27)
Tt s=1 qs s=1 qs

and this give the upper bound for D, (r,q).
Since the base of log is greater than 1, the function x — xf(x) (x > 0) is convex therefore
ﬁ < 0 and Theorem 6.1 gives

Dy(ra) =5 1_ 7 log (;nllqs (%)l>
i ;zllqs(g)l) <.:leqs(§>x>‘°g (é%&)l)

l 7
. . . lj
A — 2 nlm,l(llv"'all) (2 )
A—1 (2?1‘15' (%> > =Dt (ir,eeni) €Dy j=1 P

J lo J _
Lot ¢ Loy -
jgl Ay, ij jgl a[m.ij
1 (m—1)! . .
n RVANENIE 2 Mt (i1 r)
A—=113014s (cTi) (i15-it) €l
l ) A—1
A1 v (l>
[ Tij Tij j=1 Fmiij \ i
D - log l
j=1 %nij \ 4i D "ij
j— al"l‘ij
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n /l*l )L*]
rs Ty 1
S3(p) w(y) e
S (%)
1 n A
=Y (ﬁ> log <ﬁ> (6.28)
qs qs

Sia(2)
which give the lower bound of D, (r,q). a

Y]
Y

By using the previous results, some inequalities are Rényi entropy are obtained. Let

1= (,ll, ey ,ll) be a discrete probability distribution.

Corollary 6.3 Assume (H;) and let p = (p1,...,pn) and q = (q1,-..,qn) are positive
probability distributions.
(D) IfO<A < u, A, u # 1, and the base of log is greater than 1, then

1 m—1)! : .
H)L(p)zz 110g<(l 1)' 2 nlm,l(ll7"'7ll)
= (-1 (i1 5y ) €D
Lo )L:i

J

Lon jgl i

x| ) > ... > Hy(r) (6.29)

i1 OC]mJ'. 1 ri.
J J 2 J

j=1 Hmi

The reverse inequalities holds in (6.29) if the base of log is between 0 and 1.
(ii) If 1 < u and base of log is greater than I, then
4 1 m—1)! ) )
Hir) ==Y log(p) > .. > log(n) + —— log <(l DS i)
s=1 M (=1 (i1 EL
ri.
Loon, (k- 1)j§1 O"mj-"j tog (nri
Y — | exp ; > ... > Hy(r), (6.30)
j:l a[ﬂhij 2 rij
j=1 mij

where the base of exp is same as the base of log. The inequalities in (6.30) are reversed if
the base of log is between 0 and 1.
(iii) If 0 < A < 1, and the base of log is greater than 1, then

I
> —L
1 m—1 ' . . l I, i—1 alm-lj
MMEMET—%I; Y mmmmm(za?»%’,_
(i iy )ED j=1 Pm:ij D i)
j=1 %mi;
> ... >H(r). (6.31)

The inequalities in (6.31) are reversed if the base of log is between 0 and 1.
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Proof. (i) Suppose q = % then from (6.19), we have

s=1

1 L 1 L
D, (r,q) = 7 log (2# 1,5) =log(n) + Tqlos (2 r§> , (6.32)
s=1
therefore we have
1
H, (r) =log(n) — Dy (r, H) (6.33)

Now using Theorem 6.3 (i) and (6.33), we get

1 1
H)L(I') = log(n) *DA (I', H) Z 2 log(n) — ﬁ
=1
LA\ AT
D
_ m—1)! . . ! ri. i—1 alm,lj
R v .
( o ). (i1, ) EL Jj=1 alm’lj 2 rlj
A Oy i
j=1 """
>...>log(n) —Du(r,q) = Hyu(r), (6.34)
(if) and (iii) can be proved similarly. a

Corollary 6.4 Assume (H)) andletr = (ry,...,ry) andq=(qi,...,qn) are positive prob-
ability distributions.

If either 0 < A < 1 and the base of log is greater than 1, or 1 < A and the base of log is
between 0 and 1, then

I 3 1 (m—1)!
rlog(ry) > ... > 1)
=N G a2
[
r)‘ J
1 A T
D Y )log | n* “1] i > H, (r)
j=1 a["hij 2 rij
j=1 Y
o
1 m—1)! . . [ ri. = Oty i
22—17 <(ll))' 2 T]]m,l(lh,__’ll)(zalj'>]0g ]l .
e Ama) | § n
j:1 mJj
>...>H(r). (6.35)

The inequalities in (6.35) are reversed if either 0 < A < 1 and the base of log is between 0
and 1, or 1 < A and the base of log is greater than 1.

Proof. The proof is similar to the Corollary 6.3 by using Theorem 6.4. O
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6.2 Inequalities by Using Zipf-Mandelbrot Law

The Zipf-Mandelbrot law is defined as follows (see [26]).

Definition 6.6 Zipf-Mandelbrot law is a discrete probability distribution depending on
three parameters N € {1,2,...,},q € [0,00) and t > 0, and is defined by

1

f(s;N,q,t) = m, s=1,...,N, (6.36)
where
ool
Hyq1 = /Z’l T (6.37)

For g = 0, the Zipf-Mandelbrot law becomes Zipf'’s law.

Conclusion 6.1 Assume (H}), let r be a Zipf-Mandelbrot law, by Corollary 6.3 (iii), we
get. If 0 < A < 1, and the base of log is greater than I, then

Hl(r)zl_l/llog( : i 1)M>Z“'21L((7_11));! X Malinoi)

A/ —
Hy g 551 (s+q A © ()€l
L 1
: | W
20( '(i'+ )H log H/lfl l
j=1 K \1j T )N g1 Nat Y 1
21 Wi 1j=0)°

> .2

“ Hyg: & (s+q) +log(Hy4:) = H(r). (6.38)

The inequalities in (6.38) are reversed if the base of log is between 0 and 1.

Conclusion 6.2 Assume (H,), let ry andr; be the Zipf-Mandelbort law with parameters
N €{1,2,...}, q1,q2 € [0,) and 51,5, > 0, respectively, then from Corollary 6.2 (ii), we
have If the base of log is greater than 1, then

r1 rz 2": 0og < (s - qZ)ZZHquz,ﬁ >
7 s=1 S+CI1 llHN#h N (s+q1)llHN7qul

1

( 1)' l — L 1 4(ij+ql)tlHN"ll-f1
m— . . . (ij‘l‘QZ)tzHN,qz‘tz = almij
ZZ (lfl)' . 2 7’]['"71(11,...,11) 2 o1 tl
(i1t €L Jj=l ol zl (ij+02)2Hy g5 1
ji Ay i ;

J
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1

o o

21 (ij+a1) VHN g 1
]:1 almJj

log : >...>0. (6.39)

PR
21 (ij+42)2HN g, 1y
]:1 al"lrij

The inequalities in (6.39) are reversed if base of log is between 0 and 1.

Under the assumption of Theorem 6.2 (i), define the functionals as follows.

03(f) = mﬁ?lf<2:;—1;"> Yan r=l...m (6.40)
s=195/ =1
O4(f) = Dt — %,,EI,,L 1<r<k<m. (6.41)
where
[ L
1 m—1)! . Log Yj-1 i
"Q{”[“’;:(l—l)' N (i Jl)(Z ]'> — !
( ) (ll ..... 11)611 j=1 a’mJj 2 Qtj
j=1 Y

Under the assumption of Theorem 6.2 (ii), define the functional.

Os(f) = - (2 rs> f (%) . or=1,...,m, (6.42)
s=1 23:1 qs
O6(f) = Sy — oy, 1 <r<k<m. (6.43)

ri.

l J
[ (m—1)! . . ! qi; 21':1 Oty i 2/:1 061,,,1,1']-
42{»1,r = 2 771,,1,1(11,---»11) 2 ‘/i,' f qi

—1)! 4 . l l
(=1 (im0 €L j=1 Fdj 2j:l T 21’:1
"]

Under the assumption of Corollary 6.1 (i), define the following functional.

0:(f) = A+ Y qilog(q), r=1,....n (6.44)
i=1
Os(f) = Ay —Apy, 1<r<k<m. (6.45)

where

—(m—1)! L ij L ij
A;['S]r = ﬁ(' 2 nlm,z(il»---»iz)<2q—]> 10g<2q—]>-

j=1 O i j=1 O,y i
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Under the assumption of Corollary 6.1 (ii), define the following functionals.

Oof) =Anr—H(q), r=1,....m (6.46)
_ A8 4
O10(f) =Amr—A, 1 <r<k<m. (6.47)
where
W _ —(m—-1)! N Log;
Am,r = ﬁ 2 nlm,l(llv"'all) 2 — log 2 — .
( o ) (i1ye-si ) EL j=1 Ima’j Jj=1 Im;lj
Under the assumption of Corollary 6.2 (i), let us define the functionals.
5 n n T
011(f) :A,,”—erlog Zlogn— ,r=1,....m (6.48)
s=1 s=1 s=19s
On(f) = Any—APl 1<r<k<m. (6.49)
where
(m—1)! ! S &, St
—\m— ! . . qi; J=1 oy, i J=1 oy, i
AEL:W 2 771”1,1(117---71!) (Z o lj' ) ] q,-jj log 17%']-]
T (inedn)ED j=1 Pl 2;:1 Wis Zj:l Wi

J

Under the assumption of Theorem 6.3 (i), consider the following functionals.

O13(f) = AL?,]r—D;L(r,q), r=1,....m (6.50)
Ou(f) = A~ A% 1<r<k<m, (6.51)
where
6] (m—1)! . Loy
Am,l = ]0g< 2 nlm,l(llv--- ll) 2
1 (l 1)' (ll,...,il)GII j=1 OC[m lj

Under the assumption of Theorem 6.3 (ii), consider the following functionals

@15(f):A,[Z},.—D1(r,q), r=1,....m (6.52)
O16(f) = Ay — Al 1<r<k<m. (6.53)
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where

[7] - 1 (m—l)! . . L Ti;
Apy = “110g<(ll)! ' 2 Niya (015 -+ 5i1) 2 :

=1 Ot

(= o (7

145

exp

r,~.

z/ Vo, i

Under the assumption of Theorem 6.3 (iii), consider the following functionals

®l7(f) A'[E]r Dk(r;q)? r:]‘?"'?m

Os(f) =Anr— A, 1<r<k<m.

where

j=1 a’m,ij

Under the assumption of Theorem 6.4 consider the following functionals

A
@19(f): ;['g]r ( )?L QS( ) 0 (;—S)7r:]?__.?m
n Is s=1 s

S*lqs qs

©20(f) :A}['z]r AL]k, I1<r<k<m.
O1(f) = Dy(r,q)—Ah,, r=1,....m
Oxn(f) = A;['r]lor]_ALior], 1<r<k<m.
Ox(f) = A%Or] —A,[g}r, 1<r<k<m.
Oxu(f) = AL”] D;(r,q), r=1,....,m
O2s(f) = Di(r,q)— Ay, r=1,....m
Ox(f) = Di(r,q)—Ahy, r=1,...,m
©27(f) = Di(r,q) — D; (r,q)
where
o _ 1 (m—1)! . i (7
Am’r - ()L_l) ?:1% (%l) (lil)! (il,...,zil)ell nlmJ(ll?m’ll) j; Ollm,ij (lﬁj

L \A-l
l J '
! Lo 2]:1 Ol i s <IIT)
D Tllm,l(il,---ail)<2 - >log 5 o

(6.56)

(6.57)
(6.58)
(6.59)
(6.60)
(6.61)
(6.62)

(6.63)
(6.64)

A-1
; >
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A1
$ o (n
j=1 %ty \ %

log ; , (6.65)
rl-j
jgl m i
[ . A—1
£ - ()
1 (m—1)! , N =1 %mij \ 9
ALif)r] 2 1(1 1)v 2 nlm,l(ll»---vll)<2 lj, >1°g : I
N ( - (i1,--ir) €l j=1 X ij D i)
j=1 mij

Under the assumption of Corollary 6.3 (i), consider the following functionals.

(1]

Os(f) = H ( )= Amp, r=1,....m (6.66)
O9(f) = AEnk], 1<r<k<m. (6.67)
O30(f) = Hx( ) — Hy(r) (6.68)
031(f) = —Hy(r), r=1,....m (6.69)
where
A ! log<(m1)! S i) (21: i )
p—1 (=1 (y i€l =1 Chi

ﬁ‘i
zl "ij r’lj
j=1 Ot ij \ i}

l
21 1 oc/,,,z

Under the assumption of Corollary 6.3 (ii), consider the following functionals

(12]

O3(f) = H(r)—Apy, r=1,....m (6.70)
Ox(f) = Ay —Al) 1<r<k<m. (6.71)
©34(f) = H(r) — Hy(r) (6.72)
Oss(f) = AW —Hu(r), r=1,....m (6.73)
where
[12] 1 (m—1)! ) . Loon
Ay =log(n) + 10g< N i) [ Y,
l—u (-1 (i1y0ensit)EL j=1 i
(u— 1)]2,1 almfl_j log (nr,])
exp ;
ij
j§1 i
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Under the assumption of Corollary 6.3 (iii), consider the following functionals.

Os(f) = Hy () —AMY, r=1,....m (6.74)
O37(f) = Ay —ALL, 1<r<k<m. (6.75)
@3g<f) = H)L (I‘) —H(I‘) (676)
O30(f) = Amt —H(x), r=1,....m (6.77)
where
1 rl?‘v
D
]3] 1 (m — 1)' . . ! r,-j j=1 lm,lj
Am,r = —F 2 7’]1"171(11,...,1[) 2 log
=4 (-1 (iy,eomit)EDy =1 X 21: Wi
j:l al"lrij
Under the assumption of Corollary 6.4, defined the following functionals.
) L $2 by
10 = —ﬁ s og(rs)—Am,r r:1,...,m (678)
s=175 5=1
On =AM Al 1<r<k<m. (6.79)
@42 :ALij‘r]—H)L(l'), r:l,...,m (680)
Oun = Hy(r)—Am) r=1,...m (6.81)
@44 = H, (r) —H(r) (6.82)
O = A ALY, 1<r<k<m. (6.83)
O = Any —H(r), r=1,....m (6.84)
where
o
1 (m—1)! Y U =y
A[léﬂ = 2 T]lm‘l(l],... ll) 2 / log }’l/l !
! (A-DEE, it (=1 (i)l =1 i é i
h Oy i
]:1 m,1
1 (m—1)! . : Long j=1 Y
Agsr] = ———= Y mylit,...0) (2 ’ >log
=4 (I=1)! (itoit)El =1 % 21: a”’j
S O i

~
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6.3 Generalization of refinement of Jensen'’s,
Rényi and Shannon type inequalities
via Green Function

In [6], the green function G : [0, 0] X [, 0] — R is defined as

(u—ap)(v—0q) .
, 0 <v <

G(M,V) = { ( 7062)7(?1 ) (685)
e u<v < o,

The function G is convex with respect to v and due to symmetry also convex with respect
to u. One can also note that G is continuous function. In [32] it is given that any function
f:lon, 0] — R, such that f € C? ([, a]) can be written as

Flu) = OZ Z:Obzlf(ocl)+ ;‘2__(21 flon)+ :ZG(u,v)f”(v)dv. (6.86)

Theorem 6.5 Assume (Hy), let f : [0, ] — R be a function where [0, 0] C R be an
n
interval. If x1,...,x, € [0, 0] and p1,...,py are positive real numbers such that 'Y, p; =

i=1
1, then the following statements are equivalent.

(i) For every continuous convex function f : [0, 0] — R

f (2 psxs> < %1,171 < JZ{m,mfl <...< JZ{mQ < JZ{m,l = Zpsf (xs) . (6.87)
s=1 s=1

(if) Forall v € [0y, o]

n
G (2 pi-xi7 V> S Gm,m (Iin7x7P7 V) G) S Gm,mfl (Im;xapa V? G)
i=1

n
< . < Gua(ln,x,p,v,G) < G i (I, x,p,v,G) = zpiG(xi,V) (6.88)
i=1
where
L pi;
Y X
m— 1 ! . . [ pl i—1 al}n‘lj J
GmJ(Imaxapava): (l 1)| 2 n[r;ul(llv---all)(z —J>G 117.,\)
( o ) (i1, €L j=1 aIm Lj 2 plj
Oy i

Proof. First we see that (i) implies that (i7). Let (i) is valid. As the function G(-,v)(v €
[ay,02]) is continuous and convex, so (6.87) holds for the function G(-,v), which is the
required reslut.
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To prove (ii) implies (i), suppose the function f : [, ] — R, such that f is convex
and f € Cz[al , 0], and for 1 < r < k < m consider the difference

z’: Pij
m—1)! . [~ P =1 ity
JZ{m,r*&{m,k = ( Y 2 T’Imsl(ll""’lr) (2 ]. )f jriﬂ
(r=0Y S, j=1 Hni Y ak
j:1 (x[m.lj
k Di:
J
(m—1)! : & Pij El iy
_W 2 T]lmJ(ll,---alk) 2 . f k i
(i) El j=1 > P
S Ol i

Now using the identity (6.86) for the function f on right side of above equation, and after
simple calculation we have

[2%]
%11 - %1,k = / (Gm,r(lmvxa | 1PN G) - Gm,l (Ima x,p,v, G)) f”(v)dv'

ay
As f is convex so f” > 0, since (6.88) is valid so the integrand in the integral of is non-
negative. So the non negativity of the integral give (6.87). O
Remark 6.1 Assume (H)), let f : [0y, 0] — R be a function where [o, o] C R be an
interval. If x1,...,x, € [, 0] and py,. .., p, are positive real numbers such that f‘, pi=1.
(i) If for all v € [oy, o] the inequality (6.88) holds, then -
O:i(f)>0 i=1,...,46.
(if) If for all v € [y, o] the reverse inequality holds in (6.88), then

Oi(f)<0 i=1,...,46.

6.4 Generalization of refinement of Jensen’s,
Rényi and Shannon type inequalities
via Montgomery identity

The Montgomery identity via Taylor’s formula is given in [2] and [3].

Theorem 6.6 Lerm € N, f: 1 — R be such that f"Y) is absolutely continuous, I C R
be an open interval oy, 00 € I, oy < 0. Then the following identity holds

m—2 q/(k+l)(061)(x— al)k+2 m—2 l[/(k+1>(062)(x— Otz)k+2

vl = /a1 "’(”)d”+k§6 kI(k+2)(0n — o) ‘go K(k+2) (0 —an)
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1 *
- R, (m) )
+ (mfl)!/oc. (x,u) "™ (u)du (6.89)
where

ga— m g
(x—u) + X—0g (x_u)m*l7 o Sug_x’.

m(0hHh—0o Oh—O
Rm(x,u) = { ((xiu)ml) X{OCZI m—1 <y <
“intaa) T )", xS us 0.

(6.90)

Theorem 6.7 Lerm € N, f: 1 — R be such that f'"~") is absolutely continuous, I C R
be an interval, oy, 0 € I, ap < 0. Then the following identity holds

1 o m—2 (051 _x)k+2 _ (052 —x)k+2
1= w)du + (k+1) 1
V= o /al w(u) ,Z;)‘V (x) (k+2)1(0n —on)
1 O
+ / R ) (m) d 691
(m—l)' o ()C “)W (M) u ( )
where
R(x,u) = 7"““21*%) (o0 —u), oy Su<x; (6.92)
| 7’”(“2*061)(&27“)7 x<u<o. .

In case m = 1, the sum ZZ’;OZ ... is empty, so (6.89) and (6.91) reduce to well-known
Montgomery identity (see [27])

1 (053 (2%)

10 = ——— [ “pwdr+

o — 0 Joy 0 — 01 Joy

ple,u)f (u)du,
where p(x,u) is the Peano kernel, defined by

{ Aoy <u<x

plx,u) =

u—aohp

-y’
o x<u<op.

We construct the identity for the (6.3) with the help of generalized Montgomery identity
(6.89).

Theorem 6.8 Assume (H,), let f : [o,00] — R be a function where [0, 0] C R be an
interval. Also let x1,...,x, € [0t1,00] and py,...,p, are positive real numbers such that

n
> pi =1, and Ry, (x,u) be the same as defined in (6.90), then the following identity holds.
i=1

PP N~ 1 (k+1) (o — op YTy D)
0N = o 2 (s ) (F el )™ =)

1 @

(m_ 1)! (23]

Proof. Using (6.89) in (6.2), (6.3) and (6.40)-(6.84), we get the result. O

Oi(Rp(x,u)) f"™ (u)du,, i=1,...,46.  (6.93)

xO;((x — az)k“))
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Theorem 6.9 Assume (H)), let f : [0, 0] — R be a function where [0, 0] C R be an
interval. Also let xy,...,x, € [a1, 0] and p1,...,py are positive real numbers such that

n
Y pi=1, and R,y (x,u) be the same as defined in (6.90). Let for m > 2
i=1

O;(Ry(x,u)) >0 forall ue|oy,ap)i=1,...,46.

If f is m-convex such that f""=Y) is absolutely continuous, then

1 m—2 1
0;(f) > - kgo <m> (f(k+l)(a1)®i((x—oc1)k+1)

7f(k+1)(a2)@i(x7a2)k+1> i=1,...,46. (6.94)

Proof. As f"=1) is absolutely continuous on [y, o), therefore ™) exists almost every-
where. As f is m-convex, so f(’")(u) > 0 for all u € [ay, 0p](see [28, p.16]). Hence using
Theorem 6.8, we get (6.94). O

Theorem 6.10 Assume (Hy), let f : [c1,00] — R be a function where [01,05] C R be an
interval. Also let xy,...,x, € [a1, 0] and p1,...,pn are positive real numbers such that

n
Y pi=1let f: o, 0] — R be a convex function.
i=1

(i) If m > 2 is even, then (6.94) holds.
(if) Let the (6.94) is valid. If the function

A= LS (£ e — ) — () (x— o) 2
- A n@i+2)

is convex, then the right hand side of (6.94) is non-negative and
0;(f)>0i=1,...,46.
Proof. (i) The function R, (-,v) is convex (see [12]). Hence for even integer m > 2
O;(Ryn(u,v)) >0,

therefore from Theorem 6.9, we have (6.94).

(if) By using the linearity of ©;(f) we can write the right hand side of (6.94) in the form
©;(A). As A is supposed to be convex therefore the right hand side of (6.94) is non-
negative, so ©;(f) > 0. a

Theorem 6.11 Assume (H,), let f : [0, o] — R be a function where [0, 0] C R be an
interval. Also let xi,...,x, € [0, 0] and py,...,py, are positive real numbers such that

n ~
Y pi =1, and Ry (x,u) be the same as defined in (6.92), then the following identity holds.
i=1

0i(f) = azial 1120 (k!(/:+2)) (@)i(f<k+1)(x)(oc1—x)k+1)—@i(f<’<+'>(x)(a2_x)k+l)
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1 “ ) m .
er/a1 Oi(Rp (e, u)) "™ (u)du i = 1,... ,46. (6.95)

Proof. Using (6.91)1in (6.2), (6.3) and (6.40)-(6.63), we get the identity (6.95). O

Theorem 6.12 Assume (Hy), let f: [ct1,00] — R be a function where [01,05] C R be an
interval. Also let x1,...,x, € [a1, 0] and py,...,py are positive real numbers such that

n
Y pi =1, and Ry, (x,u) be the same as define in (6.92). Let for m > 2
=1

@i(ﬁm(x,u)) >0 forallu€loy, o], i=1,...,46.

If f is m-convex such that f(’”’n is absolutely continuous, then

1 1
) (D) (o @ (kD (o )kl
0Nz 3 (k,(m))(@,(f D) (oa =0 =6 () () )

i=1,...,46. (6.96)

Proof. As 1) is absolutely continuous on [, o], therefore £ exists almost every-
where. As f is m-convex, so f(’”) (u) > 0 for all u € [0y, ap](see [28, p.16]). Hence using
Theorem 6.11, we get (6.96). O

Remark 6.2 We can get the similar result as given in Theorem 6.10.

Remark 6.3 We can give related mean value theorems, also construct the new families
of m-exponentialy convex functions and Cauchy means related to the functionals ©;, i =
1,...,43 as given in [9].

6.5 Generalization of refinement of Jensen’s,
Rényi and Shannon type inequalities
via Lidstone Polynomial

We generalize the refinement of Jensen’s inequality for higher order convex function using
Lidstone interpolating polynomial. In [32] Widder give the following result.

Lemma 6.1 Ifg € C~([0,1]), then
m—1
g =3 [§POF1-0+s O]+ [ G, 5)2 (5)ds

=0

where §; is a polynomial of degree 21 + 1 defined by the relation
So(w) = u, Fp(u) =Fm-1(u), Fn(0) =Fu(1) =0, m>1, (6.97)
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and

_ f(u=1)s, oy <s<u<ap
Gl(”as) —G(M,S) - { (S* l)l/l, o S u SSS o,

. , . . . 2 .
is a homogeneous Green’s function of the differential operator % on [0,1], and with the
successive iterates of G(u,s)

1
Gonli5) = /0 G (1, p)Grr (p.5)dp, m>2.

The Lidstone polynomial can be expressed in terms of G, (u,s) as

1
Sm(u):/O G (u,s)sds.

Lindstone series representation of g € C*"[a, o] is given by

m—1

m—1 —u U—
g(w) = 3 (o — o)™ ()3 ( 2 )+ 2<a2a1>2’g<2”<a2>s,( il )

=0 00— =0 o — oy
) u—o t—o
201 1 1 (1)
o — o G, ,—— t)dt. 6.98
(o - o) /oq 1(042041 Olell)g © (€99

We construct some new identities the with the help of generalized Lidstone polynomial
(6.98).

Theorem 6.13 Assume (H,), let f : [0y, o] — R be a function where [0, 0] C R be an
interval such that f € C*" [0y, 0] for m > 1. Also let x,...,x, € [aq, 0] and py,...,py

n
are positive real numbers such that 'Y, p; = 1, and §,(t) be the same as define in (6.97),

i=1

then
m—1
P — 2K £(2K) , 0 —x
o) = % (ea—an s e (3 (25 ))
S (- e (5 (2=
P 2 —0o)7, 291 (S| oo "
_ a2 X — 0 r— 0o
+(op—a 2"1/ @,-(Gm< ,7>) m) (1)dt,
(0 —ou) . oo W
i=1,2,...,46.  (6.99)
Proof. Using (6.98) in place of f in ©;(f), i =1,2,...,46, we get (6.99). ad

Theorem 6.14 Assume (H), let f : [ct1,00] — R be a function where [01,05] C R be an
interval such that f € C*" [0y, o) for m > 1. Also let xy,...,x, € a1, 0] and py,...,p,
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n
are positive real numbers such that 'Y, p; = 1, and Fn(t) be the same as define in (6.97),
i=1
let form > 1

— l‘_
o (Gm ( Al ;"1)) >0, forall £ € o, o). (6.100)
Oh — 0 Op— O

If f is 2m-convex function the we have

0i(f) > mil(az — o) %0 (o)), (31 ( i ))

k=1 0 — o

Ohp — 0
i=1,2,...,46.(6.101)

Proof. Since f is 2m-convex therefore f(2) > 0 for all x € [0y, o], then by using (6.100)
in (6.99) we get the required result. O

Theorem 6.15 Assume (Hy), let f: [ct1,00] — R be a function where [01,05] C R be an
interval. Also let x1,...,x, € [0, 0] and py,...,p, are positive real numbers such that

n

> pi = L, also suppose that f : [0y, 0] — R is 2m-convex then the following results are
i=1
valid.

(i) If m is odd integer, then for every 2m-convex function (6.101) holds. (ii) Suppose (6.101)
holds, if the function

m—1

m—1 —u u—
A=Y <az—a1>2fg<2”<al>@l( % )+ 3 (o — 0)*s® ()3 ( il )

1=0 00— 0 =0

is convex, then the right hand side of (6.101) is non-negative and we have
©i(f) >0, i=1,2,...,46. (6.102)

Proof. (i) Note that Gy (u,s) <0 for 1 < u,s,< 1 and also note that G, (u,s) < 0 for odd
integer m and Gy,(u,s) > 0 for even integer m. As G| is convex function and G, is
positive for odd integer m, therefore

d2 1 d2

i (Gm(u,s)) = I %Gl (u,p)Gm—1(p,s)dp >0, m > 2.
This shows that G, is convex in the first variable u if m is convex. Similarly G, is concave
in the first variable if m is even. Hence if m is odd then

— l‘ —
®i<an(x “ y “ ))207
Oh — 0O Op— 0
therefore (6.102) is valid.
(ii) By using the linearity of ©;(f) we can write the right hand side of (6.101) in the

form ©;(A). As A is supposed to be convex therefore the right hand side of (6.101) is
non-negative, so ©;(f) > 0. a
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6.6 Generalization of refinement of Jensen’s,
Rényi and Shannon type inequalities
via Taylor Polynomial

In [9], the following functions are consider to generalized the Popoviciu’s inequality, de-
fined as

(w—=v)s = { (—v), v<u;

0, V> u.

The well known Taylor formula is as follows.
Let m be a positive integer and f : [0, ] — R be such that =1 is absolutely continu-
ous, then for all u € [0y, 0] the Taylor’s formula at point ¢ € [, o] is

Fw) =Ty (f;c;u) + Ryu—1(f5c5u),

where

T (ficsu) =),

=0

and the remainder is given by
1 u ( ) 1
Baalfien) = oo [ A 00
- Jc

The Taylor’s formula at point o and o is given by:

m—1 ¢(I) o

flu) = ;()f l(!al)(uocl)urﬁ ; £ (w—0)m Ve, (6.103)
m—1/¢_ 1\l £(I) _1\ym—1 ran

flu) =3, M(az—u)l—i-% £ () ((r—u)™=") dr(6.104)
1=0 : FJay

Theorem 6.16 Assume (H,), let f : [0, 0] — R be a function where [, ap] C R be an
interval. Also let xi,...,x, € [0, 0] and py,...,p, are positive real numbers such that

n
Y. pi = 1. Then we have the following identities:
i=1

G T8

i=1,...,46. (6.105)
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(i)
m—=1 ¢ _ 1\l £(I) _1\ym—1 ro
_ ( l)f (OQ) ) l ( 1) 2 (m) ) m—1
0 = 3, 0 (o) + oy [ @0 (-t
i=1,...,46. (6.106)
Proof. Using (6.103) and (6.104) in (6.3), we get the required result. O

Theorem 6.17 Assume (Hy), let f: [ct1,00] — R be a function where [01,05] C R be an
interval. Also let x1,...,x, € [0, 0] and py,...,p, are positive real numbers such that

n
Y, pi= 1. Let f is m-convex function such that f(m’n is absolutely continuous. Then we
i=1

have the following results:

(i) If
Oi((u—0)"" >0, t€fm,m], i=1,..,46
then
0i(f(u)) > tﬁ: ! (l);!“l)@i (e-en). (6.107)
(ii) If
()" e ((r—u)t ) <0 tefm,m], i=1,...,46
then

D D ()

Oi(f(u)) > 1122 - @i((az—u)l), i=1,....46. (6.108)

Proof. Since f"~1) is absolutely continuous on [o, 0], f (") exists almost everywhere.
As f is m-convex therefore f") (1) > 0 for all u € [0, o). Hence using Theorem 6.16 we
obtain (6.107) and (6.108). O

Theorem 6.18 Assume (H,), let f : [0, 0a] — R be a function where [0, 0] C R be an
interval. Also let xy,...,x, € [0, 0] and py,...,py, are positive real numbers such that
i pi = 1. Then the following results are valid.
i=1

(i) If f is m-convex, then (6.107) holds. Also if fO) (o) >0 forl=2,...,m—1, then
the right hand side of (6.107) will be non-negative.
(ii) If m is even and f is m-convex, then (6.108) holds. Also if f)(c;) <O0forl =2,...,m—
1 and f(l) >0forl=3,...,m—1, then right hand side of (6.108) will be non-negative.
(iii)If m is odd and f is m-convex function then (6.108) is valid. Also lff(l)(OQ) >0 for
1=2,....m—1and f(0n) <O forl=2,...,m—2, then right hand side of (6.108) will
be non positive.
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6.7 Generalization of refinement of Jensen’s,
Rényi and Shannon type inequalities
via Hermite Interpolating Polynomial

In [1], the Hermite interpolating polynomial is given as follows.
Let o, 00 € Rwith oy < o, and o) = ¢ <c¢p < ... < ¢; = 0p(l > 2) be the points. For

f € C*[ay, ] a unique polynomial O’F(,i) (s) of degree (m — 1) exist and satisfying any of

the following conditions:
Hermite Conditions

) ) !
o (c;)=fD(e;); 0<i<ky, 1<j<l, Skj+1=m.
j=1

It is noted that Hermite conditions include the following particular cases.
Lagrange Conditions (I =m, k; =0 for all i)

oL(cj) = flcj), 1<j<m.
Type (¢,m —q) Conditions(I =2, 1 <g<m—1, kj=q—1, kh=m—q—1)

o) (on)=fO(en), 0<i<g—1

ol (@) = O (e), 0<i<m—gq—1.

q.m

Two Point Taylor Conditions (m =2q, | =2, ki =k =g —1)

oip(on) = fV(on), figlon) =9 (e). 0<i<g-1
In [1], the following result is given.

Theorem 6.19 Let —co <oy < 0p <ccand oy < ¢y <cy<...<c;<op (I >2)are the
given points and f € C" (o, 0n)). Then we have

f(u) = on(u) + Ry (f,u), (6.109)
where oy (u) is the Hermite interpolation polynomial that is
1k

on(u) =,

j=1i=0

Hi; () (c));

E
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the H;; are the fundamental polynomials of the Hermite basis given as

1 oW G d ()bt "
Hlj(u)ﬁmkzoﬁm< () > (u—cj)*,  (6.110)

u:Cj
with

(1) =Ty (=),

and the remainder is given by
(2%)
RH(f,M) = GH,nl(Lt,S)f(m) (S)ds7
o

where Gy (1, s) is defined by

3 Z 76175) HH- (u) s <u;
jllO mzl)lzl’ —’7 6.111)

G m(u,s) = o
y ) — )

-3 r+121 OWHU(”)’ s,

forallc, <s<cpp1;,r=0,1,...,1, with co = 0y and c; 11 = 0.

Remark 6.4 In particular cases, for Lagrange condition from Theorem 6.19, we have

f(u) = or(u) +Re(f,u),

where oy (u) is the Lagrange interpolating polynomial that is

23]
with
Ty(cj—s)m! 1 m) s <u;
Gi(u,s) = ﬁ i etk . (6.112)
' 2] r+l( S)milk:}_‘{#j(:]*cfk) » § 2 u.

o <s<c1r=12,....m—1,withc; = a; and ¢;, = i,
for type (g,m — g) condition, from Theorem 6.19, we have

f(u) = O-(q,m)(u) +Rq,m(f7u)v
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where o, ) (1) is (g,m — q) interpolating that is

qg—1 ) m—q—1 )
Olgm ) = 2w f () + D ni(u)fO(en),
i=0 i=0
with
1 i u—0oy mqq L m—q+k—1 u— o k
g (5=) 2 () Gw) e
and

1 i u— o qm=q_ 1= q+k—1 u— 0o k
(u) = —(u— E 6.114
T’l(u) il (M Ol]) (az — 061) Part k o — o ) ( )

and the remainder R, (f,u) is defined as

[0%]

Rigm)(fsu) = . Gym(u,s) £ (s)ds,
with
Sy [z () ()]
pmu L o
G (65) = x (uiajl!)(]n(z(jljjl))! ] l' (cgz:c::l> ! ) oy <s<u< az;(6.115)
| s [ e ()]
x ("70?,)(;(1%?1);7#' (;;Oégl )q, o <u<s<op.

From type Two-point Taylor condition from Theorem 6.19, we have

f(u) = oo (u) + Rar (f,u),

where

g—lg—1—i i q k
- q+k—1 (u—oy) u—0op u—0oy (i)
oor(u) = i;) k:ZO < k ) [ i <a1a2> <a2a1> (o)

(M—Otz)i u—0oq 4 u—0oq k (i)
B i! (OZQOZ]) (OZ]O(Q) f (062)

and the remainder Ry7 (f,u) is given by

(2%
Ror(fou)= | Gor(u,s)f")(s)ds
(%41
with
(=09 m a=1 (q=14j\, _ \a-1-ig§i an <s<u< oo
Gor(u,s) = %2})‘2"’ (M7S)2i;(i(fjl+')(u 5) " '(”»S) 1S5S US 66.116)
(2q71)'5m(”vs)2'7 (q ; J)(sfu)q Ip/(u,s), o <u<s<ap.
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where p(u,s) = %, 8(u,s) = p(u,s) for all u,s € [a, ).

In [6] and [25] the positivity of Green’s functions is given as follows.

Lemma 6.2 For the Green function Gy y(u,s) as defined in (6.111), the following results
holds. (i)

Gum(u,s)

>0 c<u<c, cg<s<q.

GH,n1(u75) <

(iii)
® o (u)

G ds = )
. .m(U,8)ds -

Theorem 6.20 Assume (H,), let f : [0, 0] — R be a function where [ay,05] C R be
an interval. Also let xi,...,x, € [a1,00] and p1,...,p, are positive real numbers such

n
that Y, pi=1. Also let oy =c¢| < cy <...<c; =0 (I >2) be the points and f €
i=1

C"([on,z]). Moreover H;; be the fundamental polynomials of Hermite basis and Gu m
be the green function as defined by (6.110) and (6.111) respectively. Then we have the
following identity.

kj . [¢5)
Oif(w) = X, ¥ fV(c))0i(Hi; (1) + / i (Grin(u,5)) f") (s)ds, i=1,...(66117)
j=1i=0 o
Proof. Using (6.109) and (6.3) and by the linearity of ©;(f) we get the result. O

Theorem 6.21 Assume (H,), let f : [0, 0a] — R be a function where [0, 0] C R be an
interval. Also let xy,...,x, € [0, 0] and py,...,p, are positive real numbers such that

n
Y pi=LAlsoletoy=cy <cy<...<c =0y (I >2)bethe points and f € C" ([, 0]).
i=1

Moreover Hj; be the fundamental polynomials of Hermite basis and Gu gy be the green
function as defined by (6.110) and (6.111) respectively. Assume [ be m-convex function
and

O; (Gam(u,s)) >0 forall s € oy, o], i=1,...,46.,

then

[
@l(f(u)) > 2 f(i)(cj)Gi(Hij(u)), i=1,...,46.
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Proof. Since f is m-convex therefore f")(u) > 0 for all u € [0y, ). Hence on applying
the Theorem 6.20 we get the result. O

Remark 6.5 If (6.118) is reversed then (6.118) is reversed under the assumption of The-
orem 6.21.

By using Lagrange conditions we have the following results.

Corollary 6.5 Ler all the assumption of Theorem 6.20 holds. Let Gy, be a green function
as defined in (6.112). Also f be m-convex function and

0;(Gr(u,s)) >0 forall s€ oy, o], i=1,...,46.,

then

@i(.f(u))zif(i)(Cj)G)i( ﬁ (”Cj)>, i=1,2,....46.

j=1 k=Lk£j \Ci —Ck
On using the type (g,m — g) conditions we have the following result.

Corollary 6.6 Let all the assumption of Theorem 6.20 holds, G, ) be a green function
as defined in (6.115) and v; and n; as defined in (6.113) and (6.114) respectively. Also let
f be m-convex function and

O; (G(%m)(u,s)) >0 foralls€o,m], i=1,...,46.,

then
q—1 ) m—q—1 )
Oi(f(w) > X D (o)0i(m(w)+ D fV(a)Oi(mi(w)), i=1,...,46.
=0 i=0

By using Two-point Taylor condition we can give the following result.

Corollary 6.7 Ler all the assumption of Theorem 6.20 holds, Gor be a green function as
defined in (6.116). Also let f be m-convex function and

0, (Gar(u,$)) >0 forall s€ oy, ], i=1,...,46.,
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Theorem 6.22 Let all the assumption of Theorem (6.20) holds, f : [0, 0] — R be m-
convex function.

(i) If k;j is odd for each j =2,...,l then (6.118) holds.

(if) Let (6.118) be satisfied and the function

1 kj
=X X/
j=li=1

is convex. Then the right hand side of (6.118) is non-negative and we have
Oi(f(u)) >0, i=1,...,46.

Proof. (i) Since kjis odd forall j=2,...,ls0o we have w(u) > 0, we have Gy 2 (u,s) >
0, so Ga s is convex, therefore ©; (G m(u,s)) > 0, using Theorem 6.21, we get (6.118).
(if) Similar to the proof of Theorem 6.10. m]

Theorem 6.23 Assume (Hl), let f : [0, 0] — R be a function where [0, 0] C R be an
interval Also let xy,. n € a1, ap] and py,...,py are positive real numbers such that

Z pi=1. Alsoletoy =c1 <cy <...<c;=0ap (I >2) bethe points and f € C™ ([, 0]).

Furthermore H, » Gy and G be as defined in (6.110), (6.111) and (6.85) respectively.
Then we have

FE2) (cj) Hy, (t)dt

T M\.

062 [
0; (f(u)) :/ Z
/ )) Grm 2 (t,)f™ (s)dsdt, i=1,2,...,46. (6.118)

Proof. Using (6.86) and (6.3) and following the linearity of ©;(.), we have

[2%]

0:((0) = [~ ©1(Glu,n) (1), (6.119)

ay
By Theorem 6.19, f”(¢) can be expressed as

[2%]

[ kj
:22 FAD () + | Gramalt,s) ™ (s)ds. (6.120)
j=1i=0

a

Using (6.120) in (6.119), we get (6.118). o

Theorem 6.24 Assume (H), let f: [c1,00] — R be a function where [01,05] C R be an
interval Also let xy,...,x, € [0, 0] and py,...,p, are positive real numbers such that

2 pi=Ll Alsoletoy =c) <cy<...<c; =0 (I >2) bethe points and f € C"([ay, 0)).

i=1
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Furthermore Hij, G and G be as defined in (6.110), (6.111) and (6.85) respectively. Let
f:lau, ] — R be m-convex function and

o
Oi(G(u,1))GH m—2(t,5)dt >0 t€lay, ], i=1,2,...,46. (6.121)
oy
Then

052

2 (cj)Hy (w)du, i=1,2,...,46. (6.122)

3

Proof. Since the function f is m-convex therefore ") (1) > 0 for all u € [0y, c]. Hence
on applying Theorem 6.23 we obtain (6.122). o

T M\.

ofw) = [ "o,

J o

Theorem 6.25 Assume (Hy), let f: [ct1,00] — R be a function where [01,05] C R be an
interval Also let x1,...,x, € [0, 0] and py,...,p, are positive real numbers such that
2 pi=Ll. Alsoletoy =c) <cy <...<c; =0 (I >2)bethe points and f € C" ([, 05)).

i=1
Let f : [0y, 0] — R be m-convex function then the following holds.

(i) If kj is odd for each j=2,...,l then (6.122) holds.
(ii) Let the inequality (6.122) be satisfied

1

[
=3 I (c)H; () (6.123)

j=1i=0
is non-negative. Then ©;(f(u)) >0, i=1,2,...,46.

Proof. (i) Since G(u,t) is convex and weight are positive, so ©; (G(u,t)) > 0. Also as

kj is odd for all j =2,...,I, therefore o(t) > 0 and by using Lemma 6.2 (i), we have

Gh m—2(u,s) > 050 (6.121) holds. Now using the Theorem 6.24 we have (6.122).

(if) Using (6.123) in (6.122), we get ©;(f(u)) > 0. ad
For the particular case of Hermite conditions, we can give the following corollaries to

above Theorem 6.25. By using type (¢,m — g) conditions we give the following results.

Corollary 6.8 Ler 1;,1; be as defined in (6.113) and (6.114) respectively. Let f : [oy, 0p] —
R be m-convex function.
(i) If m — q is even, then the inequality

2 m—q—1
Oy(f(u)) > / (2 7 t+2 o) + 2 nl(t)f(z+2)( 2)) dt,
Joy i=0
i=1,2,...,46 (6.124)
holds.
(ii) Let the inequality (6.124) be satisfied
q—1 ) m—q—1 )
F() =Y u() /" e+ Y, m() ) (o)
=0 i=0

is non-negative. Then ©;(f(u)) >0, i=1,2,...,46.
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On using two points Taylor conditions we can give the following results.

Corollary 6.9 Let f: [, 0] — R be m-convex function.
(i) If m is even, then

o —1g—i-1 -
o) = [“ocuny 'y (1)

a1 i=0 k=0

(I*OC])i t— 0 a t— 0o k (i+2)
[ i! (061062) (062061) f ' (OC])

PSRV a, . ko
N (t .062) (t oq) (r az)f(’“)(ocz)]dt, i=1.2.....46.

i! Oh — O o — O

(if) Let the inequality (6.125) be satisfied and
q—1lg—i—1 i q k
gtk—1\ | (r—0oy) t—ap t—oy (i42)
F(t) =
v Zf)kz::o ( k )[ 1! o — o o — oy f o)

(l‘*OCz)i r— 0o g 1— 0 k (i+2)
* i! (062—061> <O€1—O€2> f (Olz)

is non-negative. Then ©;(f(u)) >0, i=1,2,...,46.

Bibliography

[1] R. P. Agarwal, P. J. Y. Wong, Error inequalities in polynomial interpolation and their
applications, Kluwer Academic Publishers, Dordrecht/Boston/London (1993).

[2] A. A. Aljinovié, J. Pecari¢, A. Vukeli¢, On some Ostrowski type inequalities via
Montgomery identity and Taylors formula II, Tamkang Journal of Mathematics,
36(4), (2005), 279-301.

[3] A. A. Aljinovi¢, J. Pecarié¢, On some Ostrowski type inequalities via Montgomery
identity and Taylor’s formula, Tamkang Journal of Mathematics, 36(3), (2005), 199—
218.

[4] G. Anderson, Y. Ge, The size distribution of Chinese cities, Regional Science and
Urban Economics, 35(6), (2005), 756-776.

[5] F. Auerbach, Das Gesetz der Bevolkerungskonzentration, Petermanns Geographische
Mitteilungen, 59, (1913), 74-76.



6.7 GENERALIZATION OF REFINEMENT OF INEQUALITIES VIA HERMITE... 165

[6] P. Beesack, (1962) On the Greens function of an N-point boundary value problem,
Pacific Journal of Mathematics, 12(3), 801-812.

[7] D. Black, V. Henderson, Urban evolution in the USA, Journal of Economic Geogra-
phy, 3(4), (2003), 343-372.

[8] M. Bosker, S. Brakman, H. Garretsen, M. Schramm, A century of shocks: the evo-
lution of the German city size distribution 1925-1999, Regional Science and Urban
Economics, 38(4), (2008), 330-347.

[9] S. I. Butt, K. A. Khan, J. Pecari¢, Generaliztion of Popoviciu inequality for higher
order convex function via Tayor’s polynomial, Acta Univ. Apulensis Math. Inform,
42, (2015), 181-200.

[10] S.I.Butt, N. Mehmood, J. Pecari¢, New generalizations of Popoviciu type inequalities
via new green functions and Finks identity, Transactions of A. Razmadze Mathemat-
ical Institute, 171(3), (2017), 293-303.

[11] S. I. Butt, J. Pecari¢, Popoviciu’s Inequality For N-convex Functions, Lap Lambert
Academic Publishing (2016).

[12] S. I. Butt, J. Pecari¢, Weighted Popoviciu type inequalities via generalized Mont-
gomery identities, Hrvatske akademije znanosti i umjetnosti: Matematicke znanosti,
(523=19), (2015), 69-809.

[13] S. L. Butt, K. A. Khan, J. Pecari¢, Popoviciu type inequalities via Hermites polyno-
mial, Mathematical inequalities & applications, 19(4), (2016), 1309-1318.

[14] L. Horvéth, A method to refine the discrete Jensens inequality for convex and mid-
convex functions, Mathematical and Computer Modelling, 54(9-10), (2011), 2451
2459.

[15] L. Horvéath, K. A. Khan, J. Pecari¢, Combinatorial Improvements of Jensens Inequal-
ity / Classical and New Refinements of Jensens Inequality with Applications, Mono-
graphs in inequalities 8, Element, Zagreb (2014).

[16] L. Horvéth, K. A. Khan, J. Peari¢, Refinement of Jensen’s inequality for operator
convex functions, Advances in inequalities and applications, (2014).

[17] L. Horvath, J. Pecarié, A refinement of discrete Jensen’s inequality, Math. Inequal.
Appl. 14, (2011), 777-791.

[18] Y. M. Ioannides, H. G. Overman, Zipfs law for cities: an empirical examination,
Regional science and urban economics, 33(2), (2003), 127-137.

[19] I. Csiszdr, Information measures: a critical survey, in: Tans. 7th Prague Conf.
on Info. Th., Statist. Decis. Funct., Random Process and 8th European Meeting of
Statist., vol. B, pp. 73-86, Academia Prague.



166 6 COMBINATORIAL IMPROVEMENTS OF ZIPF-MANDELBROT LAWS...

[20] 1. Csiszar, (1967) Information-type measures of difference of probability distributions
and indirect observations, Stud. Sci. Math. Hungar, 2, (1978), 299-318.

[21] L. Horvéth, D. Pecaric, J. Pecarié, Estimations of f-and Rényi divergences by using a
cyclic refinement of the Jensens inequality, Bulletin of the Malaysian Mathematical
Sciences Society, (2017), 1-14.

[22] J. Pecari¢, K. A. Khan, 1. Peri¢, Generalization of Popoviciu type inequalities for
symmetric means generated by convex functions, J. Math. Comput. Sci., Vol. 4, No.
6,(2014), 1091-1113.

[23] S. Kullback, Information theory and statistics, Courier Corporation, (1997).

[24] S. Kullback, R. A. Leibler, On information and sufficiency, The annals of mathemat-
ical statistics, 22(1), 79-86.

[25] A. Yu. Levin, Some problems bearing on the oscillation of solution of liear differen-
tial equations, Soviet Math. Dokl. 4(1963), (1951), 121-124.

[26] N. Lovricevic, . Pecaric, J. Pecaric, Zipf-Mandelbrot law, f-divergences and
the Jensen-type interpolating inequalities, Journal of inequalities and applications,
2018(1), (2018), 36.

[27] D. S. Mitrinovié, J. Pecarié, A. M. Fink, Classical and new inequalities in Analysis,
Kluwer, The Netherlands, (1993).

[28] J. Pecari¢, F. Proschan, Y. L. Tong, Convex functions, Partial Orderings and Statisti-
cal Applications, Academic Press, New York, (1992).

[29] A. Rényi, On measure of information and entropy, in: Proceeding of the Fourth
Berkely Symposium on Mathematics, Statistics and Probability, pp. 547-561.

[30] K. T.Rosen, M. Resnick, (1980) The size distribution of cities: an examination of the
Pareto law and primacy, Journal of Urban Economics, 8(2), (1960), 165-186.

[31] K. T. Soo, Zipf’s Law for cities: a cross-country investigation, Regional science and
urban Economics, 35(3), (2005), 239-263.

[32] D. V. Widder, Completely convex function and Lidstone series, Trans. Am. Math.
Soc. 51, (1942), 387-398.

[33] G. K. Zipf, Human behaviour and the principle of least-effort, Cambridge MA edn.
Reading: Addison-Wesley, (1949).



Chapter

Improvements of the
inequalities for the
f-divergence functional with
applications to the
Zipf-Mandelbrot law

Saad Ihsan Butt, Ldszlo Horvdth, Dilda Pecari¢ and Josip Pecari¢

Abstract. The Jensen’s inequality plays a crucial role to obtain inequalities for di-
vergences between probability distributions. In this chapter, we introduce a new
functional, based on the f-divergence functional, and then we obtain some esti-
mates for the new functional, the f-divergence and the Rényi divergence by apply-
ing a cyclic refinement of the Jensen’s inequality. Some inequalities for Rényi and
Shannon entropies are obtained too. Zipf-Mandelbrot law is used to illustrate the
results.

2010 AMS Subject Classification. Primary 26A51, 26D15, 94A17.
Key words and phrases. Convex function, f-divergence, inequalities for f-divergence, Jensen’s inequality, Shan-
non entropy.

The research of the second author has been supported by the Hungarian National Research, Development and
Innovation Office Grant No. KH130513.

167



168 7 IMPROVEMENTS OF THE INEQUALITIES FOR THE f-DIVERGENCE...

7.1 Introduction

Divergences between probability distributions have been introduced to measure the dif-
ference between them. A lot of different type of divergences exist, for example the f-
divergence (especially, Kullback—Leibler divergence, Hellinger distance and total variation
distance), Rényi divergence, Jensen—Shannon divergence, etc. (see [45] and [51]). There
are a lot of papers dealing with inequalities for divergences and entropies, see e.g. [44] and
[50] and the references therein. The Jensen’s inequality plays a crucial role some of these
inequalities.
First we give some recent results on integral and discrete Jensens inequalites. We need the
following hypotheses:

(Hp) Let 2 < k < n be integers, and let py,...,p, and Aq,...,A; represent positive
probability distributions.

(Hy) Let C be a convex subset of a real vector space V, and f : C — R be a convex
function.

(H3) Let (X, %, 1) be a probability space.

Let [ > 2 be a fixed integer. The o-algebra in X! generated by the projection mappings

pro: X' =X (m=1,...,])
Prm (X1, ,X1) = X
is denoted by %'. u'! means the product measure on 4': this measure is uniquely (u is
o-finite) specified by
u' (Byx...xB)):=u(By)...u(B)), Bn€B, m=1,..,I

(Hy) Let g be a u-integrable function on X taking values in an interval I C R.
(Hs) Let f be a convex function on I such that f o g is u-integrable on X.
Under the conditions (Hy) and (H3-Hs) we define

Cint = Cint (f,g,,u,p,l)

k-1
1 goljﬁpw 78 (Xitj)
=y (2 7Lj+1pi+j> /f = pa du" (x1,...,x,), (7.1
J Xn

i—1 \i—0
! Y Ajr1pivj
Jj=0

and forz € [0, 1]

n k—1
Cpar (1) = Cpar (t.f.gu,p,A) == 2 (2 )~j+1pi+j>
i=1 \j=0
k—1
_;0 Aj+1Di+ j8 (Xt j)
= F-0) [gdu [ eon), 02)

1
Xxn _Zolj+1pi+ j X
]:
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where i + j means i+ j —n in case of i+ j > n.
Now we state cyclic renements of the discrete and integral form of Jensens inequality
introduced in [20] (see also [36]):

Theorem 7.1 Assume (Hy) and (H;). If vy,...,v, € C, then

f (2 Pivi> < Cyis = Cais (f,v,p, 1) (7.3)
i=1
k-1
1 .golj+lpi+jvi+j \
= 2 (2 )Lj+1pi+j> f jkfl— < Zpif(vi)
=TS0 ZO)LjJrlPHj =
=

where i+ j means i+ j—n in case of i+ j > n.

Theorem 7.2 Assume (H,) and (H3-Hs). Then

f /gdu gcpar(t)écimé/fogdu, t€10,1].
X X

To give applications in information theory, we introduce some denitions. The following
notion was introduced by Csiszdr in [2] and [37].

Definition 7.1 Lez f:]0,00] — ]0,0[ be a convex function, and let p := (py,...,pn) and
q:= (41, .-,qn) be positive probability distributions. The f-divergence functional is

I1(p.q) :== Y.qif (2—) -
i—1 i

It is possible to use nonnegative probability distributions in the f-divergence func-
tional, by defining

£(0):= lim £(1); Of(g) = 0; Of(g) ::lgl&tf<?), a>0.

Based on the previous denition, the following new functional was introduced in [9].

Definition 7.2 Let J C R be an interval, and let f:J — R be a function. Let p :=
(P1s---,pn) ER", and q = (q1,--.,qn) € ]0,00[" such that

Picy i=1.. . .n (7.4)
qi
Then let

Ir(p,q) := i‘lif (ﬁ)-

i=1 qi
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As a special case, Shannon entropy and the measures related to it are frequently applied in
fields like population genetics, molecular ecology, information theory, dynamical systems
and statistical physics(see [21, 22].

Definition 7.3 The Shannon entropy of a positive probability distributionp := (p1,...,pn)
is defined by

H(p):= *ipilog (pi)-
i=1

One of the most famous distance functions used in information theory [27, 30], mathe-
matical statistics [28, 31, 29] and signal processing [23, 26] is Kullback-Leibler distance.
The Kullback-Leibler distance [13, 25] between the positive probability distributions

p=(pi1,...,pn) and q = (q1,...,qu) is defined by

Definition 7.4 The Kullback-Leibler divergence between the positive probability distri-
butions p := (p1,...,pn) and q = (q1,...,qn) is defined by

n p
l
D(pllg) := ¥ pilog (—) :

i=1 qi
We shall use the so called Zipf-Mandelbrot law.

Definition 7.5 Zipf-Mandelbrot law is a discrete probability distribution depends on three
parameters N € {1,2,...}, g € [0,o0] and s > 0, and it is defined by

1
iN,q,s) i = ————, i=1,...,N,
f(i:N.q.s) (T s
where
N
Hy,6:= ) ——.
N.q,s kzzll(k_i_q)s

If ¢ =0, then Zipf-Mandelbrot law becomes Zipf’s law.

Zipf’s law is one of the basic laws in information science and bibliometrics. Zipf’s law
is concerning the frequency of words in the text. We count the number of times each word
appears in the text. Words are ranked (r) according to the frequency of occurrence (f).
The product of these two numbers is a constant: r- f =c.

Apart from the use of this law in bibliometrics and information science, Zipf’s law
is frequently used in linguistics (see [39], p. 167). In economics and econometrics, this
distribution is known as Pareto’s law which analyze the distribution of the wealthiest mem-
bers of the community (see [39], p. 125). These two laws are the same in the mathematical
sense, they are only applied in a different context (see [42], p. 294).

The same type of distribution that we have in Zipf’s and Pareto’s law can be also
found in other scientific disciplines, such as: physics, biology, earth and planetary sciences,
computer science, demography and the social sciences. For example, the same type of
distribution, which we also call the Power law, we can analyze the number of hits on web
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sites, the magnitude of earthquakes, diameter of moon craters, intensity of solar flares,
intensity of wars, population of cities, and others (see [48]).

More general model introduced Benoit Mandelbrot (see [46]), by using arguments on
the fractal structure of lexical trees.

The are also quite different interpretation of Zipf-Mandelbrot law in ecology, as it is
pointed out in [47] (see also [43] and [52]).

7.2 Estimations of /- and Rényi divergences

In this section we obtain some estimates for the new functional, the f-divergence func-
tional, the Sannon entropy and the Rényi divergence by applying cyclic renement results
for the Jensens inequality. Finally, some concrete cases are considered, by using Zipf-
Mandelbrot law.

It is generally common to take log with base of 2 in the introduced notions, but in our
investigations this is not essential.

7.2.1 Inequalities for Csiszar divergence and Shannon entropy

In the first result we apply Theorem 7.1 to IAf(p,q).

Theorem 7.3 Let 2 < k <nbeintegers, andlet A := (Ay,...,A) be a positive probability
distribution. Let J C R be an interval, letp := (py,...,pn) €ER", andlet = (q1,...,qn) €
10,00[" such that

Picy i=1,..n
qi

(a) If f:J — R is a convex function, then

Ir(p,q) = Yaif (%)
i=1 i

i=1
2 A 1dit - >f| 5| 2a (7.5)
=0 Y Aj1Gitj Yai | =
J=0 i=1

)

i=1

k-1 n
k—1 z /1j+lPi+j Zpi n

If f is a concave function, then inequality signs in (7.5) are reversed.
(b) If f : J — R is a function such that x — xf (x) (x € J) is convex, then

# . Di
i=1 !
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n _ ZO)L]HPlﬂ ZP[ n
=) (2 Aj Hp,ﬂ) flg—— | 25— | 2p- (7.6)
= i=1

=0 T Aj41qitj D
j=0 i=1

Ifx — xf (x) (x €J) is a concave function, then inequality signs in (7.6) are reversed.
In all these inequalities i+ j means i+ j —nin case of i+ j > n.

Proof. (a) By applying Theorem 7.1 with C:=J, f := f,

we have

—1
kz 2 qi+j Pitj
P JH17n di+j

; 3 2.4
§ (2%)'2 Z%H e

AR S )| Sy
- qi
i=1
k=1
0 Aj+1Di+j
Jj=0
= (2}%161#1) N
= Y Ajr1qitj
j=0
n
Zpi n
=1
>f| 5| Xaw
Yai | !
i=1
(b) We can prove similarly to (a), by using f :=1id;f.
The proof is complete. O

Remark 7.1 (a) Csiszdr and Korner classical inequality for the f-divergence functional
is generalized and refined in (7.5).

(b) Other type of refinements are applied to the f-divergence functional in [40], [41]
and [35].

(c) For example, the functions x — xlogy, (x) (x > 0, b > 1) and x — xarctan (x) (x € R)
are convex.
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‘We mention two special cases of the previous result.
The first case corresponds to the entropy of a discrete probability distribution.

Corollary 7.1 Ler2 <k <nbe integers, andlet A := (Ay,...,A) be a positive probability
distribution.
(a)Ifq:=(q1,--.,qn) €]0,[", and the base of log is greater than 1, then

n
— Y qilog(q:)
i=1

k-1 - .
<= (2}“1#1%4;') log (2 lj+161i+j> <log nn Y qi. (7.7)
=1 \j=0 =

—1 \ j= i—0 i=1
i Jj 2‘1[ i
i=1

If the base of log is between 0 and 1, then inequality signs in (7.7) are reversed.
(b)Ifq:=(q1,...,qn) is a positive probability distribution and the base of log is greater
than 1, then we have estimates for the Shannon entropy of q

n k—1 k—1
H(q)<—-Y (2 )Lj+1%'+j> log (2 )LJ'H‘]!'H) < log(n).

i=1 \j=0 j=0

If the base of log is between 0 and 1, then inequality signs in (7.7) are reversed.
In all these inequalities i+ j means i+ j — n in case of i + j > n.

Proof. (a) It follows from Theorem 7.3 (a), by using f :=logand p := (1,...,1).
(b) It is a special case of (a). O

The second case corresponds to the relative entropy or Kullback-Leibler divergence
between two probability distributions.

Corollary 7.2 Let2 <k <nbeintegers, andlet A := (Ay,...,A) be a positive probability
distribution.

(a) Let p:= (p1,...,pn) €0, and q := (q1,--.,qn) € ]0,o0[". If the base of log is
greater than 1, then

Y pilog (’;—) (7.8)

i=1 l

k—1 n
= ZO%'HPHJ' >ril o,
= ~
22(2/1”11?1-”)10% - >log | 57— | X pi- (7.9)
=TV Y Aj+1giv Nagi | =t
j=0 i=1

If the base of log is between 0 and 1, then inequality signs in (7.9) are reversed.
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(b) If p and q are positive probability distributions, and the base of log is greater than
1, then we have

_ 2 Aj+1pt+j
D(plq) > Zl (2/1,+1p,+,> log 27 > 0. (7.10)
= 2 )L]+1%+j

If the base of 1og is between 0 and 1, then inequallty signs in (7.10) are reversed.
In all these inequalities i+ j means i+ j —nin case of i+ j > n.

Proof. (a) We can apply Theorem 7.3 (b) to the function f := log.
(b) It is a special case of (a). O

Remark 7.2 We can apply Theorem 7.3 to have similar inequalities for other distances
between two probability distributions.

7.2.2 Inequalities for Rényi divergence and entropy

The Rényi divergence and entropy come from [49].

Definition 7.6 Ler p := (p1,...,pn) and q:= (qi,-..,qn) be positive probability distri-
butions, and let o > 0, ot # 1.
(a) The Rényi divergence of order o. is defined by

1 " A\
Da(p,q) := —— log (2%’(%) ) (7.11)
i=1 4

(b) The Rényi entropy of order o of p is defined by

alog (;pi ) ) (7.12)

The Rényi divergence and the Rényi entropy can also be extended to nonnegative prob-
ability distributions.

If @ — 1in (7.11), we have the Kullback-Leibler divergence, and if ¢ — 1 in (7.12),
then we have the Shannon entropy.

In the next two results inequalities can be found for the Rényi divergence.

He (p) =

Theorem 7.4 Let 2 < k < n be integers, and let A := (Ay,..., Ax), p:= (p1,-..,pn) and
q:=(q1,---,qn) be positive probability distributions.
(a)If0< o < B, a, B # 1, and the base of log is greater than 1, then
=

N o—1 o—
n k—1 2 A’j+lpl+] (Cl+1>
D < 1 A =0 : 7.13
(X(paq) = ﬁ 1 og 2 2 j+1Pi+j —1 ( . )
i=1

~
J ZOMHPH j
iz
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< Dg(p,q)

The reverse inequalities hold if the base of log is between O and 1.
(b) If 1 < B, and the base of log is greater than 1, then

Di(p.q) =D (pllg) = szlog< )

k

(B-1) 2 hjiipisjlog (B4
> exp ;
2 Aj1Ditj
j=0

< B—1 log 2 <Zﬂ'j+1pl+j

< Dg(p,q),

where the base of exp is the same as the base of log.
The reverse inequalities hold if the base of log is between 0 and 1.
(¢)If 0 < a < 1, and the base of log is greater than 1, then

Dq(p,q)

3

i=1

ZA i+1Di+j 1 SDl(paq)

oc o—1 —
Y Ajr1pivj
=0

i oa—1
( _ ) jZOAjJr]pth (%ﬂ)
log

The reverse inequalities hold if the base of log is between 0 and 1.
In all these inequalities i + j means i+ j — n in case of i+ j > n.

Bt
Proof. (a) By applying Theorem 7.1 with C :=10,00[, f :]0,00[ = R, f(¢) :=t T,

we have

A\ o
n k—1 2 A’j+1pl+} <q1+j> n ) ﬁ,]
<X (2 %Hp,ﬂ) = <3 pi <&) (7.14)
=1 \J= Y Aji1pivj
=0

if either 0 < o <1 < f orl<a<f,and the reverse inequalities hold in (7.61) if 0 <
o < f < 1. By raising the power ﬁ, we have from all these cases that

1

Ba(2))"
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1
-1 —
NG

<3

i=1

21 i+1DPi+j —1
= Y Ajr1pivj
=0

(3 () ) (3 2))

Since log is increasing if the base of log is greater than 1, it now follows (7.13).

If the base of log is between 0 and 1, then log is decreasing, and therefore inequality
signs in (7.13) are reversed.

(b) and (¢) When o = 1 or B = 1, we have the result by taking limit.

The proof is complete. O

[

Theorem 7.5 Let 2 < k <n be integers, and let A := (A1,..., M), p:= (p1,...,pn) and
q:=(q1,--,qn) be positive probability distributions.

If either O < o0 < 1 and the base of log is greater than 1, or 1 < o and the base of log
is between 0 and 1, then

Wlilpi (%)allog (%) < (a_l)i;i(ﬂ)al X

2 Aj j+1Pi+j ( H])OFI

qi+j

n k—1 oa—1
XZ(ZMpr(’q’ f) >log < Dy(p,q) (7.15)

2 Aj1Ditj
=0

n
S 2| XApi = < Di(p.q)
i=1

= 2 Ajv1Ditj
=0

oa—1
_ 2 )'j+lpl+](§ij>
( >log

If either 0 < a0 < 1 and the base of log is between 0 and 1, or 1 < o and the base of
log is greater than 1, then the reverse inequalities holds.
In all these inequalities i + j means i+ j — n in case of i+ j > n.

Proof. We prove only the case when 0 < o < 1 and the base of log is greater than 1, the
other cases can be proved similarly.

Since 5 1 < 0 and the function log is concave, we have from Theorem 7.1 by choosing
C:= ]O,oo[ f:=log,
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that
1 n i a—1
D = 1 (B
o(p,q) = —— log Zpl(qi)

i=1

ZAJ‘FIPH'] —1
= Y Aji1pivj
j=0

1 n pi o—1 n pi
< — ilo = = ilog (| — | = D1(p,
_a_ll_;p g (qi> l;lp g(qi) 1(p,q)

and this gives the desired upper bound for D (p,q).
Since the base of log is greater than 1, the function x — xlog (x) (x > 0) is convex, and

therefore ﬁ < 0 and Theorem 7.1 imply that

Dy (p,q) := al, plog (,.Izllp" (%)al>

n
)
i=1

Ot

—1 " a—1
( _ > jZo/lﬁlpzﬂ (qﬂ)
log

i=1

2 P 2 <2A’j+1plﬂ> X

(o —I)ZP (&) v
: o—1
2 Aj+1Pt+/ ‘I+J 2 AjJrllerJ q,+j)
X
2 )L]+1pl+j 2 )L]+1pl+j

n

Aj+1Dit
(O‘—I)ipi(sl)allzl<2 1p (

j=0

k—1
Y Ajr1pivj
Jj=0

N o—1
2 )L]+1pl+j (q1+11)
>log
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which gives the desired lower bound for D (p,q).
The proof is complete. g

Now, by using the previous theorems, some inequalities of Rényi entropy are obtained.

Denote % = ( 1 ,ll) be the discrete uniform distribution.

PR
Corollary 7.3 Let 2 < k < n be integers, and let A := (Ay,..., Ax) and p := (p1,...,Pn)
be positive probability distributions.

(a) If0< o < B, a, B # 1, and the base of log is greater than 1, then

B1

k—1 a—

1 n (k=1 EO)LJHP%J

Hy (p) > —p log 2 Z%‘Hpiﬂ F E— > Hg (p).
=1 \Jj=0 _Zoijﬁpiﬂ

]:

The reverse inequalities hold if the base of log is between 0 and 1.
(b) If 1 < B, and the base of log is greater than 1, then

H(p) = _iPiIOg (pi) > log(n)
i=1

n
log 2

i=1

Z)L]+1Pl+j

k—1
Y Ajr1Divj
Jj=0

k—1
_ (ﬁ - 1) ;0/1;'+1Pi+j10g (”Pi+j)
( ) exp =

> Hg (p),

where the base of exp is the same as the base of log.
The reverse inequalities hold if the base of log is between 0 and 1.
(c)If0 < a < 1, and the base of log is greater than 1, then

1 o [kl EO)'JHPHJ

Hy (p) > 1o (2 /1;+1Pt+1> log P > H(p)
=V ZO)'HIPiJrj

j=

The reverse inequalities hold if the base of log is between 0 and 1.
In all these inequalities i + j means i+ j — n in case of i+ j > n.

n
[ log (21??) :
i=1

Proof. If q =1, then
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and therefore ;
Ho.(p) =log (n) — Da(p, ). (7.16)

(a) It follows from Theorem 7.4 and (7.16) that

He (p) =log(n) — Da(p, %)

ﬁ_*}

n 2 A’j+]pl+j

5| 13 () | 227

=0 2 )L’]+1pl+j

1
2 log(n) —Dg(p, ) = Hp ().
(b) and (c) can be proved similarly.

The proof is complete. O

Corollary 7.4 Ler 2 < k < n be integers, and let A := (Ay,..., &) and p :== (p1,...,pn)
be positive probability distributions.

If either 0 < a0 < 1 and the base of log is greater than 1, or 1 < o and the base of log
is between 0 and 1, then

1 1
i log(pi) = log (n) — ————=—x

Zp“’ ! (c—1) Y p¥

n _ gOAJﬂLlpth
] O T P e LG
=1 \j=0 gofljﬂptﬂ

k-1
1 n k—1 Zolj+1pﬁj
J
2T 0. (2 )~j+lPi+j> log| "/— [ =H(p)
=1 AJ=0 _ZO)LjJrlPHj
]:

If either 0 < o0 < 1 and the base of log is between 0 and 1, or 1 < o and the base of
log is greater than 1, then the reverse inequalities holds.
In all these inequalities i + j means i+ j — n in case of i + j > n.

Proof. We can prove as Corollary 7.3, by using Theorem 7.5. O

We illustrate our results by using Zipf—-Mandelbrot law.
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7.2.3 Inequalities by using the Zipf-Mandelbrot law

We illustrate the previous results by using Zipf-Mandelbrot law.

Corollary 7.5 Let p be the Zipf-Mandelbrot law as in Definition 10.1, let 2 < k < N be
integers, and let A == (Ay,...,A) be a probability distribution. By applying Corollary 7.3
(c), we have:

If0 < a < 1, and the base of log is greater than 1, then

N
o= (= e

N,q,si=1 (i + q)(xs

kLA

1
1—

n (k-1 Iy 1 5 ita®
O B e L e B
o2 \j=o (i+j+q) Hyg,s Hy s ¥ Ajrl

=0 (ia)”
. N log(i+q)
- HN7q7Si:1 (l—"—q)g

The reverse inequalities hold if the base of log is between 0 and 1.
In all these inequalities i+ j means i+ j —n in case of i+ j > n.

+log(Hyqs) =H(P)

Corollary 7.6 Ler p; and py be the Zipf-Mandelbrot law with parameters N € {1,2,...},
q1, q2 € [0,00[ and sy, s3 > 0, respectively, let 2 < k < N be integers, and let A :=
(A1, ..,Ak) be a probability distribution. By applying Corollary 7.2 (b), we have:

If the base of log is greater than 1, then

N . N
1 (i+q2)"” Hy g5,
D(pi|p2) =Y — log <(i+ql)s. HNZZ iz
[ s ) 541551

k

N (k=1 1 j:()}'j“ (i+)+q1) T Hy g, 5,
> A —— lo >0. (7.17)
2 Jgo a (l"']"'%)s1 Hy g, s, 5l 1

j=0 J+1 (H’J‘f’qZ)SZ HN,qz.SZ

If the base of log is between 0 and 1, then inequality signs in (7.17) are reversed.
In all these inequalities i+ j means i+ j —nin case of i+ j > n.
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7.3 Cyclic improvemnts of inequalities for entropy
of Zipf-Mandelbrot law via Hermite interpolating
polynomial

In order to give our main results, we consider the following hypotheses for next sections.
(M) Let I C R be an interval, x := (x,...,x,) € I" and let py,...,p, and Ay,..., A rep-
resent positive probability distributions for 2 < k < n.

(M) Let f : I — R be a convex function.

Remark 7.3 Under the conditions (M), we define

J (f) Jl X pv)t’ f sz xl Cdis(faxapax)

JZ(f):Jl(Xapax;f) —Cdts(fax pa (21’1)@)

where f : I — R is a function. The functionals f — J,(f) are linear, u = 1,2, and Theorem
7.1 imply that
Ju(f)>0, u=1.2

if f:1 — R is a convex function.
Assume (H;) and (H3-Hs). Then we have the following additional linear functionals

J3(f) :J3(f7g7:u7p)2’) = /‘fogd:uicim (f)gnuap)ﬂ’) Z 07
X

J4(f) :J4(tafagnuapaﬂ') = /.fogdu7C,Dar(t7f7ga,u'7p72’) ZO’ re [071]7
X

Js(f)=Js(t, f.g, 1, A) = Cins (f,8,14,P;A) — Cpar (1, f, 8,14, P,A) >0, 1 €[0,1],

Jﬁ(f):‘,6(tafaghuapax)' pal (t fvg ‘Ll,p,)L /gd.u* >0 te[ovl]-
Forv=1,...,5, consider the Green functions G, : [ot, 0] X [0, 0p] — R defined as
(0p—2) (0 —7) .
_ ) Tama o sTsZm
Gi(z,r) = { (“2;:’),(3171), i<r<a (7.18)

op—r ap <r<gz

o —2z, 2<r<a. (7.19)

Ga(z,r) = {
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_Jz—0p, 0 <r<g

G3(z,r){r_a27zgr§a2. (7.20)
_Jz—ou, o <r<g

Gy(z,r) = { o 2 <1< oy (7.21)
_Joo—rn o <r<gz

Gs(z,r) = { 2 << o (7.22)

All these functions are convex and continuous w.r.t both z and r (see [33]).

Remark 7.4 The Green’s function G (-, -) is called Lagrange Green’s function (see [34]).
The new Green functions G, (+,-), (v =2,3,4,5), introduced by Pecari¢ et al. in [33].

For I = [a, 0], consider the following assumptions .
k—1
_goljﬂﬂwzz'ﬂ
(A1) For the linear functionals J,(-) (u = 1,2), assume that =Z——— € [, o] for
go)LjJrlPiJrj

i=1,...m

k-1
X Ajerpirjf(zie))

(Ay) For the linear functionals J,(+) (u = 3, ...,6), assume that = - € [og, ]
_20 Avi1Pitj
=

fori=1,...m.

7.3.1 Extensions of cyclic refinements of Jensen’s inequality
via Hermite interpolating polynomial

The proof of the results of this section are given in [16]. We start this section by
considering the discrete as well as continuous version of cyclic refinements of Jensen’s in-
equality and construct the generalized new identities having real weights utilizing Hermite
interpolating polynomial.

Theorem 7.6 Let mk €N, py,...,pm and Ay, ..., Ax be real tuples for 2 < k < m, such
k=1 m k

that Y, Ajy1piyj#Ofori=1,...mwith ¥, pi=1and ¥ A;=1. Alsoletz € [o,00] CR
j=0 i=1 j=1

and z € [0, 00]™. Assume f € C"[ay, o] and consider interval with points —es < o) =
by <by-- < b =0 < oo (l > 2) such that f(OCl) = f(OCz), f/(Otl) =0= f/(OQ) and
Gy, (v=1,...,5) be the Green functions defined in (10.4)—(7.22), respectively. Then for
u=1,...,6 along with assumptions (A,) and (A;), we have the following generalized
identities:

(a)

w=10=0

Tu(f(2)) = i Zw £ (o), (ch(z)> +7Ju (Gy,n(z, r)) D (ar. (7.23)
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(b)
Ju(f(2)) = 7‘21,, (Gv(z, r)) wztll ;iof(cru) (bo)How (r)dr
" 7 27 2"” <Gv (&, r)> Grna(r,&) " (§)dEdr (1.24)

where Hgso are Hermite basis and GH,n(z, r) be the Hermite Green function (see

[32]).

Now we obtain extensions and improvements of discrete and integral cyclic Jensen type
linear functionals, with real weights.

Theorem 7.7 Consider f be n-convex function along with the suppositions of Theorem
7.6. Then we conclude the following results:

(a) If forallu=1,...,6,

Ju (GH,n (Z, I‘)> > 07 re [OZ] R 062] (7.25)

holds, then we have

2 2 119 (Haw< )) (7.26)

w=10=0
foru=1,...,6.
(b) Ifforallu=1,...,6 andv=1,...,5

Ju (Gv(z, r)) >0, re oy, ) (7.27)

holds, provided that s, is odd for each ® =2,3,4,--- ,t, then

/Ju <Gv 7 > D 2 £ (by)Hoe (r)dr. (7.28)

w=10=

foru=1,...,6.

(c) If (7.27) holds for all u =1,...,6 and v =1,...,5, provided that sy is odd for
each @ =2,3,4,--- .t — 1 and s; is even then (7.28) holds in reverse direction for
u=1,...,6.

We will finish the present section by the following generalizations of cyclic refinements of
Jensen inequalities:
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Theorem 7.8 If the assumptions of Theorem 7.6 be fulfilled with additional conditions
m
that py,...,pmand Ay, ..., A be non negative tuples for 2 < k < m, such that ¥, p; =1 and

i=1
k
Y Aj = 1. Then for y : [0y, ] — R being n-convex function, we conclude the following
j=1
results:
(a) If (7.26) is valid along with the function

Sw

= 3 3 Howl@ ) b0). (7.29)

w=10=0

to be convex, the right side of (7.26) is non negative, means

L(y)>0, u=1,..6. (7.30)

(b) If 54 to be odd for each w =2,3,4,--- ¢, (7.28) holds. Further

2 2 How(r) {17 (by) > 0. (7.31)

w=10=0

the right side of (7.28) is non negative, particularly (7.30) is establish for all u =
,6andv=1,...,5.

(c) Inequality (7.28) holds reversely if s, is odd for each w =2,3,4,--- ;t — 1 and s; is
even. Moreover, let (7.31) holds in reverse direction then reverse of (7.30) holds for
allu=1,...,.6 andv=1,...,5.

7.3.2 Cyclic improvements of inequalities for entropy
of Zipf-Mandelbrot law via Hermite polynomial

Remark 7.5 Now as a consequences of Theorem 7.7 we consider the discrete extensions
of cyclic refinements of Jensen’s inequalities for (u = 1), from (7.26) with respect to n-
convex function f in the explicit form:

k—1
m m (k-1 ,gofljﬂptﬂzw
Zpif(zi) _Z <2 )Lj+1Pi+j> f jk,l— >
o A Y Ajr1Dit
j=0
t S
> Y [P (ba) | %
w=10=0
k—1
m k—1 'gokjﬂLlpH»jZH’j
Pilloo (zi) — 2 (2 lj+1p,+]> Hsq Fk—l— , (7.32)
i=1 i=1 \j=0

Y Ajr1pivj
=0
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where Hg(, are Hermite basis.

Theorem 7.9 Let mk € N (2 < k <m), Ay,...,A be positive probability distributions.
Letp:= (p1,...,pm) ER™, and q:=(q1,...,qm) € (0,00)™ such that

Pi €la, ), i=1,....m.
qi

Also let f € C"|oy, 0] and consider interval with points —eo < o) = by < by < by =
0 < oo, (t > 2) such that f is n-convex function. Then the following inequalities hold:

—1

m k—1 2 A’j+1pl+}
zf~<p,q>zz<zx,~+1q,-ﬂ>.f i

i—1 \j=0
J Aj1qivj

»—AO

j=0
13

(Z 2 £ )
w=10=
m Di m (k=1 _§0/1/+1pz+;
Y ¢iHsw (q—l) -y (2 Atj+1‘]i+j> Hg 2717 . (7.33)
=1 Y EEA=o Y Aj+1Giv;
j=0
Proof. Replacing p; with ¢g; and z; with % for (i=1,...,m)in (7.32), we get (7.33). O

We now explore two exceptional cases of the previous result.
One corresponds to the entropy of a discrete probability distribution.

Corollary 7.7 Let m,k € N (2 <k <m), Ay,..., A be positive probability distributions.

(@) IFQ:= (41, ,dm) € (0,5)" and (n = even), then

Z%lnqz > 2 (2/1 +1qz+j> In (2/1 +1q,+]>
(2555
1

m m [ k—1 1
Y diHow (—) - <2 Amqiﬂ) Hoo | 4 | |- (734

=1 i/ =i
: =V Y Ajr1qitj
J=0

(b) If q:=(q1,--.,qm) is a positive probability distribution and (n = even), then we get
the bounds for the Shannon entropy of q.
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m
H(q) < - 2 Z)L]+1%+j In ZAJﬁquH'j
i=1
1)!
3 § Ce )
w=10=0

m 1 m k—1 1
Y ¢iHsw <q_) -y (2 Atj+1‘]i+j> Hoo | 7m— [ |- (735
= Yo EEA=0 Y Ajs1givj
=0
If (n = odd), then (7.34) and (7.35) hold in reverse directions.
Proof.

(a) Using f(x) := —Inx and p := (1,1,...,1) in Theorem 7.9, we get the required re-
sults.

(b) It is a specific case of (a).
O

The second case corresponds to the relative entropy or Kullback—Leibler divergence
between two probability distributions.

Corollary 7.8 Let m,k € N (2 <k <m), A,...,A be positive probability distributions.
(@) Ifq:=(q1,---,qm),P := (P1,---,Pm) € (0,00)™ and (n = even), then

m _ m k=1 2 Aj+1qt+j
D qiln (&> >y (2 lj+1qz'+j> In ,17 +
=1 b =1 AJ=0 2 )L]+1pl+j
(5,527
w=10=0
k—1
m _ m Y Ajr1pivj
qiHse <&) 2 <2A'j+l%+j> Hse ;:(1)7 . (7.36)
=1 “ro= Zolj+1qz'+j
j=

(b) If If q:= (q1,---,qm),p := (P1,...,Pm) are positive probability distributions and
(n = even), then we have

+

k-1
m e _EO)LH»IQHj
D(q| p) 22(2%+1qm>1 _

Y Ajr1pitj
=
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(EE0)

k—1
m pi m k—1 jzo)tj+1pi+j
Y difloo (—) - kaqlﬂ Hoo | ' | |- (73D
=1 ' =1 \j=0 2 Ajr1giv

If (n = odd), then (7.36) and (7.37) hold in reverse directions.
Proof.
(a) Using f(x) := —Inx in Theorem 7.9, we get the desired results.

(b) It is particular case of (a).

O
Letme {1,2,...},¢ >0, s> 0, then Zipf-Mandelbrot entropy can be given as:
s &ln(i+1)
Z(H,t,s) = : +1n 7.38
(Ho19) = g 3 e+ ) (738)
Consider .
qi = f(izmt,s) = (7.39)

(1) Hmss)
Now we state our results involving entropy introduced by Mandelbrot Law:
Theorem 7.10 Let m,k € N (2 <k <m), Ay,..., A be positive probability distributions

and q be as defined in (7.39) by Zipf-Mandelbrot law with parameters m € {1,2,...}, ¢ >0,
d > 0. For (n = even), the following holds

)
m [k—1 Ajjtl N 1 k—1 Aijl B
= _i:I <2 ((l+]+C) Hm,c,d)) : <Hm,c,d12) ((iJerrt)S))

j=0
v (=1%o - < .
(2 0'2::0 (bw)c ) (2 l+C) nzcd)HGw (((l+c)de’c’d)>> *

i=1

QD% -DN [ & (S Aj1 1
(wzlczo (bo)® ) ;(,20((14-]4-6) mCd))HGw ’E‘ At

=0 ((H‘j+c>de‘c‘d)

(7.40)

If (n = odd), then (7.40) holds in reverse direction.
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Proof. Substituting this ¢; = in Corollary 7.7(b), we get the desired result.

L
((i+c)dH a)
Since it is interesting to see that Z qi = 1. Moreover using above g; in Shannon entropy

(7.3), we get Mandelbrot entropy(7 38). O

Corollary 7.9 Ler m,k € N (2 <k <m), Ay,...,A be positive probability distributions

and for cy,cy € [0,00), dy,dy >0, let Hyeray = W and Hy, ¢, 4, = m. Now using
1 1 , .
qi = m and Pi = m mn Corollary 78(1?), with (n = even),
then the following holds
= 1
D(q || p) 2 ln <l+C2) mC2;d2
( +C1) mC|,d| (l+C1) mC|,d|
k—1 3 1
=D 21 Aji1 1 ;Eo P o) e, 4
= n
i=1 (l+]+C1) mcl,dl kil)', { 1
j=0 h (i+j+02)d2Hm.c2.d2

o Se m ((l+C2) mcz,dz)
(wzlczo ) (;21 l+c1) leqdl)HGw (((1+Cl) Hm,q,ah)))

(EEEEEY)-

S P S

m (k-1 A’j+1 j§0 J+1 (i+j+c) Hye1
2 2 = Hso P (7.41)

i=1 <l+]+C1) mC|,d| 2)' l+

o T it jre2) 2 Hy ey

If (n = odd), then (7.41) holds in reverse direction.

Remark 7.6 It is interesting to note that, in the similar passion we are able to construct
different estimations of f-divergences along with their applications to Shannon and Man-
delbrot entropies using the other inequalities for n-convex functions constructed in Theo-
rem 7.7 for discrete case of cyclic refinements of Jensen inequality.

Remark 7.7 We left for reader interest to construct upper bounds for Shannon, Relative
and Mandelbrot entropies by considering Type(n,n — 11)C and Two-point TC instead of
HC in the above results.
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7.4 A refinement and an exact equality condition for
the basic inequality of f-divergences

Measures of dissimilarity between probability measures play important role in probability
theory, especially in information theory and in mathematical statistics. Many divergence
measures for this purpose have been introduced and studied (see for example Vajda [14]).
Among them f-divergences were introduced by Csiszar [2] and [37] and independently
by Ali and Silvey [1]. Remarkable divergences can be found among f-divergences, such
as the information divergence, the Pearson or y2-divergence, the Hellinger distance and
total variational distance. There are a lot of papers dealing with f-divergence inequalities
(see Dragomir [39], Dembo, Cover, and Thomas [4] and Sason and Verdu [50]). These
inequalities are very useful and applicable in information theory.
One of the basic inequalities is (see Liese and Vajda [45])

Dy (P,Q) > f(1).

In this section we give a refinement and a precise equality condition for this inequality.
Some applications for discrete distributions, for the Shannon entropy, and some examples
are given.

7.4.1 Construction of the equality conditions and related
results of classical integral Jensen’s inequality

The classical Jensen’s inequality is well known (see [7]).

Theorem 7.11 Let g be an integrable function on a probability space (Y, 2,V) taking

values in an interval I C R. Then / gdv lies in 1. If f is a convex function on I such that

Y
fogis v-integrable, then

7 ./‘gdv < /fogdv. (7.42)

Y Y

The following approach to give a necessary and sufficient condition for equality in this
inequality may be new. First, we introduce the next definition.

Definition 7.7 Ler (Y, %, V) be a probability space, and let g be a real measurable func-
tion defined almost everywhere on Y. We denote by essint, (g) the smallest interval in R

for which
v (g € essinty (g)) = 1.
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Remark 7.8 (a) Obviously, the endpoints of essint, (g) are the essential infimum
(essinfy (g)) and the essential supremum of g, and either of them belong to essint, (g)
exactly if g takes this value with positive probability.

(b) It is easy to see that either essint, (g) = / gdv » (in this case g is constant v-a.e.)
Y

or /gdv is an inner point of essint, (g).

Y
(c) The interval essinf, (g) is connected with the essential range of g, but not the same

set (for example, the essential range of g is always closed, and not an interval in general).

Lemma 7.1 Assume the conditions of Theorem 7.11 are satisfied. Equality holds in (7.42)
if and only if f is affine on essinty (g).

Proof. 1t is easy to see that the condition is sufficient for equality in (7.42).
Conversely, if essint, (g) contains only one point, then it is trivial, so we can assume
that m := /gdv is an inner point of essint, (g). Let
Y

LR—R, 1(0)= £} (m)(t—m)+ f(m).

If f is not affine on essinty, (g), then by the convexity of f, there is a point #; €essint,, (g)
such that f(7;) > [(7;). Suppose t; > m (the case #; < m can be handled similarly).
Since f is convex, f(r) >1(r) (t€I) and f(t) >1(¢) (t €1, t >1). It follows by us-
ing v(g >1) >0, that

/fogdv: /fogdv—i— /fogdv
Y

(8<t1) (8>11)

> /logdv+ /fong>/long=f(m)»
(g.<l|) (g>11) Y

which is a contradiction.
The proof is complete. |

The next refinement of the Jensen’s inequality can be found in Horvéth [8].

Theorem 7.12 Ler I C R be an interval, and let f: 1 — R be a convex function. Let
(Y, 9B, V) be a probability space, and let g : Y — I be a v-integrable function such that

n
fogisalso v-integrable. Suppose that ¢y, . .., 0, are nonnegative numbers with Zai =1
i=1
Then

(a)
dv | < o, g (X dav™ (x ey Xp) < ogdv.
f /8 _./f<i§1, 8( )) (x1 ) /f 4

yn Y
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(b)
1 n+1 ' p .
/f n+ll:2]g(x‘) v (‘x17"'7xn+1)
yn+1
1 n
< /f (;Zg (xi)> av" (x17~~~7xn) < /f( ;g ()Ci)) av” (xl,...,xn),
yn i=1 yn i=1

By analyzing the proof of the previous result, it can be seen that the hypothesis “f o g
is v-integrable” can be weaken.

Theorem 7.13 Let I C R be an interval, and let f : I — R be a convex function. Let
(Y, 2B, V) be a probability space, and let g : Y — I be a v-integrable function such that the

integral / fogdv exists in |—oo,0|. Suppose that o, ..., 0, are nonnegative numbers with

Y
n

ZOQ = 1. Then the assertions of Theorem 7.12 remain true.
i=1

We assume throughout that the probability measures P and Q are defined on a fixed
measurable space (X,.o/). It is also assumed that P and Q are absolutely continuous with
respect to a o-finite measure p on 7. The densities (or Radon-Nikodym derivatives) of P
and Q with respect to u are denoted by p and ¢, respectively. These densities are p-almost
everywhere uniquely determined.

Let

F:={f:]0,0o] - R | f is convex},

and define for every f € F the function
* * 1
f :]0700[_>R7 f (t) = tf ? .

If f € F, then either f is monotonic or there exists a point #y € ]0,eo[ such that f is
decreasing on ]0,7o[. This implies that the limit

lim t
o f(1)
exists in | —eo, eo], and

£(0):= tim £(7)

—0+"

extends f into a convex function on [0,ec[. The extended function is continuous and has
finite left and right derivatives at each point of |0, eo[.
It is well known that for every f € F the function f* also belongs to F, and therefore

t—0+ U—oo Y

We need the following simple property of functions belonging to F.
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Lemma 7.2 If f € F, then f*(0) > f' (1). This inequality becomes an equality if and
only if
fO=fOC=D+f(1), =1 (7.43)

Proof. Since f is convex,

fOZfAME-D)+f(1), t>1,

and therefore

ro=tim > g ).

[—00

If (7.43) is satisfied, then obviously f*(0) = f (1).
If there exists 71 > 1 such that £/, (r;) > f% (1), then by the convexity of f,

fO) 2 o) t—n)+f(n), t>n,
and hence f* (0) > f% (1). It follows that f* (0) = f’ (1) implies
fi(t):fjr(l)a tZtlv

and this gives (7.43) (see [43] 1.6.2 Corollary 2).
The proof is complete. |

The next result prepares the notion of f-divergence of probability measures.

Lemma 7.3 For every f € F the integral

[ at)s (M) du (o)

: q(o)
(g>0)

exists and it belongs to the interval | —oo, o).
Proof. Since f is convex,
fO =M=+ f(1), 120
This implies that for all ® € (¢ > 0)
1)1 (Z)) 2 h(@) =1L () (p(@) - g(@) + F(Da(@). 044

Elementary considerations show that the function % is u-integrable over (g > 0), and
this gives the result by (7.44).
The proof is complete. O

Now we introduce the notion of f-divergence.
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Definition 7.8 For every f € F we define the f-divergence of P and Q by

D/ (P0)= [atw)r (22} ) an(o).

where the following conventions are used

0
Of(g) =xf"(0) ifx>0, Of <6) =0f"(0):=0. (7.45)

Remark 7.9 (a) For every f € F the perspective £ : ]0,o0[ x ]0,00[ — R of f is defined by

fy)=yf (;—C) :

Then (see [49]) f is also a convex function. Vajda [14] proved that (7.45) is the unique rule
leading to convex and lower semicontinuous extension of f to the set

{(x,y) eR? |x,y20}.

(b) Since f* (0) € |—oo, 0], Lemma 7.3 shows that D¢ (P, Q) exists in | —eo, | and

_ [ (rl®) ] _
prro)= [ 7(%e)aow) s 0Pq=0). 740

(g>0)

It follows that if P is absolutely continuous with respect to Q, then

p(w)
D¢ (P,Q) = / f(—)dQ w).
£ ( (@) (w)
(¢>0)
Various divergences in information theory and statistics are special cases of the f-
divergence. We illustrate this by some examples.
(a) By choosing f :]0,e0] — R, f () = ¢In(¢) in (7.46), the information divergence is
obtained
_ p(w) _
I(P.Q)= [ p(w)ln 7(®) dp(w)+eP(qg=0). (7.47)
(g>0)
(b) By choosing f : ]0,e[ — R, f (t) = (¢ — 1)* in (7.46), the Pearson or x2-divergence
is obtained

) B (p(0) —q(w))* P —
X (P,Q)—(q 4 T it () + P (g = 0). (7.48)

(¢) By choosing f :]0,eo[ — R, f () = (Vi — 1)2 in (7.46), the Hellinger distance is

obtained
(1.0 = [ (Vp©) - Va(©)) du (). (7.49)

X
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(d) By choosing f :]0,o[ = R, f () = |t — 1| in (7.46), the total variational distance is
obtained

V(20 = [ Ip(@) - g(@)|u(@). (7.50

X

We need the following lemma.

Lemma 7.4 Letty:=P(q>0).
(a) For every € >0

Q<§<t0+£,q>0> > 0.

(b)
essian (S) <t

Proof. (a) Obviously,
P _ 14
Q(— <to+E, 4>0) 1Q<—Zto+8, q>0).
q q

The result follows from this, since

)4 1
- > = 1 <
Q(q _to+£,q>0) ./q (§2z0+s,q>0)d“— / to+8pd“
X (¢>0)

N th+ €

<1.

(b) It comes from (a).
The proof is complete. |

The following result contains a key property of f-divergences. We give a simple proof
which emphasizes the importance of the convexity of f, and give an exact equality condi-
tion.

Theorem 7.14 (a) For every f € F

Dy(P,Q) > f(1). (7.51)

(b) Assume P(q=0) = 0. Then equality holds in (7.51) if and only if f is affine on

into (2
essintg (q )
(c) Assume P(q=0) > 0. Then equality holds in (7.51) if and only if f is affine on

essintg (%) U[1,e0].



7.4 A REFINEMENT AND AN EXACT EQUALITY CONDITION... 195

Proof. (a)If Dy (P,Q) = o, then (7.51) is obvious.
If Dy (P,Q) € R, then the integral

) 4 | f (%) do () (152)

is finite, and therefore either Q (p =0) =0 or Q(p =0) > 0 and £ (0) is finite. It follows
that Jensen’s inequality can be applied to this integral, and we have

D)= f| [ pau|+r ©O)P@a=0) (7.53)
(4>0)
=f(P(g>0))+f"(0)P(g=0). (7.54)

Let 7y := P (g > 0). By using Lemma 7.2, 7y € [0, 1], and the convexity of f, it follows
from (7.54) that

Dy (P,Q) > f(to) + f1 (1) (1 —10) (7.55)

> M)+ (D) (o= 1)+ (1) (1—10) = f(1). (7.56)

(b)If Dy (P,Q) = f (1), then D¢ (P, Q) is finite.
Assume P (g = 0) = 0. Then by (7.53) and (7.54), Dy (P,Q) = f (1) is satisfied if and
only if equality holds in the Jensen’s inequality. Lemma 7.1 shows that this happens exactly

if f is affine on essinty (5)
(c) Assume P (g =0) > 0. Then (7.53), (7.54), (7.55) and (7.56) yield that there must
be equality in the Jensen’s inequality, f* (0) = f_ (1), and

Flo)=rF()+ (1)@ —1). (7.57)

By Lemma 7.1 and Lemma 7.2, the first two equality conditions are satisfied exactly if f
is affine on essinty (5) U[1,e0].

Now assume that f is affine on essinty (5) U[L,ee[. In case of 7y > 0, Lemma 7.4 (b)
and the continuity of f at ¢y show that (7.57) also holds. In case of zy = 0, it is easy to see
that Q (5 = O) =1, and hence 0 €essinty (%) which implies (7.57) too.

The proof is complete. |

Remark 7.10 (a) Consider the subclass Fi C F such that f € F; satisfies f(1) = 0. In
this case inequality (7.51) has the usual form

D¢ (P,Q) > 0.

(b) The usual equality condition is the next (see [45]): if f is strictly convex at 1, then
D¢ (P,Q) = f (1) holds if and only if P = Q. Theorem 7.14 (b) and (c) give more precise
conditions.
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7.4.2 Refinements of basic inequality in f-divergences
and related results

n
Suppose that ¢, ..., o, are nonnegative numbers with Zai =1. Let
i=1

A" = ®...04, withn factors,
and define the probability measures Q" and R on <" by
0":=0®...20, withn factors,

and

n i
Ry =) 0i0®..000PR0®...Q0.
i=1

In case of o; = % (i=1,...,n) the probability measure R, will be denoted by R,,.
These measures are absolutely continuous with respect to u” on .<7". The densities of
R and Q" with respect to u" are

n

n
®q:X"—>R, (a)l,...,a),,)—>Hq(a)i),
i=1 =

and
i

((0],.. » @ 2%‘] (D] 15 ) --q(wn)? ((l)],...,(l)n)EXn,

respectively.
It is easy to calculate that

<®q 0) =1—Ryqy <®q>0> =1-Ry((g>0)"

i=1

flea, 0(g>0""P(g>0)=1-P(qg>0)=P(qg=0).

It follows that for every f € F

iaiq(wl)...p(wi)...q(wn)
Df(Roc,Q"): / f i=1 . dQ"(wl,...,a)n)
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/ (2051 )dQn( )+ (0)P(g=0) (7.58)
)

(g>0

n

= /HQ(wi).f<iilO€izE

(g>0y !

3;)du"(wl,...,wn)+f*(0)P(qo)_

1

By applying Theorem 7.12, we obtain some refinements of the basic inequality 7.51.

n

Theorem 7.15 Suppose that o, ..., 0, are nonnegative numbers with Zai =11Iffe
i=1

F, then

(a)
Dy (P,Q) = Dy (Re, Q") = Dy (Ry, Q") = f(1). (7.59)

(b)
Dy (P,Q) =Dy (R,,0")
> ... > D (Ru, Q") > Dy (Ryi1, Q") > .2 F(1), m>1.

Proof. (a) The third inequality in (7.59) comes from Theorem 7.14.
So it remains to prove the first two inequalities in (7.59). By (7.46) and (7.58), it is
enough to show that

/’(%)”@( / (2% ) " (o1, 0p) (7.60)
(g>0)"

(g>0)
‘ 1 & p(a) 0
d ) s
Z./nf<,1q( )>Q< 2 n)
(g>0)

which is an immediate consequence of Theorem 7.13.
(b) We can proceed similarly as in (a).
The proof is complete. O

By considering the special f-divergences (7.47-7.50), we have after each other
(a) the information divergence

I(Rg, Q") =P (q=0)

v [ 3| woITaton 1n(i'zllai’;gzlfg)duﬂ(wl,...,wn»

ni=1 j=1
(4>0) i
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(b) the Pearson divergence
%’ (Ra, Q") =

2
- / [la(o (2061T(a)i)> du" (wy,...,w,)+<P(qg=0),

o~
(c) the Hellinger distance

2

) 1/2
w; n
w£)> -1 d,LL (wl7"'7wn)7

H? (Ra, Q") = / Hq ;) (iazz((

( >0)n i= =

(d) the total variational distance

V(Rey Q") = / Hq )
(g>0yr =

du" (oy,..., o).

Yo Ll o)

Now, we consider the special case, important in many applications, in which P and Q
are discrete distributions.

Denote T either the set {1,...,k} with a fixed positive integer k, or the set {1,2,...}.
We say that P and Q are derived from the positive probability distributions p := (p;),c; and
q = (i);cr- respectively, if p;, q; >0 (i€ T),and Y pi= Y ¢g; = 1. In this case X =T,

i€T i€T
7 is the power set of T, and u is the counting measure on <7

n
Corollary 7.10 Suppose that oy, ..., o, are nonnegative numbers with Zai =1. Sup-
i=1
pose also that P and Q are derived from the positive probability distributions (p;);cr and
(i) ;e respectively. If f € F, then

(a)

n i,
qu ( )Z 2 H%] (2061—1>
€T qi (i1 yemsin ) ETN j= i=1 qu

1 pt]
> ) qu, ( ¥ >Zf(1)_
(i1 yeenin) ETM j= j= 14955
(b)

D(PO)Z..> 2 qu] (1’2%)

j=14i;

n+1 1 n+1pl._
> ) qu, ( HZ—")z...zf(l), n> 1.

(i1 yensing 1) ETj= j=14ij
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Proof. This comes from Theorem 7.15 immediately. O
Finally, we give an example to illustrate the previous result. We consider only Corollary
7.10 (a).

Example 7.1 (a) By choosing f :]0,o0[ = R, f(x) = —In(x) and p; = % (i=1,...,k)in
the previous corollary (in this case T = {1,...,k}), we have

. k
_izzlqim (qul) =1In (k) + Y giln(g;)

i=1

> qu]1n<i ) 0= 2 f[ql'fm(i%)

(i) - ) ET"

= Hq”ln(lmi 1)

(il 5. ln) Tn]

=In(kn)— ) qu]1n<2 >>0

(i1 yemsin) €T j=1 j=141

It can be obtained from this some refinements of the classical upper estimation for the
Shannon entropy

_lﬁ]qim(qi)g > qu]m(Z )

(i1 yeesin) €T j=1 j=14i;

<-In(n)+ Y qu]1n<2 ) <In(k).

(i} yoensin)ET™ =14ij

(b) If f :]0,00[ = R, f (x) = xIn(x) in the previous corollary, then we have the follow-
ing estimations for the information or Kullback—Leibler divergence:

n pl n n n pl
P,Q)= Y piln (—> > Yy Yoaipi[lay |In| Y o=~
i=1 qi 1 =1 4

J

(i1yein)eT? \ j=1

>

S |-

n n 1 n plj
Yoo Xpi]an (=X >o0. (7.61)
(it ,in)eT \ j=1 "I=1 ni=14i;
I#j

(c) The Zipf-Mandelbrot law (see Mandelbrot [46] and Zipf [15]) is a discrete proba-
bility distribution depends on three parameters N € {1,2,...}, g € [0,o0[ and s > 0, and it
is defined by
1

=1\
(i+q)’ Hy g,s

f(isN,q,s) ==
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where
N
Hy,6:= )Y ——.
N,q,s kzzll (k + q)s
Let P and Q be the Zipf-Mandelbrot law with parameters N € {1,2,...}, g1, g2 € [0,0[
and s1, s > 0, respectively, and let 2 < k < N be an integer. It follows from the first part
of (7.61) with T = {1,...,N} that

N : 52
1 H
1(PO)=Y 10g<(l.+q2)sl ”")
i:1(1+ql) Hy g5, (i+q1) Hy 4,5,
n 1 n 1
> a;
(i1,0ensin)ETM ng j( +q1)" Hy g, 51 1= 1(’1+‘12) HN g5,
' I#j

n
lj+Q2 HNq,s
(2 o 22 ) >0.

j=1 lj+ql)1HN61181

This is another type of refinement for I (P, Q) than it is given in [9].
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Chapter

Inequalities of the Jensen and
Edmundson-Lah-Ribaric type
for Zipf-Mandelbrot law

Rozarija Mikié, Dilda Pecarié, Josip Pecari¢ and Jurica Perié

Abstract. The Jensen inequality is one of the most important inequalities in modern math-
ematics since it implies the whole series of other classical inequalities, and one of the
most famous amongst them is the so called Edmundson-Lah-Ribari¢ inequality. In this
expository paper we start by presenting some estimates for the generalized f-divergence
functional via converses of the Jensen and Edmundson-Lah-Ribari¢ inequalities for con-
vex functions. We will show some Jensen and Edmundson-Lah-Ribari¢ type inequalities
for positive linear functionals without the assumption about the convexity of the involved
functions. Next, we will demonstrate some Jensen and Edmundson-Lah-Ribari¢ type in-
equalities for positive linear functionals and the class of 3-convex functions. Then, we
will show how several different representations of the left side in the Edmundson-Lah-
Ribari¢ inequality can be derived by using Hermite’s interpolating polynomial written in
terms of divided differences. Those representations are then utilized for obtaining differ-
ent Edmundson-Lah-Ribari¢ type inequalities for positive linear functionals and n-convex
functions. All of the mentioned general results were then used respectively to obtain the
appropriate inequalities which correspond to the generalized f-divergence functional. All
of the obtained results are applied to Zipf-Mandelbrot law and Zipf law in order to obtain
a variety of lower and an upper bounds for different parameters. Finally, using further
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generalization and improvement of Edmundson-Lah-Ribari¢ inequality we get some im-
provements of results from previous sections about generalized f-divergence functional
(and also for some special cases of the function f) and Zipf-Mandelbrot law.

8.1 Introduction

Let us denote the set of all probability densities by P, i.e. p = (p1,...,pn) EPif p; €
[0,1] fori =1,...,n and ¥/, p; = 1. One of the numerous applications of Probability
Theory is finding an appropriate measure of distance (difference or divergence) between
two probability distributions.

Consequently, many different divergence measures have been introduced and exten-
sively studied, for example Kullback-Leibler divergence, Hellinger divergence, Renyi di-
vergence, Bhattacharyya divergence, harmonic divergence, Jeffreys divergence, triangular
divergence etc. All of the mentioned divergences are special cases of Csiszdr f-divergence.

These measures of distance between two probability distributions have an important
application in a great number of fields such as: anthropology, genetics, economics and
political science, biology, approximation of probability distributions ([7], [22]), signal
processing ([18]) and pattern recognition ([2], [4]), analysis of contingency tables ([8]),
ecological studies, music etc.

A large number of papers has been written on the subject of inequalities for different
types of divergences. Since the functions that are used to define most of the divergences
are convex, Jensen’s inequality and its converses play an important role in the mentioned
inequalities.

Csiszar [8]-[9] introduced the f—divergence functional as

i=1

1
where f: [0,+e0) is a convex function, and it represent a “distance function” on the set of

probability distributions IP.
Dragomir [11] gave the following upper bound for the Csiszdr divergence functional

—1 1—-m
mf(m)"' ﬂf(M)» (8.2)

M
D <
rP.g) < 5

where f is a convex function on the interval [m,M],p = (p1,...,pn),4 = (q1,---,qn) EP
and m < p;/q; <M for every i = 1,...,n (then it easily follows that 1 € [m, M]).
The Kullback-Leibler divergence, also called relative entropy or KL divergence

n .
Dkr(p.q) := Y, pilog (%)
i=1 i

is a measure of the non-symmetric difference between two probability distributions p and
g, but it is not a true metric because it does not obey the triangle inequality and in general
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Dk (p,q) # Dkr(q,p). The Kullback-Leibler divergence was introduced by Kullback and
Leibler in [21], and it is a special case of the Csiszdr divergence for f(¢) = tlogz.

Letp = (p1,...,pn) andp = (q1,- - ., ¢, ) be probability distributions and let [m,M] C R
be an interval such thatm <1 < M and p;/q; € [m,M] foreveryi=1,...,n. Apart from the
Kullback-Leibler divergence, some other well-known divergences that are special cases of
f-divergence for different choices of the function f are as follows.

> Hellinger divergence of the probability distributions p and ¢ is defined as

Dulp.a) = 5 (G~ Vi)

with the corresponding generating function f(r) = %(1 —V1)%,t > 0.

> Renyi divergence of the probability distributions p and ¢ is defined as
n
Du(p.q)= Y qf 'pf. a €R,
i=1

> Harmonic divergence of the probability distributions p and g is defined as

n

2piq;
DH ,q) = )
p.4) le pit+qi

and the corresponding generating function f(¢) = 12—+’t

> Jeffreys divergence of the probability distributions p and ¢ is defined as

M=

1
2

1

qi
Df(p7q): (qlfpl)longlv
1

1

with the corresponding generating function f(¢) = (1 —1) log%,t > 0.

In order to use nonnegative probability distributions in the f-divergence functional,
Horvath et. al. in [15] defined

1012 i 10,01 (3) =0, 0:1(2) =i 1 (2

and gave the following definition of a generalized f-divergence functional.

Definition 8.1 Let J C R be an interval, and let f: J — R be a function. Let P =
(p1,--,pn) be an n-tuple of real numbers and Q = (q1,...,q,) be an n-tuple of nonnega-
tive real numbers such that p;/q; € J for everyi=1,... n. Then let

Di(p.q) =Y aif (Z—) : (8.3)
i=1 i
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The aim of this chapter is to give some inequalities of the Jensen and Edmundson-Lah-
Ribari¢ type for generalized f-divergence functional, and then exploit them in obtaining
various bounds for the difference between famous Zipf-Mandelbrot laws with different
parameters. It is organised in the following manner: in Section 8.2 we will state some
general results for positive linear functionals concerning different inequalities of the Jensen
and Edmundson-Lah-Ribari¢ type that we will use in the proofs of our results; in Section
8.3 we give our results concerning the generalized f-divergence functional for different
classes of functions, not only the convex ones, and finally in Section 8.4 we derive diverse
bounds for the divergence of Zipf and Zipf-Mandelbrot law. Finally in Section 8.5 we give
some furher improvements of results for generalized f-diveregence and for diveregence of
Zipf-Mandelbrot law.

8.2 Preliminaries

Let E be a non-empty set and L a vector space of real functions f: E — R with the follow-
ing properties:

(L1): f,geL= (af +bg) <€ Lforalla,beR;
(L2): 1 €L,thatis,if f(r)=1foreveryt € E, then f € L.
(L3): if f,g € L, then min{ f, g} € L or max{f,g} € L.

We say that A: L — R is a positive linear functional if:
(Al): A(af +bg)=aA(f)+bA(g) for f,g € Land a,b € R;
(A2): feL,f(t)>0foreveryt € E = A(f)>0.

We say that a functional A is normalized if A(1) = 1.

Throughout this chapter, if a function is defined on an interval [m,M] without any
further emphasis we assume that the bounds of that interval are finite.

Jessen [17] gave the following generalization of Jensen’s inequality for convex func-
tions (see also [15, str.47]):

Theorem 8.1 ([17]) Let L be a vector space of real functions defined on an non-empty
set E that has properties (L1) and (L2), and let us assume that ¢ is a continuous convex

Sunction on an interval I C R. If A is a normalized positive linear functional, then for every
f € Lsuchthat ¢(f) € Lwe have A(f) € I and

d(A(f)) < A(O(f))- (8.4)

Next result is a generalization of the Edmundson-Lah-Ribari¢ inequality for linear
functionals and it was proved by Beesack and Pecari¢ in [3] (see also [15, str.98]):
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Theorem 8.2 ([3]) Let ¢ be a convex function on I = [m,M), let L be a vector space of
real functions defined on an non-empty set E that has properties (L1) and (L2), and let A
be a normalized positive linear functional. Then for every f € L such that ¢(f) € L (so
m < f(t) <M forallt € E), we have

M—A(f)
A() < A

¢ (m) + ¢(M). (8.5)
Klari¢i¢ Bakula, Pecari¢ and Peri¢ in [19] gave the following improvement of the in-
equality (11.3.1).

Theorem 8.3 ([19]) Let L be a vector space of real functions defined on an non-empty
set E that has properties (L1), (L2) and (L3) and let A be a normalized positive linear
functional on L. If ¢ is a convex function on [m, M), then for every f € L such that ¢ (f) € L
we have A(f) € [m,M] and

_M-AW)

A@N) = == A Y M) = AN, (8.6)

where f and Oy are defined in

1
M—m

m+M) 8.7)

.1
=-1 7).
f=3 2

m+M
— 1
i

8 = 0(m)+ 9 (M) —29

The subsequent two result provide us with bounds for the difference in the Jensen and
Edmundson-Lah-Ribari¢ inequalities respectively.

Theorem 8.4 ([20]) Let ¢ be a continuous convex function on the interval I whose inte-
rior contains interval [m,M), let L be a vector space of real functions defined on a non-
empty set E such that it has properties (L1), (L2) and (L3). Let A be any normalized
positive linear functional on L. Then for every function f € L such that ¢(f) € L and
which satisfies the bounds m < f(t) < M for everyt € E we have

0.< AW(F) ~ 0(A(F)) N
< (=AU ~m) sup Foltim. M) A5,
<1 agpac) -m == E) s,
< S (M —m)(@!. (M) — 01, (m)) ~ A(T)5,. (8.8)
We also have
0 A((F) ~ 0(A()) < (M —mP o (AL, M) — A3,

< 7 (M —m)(¢" (M) — ¢ (m)) — A(f)3y, (8.9)

I
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where f and 8y are definedin (8.7), Wy (-;m,M): (m,M) — R is defined by
: __ L oM —9@) o) —¢(m)
ot M) =y (S5 - )

and we assume that Wy (f:m,M) € L. If ¢ is concave on I, then the inequality signs are
reversed.

(8.10)

Theorem 8.5 ([20]) Let ¢ be a continuous convex function on the interval I whose inte-
rior contains interval [m,M), let L be a vector space of real functions defined on a non-
empty set E such that it has properties (L1), (L2) and (L3). Let A be any normalized
positive linear functional on L. Then for every function f € L such that ¢(f) € L and
which satisfies the bounds m < f(t) < M for everyt € E we have the following sequences
of inequalities

(i)

0< A= 41 1 LAV o)~ (o) - (15,
<A 1) —m)] sup Woltm M)~ AT,

< A[(M ;/[f_)(nJ;*m)] (9" (M) — ¢/ (m)) — A(F) S

< (M —A(f))(A(f) *m)(
M—m

(M —m) (¢! (M) — ¢, (m)) — A(f)8, (8.11)

9" (M) — ¢/, (m)) — A(f)8,

<

=

(ii)

0

IN

SA(M = f)(f —m)] ?U%‘%(t;m,M) —A(f)8

< (M—A(f))(A(f) —m) sup Wo(t;m,M)—A(f)Sy

te(mM)
WMZAVDAD =) (37 (1) - g, m) - A5,

(M —m)(¢! (M) — ', (m)) — A(f)S, (8.12)

(iii)

(M —m) (¢! (M) — ¢, (m)) — A(f)8, (8.13)
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where f and Oy are defined in (8.7), and ¥y (-;m, M) is defined in (8.10). If the function ¢

is concave, then the inequality signs are reversed.

The following results give us a class of inequalities of the Jensen and Edmundson-Lah-
Ribari¢ type which are valid for functions with bounded second order divided differences,
and are obtained in paper [26]. This was a significant improvement compared to the results
from above, because these hold for a much wider class of functions than the class of convex
functions.

Theorem 8.6 ([26]) Let ¢ be a function on an interval of real numbers [m, M| such that
there exist y,I" € R such that y < [m,t,M]¢ < T holds for every ¢ € [m,M], that is, such
that its second order divided difference in m,7 and M is bounded for every ¢ € [m,M]. Let L
satisfy conditions (L1) and (L2) on E and let A be any positive linear functional on L with
A(I)=1. Then

(1 - 1)(f —mn) < A o) L AD I )4 o)
<TA[(MI— f)(f ~ml) 5.14)

holds for any f € L such that p o f € L.

Remark 8.1 ([26]) There are two more cases that need to be considered.

e If 0 <y < T < oo, then the function ¢ is convex, so we have that

0 <yA[(MI—f)(f —ml)]

M=A() . A()—m
A g )+ B0~ a07)

<TA[(MI - )(f —m1)] (5.15)

<M — AL —m) < 3 (M —m)?

holds for any f € L such that o f € L.

o If —oo <y < T <0, then the function ¢ is concave, so we have that

<E(M—m)? <y(M—A(F)AW) —m)

<yA[(MI~ )(f ~m)] .16)
Ay AL 00— a 01)

<TA[MI = f)(f—mI)] <0
holds for any f € L such that p o f € L.

Theorem 8.7 ([26]) Let ¢ be a function on an interval of real numbers [m, M| such that
there exist y,I" € R such that y < [m,t,M]¢ < T holds for every ¢ € [m,M], that is, such
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that its second order divided difference in m, and M is bounded for every ¢ € [m,M]. Let L
satisfy conditions (L1) and (L2) on E and let A be any positive linear functional on L with
A(I) = 1. Then
Y(M = A()(A(f) —m) —TA[MI = ) (f —mI)] (8.17)
<A(B(f)) — B(A(f)) < T(M — A(f))(A(f) —m) — YA[(MI — f)(f —mI)]
holds for any f € L such that p o f € L.

The results that follow represent different classes of inequalities of the Jensen and
Edmundson-Lah-Ribari¢ type that hold for n-convex functions, so first we need to recall
some definitions and properties.

Definition of the n-convex function is characterized by nth-order divided difference.

The nth-order divided difference of a function f: [a,b] — R at mutually distinct points
10,21, 1y € [a,b] is defined recursively by

[tl]f f(tl) i=0 RN (X
[tO tn]f: [tla"'vtn]f_[th...,lnfl]f.

th—1o

The value [tg, ..., ,] f is independent of the order of the points 7, ...,#,. Definition of divided
differences can be extended to include the cases in which some or all the points coincide

(see e.g. [1], [15]):
1
_ & pln-1)
fla,...,al = (n—l)!f (a), neN.

n times
Regarding third order divided differences, in the case in which some or all the points
coincide they are defined in the following way.

e If the function f is differentiable on [a,b] and #,1y,1; € [a,b] are mutually different
points, then

f'(t) +f(f)(f0+f1—2f)
(t—t0)(t—11)  (r—10)*(t —11)?
f(to) f(t)

(to—1)2(to—11) (1 —1)*(t1 —19)

[t,t,10,11)f =

(8.18)

e If the function f is differentiable on [a,b] and 7,7 € [a,b] are mutually different
points, then

[(to =) (f'(t0) + f'(1)) +2(f(t) = f(10))] - (8.19)

[t,1,10,10]f = =1

e If the function f is twice differentiable on [a,b] and #,1( € [a, b] are mutually different
points, then

1
[t7t7t7t0]f = W 2 t() *t (820)
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o If the function f is three times differentiable on [a,b] and 7 € [a, b], then

f///(t)
3 (8.21)

[t7t7t7t].f =

A function f: [m,M] — R is said to be n-convex (n > 0) if and only if for all choices
of (n+ 1) distinct points 9,1, ...,t, € [m,M], we have [tg, ..., 1] f > 0.

We can extend the definition of 3-convex functions by including the cases in which
some or all of the points coincide. This is given in the following theorem which can be
easily proven by using the mean value theorem for divided differences (see e.g. [16]).

Theorem 8.8 Let a function f be defined on an interval I C R. The following equiva-
lences hold.

(i) If f € €(I), then f is 3-convex if and only if [t ,t,19,t1]f > O for all mutually different
pointst,ty,t; € 1.

(ii) If f € €(I), then f is 3-convex if and only if [t ,t,1o,t0] f > O for all mutually different
pointst,ty € 1.

(iii) If f € €2(1), then f is 3-convex if and only if [t,t,t,to] f > O for all mutually different
pointst,ty € 1.

(iv) If f € €°(1), then f is 3-convex if and only if [t,t,t,t]f > O for everyt € L.

The first result of this type is a reversed Edmundson-Lah-Ribari¢ inequality for 3-
convex functions.

Theorem 8.9 ([24]) Let L satisfy conditions (L1) and (L2) on a non-empty set E and let
A be any positive linear functional on L with A(1) = 1. Let ¢ be a 3-convex function on an
interval of real numbers I whose interior contains the interval [m, M]. Then

A[MI = f)(f —ml)] ((P(M) —¢(m) ¢/+(m)>

M—m M—m
<A )+ AL 41) —a 011) 5.22)
AMI—f)(f—m)) (0 6()— 9(m)
< M—m (‘P(M)W)

holds for any f € L such that ¢ o f € Land m < f(r) <M fort € E. If the function —¢ is
3-convex, then the inequalities are reversed.

Next result is a Jensen-type inequality for 3-convex functions.

Theorem 8.10 ([24]) Let L satisfy conditions (L1) and (L.2) on a non-empty set E and
let A be any positive linear functional on L with A(1) = 1. Let ¢ be a 3-convex function on
an interval of real numbers / whose interior contains the interval [m, M]. Then

(M—A)AS)—m) (¢M)—¢(m)
M—m ( M—m ¢+(m)>
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A[(Mle_)(n];ml)]< ' (M) — (P(A;‘I;_i(m)) (8.23)
<A(0(7) - ola() < HEADNEIIZR (o oy 000 )

_AlMI=F)(f ml)](dJ(M) ()_¢,+(m))

M—m

holds for any f € L suchthat ¢ o f € Land m < f(r) <M fort € E. If the function —¢ is
3-convex, then the inequalities are reversed.

A different Edmundson-Lah-Ribaric type inequalities for 3-convex functions are given
in the following theorems.

Theorem 8.11 ([27]) Let L satisfy conditions (L1) and (L2) on a non-empty set E and
let A be any positive linear functional on L with A(1) = 1. Let ¢ be a 3-convex function
defined on an interval of real numbers I whose interior contains the interval [m,M)] and
differentiable on (m,M). Then

e e Rl e )
S%‘PWH%MM)—A@U)) (8.24)
! O(M)—9(m) ¢’ (M)

<L aj1 - )0/ ()] - 01— A(p) [ -

holds for any f € L such that o f € Land m < f(t) < M fort € E. If the function —¢ is
3-convex, then the inequalities are reversed.

Theorem 8.12 ([27]) Let L satisfy conditions (L1) and (L2) on a non-empty set E and
let A be any positive linear functional on L with A(1) = 1. Let ¢ be a 3-convex function
defined on an interval of real numbers I whose interior contains the interval [m,M| and
differentiable on (m,M). Then

=) [or o) D200 8D 41— gy
<M AT )+ A 1) aGo(1) (8.25)
<(a(g) ~m) | 2RI g )| - Sy -

holds for any f € L suchthat ¢ o f € Landm < f(t) <M fort € E. If the function —¢ is
3-convex, then the inequalities are reversed.

Since all of the results below are obtained by using Hermite’s interpolating polynomi-
als in terms of divided differences, let us introduce the following notations. For a given
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function f: [m,M] — R denote:

M-—A
LR(f.2.m.M.A) = A(f()) ~ A gy A g g
and
Ru(t) =(t —m)"(t — M)" " fltzm,.....m:M, M, ... . M]. (8.27)
v times (n—v) times

Theorem 8.13 ([28]) Let L satisfy conditions (L1) and (L.2) on a non-empty set E and let
A be any positive linear functional on L with A(1) = 1. Let f € ¢"([m,M]), and let g € L
be any function such that f o g € L. If the function f is n-convex and if n and v > 3 are of
different parity, then

v=1 r(k) m
k=2 .
+’ivf[m,...,m;M, . M]A [(gfm1)V(ng1)"*1} . (8.28)
=1 S~

v times k times

Inequality (8.28) also holds when the function f is n-concave and n and v are of equal
parity. In case when the function f is n-convex and n and v are of equal parity, or when the
function f is n-concave and n and v are of different parity, the inequality sign in (8.28) is
reversed.

Theorem 8.14 ([28]) Let L satisfy conditions (L1) and (L.2) on a non-empty set E and let
A be any positive linear functional on L with A(I) = 1. Let f € €"([m,M]), and let g € L
be any function such that f o g € L. If the function f is n-convex and if v > 3 is odd, then

v=1 r(k)
LR(f,g.mM.A) < (M~ A(g) (flm. )~ £, ) + 3, TP A~ many
k=2 .
Jrri}f[M,...,M;m,...,m]A[(ngl)v(gfml)k*I] (8.29)
=1 T~

v times k times

Inequality (8.29) also holds when the function f is n-concave and v is even. In case when
the function f is n-convex and v is even, or when the function f is n-concave and v is odd,
the inequality sign in (8.29) is reversed.

Theorem 8.15 ([28]) Let L satisfy conditions (L1) and (L.2) on a non-empty set E and let
A be any positive linear functional on L with A(I) = 1. Let f € €"([m,M]), and let g € L
be any function such that f o g € L. If the function f is n-convex and if n is odd, then

N flmM,... M)A |(g—mI)(g—MI)*'| <LR(f,g.m,M,A) (8.30)

k times



216 8 INEQUALITIES OF THE JENSEN AND EDMUNDSON-LAH-RIBARIC TYPE...

n—2
<flm,m;blA[(g —ml)(g—MI)|+ Y, flm,m;M,....MIA |(g—mI)*(g—MI)*"'|.

k=2 )
k times

Inequalities (8.30) also hold when the function f is n-concave and »n is even. In case when
the function f is n-convex and n is even, or when the function f is n-concave and n is odd,
the inequality signs in (8.30) are reversed.

Theorem 8.16 ([28]) Let L satisfy conditions (L.1) and (L.2) on a non-empty set E and let
A be any positive linear functional on L with A(I) = 1. Let f € €"([m,M]), and let g € L
be any function such that fo g € L. If the function f is n-convex, then

n—2
. _ _ . _ 2 _ k—1
fIM, M:m]A[(g —MI)(g ml)]+k§lzf[M,M,m;-l;n-1;SM]A[(g MI)*(g—ml)<"]
n—1
<LR(f,g,m,M,A) < ¥ fIM;m,....mlA[(g —MI)(g —mI)1]. (8.31)
k=1 k times

If the function f is n-concave, the inequality signs in (8.31) are reversed.

8.3 Inequalities for generalized f-divergence

Our first result in this section is an improved version of Dragomir’s result (8.2) for the
generalized f-divergence functional, and it provides us an upper bound for the mentioned
functional.

Theorem 8.17 ([25]) Let [m,M] C R be an interval, let f: [m,M] — R be a function
and let 8y be defined in (8.7). Let p = (p1,...,pn) be an n-tuple of real numbers and
q=1(q1,--.,qn) be an n-tuple of nonnegative real numbers such that p;/q; € [m,M) for
everyi=1,...,n. Ifthe function f is convex, we have

MQ, — P, B, —mQ,

_— —f(M
M—m Flm)+ M—m f(M)
(Qn 1 & m—+M

N\ 5 T o Pi——x—4i
2 M-m4 2

Dy(p.q) <

)(Sf, (8.32)

where P, =Y pi and Q, = Y, q;. If the function f is concave, then the inequality sign
is reversed.

Proof. Let f: [m,M] — R be a convex function. For an n-tuple of real numbers x =

(x1,...,%,), an n-tuple of positive numbers p = (py,...,p,) and a normalized positive
linear functional A(x) = Pl" Yo, pixi, from Theorem 8.3 we have

1 & M—x xX—m

— Y pif(x) < M

P, ;p‘f(x’) < = M ™M)
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1 & 1 1 m+M
- — E i| = — i — i) 8.33
Pnilp‘(Z Mm'x‘ 2 D & (859
where x = Zl | pixi. Since ¢ = (q1,...,gn) are nonnegative real numbers, we can put

pi=qi and x; =2

qi
in (8.33) and get
1 n Di n
1 & pi) M*Q_zizlfbg Q ) 1‘]1—*’””
il 8 )« T Ty B T T iy
5 Sas () < = )+ B )
L (O 1 - pi m+M
g $mdels )
On i—1 qi
and after multiplying by O, we get (8.32). O

Remark 8.2 Fromm < p;/q; < M it easily follows that (see [19])

M—m m+M M—m m+M

. Mfm
*Tf]igpi* 2 qi < 7 9 18 |pim =5 di

> D qi

which together with 6y > 0 for a convex function f gives us

(%_M mlzl1

Remark 8.3 If in the previous theorem we take p and ¢ to be probability distributions, we
directly get an improvement of Dragomir’s result for the Csiszar f-divergence functional:

m+M
——Cb

)8 >0,

1—m

M—1
< S fm) 2 ()

1 n
(E_M mg )(Sf

Next result is a special case of Theorem 8.17, and provides us with bounds for the
Kullback-leibler divergence of two probability distributions.

D¢(p.q)

m+M
——Cb

Corollary 8.1 ([25]) Let [m,M] C R be an interval and let us assume that the base of the
logarithm is greater than 1.

o Letp=(p1,...,pn) and q = (qu,...,qn) be n-tuples of nonnegative real numbers
such that p;/q; € [m,M| for everyi=1,...,n. Then

7 M
Di Mm m b, M
; pilog(q) SQ"M—mIOg<M>+M—mIOg( ) (8.34)

f mm

O, L M ) 2m 2M
= - ; 1 Mlog——
( 2{ MOgm+M+ °8 m+M
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o Letp=(pi1,...,pn) and g = (q1,--.,qn) € P be probability distributions such that
m < p;i/qi < M holds for everyi=1,...,n. Then

Mm m 1 MM
Dralp.a) < 7108 (§7) + 5o (W) (839
<1 13 m+M ) og 2"+ vtoa2M
I i — — A~ i mlo (0] .
2 M-m&4 pi 2 @ gm—i—M gm—i—M

If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.

Proof. Letp=(p1,...,pn) andq=(q1,...,qn) be an n-tuples of nonnegative real numbers.
Since the function ¢ — tlogt is convex when the base of the logarithm is greater than 1, the
inequality (8.34) follows from Theorem 8.17, inequality (8.17), by setting f(¢) = tlogt.
Inequality (8.35) is a special case of the inequality (8.34) for probability distributions
pandgq. O

Next result is obtained by utilizing Theorem 8.4, and it also gives us bounds for the gen-
eralized f-divergence functional. Concurrently, it represents an improvement of bounds for
f-divergence functional obtained by Dragomir in the paper [11].

Theorem 8.18 ([25]) Let I C R be an interval such that its interior contains the interval
[m,M], let f: 1 — R be a continuous function and let 87 be defined in (8.7). Let p =
(p1,--.,pn) be an n-tuple of real numbers and q = (q1, . . . ,qn) be an n-tuple of nonnegative
real numbers such that p;/q; € [m,M| for everyi=1,...,n. Let ¥ be defined in (8.10). If
the function f is convex, then

On
P, P,
SQn(M—n> (—nm) sup ¥r(t;mM
On On ze(m,II)Vl> f( )
O 1 |, mtM s
<7M_m,.l P q”>5’ 0

On J m+M )
B p’Tq” !
n / / i 1 n +M
< 2 (01— m) (1 () ~ £, (m) - (% R ) v

If the function f is concave, the inequality signs are reversed.
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Proof. Let f: [m,M] — R be a convex function. Let x = (xj,...,x,) be an n-tuple of
real numbers and let p = (py,...,p,) be an n-tuple of positive numbers. Then A(x) =

PL, >, pixi is a normalized positive linear functional, so from Theorem 8.4, inequality
(8.8), we have

M=

0< <2p1x1>
l:l
_ 1 1 z M
<(M-x)(x=m) sup Yp(t:mM)—|s———Y p; x,f—er ‘ o
1€(m.M) 2 -m4 2
(M —x)(x —m) 1 1 & m—+M
< M7 v T [ Ay 2T .
> M—m (f (M) — f+( m)) — 5 M_mi;lpl Xi ) 5f
1 1 1 & m+M
< JO-m( 0070 - (5 - g S "5 )8 s
=4 * 2 M-m& 2
Since ¢ = (g1, .. .,qx) are nonnegative real numbers, we can put
qi qi Pi
= =— and x; = —
P 2;1:1 qi Qn l i

in (8.37) and get

0<2

n
qgi Pi
_f i
by 71% (%) ;2?:1%%

n n
qi  Di qi  Di
< | M- — ——m| sup YWy(t;m,M)
( ,:21 Y14 qi) (2 i—14i qi )te(m,M) !

1 1 N ooqi |pi m+M
- E - M— 2 n N P 6f
m = Z,:1 qi | qi

"(M)— fl.(m d i D < i Di
Sf(ﬁ;ﬁ()(M_z q p_><2 q P__m>

i—1 27:1 qi qi i—1 2;’1:1 qi qi
1 1 N ooqi |pi m+M
- E - M— 2 n NP ) 5f
m;= Zi=19i | 4i

(M —m)(f.(M )f/+(m))(%M;—m.n@’?qjqi’%#D i

4>|~

and after multiplying by O, we get (8.36). O

The result that follows is a special cases of Theorem 8.18. It gives us different bounds
of those that we have already obtained for the Kullback-Leibler divergence of two proba-
bility distributions.
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Corollary 8.2 ([25]) Let [m,M] C R be an interval and let us assume that the base of the
logarithm is greater than 1.

o Letp = (pi1,...,pn) and q = (q1,...,qn) be n-tuples of nonnegative real numbers
such that p;/q; € [m,M| for everyi=1,...,n. Then

n
Pn)
0< 1o —P,lo
_gllpl g‘]t g(Qn

<0 (M P”)(P" ) sup  Wig1og(t;m, M)
n —— ) (=——m| su id-log (T3m,
- On On te(mBVI) o

<% i ;":1 2 o ) (mlog sz:nM +M10gm2i/IM>
< M m ( - g) (@ —rn) log% (8.38)
) <% M—m 1 il e ) (mlogmsz +Mlogm2+MM>
< 20 (11— myiog!
7 <% 7 ﬁi"‘ . #% ) (mlogmsz +]‘/ﬂogmsz> '

o Letp=(p1,...,pn) and q = (q1,...,qn) € P be probability distributions such that
m < p;i/qi < M holds for everyi=1,...,n. Then

0 < Dkr(p,q)
<M—-1)(1—=m) sup Wigiog(t:m,M)
re(m,M)
1 1 m+M 2m 2M
B (L T L I M
(2 fmizzlp’ 2 q’D (mogm+M+ Ogm+M)
1 M
< M—1)(1—m)log— 8.
< (M 1) (1 m)log (8.39)
1 I & m+M 2m 2M
B P Nl 1 Mlog———
(2 M—ml;lp’ 2 q") (’”OngrM+ o8 +M)
1 M
< LM —mytog”
4
1 1 2 m—+M 2m 2M
B (T L I Mlog—"_ ).
(2 Mfml.zzlpl 2 q’D (mog ITRES +M)

If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.
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Proof. Letp = (pi,...,pn) andq=(q1,-..,qn) be an n-tuples of nonnegative real numbers.
Function ¢ — tlogt is convex, so inequality (8.38) follows from Theorem 8.18, inequality
(8.36), by setting f(¢) = rlogz.

Inequality (8.39) is a special case of the inequality (8.38) for probability distributions
pandgq. O

Remark 8.4 If in Theorem 8.18, inequality (8.36), we set f(7)
greater than 1, we get the following:

—logt with the base

e for n-tuples of nonnegative real numbers p = (py,...,p,) and ¢ = (q1,...,gn) such
that p;/q; € [m,M] forevery i = 1,...,n we have

0< i gilog (@) + Onlog (ﬂ)
i—1 pi On

(o 1 m+M (m+M)>?
S —— —— g |1 8.40
(2 M*mi:21 Pi 3 %‘) 0og amM ( )
- 8) (5
Mm n On
(o8 1 & m+M (m+M)>?
S —— —— g |1
(2 Mfml.zzl b=y q”) 8 dmm

m+M
Pi*Tf]i

(m+M)?
log———~.
> 08 4mM

e for probability distributions p = (p1,...,p,) and g = (q1,...,qn) € P such that m <
pi/qi < M holds for every i = 1,...,n we have

0 < Dkr(q.p)
<M—-1)(1=m) sup W_jog(t;m,M)
1€{m,M)
1 1 & m+M (m+M)?
2 — — g | logt L 8.41
(2 M*mi:1 Pi > CIt)Og amM ( )
<—(M—1)(1—
— )(1—m)
1 1 & m+M I\ (m+M)?
B R _mM o e
2 M—m AT T )
(M —m)? 1 1 & m+M (m+M)?
N\ 5w 2 |Pi— > 4i| |log
4Mm 2 M-m& 2 4mM
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If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.

By following the same steps as in the proof of Theorem 8.18, but starting from Theorem
8.5, we get lower and upper bounds for the difference in the results from Theorem 8.17,
and consequently in Dragomir’s result (8.2).

Theorem 8.19 ([25]) Let I C R be an interval such that its interior contains the interval
[m,M], let f: 1 — R be a continuous function and let 87 be defined in (8.7). Let p =
(p1,--.,pn) be an n-tuple of real numbers and q = (q1, . . . ,qn) be an n-tuple of nonnegative
real numbers such that p;/q; € [m,M| for everyi=1,...,n. Let ¥ be defined in (8.10). If
the function f is convex, then we have

M 1 n +M
(Q_M—Z S ‘1"’>5f'
M n P n— n A
<MD my 4 D (1) (P 0)

. Pi Pi
< W (t;m,M M-2) (B
< o wstmin 3 (w—2) (2-n)
SQn( SL) <%—m> te?rli}?w W (r;m,M)
o) ()
<%<M m)(f (M) — £, (m)). (8.42)

If the function f is concave, the inequality signs are reversed.

We can utilize Theorem 8.19 to obtain lower and upper bounds for the difference in the
results from Corollary 8.1, as well as for the reversed Kullback-Leibler divergence.

Corollary 8.3 ([25]) Let [m,M] C R be an interval and let us assume that the base of the
logarithm is greater than 1.

o Letp = (pi1,...,pn) and q = (qu1,...,qn) be n-tuples of nonnegative real numbers
such that p;/q; € [m,M| for everyi=1,...,n. Then

0, 1 % MmoN( o 2m oM
2 M-m=’ mog v MO g

Mm | (m)+ P, | MM
og | — 0
M—m J M M—m J m"

< sup Wigrog(tsm M)
re(m,M)

<QOn

I
N
<
|
SRS
N———
N
SIS
|
N———
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P, P,
<0, (M @> (@ — m> lesup Wig.og (t:m,M) (8.43)

(m.M)
n Pll Pll M n M
i (1 a:) (o) oe () = o (51)

o Letp=(pi1,...,pn) and q = (qi,...,qn) € P be probability distributions such that
m < pi/qi < M holds for everyi=1,...,n. Then

1 1 L m+M ) 2m Y 2M
e i— ————q; mlo 0
2 M—mi: pi 2 4 gm—i—M gm—i—M

Mm m 1 MM
< | (—) 1 — Dii(p,
_Mmeg M +Mm0g<mm) k(p-4)

- . - pi\ [ pi
< sup Wignog(tsm,M) Y, (M == ) (= —m

1

re(m,M) i=1 qi qi
< (M— 1) (1 — I’l’l) sup lPid.]Og(l‘;m,M) (8.44)
re(mM)
1

< (1= D= mtog (M) < Soa—mog (2.

If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.

Remark 8.5 As in Remark 8.4, we can set f(t) = —logt with the base greater than 1

in Theorem 8.19, inequality (8.42), and obtain the following inequalities for the reversed
Kullback-Leibler divergence:

e for n-tuples of nonnegative real numbers p = (py,...,p,) and ¢ = (q1,...,q,) such
that p;/q; € [m,M] forevery i = 1,...,n we have

m+M
Pi*Tf]i

(m+M)?
1 S~ 7
> 08 4mM

< sup Wig(tm M) Y (Mﬁ) <p—m)

re(m,M) i

P, P,
<0O» (M—") (—"m) sup Wioe(t;m,M
On On te(m,M) log( )

On B\ [ P On 2
ol BY (B Qg s
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e for probability distributions p = (py,...,ps) and ¢ = (q1,...,qn) € P such that m <
pi/qi < M holds for every i = 1,...,n we have

1 1 z
2 M-m&4
1 m—1

SM—mlog (li ) 7DKL(q7p)

< . S Pi Pi
< sup ‘Plog(t,m,M)z Mf; ——m

m+M
Pi*Tf]i

(m+M)2
1 S~
) M

re(m,M) i=1 i qi
<M—-1)(1—=m) sup Wiog(t;m,M)
te(m,M)
<—L(M71)(l—m)<fL(Mfm)2. (8.46)
- Mm — 4Mm

If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.

Unlike previous results, the following results do not require convexity in the classical
sense of the function f. We start with an Edmundson-Lah-Ribari¢ type inequality for the
generalized f-divergence functional D +(p,q), where the function f has bounded second
order divided differences. This is a significant progress in relation to the previous results,
since the class of functions with bounded second order divided differences is much greater
then the class of convex functions.

Theorem 8.20 ([26]) Let [m,M] C R be an interval such that m < 1 < M and let
[ [mM] — R be a function with y < [m,t,M|f <T. Letp = (p1,...,pn) and p =
(q1,---,qn) be probability distributions such that p;/q; € [m,M] for everyi=1,...,n. Then
we have

8o (M= 20) (B o) < S )+ 5 00~ Dy

qi qi T M-m M
n . .
<rYg <M&) <&m). (8.47)
i=1 qi qi

Proof. The function f has bounded second order divided difference with bounds y and T,
so when we set linear functional A from (8.14) to be a discrete sum, we get

" M—x xX—m L
Y;Pi(M*xi)(xi*m) < M_m¢(m)+M_m¢(M)*i§Pi¢(xi)
n
<TY, pilM —x;)(xi —m), (8.48)
i=1
where x = (x1,...,X,) is an n-tuple of real numbers from [m,M], p = (p1,...,pn) is an

n-tuple of nonnegative real numbers such that ! ; p; = 1, and X = >, pixi. Now, in the



8.3 INEQUALITIES FOR GENERALIZED f-DIVERGENCE 225

relation (8.48) we can put

0=Ff pi=qi and x;="2",
qi
and after calculating
_ n p[ n
x:Zqi—zzpizl
|
we get (8.47). O

By following the same idea as in the proof of the previous theorem, but starting with
the relation (8.17) from Theorem 8.7, we get the following result, which is a Jensen type
inequality for the generalized f-divergence functional Ds(p.q).

Theorem 8.21 Let [m,M] C R be an interval such that m <1 < M and let f: [m,M] —
R be a function with v < [m,t, M|f <T. Let p = (p1,...,pn) and p = (q1,--.,qn) be
probability distributions such that p;/q; € [m,M) for every i =1,... ,n. Then we have

yM—-1)(1—m ngz <Mp) <p’ m> (8.49)

qi qi

<Dyp.a) ~ £ <101 (1 -m) 3 (=2 ) (2.

i=1 qi qi

Remark 8.6 If the function f: [m,M] — R is additionally convex, then from (8.15), by
following the same idea as in the proof of Theorem 8.20, we get Edmundson-Lah-Ribari¢
type inequality for the Csiszdr f-divergence functional:

- pi\ [ pi
0< i M — — ——m
<o) (& -m)

S fm) 3 (M)~ Dy (pg)
<I‘2q,(M— (%m) (8.50)
DM = 1)(1—m) < T ()"

Jensen type inequality for Csiszar divergence functional is a special case of Theorem 8.21
for a convex function.

The generating function of the Kullback-Leibler divergence f(z) = tlogt is convex,
and its second order divided difference [m,#,M]f is a continuous and decreasing function,
which means that it attains its maximal and minimal value in the points m and M respec-
tively.

We calculate the bounds for the second order divided difference of the function

f(t) =tlogt:

1 (MlogM —ml
T = [m,m,M]id -log = < 08 — mogm

M—m M—m

- (d-tog) ], )
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Figure 8.1: Graphs of the Function —[m,z, M]id o log
for different Choices of the Points m and M.

1 1 MM .
C M-—m\ M- m
. 1 . MlogM — mlogm
M. M|id -1 d-1 e =
= .M. Mjid-log ([o og)(m)] — METIE
1 MM
M <logM+ 1- logW)

Now, as a special case of Theorem 8.20 and Theorem 8.21 for f(¢) = tlogt, taking into
account convexity of the function f, we have obtained Jensen and Edmundson-Lah-Ribari¢
type inequalities for Kullback-Leibler divergence D (p,q)-

Corollary 8.4 ([26]) Let [m,M] C R be an interval such that m <1 < M. Let p =
(P1y---,pn) and p = (qu,...,qu) be probability distributions such that p;/q; € [m,M] for
everyi=1,...,n. Then we have

1 pi )
0< M——)(——m
i oty ) S (v-51) (;
< M e™ —lo MM Dk.(p.q) (8.51)
SMom M M S KR ‘
1 1 M pi\ (pi
< log—— — logm — 1 mM-L) (2
a7 (e oo 1) 2o (- 3) (G-
1 1 MM
< - log— —logm—1) (M —1)(1 —
<im0 — 0w 1) 4= 1)1 =)

i <logM—M ~ (logm +1)(M — m)) .

Corollary 8.5 ([26]) Let [m,M] C R be an interval such that m < 1 < M. Let p =
(p1y---,pn) and p = (q1,...,qu) be probability distributions such that p;/q; € [m,M] for
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everyi=1,...,n. Then we have
1 1 MM
< _ _ _
0 DKL(P,Q) M—m l(M—mlo mn 1) (M 1)(1 m)
- (logM—i— - log—) Y 4 (M— —) (ﬁ —m) : (8.52)
qi qi

The function f(r) = —logr is also convex, and its second order divided difference
[m,t,M]f is a continuous and decreasing function, which means that it attains its maxi-
mal and minimal value in the points m and M respectively.

15"1
125 |
10| |
757‘; —~— m:03 M:9
' ‘\ -~~_--m:0.1 M:15
57 ce m 2 0.9 M 1.5
2.5

25 5 7.5 10 125 15 17.5 20
Figure 8.2: Graphs of the function —[m,#,M]log

for different choices of the points m and M.

We calculate the bounds for the second order divided difference of the function f(¢) =
—logt:

1 —logM +logm
' =—[m,m,M|log = Y- < M —m - (log)ﬁr(m)>

1 —logM + logm
=—Im,M,M|log = —— [ (—log) (M) - ———=—
=t og = 31— ((1og) )

M—m
(L, m
M_—m\M " M=—m %M

As a special case of Theorem 8.20 and Theorem 8.21 for f(¢) = —logt, taking into

account convexity of the function f, we get Jensen and Edmundson-Lah-Ribari¢ type in-
equalities for the reversed Kullback-Leibler divergence Dk (g,p).

Corollary 8.6 ([26]) Let [m,M] C R be an interval such that m <1 < M. Let p =
(p1y---,pn) and p = (qu1,...,qn) be probability distributions such that p;/q; € [m,M| for
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everyi=1,...,n. Then we have
1 1 1 m « pi\ ([ pi
0<-— — log— =) (2
= M—m(MJrM—mOgM)lzlql( C]i> (Qi "
mn m
< 1 log— —D 8.53
Sapnlog o+ o logy, — Dki(q.p) (8.53)
1

Corollary 8.7 ([26]) Let [m,M] C R be an interval such that m < 1 < M. Let p =
(p1y---,pn) and p = (q1,...,qu) be probability distributions such that p;/q; € [m,M] for
everyi=1,...,n. Then we have

1 1 m 1
< < — 4 — — —
O_DKL(q,p)_M_m[(M_mlogM+m) (M 1)(1 m)

1 1 mY « Di Di
+(M+M_mlogM)lZIq,(Mqi) <qim)‘|. (8.54)

Following results are applications of Theorem 8.9 and Theorem 8.10, and they provide
us with an Edmundson-Lah-Ribari¢ type and Jensen type inequality respectively for the
generalized f-divergence functional for 3-convex function.

Theorem 8.22 ([24]) Let [m,M] C R be an interval suchthatm < 1 <M andlet f: [m,M]| —
R be a 3-convex function. Letp = (p1,...,pn) andp = (q1,...,qn) be probability distri-
butions such that p;/q; € [m,M] for everyi=1,...,n. Then we have

B2 (2 (1)

M—m
M—1 1—m N
< —f(M)—D¢ 8.
<o)+ = ()~ Dy (p,g) (8.55)
1 3 pi> <pi )</ f(M)f(m)>

< M=) (Eem) () -
—M_mizll%( py g f( ) M—m

Proof. Letx = (x1,...,x,) such that x; € [m,M] for i = 1,...,n. For a 3-convex function

¢, in the relation (8.22) we can replace

n
fe—x, and A(x) =) pixi.
i=1
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In that way we get

Y piM —xi)(xi—m) (¢(M)—¢(m)
M—m ( —(Z)+(m))

< M_;(p(m) + ;iTH(Z)(M) - iPid’(xi)

M—m M pay
< ;lzlpi(M_xi)(xi_m) (Z)/ (M)_(p(M)_(p(m)
- M—m B M—m ’
where x = ¥}, pix;. Since the function f is 3-convex, in the previous relation we can set
pi
¢=f, pi=qi and x; = j,
1

and after calculating

we get (8.55). O

Theorem 8.23 ([24]) Let [m,M] C R be an interval suchthatm <1 <M andlet f: [m,M]| —
R be a 3-convex function. Letp = (pi1,-...,pu) andp = (q1,...,qn) be probability distri-
butions such that p;/q; € [m,M] for everyi=1,...,n. Then we have

(M —1)(1 —m) (ﬂM)—f(’") - /(m))

M—m M—m +

o T (-2 (2w (- L2 s

—Miz qi qi m
M-1)(1-m) [, f(M) — f(m)
<D 1)< M -
<Dy(p.g)~ 1(1) < 02 (1 gy SEDZS
1 L ; ; M) — f(m
B Zqi (M &) (& m> (M f;(”")) )
—mi3 qi qi M—m
Proof. As in the proof of the previous theorem, let x = (xy,...,x,) such that x; € [m, M|
fori=1,...,n. For a 3-convex function ¢, in the relation (8.23) we can replace

fe—x, and A(x Zp,x,

and obtain the following discrete sequence of inequalities:
M—x)(x—m) [ ¢(M)—¢(m
( MW_( )( (A;_ ( )¢,+(m))
m m
2 pilM —xi)(xi —m) (¢

M—m
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< ipid’(xi) —9(x) < (M —x)(x—m) <¢’(M) _ M)

- M—m M—m
Yo pilM —xi)(xi—m) (M) —p(m)
- _ _ — ¢ (m) |
M—m M—m
The function f is 3-convex, so in the previous relation we can set
¢ =f, pi=qi and xi:&a
1
and after calculating
_ n pl n
x:Zqi—zzpizl
-1 9 =
we get (8.56). O

Next two results are obtained as an application of Theorem 8.11 and Theorem 8.12
respectively, and they give us different Edmundson-Lah-Ribari¢ type inequalities for the
generalized f-divergence functional.

Theorem 8.24 ([27]) Let [m,M] C R be an interval such that m < 1 < M. Let f be a
3-convex function on the interval I whose interior contains [m,M| and differentiable on
(m,M). Let p = (p1,...,pun) and p = (q1,...,qn) be probability distributions such that
pi/qi € [m,M] for everyi =1,... ,n. Then we have

(1—m) [f(M) —f(m) .f#(m)} B % i(pi*mqi)f/ (§>

M=m 2 i=1 i
Si‘:i;ﬂm)* ﬂ-f(M) —Dy(p.q) (8.57)
<= 2 Mgq; — Pz)f (Zz> - (M_ 1) {f(]‘;\[/ii;(m) - f;M)] .

Proof. Let x = (x1,...,x,) such that x; € [m,M] fori =1,...,n. Let ¢ be a 3-convex
function on the interval I whose interior contains [m,M] and differentiable on (m,M). In
the relation (8.24) we can replace

f<—x, and A(x Zp,xl

In that way we get

(x—m) ‘P(Aﬁ_i(m)mém)} lznllpi(xim)‘?”(xl)
<M oy 2 00y~ 3 o ()
“M-—m M — ;
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where x =Y | pix;. Since the function f satisfies the same assumtions as ¢, in the previous
relation we can set i
1

o=f, pi=qi and x; = —,

and after calculating

we get (8.57). O

By utilizing Theorem 8.12 in the analogous way as above, we get a different Edmundson-
Lah-Ribari¢ type inequality for the generalized f-divergence functional, and it is given in
the following theorem.

Theorem 8.25 ([27]) Let [m,M] C R be an interval such that m < 1 < M. Let f be a
3-convex function on the interval I whose interior contains [m,M] and differentiable on
(m,M). Letp = (p1,--.,pun) and p = (q1,...,qn) be probability distributions such that
pi/qi € [m,M] for everyi=1,... ,n. Then we have

f(M)— f(m) f u Mql i)’
-5

o= |70 -

M—m
§;]Z:,:1f(m) + %f(M) *Df(p,q) (8.58)
f(M) — f(m) & (pi—mgi)?
<i-m) [ L0005 ;1

Remark 8.7 Letp = (py,...,ps) andp = (q1,...,qn) be probability distributions and let
[m,M] C R be an interval such that m < 1 <M and p;/q; € [m,M] foreveryi=1,...,n

> Kullback-Leibler divergence of the probability distributions p and ¢ is defined as
n ql
DKL(qu) = 2 CIiIOg ]
i=1 Di

and the corresponding generating function f(¢) = rlogs,r > 0. We can calculate
) =— 2 < 0, so the function —f(¢) = —tlogt is 3-convex. It is obvious that
for the Kullback Leibler divergence the inequalities (8.55), (8.56), (8.57) and (8.58)
hold with reversed signs of inequality, with

fi(m) =logm+1, f.(M)=1logM+1

and
" 1 1

+( ):_7 f//( ) M'

3

> Hellinger divergence of the probability distributions p and ¢ is defined as

S (v

i=1

DH(p,Q) =

N =
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with the corresponding generating function f(t) = (1 —/7)%,t > 0. We see that
) = f%t’% < 0, so the function —f(¢) = —4(1 — /7)? is 3-convex. For the
Hellinger divergence the inequalities (8.55), (8.56), (8.57) and (8.58) hold with re-
versed signs of inequality, with

Film) ===t 50 100 = -

[\e]
-
ol

and
1

1/ _ 1 /" —
f+(m)*4\/n?7 fi(M)74\/]W

> Renyi divergence of the probability distributions p and q is defined as
D(X(paq an lplav OCGR,

and the corresponding generating function is f(z) = ¢t*,# > 0. We calculate that
F"(t) = oo — 1)(er — 2)¢*~3, which is 3-convex for 0 < o < 1 and & > 2, and
—f(t) = —t%is 3-convex for & <0and 1 < a < 2. We have

FLm) = am®™", f (M) = oaM®,

fl(m)=oa(e—1)m* 2 and f"(M)=a(o—1)M*2.

As regards the Renyi divergence, the inequalities (8.55), (8.56), (8.57) and (8.58)
holdforO <o <land o >2,and if &« <0 or 1 < o <2 the signs of inequality are
reversed.

> Harmonic divergence of the probability distributions p and ¢ is defined as

o 2Diqi
Dua\p,q) =), ——,
(p.4) lzzl pit+qi

and the corresponding generating function f(t) = 2 “. We can calculate f"(r) =
0 13)4 > 0, so the function f is 3-convex. It is obvious that for the harmonic diver-

gence the inequalities (8.55), (8.56), (8.57) and (8.58) hold with

: 2 2
fi(m) = Trmp’ fL(M) = A+M2

and 4 A
i(m)— 1t )3» f//( )=- m

> Jeffreys divergence of the probability distributions p and ¢ is defined as

n

1 q
Dj(paq) = E Z(QI_pl)logITla
i i

i=1
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with the corresponding generating function f(z) = (1 —t)log +,t > 0. We see that
) = ,ZLZ — % <0, so the function —f(¢) = (1 —¢)logt is 3-convex, and we
instantly get that for the Jeffreys divergence the inequalities (8.55), (8.56), (8.57)

and (8.58) hold with reversed signs of inequality, with

fi.(m)=1lo fl+1 f (M) =1o M7i+1
+m* gm m y J— - g M

and 1 1 1 1
/! /!
fi(m) = i B fL(M) = v
The results that follow are a generalization of the previous results which hold for the
class of n-convex functions. Until the end of this section, when mentioning the interval
[m,M], we assume that [m,M] CR,.
We can utilize Theorem 8.13 to get an Edmundson-Lah-Ribari¢ type inequality for the
above defined generalized f-divergence functional.

Theorem 8.26 Let [m,M] C R be an interval such that m < 1 <M. Let f € €"(|m,M))
and letp = (p1,...,pr) andp = (qu,...,q,) be probability distributions such that p;/q; €
[m,M] for everyi=1,...,r. If the function f is n-convex and if n and 3 < v <n— 1 are of
different parity, then

M—1 1—m -
— ——f(M)—D 8.59
T )+ 2 (M) f@,q> (8.59)
v— 1 r
< (1= m) (i — flm) + 3 L —mai)
k=2 ! i=1
n—vy r -1
(pi —mgq;) (p qu')
+ fim,... M, M M) . (8.60)
v times k times

Inequality (8.60) also holds when the function f is n-concave and n and v are of equal
parity. In case when the function f is n-convex and n and v are of equal parity, or when
the function f is n-concave and n and v are of different parity, the inequality sign in (8.60)
is reversed.

Proof. Letx = (xy,...,x,) be such that x; € [m,M] for i = 1,...,r. In the relation (8.28)
we can replace

g+«—x, and A(x Zp,xl

In that way we get

M —
M

X x
— fom) + 2

<(c—m) (flm,m] = f[m,M]) +

_ v—1 (k)mr
f ().2
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-
+ Zf[m77m7M77M] Zpi(xiim)v(xifb)kilv

v times k times
where x = Y7, pix;. In the previous relation we can set
i

pi=q; and xt—p»

and after calculating

we get (8.60). O

By utilizing Theorem 8.14 in the analogous way as above, we get an Edmundson-Lah-
Ribari¢ type inequality for the generalized f-divergence functional (8.3) which does not
depend on parity of n, and it is given in the following theorem.

Theorem 8.27 Let [m,M] C R be an interval such that m <1 <M. Let f € €"([m,M])
and letp = (p1,...,pr) andp = (qu,-..,q,) be probability distributions such that p;/q; €
[m,M] for everyi=1,...,r. If the function f is n-convex and if 3 <v <n— 1 is odd, then

1
S f(m) + ——" f(M) — Dy(p,q)
(M — 1) (flm. M) — FM,M)) +2f )y (P Mq’
k=2 i=1
~ 4 i Ml ( i i) -1
+ 3 S M) S, (i~ qqﬁf —_ (8.61)

v times k times

Inequality (8.61) also holds when the function f is n-concave and v is even. In case when
the function f is n-convex and v is even, or when the function f is n-concave and v is odd,
the inequality sign in (8.61) is reversed.

Another generalization of the Edmundson-Lah-Ribari¢ inequality, which provides us
with a lower and an upper bound for the generalized f-divergence functional, is given in
the following theorem.

Theorem 8.28 Let [m,M] C R be an interval such that m < 1 <M. Let f € €"(|m,M))
and letp = (p1,...,pr) andp = (qu,-..,q,) be probability distributions such that p;/q; €

[m,M] for everyi=1,...,r. If the function f is n-convex and if n is odd, then we have
n—1 r -1
—mq;) p, —Mg;)* M—1 1—m -
mM,M,... < m)+——f(M)—D¢(p,
Py 3 o = )2 f(M)~Dy(p,g)

k times

]zr: (Pi*in)('Pi*M% + 2 fm m; M zr: mq, pz M‘b)

i=1 4i k= iz q
k times

<flm,m;M

(8.62)
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Inequalities (8.62) also hold when the function f is n-concave and n is even. In case when
the function f is n-convex and n is even, or when the function f is n-concave and n is odd,
the inequality signs in (8.62) are reversed.

Proof. We start with inequalities (8.30) from Theorem 8.15, and follow the steps from the
proof of Theorem 8.26. O

By utilizing Theorem 8.16 in an analogue way, we can get similar bounds for the
generalized f-divergence functional that hold for all n € N, not only the odd ones.

Theorem 8.29 Let [m,M] C R be an interval such that m < 1 <M. Let f € €"(|m,M))
andletp = (p1,...,pr) andp = (qu,...,qr) be probability distributions such that p;/q; €

[m,M] for everyi=1,...,r. If the function f is n-convex, then we have
G (pi—mai) (pi—Mgi) | 'S G (pi—mgi) ! (pi—Mgi)®
f[M,M;m]Z : +Zf[M,M;m,m,...,m]2 T
i=1 qi k=2 =l q;
k times
M—1 1-m - ) 2 —mq;) k l(pz —Mgq;)
< M)—D¢ < .
OO0 Dy ) < 5 pibsn ) 3 P
k times

(8.63)

If the function f is n-concave, the inequality signs in (8.63) are reversed.

Remark 8.8 Letp = (py,...,p,) andp = (qi,...,q,) be probability distributions.

> Kullback-Leibler divergence of the probability distributions p and ¢ is defined as
r ql
DKL(qu) = 2 CIiIOg )
i=1 Di

and the corresponding generating function is f(z) = tlog#,t > 0. We can calculate

£ ) = (-1 =20,
It is clear that this function is (2n — 1)-concave and (2n)-convex for any n € N.

> Hellinger divergence of the probability distributions p and ¢ is defined as

1 n
DH(p q E 2
i=1
and the corresponding generating function is f(7) = %(1 _ \/;)2’t < 0. We see that
(@) = (fl)nM,J"z—*l

an ’

so function f is (2n — 1)-concave and (2n)-convex for any n € N.
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> Harmonic divergence of the probability distributions p and ¢ is defined as
o 2Didi
Dha(p.q) = ), ———,
ap.q) 1:21 Pitai

and the corresponding generating function is f(¢) = 12—+’t We can calculate

f(n) (l) _ 2(_1)n+1n!(1 +t)7(il+1).
Two cases need to be considered:

x if t < —1, then the function f is n-convex for every n € N;
x if + > —1, then the function f is (2n)-concave and (2n — 1)-convex for any
neN.
> Jeffreys divergence of the probability distributions p and ¢ is defined as

n

1 qi
DJ(pvq) = 5 Z(C]z 7pi)10g171'7
i=1 4

and the corresponding generating function is f(t) = (1—1)log 1,7 > 0. After calcu-
lating, we see that

F) = (=) " (= 1)1 +nt).
Obviously, this function is (2rn — 1)-convex and (2n)-concave for any n € N.

It is clear that all of the results from this section can be applied to the special types of
divergences mentioned in this example.

8.4 Applications to Zipf-Mandelbrot law

Zipf-Mandelbrot law is a discrete probability distribution with parameters N € N, g,s € R
such that ¢ > 0 and s > 0, possible values {1,2,...,N} and probability mass function

. 1/(i+q)* &1
iyN,q,s) = ———, where H =y —.
f( q,s) Hygs N.g.s lzzl (i+q)°

It is used in various scientific fields: linguistics [29], information sciences [12, 34],
ecological field studies [30] and music [23]. Benoit Mandelbrot in 1966 gave improvement
of Zipf law for the count of the low-rank words. Various scientific fields use this law for
different purposes, for example information sciences use it for indexing [12, 34], ecological
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field studies in predictability of ecosystem [30], in music is used to determine aesthetically
pleasing music [23].

Let p and g be Zipf-Mandelbrot laws with parameters N € N, g1,g> > 0 and 51,52 > 0
respectively. We can use Corollary 8.2 and Corollary 8.3 in a similar way as described
above in order to obtain inequalities for the Kullback-Leibler divergence. Let us denote

Hy 15 = Hi, Hygy,5, = H>

. H ; 5
- {2) g 507
' qi H, (i+q)"

L pi| _ H (i+q2)*"
Mp,q . = max { a} = Emax { W (864)

Corollary 8.8 ([25]) Let p and q be Zipf-Mandelbrot laws with parameters N €N, q1,q> >
0 and s1,s2 > 0 respectively. If the base of the logarithm is greater than one, we have

0<Dki(p.q)

< Mpg—1)(1—=mpq)  sup  Wigiog(t:mp g, Mpo) —Apg
1€(mp.g-Mp.q)

My, —1)(1— 1 Myq A 8.65

> ( Pq )( My g) Ogm \p.q (8.65)

Mpg—mpq

1 Mp-,q
< Z(Mp,q - mp,q)logm —Apg

and
M,
M, ,m m 1 M, b1
Apg < p.a"p.q log( M)Jr log [ 224 ) Dy, (p.q)
T Mpg—mpy Mp 4 Mpg—mpg m;;n,':jq
SMpg—=1)(1=mpg) sup  Wiaiog(t:mpg,Mpq) (8.66)

te(mp q,Mp.q)

M, 1 M,
(Mpg—1) (1 —mpg4)log <ﬁ> <~ (Mpg—mpq)log <ﬁ> ;

P49 P49

N

S -
Mpg—mpgq

where Dip.(p,q) is the Kullback-Leibler divergence of distributions p and q, my 4 and My 4
are defined in (8.64), and

N
P 1 D !  Mpgt+Mpg 1
v 2 Mpg—mpg S| Hi(i+q1)" 2 Hy(i+ g2)%
2 2M,
% (mp,qlog# + Mmlogi)
My g +Mpq My g +Mp 4

Remark 8.9 If we utilize Remark 8.4 and Remark 8.5 in the same way as described
above, we can obtain companion inequalities for the reversed Kullback-Leibler divergence
Dk1.(q,p) of these distributions.
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For finite N and g = 0 the Zipf-Mandelbrot law becomes Zipf’s law. I is one of the
basic laws in information science and bibliometrics, but it is also often used in linguistics.
George Zipf’s in 1932 found that we can count how many times each word appears in the
text. So if we ranked (r) word according to the frequency of word occurrence (f), the prod-
uct of these two numbers is a constant C = r* f. Same law in mathematical sense is also
used in other scientific disciplines, but name of the law can be different, since regularities
in different scientific fields are discovered independently from each other. In economics
same law or regularity are called Pareto’s law which analyze and predicts the distribution
of the wealthiest members of the community [10]. The same type of distribution that we
have in Zipf’s and Pareto’s law, also known as the Power law, can be found in wide variety
of scientific disciplines, such as: physics, biology, earth and planetary sciences, computer
science, demography and the social sciences [31] and many others. At this point of time we
will not explain usage and their importance of this law in each scientific field, but we will
retain on frequency of the word usage. Since, words are one of basic properties in human
communication system. That frequency of used word and human communication system
can be explained with plain mathematical formula is extremely interesting and useful in
analysis of language and their usage. Since this law is be applicable in indexing and text
mining, it is quite useful in today’s world in which we use Internet to retrive most of the
information that we need.

Probability mass function of Zipf’s law is:

fk;N,s) = L/k where Hy = il
54V, ) = HN,s7 N,s — & l.S-

Since Zipf’s law is a special case of the Zipf-Mandelbrot law, all of the results from
above hold for g = 0.

Gelbukh and Sidorov in [13] observed the difference between the coefficients s; and
s> in Zipf’s law for the russian and english language. They processed 39 literature texts
for each language, chosen randomly from different genres, with the requirement that the
size be greater than 10,000 running words each. They calculated coefficients for each of
the mentioned texts and as the result they obtained the average of s; = 0,892869 for the
russian language, and s, = 0,973863 for the english language.

If we take g1 = g2 = 0, we can use the results from the above regarding the Kullback-
Leibler divergence of two Zipf-Mandelbrot distributions in order to give estimates for the
Kullback-Leibler divergence of the distributions associated to the russian and english lan-
guage. For those experimental values of s; and s, we have

. Hy . 52 H H
my = min { &} = V9 in { l—} = %2 min {i1} = N5
qi Hy 5, i*1 Hy s,

and

i Hy i*2 Hy g oy Hy g
My = max { &} _ N5 oy - 2 max {2791} = T2 0080994
qi Hy s, i1 Hy Hy

Hence the following bounds for the mentioned divergence, arising from Corollary 8.8
and depending only on the parameter N, hold.
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0 S DKL(pvq)
<(My—1)(1=my) sup  Wigiog(t;mn,My) — Ay
lE(nlN,MN>
0,080994
< (MN - 1) (1 me)longAN

~ My —mpy
<0,020249(My — my)logN — Ay

We also have

- 0,080994 080994 | Hy.0.973863 1 Hy.0.973863
N = 0,080994 - ogN +log
NY -1 Hpy.0,892869 HNy0,892869

<(Mny—-1)(1—my) sup lPid-]Og<t;mN7MN)

) —Dki(p,q)

t€(my My )
g% (My —1) (1 —my)logN < 0,020249(My — my)logN,
where
1 1 N 1 N0.080994 4
Ay = (5 - Hy:0973863 (N0-080994 _ 1) le ;0892869 9;0,973863 D

+ ]\/0,080994]0g

4
2N008099 ) Hpy.0,973863

2
% <log NO.080994 1 | NO.080994 1 |

By calculating the above results for the Kullback-Leibler divergence of the distributions
associated to the russian (p) and english (g) language for different values of the parameter
N, we obtained the following bounds:

Hp.0,892869

e from the first series of inequalities:

N | 5000 | 10000 | 50000 | 100000
Dk.(p.q) < | 0,0862934 | 0,100855 | 0,138862 | 0,157016

e from the second series of inequalities:

N | 5000 | 10000 | 50000 | 100000
Dkr(p.q) < | 0,00106 | 0,001274 | 0,0018269 | 0,002091

The base of the logarithm used in our calculations is 2.

Again, p and q are Zipf-Mandelbrot laws with parameters N € N, ¢,¢> > 0 and sy, s, >
0 respectively, and let mp 4 and M, 4 be defined in (8.64).

Next result is a special case of Corollary 8.4 and Corollary 8.5, and it gives us Edmund-
son-Lah-Ribari¢ and Jensen type inequalities for the Kullback-Leibler divergence of two
Zipf-Mandelbrot laws. In contrast to previous results, function f is not necessarily convex
in the classical sense.
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Corollary 8.9 ([26]) Letp and g be Zipf-Mandelbrot laws with parameters N € N, g1, g» >
0 and s1,s2 > O respectively. Then we have

M,

1 1 M, b1

0<—— [logMp,+1— log—r— | x
Mpg—mpgq Mpg—mpg ~ mply

S o (- e (e
& (i4q2)2H P4 Hy (i+q))n Hy (i+q))" g

M, 1 M,
< Mp gMp q log Mp q + log Pq Dxi(p.q)
Mpg—mpg “"Mpg Mpg—npg mp g

M,
1 1 M, b1
< log I,’,,’gq —logmy 4 —1 ] X
Mpg—mpg \ Mpg—1pq ~ myy

P o (- e (e
(i+q2)2Hy \""" Hy(i+q) ) \Hi (i+q)n "1

i=1

<1 Ny A 1) (Mg — 1)(1 = mpyg)
< 08—, — 108Mp 4 g Mp.q
Mpg—mpg \ Mpg—mpq m;?z}q
M,
L[ Myhe
<7 |log fing — (logmy g +1)(Mp g mp,q))
Mpq
and
1 1 My
0 <Dgi(p.q) < log—5 ——logm—1 | (Mpg—1)(1 —mp4)
Mp g —mpq Mp g —mpy4 m;’:jq

pg — Mpg Mp g

4 1 H, (i+q2)? ) (Ha (i+q2)%
2 (it 2 Ho Mpg— H G+a0st T o Mra |-
S (i+q2)2H, 1 (i+q1) Hy (i+q1)
Remark 8.10 From Corollary 8.6 and Corollary 8.7 we can obtain the same type of in-

equalities, but for the reversed Kullback-Leibler divergence Dy (q,p) of the Zipf-Mandel-
brot distributions p and gq.

M
1 My
_ <logMp7q +1- log— ) X

Since Zipf’s law is a special case of the Zipf-Mandelbrot law, two previous results hold
for Zipf’s law with g = 0.

Again, if we take g1 = g» = 0, we can use the results from the above regarding the
Kullback-Leibler divergence of two Zipf-Mandelbrot distributions in order to give esti-
mates for the Kullback-Leibler divergence of the distributions associated to the russian and
english language. As said before, for those experimental values of s; and s, we have

. i Hy . [ _ Hy Hy
my = min { pi } = 2 mjp — —Zmin {27} = =2
Qi HNS| °l HNS] HN,S]
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and

i Hy 2 HN Hy
My = max { &} = 2 max o~ —%2 max {1‘2 S1 } N .52 770,080994
Qi °l HN W1 HN,S]

Hence the following bounds for the mentioned divergence, depending only on the pa-
rameter N, hold.

1 1 My
0<7<logMN+1M log ’,V,w>><

My —my N — MmN my

g: HNy 0973863 ( N0:080994 _ l-0,080994) (i0,080994 _ 1)

~ {0, 973863H2

N.,0,892869

M,
mNMN 1 M N
< NN, o D
=My —my gMN+MmeN gmj(;N kL(p>4)

- 1 1 ] M%’V 1 1) «
0 —logmy —
My —my \ My —my gmf'\;’v g

i - 97HN ,0,973863 ( 0080994 i0,080994) (i0,080994 _1 )

38632
HN 0,892869

1 1 MM
log—2&_ ] —1 ) (My—-1)(1 -
T My —my (MNmN o8 " oEm ) (b= L)1 = m)

1 MY
<log v — (logmy 4 1)(My — mN)>

4
M,
1 1 My"
0 <Dkr(p,q) < oy —— l (MN _MNlog m%"’ —logmy — 1) (My — 1)(1 —my)
M
(logM—|— 1— log—) X

i HN 0973863 ( N0:080994 _ l-0,080994) (i0,080994 _ 1)] .

10,973863 172
=1 Hy N,0,892869

By calculating the above results for the Kullback-Leibler divergence of the distributions
associated to the russian (p) and english (g) language for different values of the parameter
N, we obtained the following bounds:

e from the first series of inequalities:

N | 5000 | 10000 | 50000 | 100000
Dk1(p,q) < | 119101 | 1.16826 | 1.12176 | 1.10408
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e from the second series of inequalities:

N | 5000 | 10000 | 50000 | 100000
Dk.(p.q) < | 0.170194 | 0.189118 | 0.236439 | 0.258335

The base of the logarithm used in our calculations is 2.
The result that follows is a special case of Theorem 8.22, and it gives us Edmundson-
Lah-Ribari¢ type inequality for the generalized f-divergence of the Zipf-Mandelbrot law.

Corollary 8.10 ([24]) Let p and q be Zipf-Mandelbrot laws with parameters N € N,
q1,q2 > 0 and 51,55 > 0 respectively, and let mp 4 and My, 4 be defined in (8.64). Let
£ [mpg,Mpg] — R be a 3-convex function. Then we have

1 (f(Mp,q) — f(mpq)

i)
Mp g —mpy4 Mp g —mpy4

1 1 (i+q2)2Hy\ ([ (i+q2)"H,
2 o \Mpa— 7 ; : —Mpg
(i+q2)%2H T (it q) Hy ) \ (i+q1) H '

i=1

M, q,—1 1—m -
< P4 - P4 o YD, 8.67
T Mpg—mpg Spa) + Mpq—mpq JMpa) = Dsp.4) (867
< 1 (f/ (Mp,q) _ f(Mp-,q) f(mp,q)) ~
Mpg—mp 4 Mp.g—mp 4

& 1 (i‘i’qz)ssz (i+q2)s2H2
2 ; SZH Mpaq T S'H . SIH - mpwq :
& (i+q2)2Hy (i+q1) Hy ) \ (i+q1)" Hy
Next result follows directly from Theorem 8.23, and it represents a Jensen type inequal-

ity for the generalized f-divergence of the Zipf-Mandelbrot law without the assumption on
the convexity of the function f in the classical sense.

Corollary 8.11 ([24]) Let p and q be Zipf-Mandelbrot laws with parameters N € N,
q1,q2 > 0 and 51,55 > 0 respectively, and let mp 4 and M, 4 be defined in (8.64). Let
£ [mp g, Mp 4] — R be a 3-convex function. Then we have

et (P £ )

T IR ek

S o (Moo= (e ) (i )
<Dy(p.q)— f(1) (8.68)
e () T )

1 (f(Mp,q) —f(mpg)

Mp g —mpq Mp g —mpq

—fi (mp,q)) X
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1 (i+q2)2Hy\ [ (i+q2)H
2 Mpg—— , ; ~Mpg |-
l+qz S2H, T (it q) Hy ) \ (i+q1) H ’

i=1

Remark 8.11 Corollary 8.10 and Corollary 8.11 can easily be applied to Kullback-Leibler
divergence, Hellinger divergence, Renyi divergence, harmonic divergence or Jeffreys di-
vergence considering Remark 8.7.

The following result is a special case of Theorem 8.24, and it gives us Edmundson-
Lah-Ribari¢ type inequality for the generalized f-divergence of the Zipf-Mandelbrot law.

Corollary 8.12 ([27]) Let p and q be Zipf-Mandelbrot laws with parameters N € N,
q1,q92 > 0 and s1,s5 > 0 respectively, and let myp 4 and My, 4 be defined in (8.64). Let
£ [mpg,Mp 4] — R be a 3-convex function. Then we have

[f(Mp,q) —flmpg) 14 (mp,q)]

Mp g —mpq 2

21 zn: ( 1 Mp q ) 7 (ﬂ (i+‘]2)s2>
24\ (i+q) Hi  (i+q2)2H, H (i+q)"
Mpg—1 1

—m -
< Fmpg) + —"4—f(Mpq) — Ds(p.q) (8.69)
Mp g —mpq v Mp g —mpq P !

s ( Mpq ! )f/(ﬂ(”clz)”)
242\ (i+q)H  (i+q)"H, Hy (i+q1)%
f(Mp,q) *f(mp,q) fL(Mp,q)
~ Mg = 1) [ Mpg—mpq - 2 ] .

(1—mpg)

Next result follows directly from Theorem 8.12, and it gives us another Edmundson-
Lah-Ribari¢ type inequality for the generalized f-divergence of the Zipf-Mandelbrot law.

Corollary 8.13 ([27]) Let p and q be Zipf-Mandelbrot laws with parameters N € N,
q1,q2 = 0 and s1,s5 > 0 respectively, and let mp ¢4 and My, 4 be defined in (8.64). Let
£ [mpg,Mp 4] — R be a 3-convex function. Then we have

f(Mp,q) - f(mp,q)]

(Mpq— 1) [f/ (Myq) —

Mp.g —mp g X
" n
Z (];[pq ; i+q2)"H, <(i+ﬁc/1[§,)zZH2 - (i-l-qi)S'Hl)
S]h flmp Hﬂﬁf(/”p,q)—bf(p,q) (8.70)
ol

i +q2)"H, ( ! Tra )2
l q2 N.q>, s — - — .
= P2\ (i+q) Hi i+ q2)2H,
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Remark 8.12 Again, by taking into consideration Remark 8.7 one can see that Corol-
lary 8.12 and Corollary 8.13 can easily be applied to any of the following divergences:
Kullback-Leibler divergence, Hellinger divergence, Renyi divergence, harmonic diver-
gence or Jeffreys divergence.

The following results are special cases of Theorems 8.26, 8.27, 8.28 and 8.29 respec-
tively, and they gives us Edmundson-Lah-Ribari¢ type inequality for the generalized f-
divergence of the Zipf-Mandelbrot law.

Corollary 8.14 ([28]) Let p and ¢ be Zipf-Mandelbrot laws with parameters N € N,
q1,q> > 0 and s1,s2 > 0 respectively, and let Hy, H, myp 4 and M, 4 be defined in (8.64).
Let Let f € €"([mp4,Mp 4]) be a n-convex function. If n and 3 <v <n— 1 are of different
parity, then

Mpq — 1 f(mp,q)"'ﬂf( 4)—Dsp.q)

Mpg—mpg Mpg—mpq4
k
2 (i+4g2)*2
—Mpg

V71 r )51
<(L—=mpg) (f'(mpg) = flmpg,Mp g]) + 2 rpg) 2 ( L
k=2 i=1

sz' l+(]2)
. k—1
Hy(i+q ) H (i+qp)™2
S 1y R ee) (B30
My gy sMpgs - - .
k:]. 2l p.q> P‘I “ H2(1+q2)52

Vv times k times

This inequality also holds when the function f is n-concave and n and v are of equal parity.
In case when the function f is n-convex and n and v are of equal parity, or when the function
f is n-concave and n and v are of different parity, the inequality sign is reversed.

Corollary 8.15 ([28]) Let p and g be Zipf-Mandelbrot laws with parameters N € N,
q1,92 > 0 and 51,52 > O respectively, and let Hy, H,, my, 4 and M, 4, be defined in (8.64).
Let Let f € €"([mp,q,Mp 4]) be a n-convex function. If the function f is n-convex and if
3 <v <n—1 are of different parity, then

Myq—1 1 —mygq -
L f(myg) + 2 f(Myq) — Ds(p.q)
Mpg—mp g4 Mpg—mp g4

(it —tvo)
Hy(i+q 51 ’
<(Mpq—1 My g, Mp, f + -
( Pq )(f[ P4 p,q] I“I ) 2 sz; Z:I (l+q2)sz
H(i+q2)* V (Hy(i+qr)*2 k=l

ny (g M) (25— ma)
+ Myg,....Mygimyg,....m ' ;

kglf[ P9 P9 P9 P#I]lzzl H2(l+q2)sz

v times k times

The inequality above also holds when the function f is n-concave and v is even. In case
when the function f is n-convex and v is even, or when the function f is n-concave and v
is odd, the inequality sign is reversed.
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Corollary 8.16 ([28]) Let p and ¢ be Zipf-Mandelbrot laws with parameters N € N,
q1,92 > 0 and 51,52 > O respectively, and let Hy, H,, my, 4 and M, 4 be defined in (8.64).
Let Let f € 6" ([mp 4,Mp 4]) be a n-convex function. If the function f is n-convex and if n
is odd, then we have

s k—1
el . (2 (thz) — g gz(;j:flz)sf —M,,
2 Flmpai M 2 q1) 1(i+41)
=2 ”’&,—/ =1 Hy(i+ q2)%
k times
M, ,—1 1—m -
SLf(mpq)Jri”f( 4) —Ds(p.q)
Mp.g—mp 4 Mpg—mpq
) H2(1+42) Hy(i+q)2
</l 2’: (Hl (i+q1)° mP=‘I> (Hl (i+q1)"1 Mp,q)
<flmp.g,mpg:M, = Hy(i+q2)*»
2 . k—1
Hy (i+q7) Hy (i+q0)%2
5 g $ AT —oa) (G~ Vo)
m ,m . 5. N
P p.q>Mp.q>Mp g P Hy(i+qr)%

k times

These inequalities also hold when the function f is n-concave and n is even. In case when
the function f is n-convex and n is even, or when the function f is n-concave and n is odd,
the inequality signs are reversed.

Corollary 8.17 ([28]) Let p and ¢ be Zipf-Mandelbrot laws with parameters N € N,
q1,q> > 0 and s1,s2 > 0 respectively, and let Hy, H, myp 4 and M, 4 be defined in (8.64).
Let Let f € € ([mp.q,Mp 4]) be a n-convex function. If the function f is n-convex, then we
have

H (i+42)*2 H (i+q2)*
(H1 (i+q1)"1 _mpﬂ) (H. (itq))1 _MM)

™M=

[[Mp.q,Mp g:mp 4]

i=1 Hz(i+(]2)sz
) k-1 ) 2
Hy(i+qp)% Hy(i+qp)™
ne2 3 (W "”M) (W_M”"’>
T My 4, Mp g3mp g, - -1, — ' n
gf[ p.a>Mp.g>Mp q p7q]l§ Hy(i+q2)%
k times
M, ., —1 1—m, A
<L —f(mpq) + 71“11(( ~Dylp.)
Mp g —mpq4 Mpq—mpq l
k-1 .
Hy(i+q2) Hy(itqp)2
r (W*mm) (it~ ¥a)
< f[M7;m,,...,m i ] :
I;::Z p.a>Mp g P‘I,; Hy(i+ q2)%
k times

If the function f is n-concave, the inequality signs are reversed.

Remark 8.13 By taking into consideration Remark 8.8 one can see that general results
from this section can easily be applied to any of the following divergences: Kullback-
Leibler divergence, Hellinger divergence, harmonic divergence or Jeffreys divergence.



246 8 INEQUALITIES OF THE JENSEN AND EDMUNDSON-LAH-RIBARIC TYPE...

8.5 Further generalization of Edmunson-Lah-Ribaric
inequality for Zipf-Mandelbrot law

Throughout this section without further noticing when using [m,M] we assume that
—co < m <M < oo,
Let r,(v) be defined recursively by

ro(v) = min{v,1 —v}
rn(v) = min{2r,_1(v), 1 =21, (v)}

for 0 < v < 1. It has been shown in [5] that

2v—k+1, 5l <v< 2,
ra(v) = k—2my %1 <k

fork=1,2,...,2".
It has been shown (see [5]) that if N is a nonnegative integer and f is convex on [0, 1],
then

3 DM

k—1 k 2k—1
Af(”ak)f( T )+.f(2—n> Zf(w);

and y represents the characteristic function of the corresponding interval. If N = O then
sum is zero, that is we have convexity.

In the paper [6] previous relation is extended to hold for an arbitrary interval. Following
result is given.

N—1 2"
(1=0FO)+3f(1)2 f0)+ 3 ) B AR (151, 4)0) BT
n=| k=1

where

Lemma 8.1 Let N be a nonnegative integer and let f be convex on [a,b]. Then

N—-1 2"
(1=v)f(a)+vf(b) = f((1—v)a+vb)+ ZO ra(v) /;1 A(abnR)xcs 1y (v) (8.72)

where

(2n,k+1;flz+(k71)b)+f(

(2" —2k+1)a+ (2k—1)b
- Zf( on+l )a

(2" — k)a+ kb
2n

Ag(a,b,n,k) = f( )

and X represents the characteristic function of the corresponding interval.

Next theorem is main result in paper [32], and it is an improvement of Theorem 8.3.
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Theorem 8.30 Ler L satisfy L1, L2, L3 on a nonempty set E and let A be a positive
normalized linear functional. If f is a convex function on [m,M| then for all g € L such
that f (g) € L we have A(g) € [m,M] and

259%5“”+f§?17<>2AU@»
+ IZZ(inAf(m’M,n,k)A <(r Ak, Ll)) (ﬁ)) (8.73)
where
Ag(m,M,n.k) = f((z"kﬂ);HkI)M) +f((2”k;:ln+kM)
_ 2f<(2n+12k+213ﬁ+(2k1)M>’

and y represents the characteristic function of the corresponding interval.

Remark 8.14 If we write equation (8.73) in the following form

M—A(g) A(g)*m

M—m

AL, M,0,1)- ( (

——f(M) 2 A(f(g))

") 2 (5m))

12" g m
+22Amenk (r,,xznu,in (M m))

n=1 k=

f(m)+

clo

i

and notice

g—m
o (Mfm) B M—m c—m
X(Z%z%) ) = X0 (3) =1

we have that Theorem 8.30 is an improvement of Theorem 8.3.

Corollary 8.18 Let p be a nonnegative l-tuple with P, = 25:1 pi#0andx € [m,M]l. If
f1 [m,M] — R is a convex function then

1 1
Y Zpif (x:) (8.74)
M xX—m
< My 4 2 )
1 N—12" |

72 2 XA m M nk)p [( i 4) (ﬁ)]

nOkltl
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M—x xX—m

= M_mf(m)+M_mf(M)
lN 120 x~—m)
Ar(m,M,n,k)p; | [ 2" =— " k+1 oy | 22—
B 2 3 X aimmnip | (25—t ) 2 (5

k—on i—m Xi—m
+< Mm)"<> (Mm

—_ 1!
where x = 5 ¥ PiXi.

Proof. If we consider E = [m,M],L=R"M ¢ —idp A(f) = %]25:1 pif (x;) in Theorem
8.30, then inequality (8.73) becomes (8.74). O

Using previous result we get some improvements of some results from Section 8.3.
First we give an improvement of Theorem 8.17.

Theorem 8.31 Let [m,M] C R be an interval and let f: [m,M] — R be a function. Let
p = (pi1,....,p1) be an l-tuple of real numbers and q = (qy, ...,q;) be an l-tuple of nonnega-
tive real numbers such that p;/q; € [m,M] for everyi=1,...,1. If the function f is convex,
we have

. MQ,— P, P -
Dy(p.g) < 2T pom + L oo

SOD AR [( Hgt40) (&—_:ﬂ

n=0k=1i=1
MQ,— P P —mQ,
2 o) 4 L
N—1 2" 1
— 2 ZZA/‘ m,M,n, k
n=0k=1i=
Bi_m
(2"(pi —mqi) — qi(M —m)(k— 1)) X(u 21«71) (h)

+ (qi(M —m)k —2"(p; —mqi))l(ifj %) (%)1

where P = Zf:] piand Q; = 25:1 qi- If the function f is concave, then the inequality sign
is reversed.

Proof. Let f: [m,M] — R be a convex function. For an /-tuple of real numbers x =
(x1,...,x7) and an [-tuple of nonnegative numbers p = (py,..., p;) from Corollary 8.18 we
have
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1 l
Flizzlpif(xl)
M—x x—m
< M
_Mimf(m)Jer £ (m)
lN 12" 1 Xi—m
n=0k=1i=1 2o M—m
M—x xX—m
= M
o mf(m)+M_mf( )
1 NG 2 {( Xi—m > (xim)
Ar(m,M,nk)p;i | (2" —— —k+1 ) X/i1 ne —
EPP ) Hog ) (o
;i —m Xi—m
kizn 1 1
(i) e G|
where x = P%] 25:1 pix;. Since ¢ = (g1, ...,q;) are nonnegative real numbers, we can put
Pi = (i andx,-:&
qi
in previous inequality and get
1 ¢ Di QZ, 19i %t QZI 1 g% —m
— R <1—‘h Q== g ey
Qliqlf(i < =B B i BT T g
1 N—1 2" Pz —m Zﬁ_m
As(m,M,n,k)q . K/
anzo?nz e REI =y
szl 1q’qz QJZ‘ 1q,ql‘—m
= - _— M
DL ) + L ()
1 N—1 2"
ZZZAmenk
n=0k=1i=1
B _m
2" (pi —mq;) — qi(M —m)(k—1))- o
(2*(pi —maqi) — qi( m)( ) ?C<% ;k;}) (M—m)
n ﬂim
+ (gi(M —m)k —2"(p; — mq; _ -
(ai( ) (pi ‘]t))%(;z;{,zkw) M—m
and after multiplying by Q; we get the result. ]

Remark 8.15 Analogously as in Remark 8.14 we see that previous result is improvement
Theorem 8.17.
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Remark 8.16 If in the previous theorem we take p and ¢ to be probability distributions

we directly get following result for the Csiszar f-divergence functional, which is an im-
provement of Remark 8.2.

Dy(p.g) < 3 flm)+ 3 f

N—12" |
fZZZAmenk [rn<

n=0k=1i=1

M—1
M—mf(m)+M m
1

N—12" |
72 ZAmenk
n=0k=1i=1

2" ’2n+|

@M = k=2 i ma) Ky 1 ( _mﬂ

ontl M—m

Next result provides us with improvement of the bounds for the Kullback-Leibler di-
vergence of two probability distributions, that is result from Corollary 8.1.

Corollary 8.19 Ler [m,M] C R be an interval and let us assume that the base of the
logarithm is greater than 1.

e Letp=(p1,....,pn) and q = (q1,...,q) be l-tuples of nonnegative real numbers such
that % € [m,M] foreveryi=1,...,l. Then

Zpllog( ><Qz log(%)

N—1 2" Di m
qi

B F utmnat (- m(m)l

= 0 g (1) g (2

M—m J M—m & m"
N—12" |
fZZZAlogmMnk)
n=0k=1i=1

i —m
(2" (i = mai) = i1 = m) (k= 1) (o a1y (Mq,.__m>

Bi_m
iM* k—2n i — ; B qi
+ (qi( m) (p m‘I))X@)/;iZ%) (M—m)]
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o Letp = (pi1,....,pn) and q¢ = (qi,...,qn) € P be probability distributions such that
m < p;i/qi <M holds for everyi=1,...,n. Then

Mm m 1 MM
Dkr(p.q) < | (—) o
kL(pP.q) < 5 — -log Ry g( )

Bi Pi gy
qi . qi
n (Mm) X(kT Lﬂ) (M m)}

Mm1 (m)+ 1 1 MM
= —1o [
M—m 2\M) "= 2B\

N—1 2"

-y ZZAlogmMnk)q,

n=0k=1i=

N—1 2"
—ZZZAlogmMnk)
n=0k=1i=1
Li iy
2"(p; —mq;) — q;(M — k—1))- [ E—
( (Pl m%) %( m)( ) x(kznlé,ﬁ{)(Mm)

+ (ql.(M_m)k—Z"(pi—mC]i))X(zkfl L) (;{ZZ)}

on+1721

If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.

Proof. Letp = (p1,...,pn) and ¢ = (q1,...,qn) be an n-tuples of nonnegative real numbers.
Since the function # — tlogt is convex when the base of the logarithm is greater than 1, first
inequality follows from Theorem 8.31 by setting f(¢) = rlogr.

Second inequality is a special case of the first inequality for probability distributions p
and q. O

Remark 8.17 Analogously as in Remark 8.14 we see that previous result is improvement
Corollary 8.1.

Last results in this section will be about Zipf-Mandelbrot law.

We will denote in this section parameters in Zipf-Mandelbrot law as /,7;,s; because of
the previous results.
If we define q as a Zipf-Mandelbrot law 1-tuple, we have

1
qi = = 17"'71
! (l+t2)52Hl,S2,t2

where
! 1
H, S0y T 2
= (k + tz)sz
and Csiszar functional becomes

!
N . 1
Dy(p,i,l,s2,0) =Y,

TR w— i+1)7?H
i=1 (ZJFIZ)SZHI-,SZ-,sz(pl( Vit )
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where f: I — R,I C R, and the parameters / € N,s; > 0,¢, > 0 are such that p;(i +
tz)‘Y2H1,5v2,12 el,i=1,...,L

If p and q are both defined as Zipf-Mandelbrot law 1-tuples, then Csiszar functional
becomes

Df(ialvslvs'ZatlatZ) =

El: 1 ((l+t2) Hl?zfz)
i—1 (i+t2)S2Hl,32,t2 (l+t]) lHl,Sl,tl ’

where f: 1 — R,I C R, and the parameters [ € N,sy,s0 > 0,71, > 0 are such that
(i+12)"2H 5 1,
W S [ 1= 1 l

Since the minimal value for g; is min{g;} = !

(ETART: then from Theorem 8.31 we

have following result.

Corollary 8.20 Letp = (py,...,p1) be an I-tuple of real numbers with P, = Y._, p;. Sup-
pose I CRis an interval, | € N and s, > 0,1 > 0 are such that p;(i+1t,)2H; s, ,, €1,i =
1,....0. If f: I — Ris a convex function, then

P, P—m

. M—
D N ) < M
7P, 7S272)_M—mf<m)+M7mf( )
N—1 2"
1 )2 H,
- 2 ZZAf m,M,n,k) Si, [(rn')c(kl L)) (p(l+ 2)* M,sp,tr — m)}
n=0 k=1i= (I+1)2Hy g1 273 M—m
M—P, . N—1 2"
= As(m, M, n, k) ———
< Mimf(m)—i-M m ’;Okzllz #(m,M,n, —
1 )2 H,
[(2"(pimmin{qi}) min{g;}(M—m)(k—1))- k_ < l+2 M3,y m>
z S
2H
+ (min{g, (M —m)k—=2"(pi—mmin{gi}) sy 4 ( My — m)}
n
Proof. Follows easily from Theorem 8.31. 0

Now let’s denote

Hl,sl,t| = Hlle So.t) = H27

H ; 852
Mp q := mln{pl} 2min{(l,jLiqz)}.
qi Hy (i+q1)*

Corollary 8.21 Let I C R be an interval and suppose N € N, 51,55 > 0,q1,q2 > 0 are

H
such that MT]YZ Li=1,...,L
If f: I — Ris aconvex functlon, then
A M—1 1—m
D(i,l t,h) < —f(M
r(1,0,51,52,11,0) < M_mf(m)+M_m.f( )
; (i+12)"2H, 5,
NZl 22 S Ap(m,M,n,k) 1 (- ) GRT
- — ‘(=1 k
n=0k=1i=1 A (l+’2)szHl,Sz,tz ") M—m
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M—1 Fom) 1- m Nzl i 2’: "
< m)+ ——— Ar(m,M,n k) ————-
M—m M — m n=0k=1i=1 f (l+t2) 2Hlszlz
(i+12)2Hy 5, 1, Cm
Mpq— M (i+11) V Hy 5
on P.q ) —k+ 1) . B B 171
( (T—m Htzst) | ™ M—m
( + ) ZHI,.VZ o
m (i+11) 1 H)
+ k 2n P.q )> B 1
( (M—m Hats) |~ M-m
Proof. Follows easily from Theorem 8.31. O

We denote Kullback-Leibler divergence for p and q both defined as Zipf-Mandelbrot
law l—tuples as D[(L(i,l,sl ,Sz,tl,tz).

Corollary 8.22 Letl € Nand sy,s5 > 0,t1,1, > 0.
If the logarithm base is greater than 1, then

- Mm ) <m>+ 1 | MM
og | — o)
“M-—m g M M—m £ m"

N—1 2"

- At (m, M, ) (r e
nz()kzllzl lag )(l+t2) 2ng2t2 " (1(27"17

- Mm1 <m>+ 1 o MM
o _ -

~“ M—m £ M M—m o8 m"
N—1 2" |

S S Ay (.M. k)

n=0k=1i=1 (l+t2) 2Hl¥2t2

(i+12)2H 5 1,
- (EDE
p L (i LB BRI B )
M—m (kz;rll,;ﬁ}) M—m
(i+12)"2Hy 5, 1,

Mp.q — M )l ™
+ k_zn P.q B 111
( M-m )5 T M—m

If the base of the logarithm is less than 1, the inequality sign in the inequalities above is
reversed.

DikL(p,q)

(i+t2)32H1>S2>t2 m
) (i+11) W Hy 5 1y
) M—m

Els

o7

Proof. Follows easily from Corollary 8.19. O
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Chapter

On Sherman’s inequality with
applications in information
theory

Ana Barbir, Slavica Iveli¢ Bradanovié, Dilda Pecari¢ and Josip Pecari¢

Abstract. In this paper we proved a converse to Sherman’s inequality. Using the concept of
f-divergence we obtained a converse to the Csiszar-Korner inequality and some inequali-
ties for the well-known entropies. We also established a new lower and upper bounds for
Sherman’s inequality as well as for f-divergence functional using some basic convexity
facts. As special cases and corollaries of obtained bounds we establishe lower and upper
bounds for Shannon’s entropy and relative entropy also known as the Kullback-Leibler
divergence. We also introduced a new entropy by applying the Zipf-Mandelbrot law and
derived some related inequalities.

9.1 Introduction and preliminaries

In the space R", in which the order is not defined, the term majorization is introduced to
compare and detect potential links between vectors.
For two vectors x = (x1,...,x,) andy = (y1,...,y,) from R", we say that x majorizes

257
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y ory is majorized by x and write
if
k
zy[i]gzx[i]a kzl,...,l’}’l—l, (91)

and

Here
X[1] ZX[2] 2 -+ 2 Xy Y[1] 2 V2]
are their ordered components.
Note that (9.1) is equivalent to

m
2 y(i)g 2 X(i), k=1,....,m—1,
i=m—k+1 i=m—k+1

Y]

Y
=
2

where
X(1) SX2) S S Xy Y1) SY) S S Vm)

This definition defines relation which is reflexive and transitive but it is not antisym-
metric (see [23]). Hence, it is a preordering not a partial ordering on R”. It it important to
remember that two vectors may not have any majorization relationship, meaning that there
are vectors that can not be compared in the sense of the given definition. Let’s assume for
example x = (0.6,0.6,0.2) and y = (0.5,0.4,0.1) vectors for whichnoy < x or x <y are
valid.

Issai Schur ([30], [31]) first systematically studied functions that preserve the order
of majorization and called them convex functions. Such functions are now called Schur
convex functions and convex functions are often referred to convex functions in the sense
of Jensen. Each function that is convex and symmetric is also Schur-convex. The opposite
implication is not valid. However, all Schur convex functions are symmetric. The con-
cept of majorization, together with the concept of Schur convexity, provides an important
characterization of convex functions and is a powerful and useful mathematical tool that
has wide application in many applied sciences. Many key ideas related to the concept of
majorization are presented in the monograph [2]. However, this monograph attracted only
arelatively small number of researchers in terms of problems related to the concept of ma-
jorization. The publication of monograph [23] contributes a great interest in the potential
application of the concept of majorization and Schur convexity in various scientific areas.
It provides a systematic overview of past results from the field of mathematical inequalities
with a special emphasis on majorization for the first time, and has been complemented by
many new results. One of the important results from the mentioned monographs is the
known majorization theorem that gives the relationship between one-dimensional convex
functions and n-dimensional Schur convex functions. Majorization theorem can also be
expressed in the form of the inequality

Zf(Yi) < Zf(xi)» 9.2)
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which is valid for every function f : [or, ] — R, continuous and convex on some interval
[a, B] C R, where vectors x,y € [c, B]" are such thaty < x.

A natural problem of interest is extension of notation from n-tuples (vectors) to n X m
matrices A = (a;;) € Mm(R). In order that, we introduce the notion of row stochastic and
double stochastic matrices.

A matrix A = (a;;) € #um(R) is called column stochastic if all of its entries are greater
or equal to zero, i.e. a;;j > O0fori=1,...,n, j=1,...,m and the sum of the entries in each
column is equal to 1, i.e. iaij =l1forj=1,...,m.

i=1

A square matrix A = (a;;) € #,(R) is called double stochastic if both A and its trans-
pose AT = (aj;) are row stochastic. In other words, A = (a;;) € #(R) is called double
stochastic if all of its entries are greater or equal to zero, i.e. a;; >0 fori,j=1,...,m,

m
and the sum of the entries in each column and each row is equal to 1, i.e. Y a;; = 1 for
i=1

m
j=1,....mand Y a;j=1fori=1,...,m.
j=1
It is well known that for x,y € R™ is valid
y <x ifandonlyif y=xA

for some double stochastic matrix A € .#,(R).

S. Sherman [33], considering the weighting concept of majorisation between vec-
tors X = (xq,...,x,) € [a,B]" and y = (y1,...,ym) € [0, B]™, with nonegative weights
a=(ay,...,ay) €[0,00)", and b= (by,...,by,) € [0,00)™, taking into account the relation

y=xSanda="hbST, (9.3)

where S = (s;j) € Aum(R) is some column stochastic matrix and ST a transpose matrix of
S, proved that more general inequality

3bif(v) < X aif(xi) 9.4)
J=1 i=1

is valid for every function f : [cr, ] — R convex on some interval [a, B] C R.
Note that (9.3) can be written as

n
y=xS, (yj=Yxisij, j=1,...,m), 9.5)
i1
m
a:bST, (a,': ijsij, izl,...,n).
i

Inequality (9.1) follows from Sherman’s inequality (9.4) as a simple consequence. More-
over, Sherman’s inequality (9.4) reduces to Jensen’s inequality

f (2 aixi> < Yaif (xi), 9.6)
i=1 i=1
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where x = (xy,...,x,) is any n-tuple in [ct,]" and a = (ay,...,a,) € [0,0)" such that
" a; = 1. Itis obviously true, by choosing m = 1 and setting b = [1].
On the other hand, Sherman’s inequality (9.4) is an easy consequence of Jensen’s in-
equality (9.6), i.e. under the assumptions (9.3) we have

EME

Zb f <2x,s1J>
< 2’712%’}” (xi)

i=1

Jj=1
= Enll (i%‘&j) fx) = ﬁ:laif(xi)'

Considering the difference between the right and left side of Jensen’s inequality (9.6),
we define the normalized Jensen functional for a convex function as follows

Ju(f,x,a) Za 1 (x) (iaix,) > 0.
i=1

Dragomir [34] obtained the lower and upper bound for the normalized Jensen func-
tional stated in the next theorem.

Theorem 9.1 Let [0, f] C R, x = (x1,...,x,) € [, B]" and a = (py,...,a,) € [0,)"
with Y a; = 1. Then for every convex function f : [0, B] — R, the inequality

0 < min {a;}S¢(x) < Ju(f,x,a) < max {a;}S¢(x) 9.7

1<i<n

holds, where Sy(X) is defined by

Sp(x) = ilf x;) —nf ( 2x1>. 9.8)

We close this introduction with one more inequality closely connected to Jensen’s in-
equality (9.6) known as the Lah-Ribari¢ inequality

o oy B—x x—a
which holds for every function f : [0, B] — R convex on [¢t, B] C R, where X = (x1,...,x,) €

[o, B]", a= (ai,...,an) € [0,00)" with ¥ ;@; = 1 and x = X} a;x; (see [21], [28]).
The contents of this chapter corresponds for the most part to the contents of the papers
[11] and [14].
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9.2 The concept of Csiszar f-divergence functional

Csiszdr [5] introduced the concept of f-divergence functional

Cr(a,p) = Y.pif (@> (9.10)
i=1

Di
for a convex function f : (0,0) — R and p = (p1,...,pn) € (0,%)", q = (q1,---,qu) €
(0,00)".
It is possible to use non-negative n-tuples p and q in the f-divergence functional, by
defining

t—0+ e—0+ t—oo  f

£(0) = Lim £(7), Of(g> —0, Of(%) — lim f(g):clim—t, ¢>0.

We will limit our consideration to positive cases of p and q.
The generalized Csiszér f-divergence for a convex function f : (0,00) — R is defined
by

Cr(q,pir) = Y ripif (%) , (9.11)
i=1 i

with weights ry,...,r, > 0.
Remark 9.1 Notice that Cy(q,p;e) = Cr(q,p) fore=(1,...,1) e R".

The classical inequality for f-divergence functional, known as the Csiszar-Korner in-
equality, has the form

n é%’
Yooif | 57— | <Crla.p) 9.12)

i=1 > Di
i1

and holds for every function f : (0,0) — R convex on (0, ). Specially, if f is normalized,
ie. f(1)=0and ¥ ,pi =2} ,qi, then

0 <Cr(q,p). (9.13)

In particular, if p and q are two positive probability distribution, i.e. p = (p1,...,pn) €
(0,00)" and q = (q1,---,qn) € (0,00)" with ¥ p; =" ,¢; = 1, then the inequality (9.13)
holds for every convex and normalized function f : (0,00) — R. These results are easy
consequences of Jensen’s inequality (9.6).

We may consider Csiszar’s f-divergence functional as generalized measure of infor-
mation on the set of probability distribution. It is not metric. However, it satisfies the
triangle inequality but it is not symmetric. The general aspect of the Csiszar f-divergence
functional (9.10) can be interpreted as a series of well-known entropies, divergencies and
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distances for suitable choices of the kernel f. Entropies quantify the diversity, uncertainty
and randomness of a system. The idea has been widely employed in different scientic
fields among which we point out mathematical statistics and specially information theory
(see [4], [7], [17], [18], [19], [20], [29], [32]). Information theory is a mathematical theory
of learning with deep connections with topics as diverse as artificial intelligence, statistical
physics, and biological evolution.

In the examples below, for suitable choices of the kernel f, we obtain some of the best
known distance functions.

Example 9.1 As a special case from the Csiszdre f-divergence, choosing the convex
mapping f(t) = lntl = —Inz, t > 0, we get the Shannon entropy defined by

" 1
H(p) = ¥ pin (;> — Csep). ©.14)
i=1 i

This a statistical concept of entropy is introduced by Shannon [32] in the theory of com-
munication and transmission of information as a measure of information.
We also consider the concept of weighted Shannon’s entropy defined by

< 1
H(p;l‘) = Zripiln <[7) = *Cf(evpél'% (9.15)
i=1 i

introduced by Belis and Guiacsu, motivated by various communication and transmission
problems, taking into account probabilities and some qualitative characteristic of events.
If we ignore weights r;, i = 1,...,n, then (9.15) reduces to (9.14), i.e. H(p;e) = H(p) for
e=(1,...,1) eR"

Remark 9.2 1t’s well known, when p = (py,...,p,) is a positive probability distribution
for some discrete random variable X, i.e. p; >0,i=1,...,n, with ¥ p; = 1, the weighted
entropy satisfied estimate

n
. 2ri
0<H(p;r) < Y ripiln =
i=1 '21 ripDi
i=

(see [24]). In particular, the minimum H (p;r) = 0 is reached for a constant random vari-
able, i.e. when p; = 1, for some i. The opposite extreme, the maximal H (p;r) is reached

for a uniform distribution, i.e. when p; = % foralli=1,...,n. In that case we have
1 n
0<H(pr) < =) rilnn.
iz
Specially, ignoring weights r;, i = 1,...,n, i.e. setting r=e = (1,...,1), the previous

inequality reduces to
0<H(p) <Inn.

Shannon’s entropy quantifies the unevenness in the probability distribution p.



9.2 THE CONCEPT OF CSISZAR f-DIVERGENCE FUNCTIONAL 263

Example 9.2 For the convex function f(z) =¢Inz, t > 0, we have
< i, (4 . qi
p)= p—h(—) qm<—)qu
) ;’m pi ;’ pi (a.p)

. n .
q P’ Zi’zpz (&> = Zri%’ln <@) :D(qap;r)~ (9.16)
Pi Pi i=1 Pi

We get the Kullback-Leibler divergence or relative entropy as a slight modification of the
previous formula for Shannon’s entropy (see [19]).
Note that D(q, p;e) = D(q,p) fore=(1,...,1) € R".

and

Remark 9.3 Specially, when q and p are two positive probability distributions over the
same variable, the Kullback-Leibler divergence is a measure of the difference between
them. In statistics, it arises as the expected logarithm of difference between the probability
q of data in the original distribution with the approximating distribution p. It satisfies the
following estimates

D(q,p) >0
with equality iff q = p.

Example 9.3 Consider now the Hellinger distance

h<p,q>=%,/il<m—m2,

where p, q €(0,0)". This distance is metric and is often used in its squared form
1*(p,q) = Zuf Vi)’
l

We also define the weighted Hellinger distance, with weights r = (ry,...,r,) € [0,0), in
squared form

1 n
*(p.qr *52”

i=1
We know that Hellinger disctance is actually the Csiszdre f-divergence for the convex

mapping () = £ (1—v7)*.

Example 9.4 For the convex function f(t) = —/¢ and p,q €(0,)", we get

q>zlp(ﬁ> zlm B(p.a),

known as the Bhattacharyya distance.
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Example 9.5 For suitable choices of a convex function f we define:
x>-divergence, for f(t) = (1 —1)?,t > 0, we have

Zpl (1 ——)2 = iw = 2*(p.q);

i =1 Pi

the total variation distance, for f(t) = |1 —t|,t > 0, we have

q) = ﬁllpl 2 |pi —qil = ,q);

N2
the triangular discrimination, for f(t) = (lt +l]) ,t >0, we have

2
(1 4 ) n ( 2
pi—4i)
= —_— A Y .
21’! qlJrl lzzl pitqi (p.q)
We also introduce their weighted versions, with weights r; > 0,i =1,...,n:
)2

*(p,q;r) Zn ,

l
n

V(p,a:r) = rilpi—ail,
=

A(p,q:r) 2

i=1 pl+ql

2

9.3 The Zipf-Mandelbrot entropy

The Zipf-Mandelbrot law is a discrete probability distribution depending on parameters
n €N, g > 0and s > 0 with probability mass function defined with
1

f(k.n,q,s) = k+q)Hrs k=12,....n,
n.g,s

where

; l+q (9.17)

Itis also known as the Pareto-Zipf law, a power-law distribution on ranked data, defined by
Mandelbrot [13] as generalization of a simpler distribution called Zipf’s law [36]. Many
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naturally phenomena, as earthquake magnitudes, city sizes, incomes, word frequencies
and etc., are distributed according to this distribution. It implies that small occurrences are
extremely common, whereas large instances are extremely rare. The Zipf-Mandelbrot has
wide applications in many branches of science, as well as linguistics, information sciences

, ecological field studies and etc (see for example [8], [25], [26], [35]).
Using the given Zipf-Mandelbrot law we define new entropy by

s & In(k+q)
T

Z(H,q,s5) =
n,q,s k=1 (k + CI)S

+InH, 4.

We also consider the weighted Zipf-Mandelbrot entropy defined by

s &, In(k+9q)

Z(H,q,s,R) = i +InH, 4
( ) HygsriS)  (k+q) sk
with nonnegative weights R;, i = 1,...,n and
n
R;
H, = .
sk =S s

Specially, when r;; are entries of some matrix R € .#,,,(R. ), we use notation

Hn,q,&rj =

9.4 Converse to Sherman’s Inequality

We start this section with results including a converse to Sherman’s inequality (9.4).

Theorem 9.2 Ler f: [, B] — R be a convex function on [, ] CR. Let x = (x1,.
[a7B]n’y:(y17"'7ym) [a7ﬁ]’n’a_(a17"'7an)e[07 ) andb (b17 7bn)

n
be such that (9.3) holds for some column stochastic matrix S = (s;j) € Mum(R).

(9.18)

(9.19)

(9.20)

9.21)

.y Xp) €

[O7 )m
Then

(9.22)

Proof. Under the assumptions, Sherman’s inequality (9.4) holds. Further, from (9.9),

setting p; = s;j, fori =1,...,n, we have

Nbif(vj) < Yaif (x)
Jj=1 i=1
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§(50n) e
lb]< s,]f(x,)>
1 i=1

B-

n n
m
<Y b; — = fla)+ =

lesl_] lesl_] (04
j=1 B —a ﬁ o

3

I
\M:

J

———fB) |,

what we need to prove. O

In sequel, we use notation (-,-) for the standard inner product in R". We also denote
with ., (R ) the space of n x m matrices with nonnegative entries.
Applying Theorem 9.2 we compare two generalized Csiszar f-divergences.

Theorem 9.3 Let f: [a, ] — R be a convex function on [, ] C (0,e0). Let p € (0,00)",
q € (0,00)", be such that % € la,B],i=1,...,n. Further, let p € (0,00)", q € (0,00)™,
¢ €[0,00)" and d € [0,00)" be such that

P=pPR, q=¢qR and c=dRT (9.23)

for some matrix R = (r;j) € Mum(Ry.). Then

B <Cbae) < Lo, JOP=85) ),
Proof. According to (9.11) the inequality (9.24) can be written in the form
i }p]f< > ZC,p, < )
i=1 Dj Di
< i dj(p,r;) e (B - <g::;§2; J_r.;(ﬁ) (Eg:ji - a> . (9.25)
j=1

We denote r; = (rlj,...,rnj), rij>0fori=1,...,n, j=1,...,m. From (9.23) it follows
that p; = (p,r;) = 2;’ pirijand §j = (q,r;) = X1 girij for j=1,...,m. Moreover, ¢; =
2, ydjrij fori=1,...,n (see (9.23)) and after multiplying with p; and taking a; = c;p;,
bj=dj(p,r;j) we get
i p; Ll (9.26)
ai= i , .
l j=1 j<pvrj>

fori=1,...,n, j=1,...,m. The following equality holds

T rij nj
<q j> _ Dpirij ﬂ‘i‘ + Pnlnj q_n

<p,l'j> 2?:1171'"!']' P1 2;1:1 Dil'l] Pn
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for j =1,...,m. Hence, the following identity is valid
Piri P1rim
<p,l'1> T (p-,rm>
<q7rl> <q7rm>] _ |:q_1 @:| . . . (9 27)
<p,l‘1> 7 , <p7rm> pi 7 , Pn Pn."nl I’n’.‘nm
<p,l'1> e (p-,rm>
The n x m matrix § = (s;;), sij = <’;’rr’j]> is column stochastic and with x = (xj,...,x,),
Y=01,.Yn), Xi = ;lTi- andy; = ég,:ﬂ)’ i=1,...,n, j=1,...,m, satisfies condition y = xS
i T

(see (11.3.1)). Also, for a = (ay,...,a,) and b = (by,...,by), a = bST (see (9.26)) is
satisfied, so we can apply Theorem 9.2 and obtain

S (G535) - Bowr (§35) <o (2)

o0 ) ) B ()

which is equivalent to (9.24). O

Corollary 9.1 Let f: [, ] — R be a convex function on [0, ] C (0,0). Let p € (0,0)",
q € (0,00)", be such that ;’7’;_ €la,Bl,i=1,...,n. Further, let p € (0,00)" and € (0,0)"
be such that

P=pR and q=qR (9.28)

for some matrix R = (rij) € Muym(Ry). Further, let R=(Ry,...,R,), where R; = Z;":l tij,
i=1,...,nis the i-th row sum of R. Then

o fe) (B ) +7(6) (fpeh — o

Cr(d,@) < Cr(p,q:R) < Y (p.1)) g (9.29)
j=1
In particular, if the matrix R is row stochastic, then
(q,l‘ > <q,l‘ >
m fla)(B—o55 ) +fB) (s — o
Cr(p.@) < Cr(p,q) < X, (p.) ( 0 r’>) (“’ ) ) . (9.30)

=1 p-o

Proof. By takingd = (d,,...,d,,) = (1,...,1) in Theorem 9.3, we calculate ¢; = 2;":1 rij=
R; fori=1,...,n. Therefore inequality (9.24) becomes (9.29).

If additionally the matrix R is row stohastic, then R = (1,...,1) € R" and (9.29) reduces
to (9.30). ]

As a special case of the previous result we obtain a converse to the Csiszar-Korner
inequality (9.12).
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Corollary 9.2 Let f: [o, f] — R be a convex function on [or, ] C (0,00). Let p € (0,0)",
q € (0,00)", 1 € [0,00)" be such that ;’T‘l €la,Bl,i=1,...,n, with B, =3 pi and O, =
" 1qi. Then

I~

7@ (8-

(g.r)
(a.1) )+56) (5 - )
— | <Cf ;1) < (p, . 9.31
s (25) <Cpain) < ) . ©31)
In particular, if r = e, then
n n
_gl%' _g]%‘
; fla) | B=F—|+fB) | 7«
n 2 qi n Y pi X pi
i=1 i=1 i=1
Yooif | 57— | <Crlp.@) < Xopi 5 . 932)
i= S pi i= o
i=1
Proof. Takingm = 1in Corollary 9.1 andry = (ry,...,r,), weobtainR; =r; fori=1,...,n,
and (9.29) becomes (9.31). Further, forr = e = (1,..., 1), the inequality (9.31) reduces to
(9.32). |

9.5 Converses including some entropies and
divergences

Using the concept of f-divergence we derive some inequalities for the well-known diver-
gences.

Corollary 9.3 Let [ot, 5] C (0,00). Let p € (0,00)", q € (0,00)" be such that % € [, B,
i=1,...,n. Further, let p € (0,00)" { € (0,0)", ¢ € [0,00)" and d € [0,°0)" be such that
(9.23) holds for some matrix R = (rij) € Mun(Ry). Then

1 (g lax) 1) (lax)
D(p.§:d) < D(p.q:c) < ildxp,rj}ln(é) G 3;1;(‘13) (55 a). 9.33)
=

\/
]

Proof. If we take in Theorem 9.3 function f tobe f(¢) =1n (ll) , which is convex on [a, ],
then (9.33) follows from (9.24). O

Corollary 9.4 Ler [, 3] C (0,00). Let p € (0,00)", q € (0,00)", be such that % € [, B,
i=1,...,n. Let p € (0,00)" and q € (0,00)" be such that (9.28) holds for some matrix
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R = (rij) € Mun(Ry.). Further, let R = (Ry,...,Ry,), where R; = 2?’:1 rijp i=1,...,nis
the i-th row sum of R. Then

e i) (B G) +in () (G- )

]

D(p,d) < D(p.¢:R) < X (p.1) = (9.34)
i=1
In particular, if the matrix R is row stochastic, then
no (L) (B ) i (f) (5 -
o o~ p.rj) B) \{(prj)
D(p,q) <D(p,q) < Y (p,r)) ( - %_a( ) ( - ) (9.35)
i=1

J

Proof. By takingd = (dy,...,d,) = (1,...,1) in Theorem 9.3 we obtain ¢; = 2’;‘:1 rij =R;
fori=1,...,n. Therefore inequality (9.24) becomes (9.34).
If additionally R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes (9.35). O

Corollary 9.5 Let o, 8] C (0,=). Let p € [, B]", B € o B, ¢ € [0,00)" and d € [0,0)"
be such that
p=pRandc=dR7

for some column stochastic matrix R = (rij) € Mum(Ry ). Then

” in(er) (B— =) +1n(B) (L —
H(p:d) > H(pe) > Y di{p.r)) 5 ”g_a (m7-2)
j=1

(9.36)

Proof. We take in Theorem 9.3 a function f to be f(7) =1In % which is convex on [a, B] and
q=e=(1,...,1) € R™. Then, since R is column stochastic,we also have § = ({(q,r1),...,(q,m)) =
({e,r1),...,{e,ry)) = (1,...,1).Then (9.36) follows from (9.24). o

Corollary 9.6 Let [o,B] C (0,00). Let p € [, B]" and P € [, B]™ be such that

b= pR (9.37)
for some column stochastic matrix R = (rij) € Mum(R+). Further, let R = (Ry,...,Ry),
where R; = 271:1 rij, i=1,...,n1is the i-th row sum of R. Then

" In(ct) (B — ﬁ) +1In(p) (<p711-j> - oc) .

H(p) > H(p:R) > Y (p,r;) o (9.38)
j=1
In particular, if the matrix R is double stochastic, then
m In(a) (B~ my ) +1n(B) ( gy — @
H(p) > H(p) = Y (p.1)) ( . ’>> (<"’ 2 ) : (9.39)

~ B—o

Jj=
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Proof. By takingd = (d,...,dy,) =(1,...,1) in Theorem 9.3 we obtain ¢; = 2?’:] rij=R;
fori=1,...,n. Therefore inequality (9.24) becomes (9.38).

If additionally the matrix R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes
(9.39). ]

Corollary 9.7 Let [a, B] C (0,00). Let p € (0,%0)", q € (0,0)", be such that & € o, B],
i=1,...,n. Further, let p € (0,00)", q € (0,0)", ¢ € [0,00)" and d € [0,°0)" be such that
(9.23) holds for some matrix R = (r; j) Muym(R4). Then

R (p,§;d) < h*(p,q;c)

BN e i (B—fae) - VB2 (G5 )

(9.40)

T

Proof. If we take in Theorem 9.3 function f to be f(¢) = 1 (1 — \/t_)2 which is convex on
[, B], equation (9.40) follows from (9.24). ]

Corollary 9.8 Let [o,3] C (0,0). Let p € (0,00)", q € (0,00)", be such that g— € [a,B],
i=1,...,n. Let p € (0,0)" and q € (0,00)™ be such that (9.28) holds for some matrix
R = (rij) € Mum(Ry.). Further, let R = (Ry,...,R,), where R; = S i=1,..nis
the i-th row sum of R. Then

m
n*(p,d) < h*(p,q:R Z (p,r;)

In particular, if the matrix R is row stochastic, then

(1-va) (B— o) + (- VB ({45 - a)

m

n*(p,&) < h*(p,q) < 2 (p,r;)
]:

(9.42)

Proof. By takingd = (d,...,dy,) =(1,...,1) in Theorem 9.3 we obtain ¢; = Yigrij=Ri
fori=1,...,n. Therefore inequality (9.24) becomes (9.34).

If additionally the matrix R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes
(9.35). a

Corollary 9.9 Ler [or, 8] C (0,00). Let p € (0,0)", q € (0,0)", be such that % € o, B],
i=1,...,n. Further, let p € (0,00)" § € (0,00)", ¢ € [0,00)" and d € [0,°0)" be such that
(9.23) holds for some matrix R = (r;;) € Mum(Ry.). Then

m \/a ﬁ o <q)—:j> + \/E (ql‘:1> o
B(p,§:d) > B(p,q;¢) > Y, d;(p,r)) ( o ﬂg — (<p /!
j=1

a) . (943)
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Proof. If we take in Theorem 9.3 function f to be f(¢) = —+/t, which is convex on [a, 3],
equation (9.43) follows from (9.24). O

Corollary 9.10 Ler [0, 8] C (0,00). Let p € (0,00)", q € (0,0)", be such that % € [a, B,
i=1,...,n. Let p € (0,0)" and q € (0,00)" be such that (9.28) holds for some matrix
R = (rij) € Mun(Ry.). Further, let R = (Ry,...,Ry,), where R; = St i=1,nis
the i-th row sum of R. Then

(q.r;) (q.r;)
m Vo (B — 22 /B (o2l — o
B(5,d) > B(p,q:R) > Y (p.1)) (-5 r”g — (55 -) L 04
j=1
In particular, if the matrix R is row stochastic, then
m v (p— CE +B ary) _ .
B(p,d) > B(p.q) Z p.r;) ( <‘”’>> (“”) ) (9.45)

B—o

Proof. By takingd = (d,...,dy) = (1,...,1) in Theorem 9.3 we obtain ¢; = ¥ |
fori=1,...,n. Therefore inequality (9.24) becomes (9.44).
If additionally R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes (9.45). O

rij =R;

Corollary 9.11 Let [a, 3] C (0,). L
i=1,...,n. Further, let p € (0,00)™ § €
(9. 23 ) holds for some matrix R = (r; j)

et p € (0,0)", q € (0,0)", be such that% € [a, B],
(0,00)", ¢ € [0,00)" and d € [0,00)™ be such that
€ Mum(Ry). Then

22(0,q:d) < 22(p,q;c)

(qr;) 2 ((ar))
! (1-07 (B 253) +(1— p)? (24 -«
< Y di{p.r)) ( mmg — (Ge ) . (9.46)
=1
Proof. If we take in Theorem 9.3 function f to be f(t) = (1 —1)? which is convex on
[, B], equation (9.46) follows from (9.24). O

Corollary 9.12 Let [a, B] C (0,c0). Let p € (0,%0)", q € (0,0)", be such that - € o, B],
i=1,...,n. Let p € (0,00)" and q € (0,00)™ be such that (9.28) holds for some matrix
R = (rij) € Mum(Ry). Further, let R = (Ry,...,R,), where R; = 2?’:] rij i=1,...,nis
the i-th row sum of R. Then

” (1—a)? (B~

20,8 < 2°(p.:R) < Y (p.1))

j=1 ﬁ
(9.47)
In particular;, if the matrix R is row stochastic, then
(q,r-) 2 (q,l‘ >
mn (1-0a) B_<rj.> +(1-8) (,-]>_O‘
0.8 <2°(pa) < Y (b)) ( = ga ( 2 ) (9.48)
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Proof. By takingd = (d,...,dy,) =(1,...,1) in Theorem 9.3 we obtain ¢; = 2?’:] rij=R;
fori=1,...,n. Therefore inequality (9.24) becomes (9.47).
If additionally R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes (9.48). O

Corollary 9.13 Let [o, 8] C (0,). L
i=1,...,n. Further, let p € (0,00)™ q €
) €

erp e
(0,
(9. 23) holds for some matrix R = (r,j € Mym(Ry). Then
V(p,d:d) <V(p,qc)
n 11— qf (ﬁ -
< )

qr;) _ (qrj)
o e (0-) -
_j:1 VAN Sk} ﬁ—OC

(0,0)", q € (0,%)", be such that I € [ct, B],
o)™ ¢ € [0,00)" and d € [0,0)™ be such that

—~

) . (9.49)

Proof. If we take in Theorem 9.3 function f to be f(¢) = |1 —¢| which is convex on [ct, 5],
equation (9.49) follows from (9.24). O

Corollary 9.14 Let [0, 8] C (0,0). Let p € (0,0)", q € (0,0)", be such that Z— € o, B,
i=1,...,n. Let p € (0,00)" and q € (0,00)™ be such that (9.28) holds for some matrix
R = (rij) € Mun(Ry.). Further, let R = (Ry,...,R,), where R; = Shiargi=1..nis
the i-th row sum of R. Then

X)) (q.r;)
o ol (B 8) - (
V(5,8 <V(p.a:R) < Y (p.1)) ( ‘”')[)3 — (o) ) (9.50)
j=1
In particular, if the matrix R is row stochastic, then
(q,r-) (q,l">
m - (B— 55 ) +11-Bl( 5
V(p,a) <V(p.a) < Y (pr)) ( pmg — (55 ) 9.51)
i=1

J

Proof. By takingd = (di,...,dy) = (1,...,1) in Theorem 9.3 we obtain ¢; = X7 ri; = R;
fori=1,...,n. Therefore inequality (9.24) becomes (9.50).
If additionally R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes (9.51). O

Corollary 9.15 Ler [0, 8] C (0,00). Let p € (0,00)", q € (0,0)", be such that % € [a, B,
i=1,...,n. Further, let p € (0,0)", § € (0,20)", ¢ € [0,°0)" and d € [0,0)™ be such that
(9.23) holds for some matrix R = (rij) € Mum(Ry). Then

d;(p,r}) EENG ( ngaﬁ“ (fi;ji—a). 9.52)
1

Ms

A(p,q:d) <A(p,q;c) <

J

2
Proof. If we take in Theorem 9.3 function f to be f(¢) = (1;]) which is convex on [a, ],

equation (9.52) follows from (9.24). O
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Corollary 9.16 Let [t, 8] C (0,0). Let p € (0,)", q € (0,0)", be such that % € [a, B],
i=1,...,n. Let p € (0,0)" and q € (0,00)" be such that (9.28) holds for some matrix
R = (rij) € Mum(Ry). Further, let R = (Ry,...,R,), where R; = Yiyrij i=1,...,nis
the i-th row sum of R. Then

(1-a) ﬁqu L OBy (laxy)
~ ~ & +1 T B+1 T
A, d) < A(p,q:R) < Y (p,rj) — ( <prf>g_a (“”') ) (9.53)
=1

In particular, if the matrix R is row stochastic, then

. (a? (g lar)) (0B (l@r)
A(p.@) < A(p,q) Z porj)—— ( <p’rj>23_aﬂ+l (mrj) ) O

Proof. By takingd = (d\,...,dn) = (1,...,1) in Theorem 9.3 we obtain ¢; = 7., rij = R;
fori=1,...,n. Therefore inequality (9.24) becomes (9.53).
If additionally R is row stohastic, then R = (1,...,1) € R" and (9.29) becomes (9.54). O

9.6 Converses including Zipf-Mandelbrot entropy

Here we give some inequalities including the Zipf-Mandelbrot entropies (9.18) and (9.19).

Theorem 9.4 LerneN, g >0 and s > 0. Let R = (rjj) € Mun(Ry) be some column

stochastic matrix, R= (Ry,...,Ry), where R; = Yiyrij, i=1,...,nis the i-th row sum of
R. Then
o Hygsr; H,
3 A gy | 22RO > 7(H, g,s,R) (9.55)
j=1 Hn,q,s,R Hn q,5,X
o Hn,q.s,R Hn,q.s,R o
- m H’l,q,S,l‘j ln(a) (ﬁ H)l.q,.v.rj) +1n(ﬁ) (Hn.q,.v.rj a>
- j=1 Hn,q,s,R B —o ’

provided that all terms are well defined.
In particular, if the matrix R is double stochastic, then

" Hy g H,
2 n,q,8,xj ln ( nJg.s ) Z Z(H,q,S) (956)

7,q,8,Xj
_ H”r‘lvy Hn,q‘s o
i nJg,s, l‘] ln(a) (B Hn.q,x.rj ) + ln(ﬁ) (H)l.q,.v.rj OC>

nqv ﬁfa
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Proof. Since Hy 45R = 2 it is obvious that

(l+q)"

ii H, : 1
= q, R == .

S (i+9)*Hygs R e Hy 4.5 R

If we substitute p; with W, i=1,2,...,n, then
n.q.s,
H(p;R 2 Ripilnp; = ,21 Ri In !
’ B Si+q9)Hugsr  (i+9)Hygsr

711’1 i+
S+ ) Hugsr ((+4) Hngm)

Riln(i+q)* & RilnH, ,qs7

2 (i+q)*H,

S (i+9)Hugsr 5

s 2 RiIn(i+
— 2!( ‘I)+

n,q,s,R
In Hn,q,s,R Ri

HygsriS (i+4) Hygsr S (i+4q)
s Riln(i +
= 2 ( q) +1In Hn 24,8, R
HygsriS (i+49)
= Z(H7 q7 S7 R)'

From p = pR, it follows

z rij Hn q,s,r
ij q,5T j
pa rj 2 pilij = 2 ; - = )
S (i+a)Hugsr  HigsRr
so we have
mn moH, . H, ) m o H, . H

~\ ~ ~ n,q,5,X j ng,srj \ n,q,s,xj n,q,s,R
j=1 j=1"nq:sR n,q,s,R j=1"ngqsR n,q,S,¥j

Now applying (9.38) we get the required result.
Specially, if R is also row stochastic, then R = (1,...,1) € R". Further, we have H, 4 s r =
H,,sand Z(H,q,s,R) = Z(H,q,s), so the inequality (9.55) reduces to (9.56). |
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9.7 Bounds for Sherman’s difference

Considering the difference between the right and left side of Sherman’s inequality (9.4) we
may Sherman’s inequality write in the form

M=

0<

fxi) = X bif (). (9.57)
j=1

i=1

Here we present new lower and upper bounds for Sherman’s difference ¥ a;f (x;) —
Siabif (v))-

Theorem 9.5 Ler [o,f] C R, x = (x1,...,x,) € [, B]", ¥y = (V1,.--,Vm) € [0, ], a =
(aiy...,an) €10,00)" andb = (by,...,by) € [0,00)™ be such that

y=xS and a=hbS" (9.58)

holds for some column stochastic matrix S = (s;;) € Mum(R). Then for every convex func-
tion f : [0, B] — R, the inequality

m
0< lm1n {a;}Sy(x Za, xi)— 2bif (vj) < 1n<1lg1<xn{a,-}Sf(X) (9.59)
=1 <is
holds, where Sy(x) is defined by (9.8).

m
Proof. Under assumptions (9.58), i.e. y; = Zx,s,j, j=1,....omand a; = Y bjs;j, i=
j=1

1,...,n, we have

Yoaif (xi) = 2 bif (vj) = Db Yosiif (xi) — Y, bif <2mw>
i=1 j=1 i=1 Jj=1 i=1

j=1
= ij <2s,]f Xi) <2x,s,j>> (9.60)
=1

Applying Theorem 1 to (9.60) we get

1<i<n

m m
Zb min {S,J}Sf Za,f xl ijf(yj) < ij lI'l<'llfcl<Xn{S,'j}Sf(X),
j=1 j=1 =1
where S¢(x) is defined by (9.8). Moreover, we have
m
0< mln {at}Sf Zazf xl ijf (yj) < IIE?%{ai}Sf'(X)v
j=1 =

what we need to prove. O
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Remark 9.4 The previous theorem presents generalizations of Theorem 9.1. Choosing
m = | and setting b = [1], the inequality (9.59) reduces to the form (9.7).

Theorem 9.6 Let f:[0,00) - R be a convex function on [0,0). Let p= (p1,...,pn) €
(0700)”,(1:((]]7.“,(]”) (Oa ) (b17"'7b )6[07 ) andR:(rij)G%nm(R+)'
Let us define

n

<p7rj>:2pirij>0’ <q7rj> qurlja J=1....m
i i=1
zb PIY_ iy om,
"(p.r;)
- (i 1&g
Silq,p) =Y f | =) —nf| =X | >0. (9.61)

i=1 Pi ni = Pi

Then

1<i<n

0 < min {a;}S;(q,p) 2a1f< ) - ibjf <<q,rj>> < max {a;}Sr(q,p). (9.62)
=1 (p.rj) ) ~isisn

Proof. Let us consider x = (xq,...,X,) andy:(yl,...,ym),suchthatx,-:%,izl,...,n
and y; = <qr’>,]f1
(pr))

The following equality holds

n
mez‘j

,Tj = i r,
égrj§:ln] = npl lj Z_]++ pnnj qn :1,...,7}1.
s L 1
/ mej mej ZPm,
i=1 i=1
Moreover, the following identity
pirie ., Pllim
(p.r1) (Prm)
((q,r1> <q,rm>):<ﬂ @), S
<p7rl>7 ’ <p7rn‘l> pl ’ 7pn p}l.rﬂl . pn;nm
(pry) 7 (prm)

is valid for some column stochastic matrix S = (s;;) € Mum(R), with s5;; = <”’#

o) T
1,....n,j=1,....m. Therefore y = xS holds.

Further, by definition a; = 2 b; <’; ’:”> i=1,...,n, ie. a=bST. Therefore, the assump-
Ry

tions of Theorem 9.5 are fulﬁll Now applying (9.59) we get the required result. O
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9.8 Bounds for Csiszar f-divergence functional

The followig results give new bounds for f-divergence functionals (9.10) and (9.11).

Corollary 9.17 Ler f:[0,00) — R be a convex function on [0,c°). Let p = (p1,...,pn) €
(0,00)", @ = (q1,---,qn) € (0,%0)", R = (ry;) € Mum(R+) and R = (Ry,...,Ry), with R; =
m

N 7ij. Let C¢(q,p), Cr(q,p;R), <p,rj> ,{(q,r;) and Sy (q,p) be defined as in (9.10), (9.11)

j=1
and (9.61), respectively. Then

0 < min {p;R;}Sr(q,p) (9.63)
1<i<n

< Cy(q,piR) — i (p.r;) f <<q"'f§> < max {piRi}S7(q.p).

= <p, r; 1<i<n
If in addition R is row stochastic, then

0 < min {p;}S¢(q,p) (9.64)

1<i<n

<Cr(a.p) - i (p.rj) f (%) < max {pi}Ss(q.p).

Proof. Applying (9.62) with substitution b; with <p,r j> for j =1,...,m, from which it
follows

b pirij “ — bR 1
2 <prj>_pizlrij_pi i t=1,...,n,
) Jj=

we get

~

p.r;)

0< min {piRi}Ss(d.p) < EPlRf< ) i<P»I‘,>f<<q7rj>> (9.65)

< R;

< lrgggn{pl i}S¢(q,p)
which is equivalent to (9.63).
If in addition the matrix R is row stochastic, i.e. R; = X"

itij = 1 foralli=1,...,n, then
(9.65) becomes

N

0< min {Pz}Sf q,p) sz ( > - i (prj) f (23:;) gg{pz}sf(q p)

j=1
which is equivalent to (9.64). O

Specially, for m = 1, the previous results reduces to the next corollary.
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Corollary 9.18 Ler f: [0,00) — R be a convex function on [0,00). Let p = (p1,...,pn) €
(0,00)", q = (q15---,qu) € (0,00)" and r = (ry,...,ry) € [0,00)". Let us define

n n
I‘> = Zpiri >0, <q,l‘> = Zqiri.
i=1

i=1

Let C¢(q,p), Cr(q,p;r) and S¢(q,p) be define by (9.10), (9.11) and (9.61), respectively.
Then

< min {p;r: .
0< lgilgn{plrl}Sf(q,p) (9.66)

< Cr(q,pir) — (p,r) f ( <q’r>) < ]mlaxn{plrl}Sf(q p).

If in additionr =e = (1,...,1), then

0 < min {p;}Sr(q,p) (9.67)
1<i<n
n
n Z%’
p) - Zpif =L)< max {pi}Sr(q,p)-
=1 ZPi
i=1

Remark 9.5 (i) Note that the Csizar-Korner inequality (9.12) is generalized and refined
in (9.66) and (9.67). Further, the inequality (9.66) is equivalent to

<pv">f(<q r>) < min {piri}Sy(q,p) + <p,r>f(<q’ri)

b)) <2, P
< Cr(q,p;r)
< g?gn{l’iri}sf((bp)"'<p’r>f<§g::§)

and the inequality (9.67) to

P.f (Q"> < min {p}S(a.p) + Puf (Q">

1<i<n n

<Cr(q.p)

< max {pi}S¢(q,p) + Puf (%)

1<i<n

where P, = Y p;i and Q, = X7 g;. Specially, if f is normalized, i.e. f(1) =0 and
> pi = X 1qi, we get the lower and upper bounds for Csiszar f-divergence in the form

0 < min {p;}Ss(q,p) < Cr(q,p) < ]m?gn{pi}Sf(q,p)- (9.68)

1<i<n
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(ii) Taking p =e = (1,1,...,1), from (9.66) we obtain the bounds for Jensen’s functional
in the form

n n n 1 n
0< IIEIH {r:} [Zf qi) nf( 2%)] 2 (qi) — Ruf (R_Z‘Iiri> (9.69)
i<n ni=1

i=1

<1H<113<Xn{"1} [Zf qi) ”f( 2‘]1)];

=

=1

n
where R, = Zri > 0.

i=1
(i) Further, let us denote Q,, = Y, ¢; > 0. If we substitute r; with & and ¢; with %’ then
from (9.69) we get

min {q} [Zf(p’>nf<il§nllql>] Enl ( ) On nf<ninn )

(9.70)

< max {q;} [Zf(p’) —nf (%i%)] :

9.9 Bounds for some entropies and divergences

Applying results from the previous section, we estimate some new bounds for some well
known entropies. In the following results we use notation (-,-) for the standard inner
product.

Theorem 9.7 Let p be positive probability distributions, ¢ = (q1,...,qn) € (0,00)" and
r=(ry,...,rn) €[0,00)". Then

S ! (g.r) :
;npl In m +(p,r)In ( (p,r)> - 1121;2(’1~{p,;',}5(q,p) 9.71)
< H(p:r)

- 1 <qa I'> . q
< Z"ipiln 7 Hprn — min {piri}S(q,p)
zr,plln p,r)In (

where
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Ifin additionr =e=(1,...,1) and Y q; = A, then
n 1 -
Y.piln—+InA — max {p;}S(q.p) < H(p) (9.72)
i=1 qi 1<i<n

n
1 .
<Y piln— — min {p;
X i:1pl In 4 +Ink lrgilgn{pl}s(q’p)

n
1
< Zpiln— +1nA,
i—1 qi

Proof. Applying (9.66) to the convex function f(¢) = —Inz, we get

0< min {piri}S(q,p) (9.73)

Zrzpz n— fH (p;r) + (p,r)In (233) < max {piri}S(q,p).

n
where S (q,p) = 2 In ( ) +nln l Z’l > 0, which is equivalent to (9.71).
t*l

Further, choosingr =e = (1,..., 1) and setting >} ,¢; = A, we have

<p’r>:<p7e>:ipi:1a q,r 2‘11_
i=1

i.e. (9.73) reduces to

1 )
0< min {ri}S(q,p) szln; —H(p)—InA < max {pi}S(q,p),

= i 1<isn

which is equivalent to (9.72). O

Corollary 9.19 Ler p be a positive probability distributions andr = (ry,...,r,) € [0,00)"
with R, = Y r;. Then

Ry
(p,r)In ( D r>) - ]rgggn{plrz}S(e p) < H(p:r) (9.74)
Ry . ~
g <p,l‘> In ( <p,r>) - llglgn{piri}s(evp)
R,
<(p.r) 1n(<w>> ,
where

n
S(e,p) = Y. Inp; —nlnn > 0.
i=1
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If in additionr =e = (1,...,1), then
Inn — max {p;}S(e,p) < H(p) (9.75)
1<i<n
<Inn— mi %y
<lInn llg;gn{pz}S (e,p)

<lInn

3

Proof. Setting q = e = (1,...,1), the inequality (9.71) reduces to (9.74). If in addition
r=e=(1,...,1), then (9.74) becomes (9.75). O

Theorem 9.8 Ler p and q be two positive probability distributions andx = (ry,...,1,) €

[0,00)". Then
<q,l’> ) In <q,l’> min s o/
i (25) < anm ({55 + min (pr)Sla.p) 9.76)
< D(q,p;r)
< @i ({250 + mx () Slap),
where

n n n
< qi qi qi I &g
S(q,p) = §j—1n(—> kAT = 38 )
( ) i—1Pi Di i—1Pi n.- pi
If in additionr =e = (1,...,1), then

0 < min {p;}S(q,p) < D(q,p) < max {pi}S(q,p). (9.77)
1<i<n 1<i<n

Proof. Applying (9.66) to the convex function f(z) =¢Int,z > 0, we get

0< min {piri}S(q.p)

<Dmmn—m@m( )<mw@mﬁ@m,
1<i<n

_ n n n
where S(q,p) = Y L1In (""_) — Y dip (lz %) > 0, which is equivalent to (9.76).
: : ‘

i.e. (9.76) reduces to (9.77). O
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9.10 Bounds for the Zipf-Mandelbrot entropy

Using the Zipf-Mandelbrot law we derive some results that include the Zipf-Mandelbrot
entropies.

Theorem 9.9 LerneN, g>0,5>0,r=(ry,...,ry) €[0,0)" and q = (q1,...,qn) €

(0,00)". Let Hy g5, Z(H,q,5), Hpgsr and Z(H,q,s,r) be defined by (9.17)-(9.19), respec-
tively. Then

n Zri%’

n 1 ri i=1
mili g 7 In (9.78)
1:211 l+q an sr qi ,:211 (l+q)SH”-,CI-,S=r i#
Fa (H’Q)SH)LL] s.r
r ..ST( )
— max T ~Nerr n.q,s,q,r
1<i<n (i + CI)SHn,p,s,r ¢34
< Z(H,q,s,r)
n
) 2. ridi
ln —+ In =
2:1 l + q H, qsr i ,2:1 l + CI S

7‘]75 r T
211 (l+q> 'Hy, Jq,8,T

i=
. Ti
— min

1<i<n{(l+q) Hypsrx

rid
n " 2 iqi

i 1 ri
L In
(l+q) n,g,s,r qi ;(l—i_q) 7q7sl‘ ,21171
(i+q)

}s‘<n,q,s,q,r>

where

—_ ln
S(n,q,s,q,r) =nln —_ In| ————— | >0.
(4,5, ,¥) ( ,E%(H'CI) nqﬂ‘) ; (H'C]) ,q,sr)

Ifin additionr =e=(1,....1) and Y qi = A, then

L 1 1 1 -
,71n—+1nxmax{7}sn, 5, (9.79)

;(l‘FQ)SHn,p,s qi 1<i<n (l+Q) n,p,s ( 1 q)

<Z(H,q.s)

L 1 1 1 —
< ————In—+1InA — min {%}S”» s
2:1 (l + Q)XHn,p,s qi 1<i<n (l + Q)SHn,p,s ( 1 q)
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n
1
2 In—+1InA,
(i+q) anY qi

i=1
where
n

S 1 qi - qi )
Sngs.q)=nn | - — ) _$n(—% >y
ma5,9) (”121 (i+4)*Hpg,s ) 1:21 ((""‘I)SHn,q,s

Proof. Since Hy g r = 2iy it is obvious that

ri
(i+q)*>

i—1 l+q anvr

If we substitute p; with 0 i=1,2,...,n, then

1
i+q)‘vH)l.q,.v.r ’

H(p;r) 2 ripilnp;
i=1
becomes

-3 o

Slitq) anvr (i+q) Hngsx

Y T

In(i+q) Hygsr

i—1 l+‘1) n,q,s,¢
72”: An(i+q)* +r,1anq”7i riln(i+q)* & rinHyggr
A (i+4)*Hpg,sr - A (i+9) Hugsx S (i+9) Hugsr
s riln(i+q) IH,grw T s riln(i+q)

— - - + - = N +]nH, ,8,
H2 Tta) | Huger 2000 H2 gy s

= Z(H7 q? S7 r)'

Now applying (9.71) we get required result.
Specially, if we choose q = e = (1,...,1), then (9.78) reduces to (9.79). o

Corollary 9.20 LetneN, g>0,s>0andr = (ry,...,r,) € [0,0)" with R, =Y} _,r;. Let
Hy g5, Z(H,q,s), Hyqsr and Z(H,q,s,r) be defined by (9.17)-(9.19), respectively. Then

1l R . _
X In | —" — max {% } S(n.q.5.1)  (9.80)
i=1 l+q) n,q,8,¥ 2 ri I<isn (l+Q) n,p,8,F
(i+q)‘yHn,q s,r

g Z(H7 q? S7 r)



284 9 ON SHERMAN’S INEQUALITY WITH APPLICATIONS...

n
ri R, . ri -
< - In — min ¢ ———— ¢ S(n,q,s,r
;(z+q)s1-1n,q,s7r ’21 . 1<i<n{(l+q)SHn,p7s,r} (n,q,s,r)
£ (i+q)

‘VHn,q.s,r
i=

< i ri In Ry
= i—1 (l + q)SHn,q,s,l‘ En: i ’
(i+4q)

SHn .
. 58,1
1

where

_ 1 1 n 1
S(n,g,s,xr)=nln{ - ——— | —»In| ————— | >0.
(@rs:1) (21<+q>H> 2 (<z+q>SH,1,q,.s,r)

If in additionr =e = (1,...,1), then
1

Inn— max { ——— v S(n,q,5) < Z(H,q.s (9.81)
(T Stma < 2tt1.09

1<isn

1
<l - i T Nsi7 1q,8) < 1 )
nn lrélllgn{ T } S(n,q,s) <Inn

where

— 1 n 1 n 1
S n,q,s)—= nin| — . | — In el W 0.
( I ) (ntzll (l—"_q)SH’MLS) le <(l+Q)SHn,q,s>

Proof. Takingq=e = (1,...,1)in (9.78) we get (9.80). Specially, if we choose r = e =
(1,...,1), then (9.80) reduces to (9.81).ds. ]
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Chapter 10

Jensen-type inequalities for
generalized f-divergences
and Zipf-Mandelbrot law

Dilda Pecarié, Josip Pecarié¢, Dora Pokaz and Mirna Rodié

Abstract. Here we present different inequalities of Jensen-type for generalized
f-divergences such as generalized Csiszar f-divergence, generalized Kullbach-
Leibler, Hellinger, Rényi and x2 divergence, as well as for the generalized Shannon
entropy. The applications on the Zipf-Mandelbrot law, which is one specific kind
of probability distributions, are also presented.

10.1 Introduction

For a function f: R4 — R and two positive probability distributions p = (p1,...,ps) €R},
q=(q1,-..,qn) € R, I Csiszér in [6] introduced the f-divergence functional by

Crlq,p) = Y, pif (%) (10.1)
i=1 1

I. Csiszar studied (10.1) under assumption that function f is convex. Independently, Mo-
rimoto [18] and Ali and Silvey [1] also introduced and studied these divergences. Still,

287



288 10 JENSEN-TYPE INEQUALITIES FOR GENERALIZED f-DIVERGENCES...

(10.1) is widely known as Csiszar f-divergence. These divergences are well known in
probability theory, in information theory, in statistical physics, economics, biology, etc. In
probability theory, an f-divergence is a function Df(P || Q) that measures the difference
between two probability distributions P and Q. Intuitively, the divergence is an average,
weighted by the function f, of the odds ratio given by P and Q. There are lots of articles
on that subject, both recent and older such as [4], [5], [10], [11], [12], [15] and [16].

In one part of our work, we are following the idea of Y. J. Cho, M. Mati¢, and J. Pecari¢
[3], but in discrete case and additionally generalized. In that way we get Jensen’s type
inequalities for Lipschitzian functions in terms of generalized Csiszar’s functional (see
[19]). We recall that a real-valued function f: R — R is called Lipschitz continuous if
there exists a positive real constant L such that, for all x;,x, € R

|f(x1) = f(x2)| < Llxt —x2

holds. Shortly, we call those functions L-Lipschitzian or just Lipschitzian. We also go
through some of the most frequent types of f-divergences. Namely, we state Jensen’s
type inequality for Lipschitzian functions involving the Kullbach-Leibler divergence, the
Hellinger divergence, the Rényi divergence and y2-divergence, all generalized.

As the Jensen inequality is important in obtaining inequalities for divergences between
probability distributions, there are many papers dealing with inequalities for divergences
and entropies (see for example [11], [17] or [20]). By means of one Jensen-type inequality
which is characterized via several different Green functions, we will here also derive some
new inequalities for divergences (see [21]).

At the end of our results, we will also give the applications on the Zipf-Mandelbrot
law, as one specific kind of probability distributions. The results given here are presented
in [19] and [21].

10.2 Preliminary results

The discrete Jensen inequality states that

1 & 1 &
O —Duxi | <— uip(x;) (10.2)
Un 31 Un 31

holds for a convex function ¢ : I — R, I C R, an n-tuple x = (xq,...,x,) (n > 2) and
nonnegative n-tuple u = (uy,...,u,), such that U, = ¥ ;u; > 0. In order to simplify the
notation here we shall use the common notation: U, = Y| u; and X = U S ;.

In [22] and [23] we have the generalization of that result. Namely, there is also allowed
that u; are negative with their sum different from 0, but we have a supplementary demand
on u;,x; using the Green functions Gy : [o, B] X [a, ] — R, (k=0,1,2,3,4) defined by

. % fora <s<t, (10.3)
1,8) =9 (s—B)(1— .
0 % fort <s<p.



10.2 PRELIMINARY RESULTS

=i
oxe9={, 5
S
o= {3

The following result holds true:

foroo <s<t,
fort <s <p.

foroo <s<t,
forr <s<p.

foroo <s<t,
forr <s <p.

foroo <s<t,
fort <s<p.
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(10.4)

(10.5)

(10.6)

(10.7)

Theorem 10.1 Let x; € [a,b] C [o,B], ui € R (i = 1,...,n), be such that U, # 0 and
¢ [a,B), andlet ¢ : (o, B] — R, ¢ € C* ([, B]). Let the functions Gy : [et, B] x [, B] — R
(k=0,1,2,3,4) be as defined in (10.3)-(10.7). Furthermore, let p,q € R, 1 < p,q < oo, be

such that %—i— cl/ = 1. Then

1 n
— 2 uip(x) —o(¥)| < Q- [|o"|| (10.8)
Un 5 b
holds, where
q 1
o J 8| 2 Gt s) — Guw. o) as]* forate oo
SUP,e(q ] {' Uin Y uiGr(xi,s) — Gi(X,s) ‘ } for g =oo.

Proof. Using the functions Gy (k = 0,1,2,3,4), every function ¢ : [o,f] — R, ¢ €
C*([o, B]), can be represented as

—Xx xX— B

ox) = gfa‘p(o‘Hﬁch‘p(ﬁH/a Go(x,s)@" (s)ds (10.10)

B
<p(x):<p(a)+(x—oc)<p’(ﬁ)+/a G1(x,5)@" (s)ds, (10.11)

B
o(x) =¢<B)+(x—ﬁ)<p’(oc)+/a Ga(x,5)0" (s)ds, (10.12)

B

ox)=o(B)—( —oz)<p’(B)+(x—oa)<p’(oc)+/(x G3(x,5)@" (s)ds, (10.13)

P(x)=9(a)+ (B — ) () — (B—x)9'(B) + ./aﬂ Ga(x,5)9" (s)ds, (10.14)
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which can be easily shown by integrating by parts. It is also easy to show by some calcu-
lation that for every such function ¢ and for any k € {0,1,2,3,4} it holds:

1

FZM o(x;) 7/ ( Zu Gi(xi,s) — Gi(, s)> ¢ (s)ds. (10.15)

Using the triangle inequality for integrals and then applying the Holder inequality, we get
the following:

Ui,, }nluiw(xi) —p(x
/ ( Zu Gi(xi,8) — Gi(x, s)) o"(s)
(L ) ([wors)’

and we get the result given in our theorem. O

( Zu Gi(xi,5) — Gi(X, s)> ¢ (s)ds

ds

2” Gr(xi,s) — Gi(X,9)

"ll

10.3 Jensen’s type inequalities for the generalized
Csiszar f-divergence

The definition of the Csiszar f-divergence functional given in (10.1) can be further general-
ized using weights. For a function f: R, — R and p,q,r € R, , we define the generalized
Csiszdr f-divergence by

r(q,pir) Zrlpl (p). (10.16)

In order to simplify our results, we introduce the following notations

n

P.= Y ripi, (10.17)
i=1

= —Zr,q, (10.18)

rll

Our first result of this section is the following Jensen’s type inequality for Lipschitzian
function based on the idea of Y. J. Cho et al. [3].
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Theorem 10.2 Suppose pi,qi,r; (i € N) are positive real numbers. If f: Ry — R is an
L-Lipschitzian function, then

1 _
ECf~(q,p;r) - f(0,)

L n CIi _
< = O i L
_Prlzllrlpl’p' Qr

L

(10.19)

holds, where Cf(q, p;r), P and @, are defined by (10.16), (10.17) and (10.18) respectively.

Proof. The inequality (10.19) follows by elementary techniques

s S (2) s (3800 |- 5 Eon s (&) @)

Zrtpt'f(ql>f(§r) S%Z"ipi &
ri=1

Di

7Qr

The following inequality for bounded sequence (g1, ...,q,) is also based on [3] .

Theorem 10.3 Let f: R — R be an L-Lipschitzian function, let p;,r; (i € N) be positive

real numbers such that Cy, P, and Qr are defined by (10.16), (10.17) and (10.18). If there
exist m,M € R such that mp; < q; < Mp; (i € N), then

M_Qr

5 1
2 )+ S ()~ 5.Clg. i)

2L v (a4 (4
< Pr(M*m)izzlrlpl (M pl) (pi m) (10.20)

holds.

Proof. Starting from the left-hand side of (10.20), we get

Mﬁ@r Qr 1 & i
‘M——m'f() Y — M)ﬁZHPif(%)'

LRk (M gi
= Fr i;lrzpt Mfmf(M)—i_ f(;)
L M- " ai
< 5 B 5 o)+ o) (£
_ 13 Mﬁ% qi p M qi
- 5 3|2 (f(M)—f<;i))+M—m (ron-r(2))

m

1 M-
< F;”ipi 7 -

.f(m).f(g)‘+%’-f =1 (%)H



292 10 JENSEN-TYPE INEQUALITIES FOR GENERALIZED f-DIVERGENCES...

2L & : :
< 72”1’1’1’(1‘/[_&) (@—m)
P(M—m) & pi) \pi

using the properties of the absolute value function. O

For the following result, we apply Theorem 10.1 on C¢(q,p;r).

Theorem 10.4 Let the functions Gy : [a,B] X [a, ] — R (k=0,1,2,3,4) be as defined
in (10.3)-(10.7). Let p,q.r € R’ be such that

%E [a,b] C o, B] fori=1,...,n; and that Q, € [a, ],

where Q, is as defined in (10.18). Furthermore, let p,q € R, 1 < p,q < oo, be such that
1,1

—+-=1

pla

(a) If f : [0, B] = R, f € C*([at, B]), then

<o, (10.21)

1 _
Frcf(qd)’r) - f (Qr)

holds, where P, and C¢(q,p;r) are as defined in (10.17) and (10.16) respectively,

and
. EENTARY
o [V hsr mne(89)-au@afaf porarm o
Supse[a ﬁ]{ 21 1”1Psz( ) — Gy (Qrvs) },fOrC]:"O-
(b) Ifid- f: [0, B] = R, id- f € C*([at, B]), then
1 =~ 1 l/
’Fcid-f(qvp;r)Qr'f<2l 'q)‘<Q IGid - 7Y, (10.23)
r ,,1]7

holds, where id is the identity function, Cig.r(q,p;r) 2"1611 (—i) and Q is as
defined in (10.22).
Proof.
(a) The result follows directly from Theorem 10.1 by substitution ¢ := f,
Tipi qi

U= ——, Xji=—, i=1,...,n

D ripi P
i=1

(b) The result follows from (a) by substitution f :=id - f.
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10.4 Inequalities for different types of generalized
f—divergences

Now, we will consider some of the most important examples of f-divergences.
The Kullback-Leibler divergence (see [13], [14]) for p,q € R’j’L is defined by

KL(q,p) = Enlqilog (%) :

i=1 t

It is easy to see that the Kullback-Leibler divergence is in fact the Csiszar f-divergence,
where f(¢) = tlogt,t > 0. We can generalize this f-divergence, and we define the gener-
alized Kullback-Leibler divergence by

n .

KL(q,p;r) = Eriqilog%, (10.24)
i=1 1

wherer € R’}

Proposition 10.1 Let p,q.r € R", P, Q, and KL(q,p;r) are defined by (10.17), (10.18)
and (10.24). If there exist m,M € R such that mp; < q; < Mp;, i € N, then inequalities

n n
Yicaliqi
KL ) — iq;log ==L
(q,p:r) erlq 0g =5
n q -
< max{|logm+ 1, |logM + 1|} Y rip; _’_Qr‘ (10.25)
i=n Di
and
lo +Q M‘ M 1KL( r) (10.26)
M, 7, Mlogm og p KL p: .
< max{|logm+1|, |10gM—|—1|} Zrlpl (M——) (ﬂ—m)
pi Pi
hold.

Proof. The inequalities (10.25) and (10 26) are derived from (10.19) and (10.20) for f(r) =

tlogt,t > 0. In this case Cr(q,p;r) Zr,p,—log—fKL(q p;r)and L= sup |logr+
tem,M)

1], since f () = logt + 1 is bounded on [m,M]. a

Proposition 10.2 Ler the functions Gy : [o,B] x [0, ] — R (k=0,1,2,3,4) be as de-
fined in (10.3)-(10.7). Let p,q,r € R’} be such that

% € [a,b] C [a,B] fori=1,...,n; and that Q, € [a, ],
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where Q, is as defined in (10.18). Furthermore, let p,q € R, 1 < p,q < oo, be such that
1 + 1_ 1.
P g

Then

1 . 2; qi . "
—KL(q,p;r) — O, - log(Z 1p) < Q-||(id-10g)"||, (10.27)

Pr i=1

holds, where P, is as defined in (10.17), id is the identity function and Q is as defined in
(10.22).

Proof. The result follows from Theorem 10.4 (b) by substitution f :=log (i.e. from The-
orem 10.4 (a) by substitution f(¢) :=tlogt, t > 0). a

For p,q € R, the Hellinger divergence (as given in [9])
n )
He(q,p) = Y (vai—/Pi)
i=1

is the Csiszdr f-divergence for f(¢) = (1 —+/1)?,t > 0. As before, we also generalize this
divergence for r € R’} with

n
e(q,p;r) = Y ri(\/ai (10.28)
i=1

‘We have the following estimations.

Proposition 10.3 Let p,q,r € R",, P,,Q, and He(q, p;r) be defined by (10.17), (10.18)
and (10.28). If there exist m,M € R such that mp; < q; < Mp;, i € N, then inequalities

var ()

Smx{lm Vi M- \/_|}2 ’ (10.29)
and
%(17\/@ 0 - S (1= VM) f%HE(q,p;r) (10.30)
R A (o) (0
hold,

Proof. For f(t) = (1 —+/1)?,t >0, we have

r(q,pr Zrzpz (1 - \/g)z = ;nllri(\/ﬁ— V4’ = He(q,p;x),
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and
A e e
= sup max -, |l -—=
te(m,M| \/_ \/l’l_’t \/M
o {|m vl M- ﬂ}
m M
So, inequalities (10.29) and (10.30) follow from (10.19) and (10.20). O

Proposition 10.4 Ler the functions Gy : [a,B] X [a, ] = R (k=0,1,2,3,4) be as de-
fined in (10.3)-(10.7). Let p,q,r € R} be such that

% € [a,b] C [, B] fori=1,...,n; and that Q, € [a, ],

where Q, is as defined in (10.18). Furthermore, let p,q € R, 1 < p,q < oo, be such that

1 1 _
St =1
2
iHe( ir)— ([ 1—4/0
Pr q?p’ r

Then
holds, where P, is as defined in (10.17), f(t) = (1 — \/5)2 ,t >0, and Q is as defined in
(10.22).

<o, (10.31)

Proof. The result follows from Theorem 10.4 (a) by substitution f(¢) = (1 —/7)?, ¢ > 0.
O

The y-order entropy known as the Rényi divergence ([24]) is defined by
Rey(q,p) = Zpl “q!, forp,q € R,y € (1,+00). (10.32)
We generalize (10.32) by
Rey(q,p;r) = ZHH Tql, reRY. (10.33)

For this generalized entropy we have the following results.

Proposition 10.5 Letp,q,r € R, P, O, and Re,(q,p;r) be defined by (10.17), (10.18)
and (10.33) . If there exist m,M € Ry such that mp; < q; < Mp;, i € N, then inequalities

n
Rey(q,pir (2 nql> <yM" 'Y ripi| L, (10.34)
i=1 i
and
M-Q 1
M—%my f/[r mM”— FRey(q,p;r) (10.35)
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2yMY-1 2 ; ;
<A (o-3) (32
P(M—m) & pi) \pi

Proof. For f(t) =t",t >0,y > 1, we have

Y n
]7
(q,p;1) Zrlpl<f> =Y rip; gl = Rey(q,p:r),
i=1

hold.

l

and
L= sup |p" | =y sup |/ | =yM"",
t€[m,M)| t€[m,M)|
so we obtain (10.34) and (10.35) from (10.19) and (10.20). O

Proposition 10.6 Ler the functions Gy : [a,B] x [a,B] = R (k=0,1,2,3,4) be as de-
fined in (10.3)-(10.7). Let p,q,r € R} be such that

%E [a,b] C o, B] fori=1,...,n; and that Q, € [a, ],

where Q, is as defined in (10.18). Furthermore, let p,q € R, 1 < p,q < oo, be such that
1 4 1_ 1
P g

Then

1 —
> Rey(a.pir) =07 < 0-||f"]], (10.36)
]
holds, where P, is as defined in (10.17), f(t) =1¥ (t > 0, vy > 1), and Q is as defined in
(10.22).
Proof. The result follows from Theorem 10.4 (a) for f(¢) =" (t >0,y > 1). ]
Our next interesting result concerns with the y2-divergence defined by

2

quz , forp,q e R
i—1

For the generalized y2-divergence

n )2
D,2(q,p;r) = gn(q’ip’), reR (10.37)
P

Pi
we have the following results.

Proposition 10.7 Letp.q.r e R", P, Q, and D, (q,p;r) be defined by (10.17), (10.18)
and (10.37). If there exist m,M € R such that mp; < q; < Mp;, i € N, then inequalities

2
n
D,:(q,p:r) (anl ) SZmax{lm—ll»IM—ll}Zripi%

i=1 t
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and
Mﬁ@r 2 @rim 2 1
1)+ M -1~ =D ; 10.
Mfm(m ) +M7m( ) P, XZ(an,") ( 039)
4 S %) (qi )
< ———max{|m—1|,|M—1 ripi|lM—=)|=—-m
< iy el =1L <1 3 (1= 2 ) (%
hold.
Proof. For f(t) = (t —1)%,t > 0, we have
n a2
qpr 2V1P1<—1) ZriM:sz(qvpﬂ')
Di i=1 i
Since f (1) = 2(t — 1), we have
L=2 sup |r—1|=2max{|m—1],|M—1]|}.
tem,M)
Inequalities (10.38) and (10.39) follow from (10.19) and (10.20). O

Proposition 10.8 Ler the functions Gy : [a,B] x [a, ] = R (k=0,1,2,3,4) be as de-
fined in (10.3)-(10.7). Let p,q,r € R} be such that

;]71 € [a,b] C [a,B] fori=1,...,n; and that Q, € [a, B],

where Q, is as defined in (10.18). Furthermore, let p,q € R, 1 < p,q < oo, be such that

1
P Dy

holds, where P, is as defined in (10.17), f(t) = (t —1)?,t > 0, and Q is as defined in
(10.22).

(q.p:r) = (O, — 1’| < 0|, (10.40)

Proof. The result follows from Theorem 10.4 (a) by substitution f(t) = (t — 1)?,¢ > 0. O

The Shannon entropy ([11]) of a positive probability distribution p = (py,...,p,) is
defined by

H(p)=—Y pilog(p:). (10.41)

It is easy to see that (10.41) is a special case of (10.1) forq = (1,...,1) € R’ and function
f(t) =logr,t > 0. We can also generalize Shannon entropy with weights r € R’} as follows

H(p;r) = —Zripilog(pi). (10.42)
i=1
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Proposition 10.9 Ler p,r € R, and P, and H(p;r) be defined by (10.17) and (10.42). If

1
there exist m,M € R such thatm < — < M, i € N, then inequalities

Di
1 n

|H (p:r) — Prlog(Q,)| < %2 ripi (10.43)
and

Mﬁ@r Qr —m 1

— ——f(M)— —H(p; 10.44

Mfmf(m)JrMimf( ) - 5 Hir) (10.44)

1 1
< T ——m
- 2 P < pi ) (pl >
—_ 1 &
hold, where Q, = Fr ; Ti.
Proof. For f(t) =logt,t >0and q=(1,...,1), we have
n 1 n
Cr(1,pir) = Y, ripilog (;) = — Y ripilog(p:) = H(pir).
i=1 i i=1
) / 1 ) . S .
Since f (1) = o the Lipschitz constant in this case is
il el =
L= sup |—|=maxq|—|,|—|p=maxq—,— »= —.
refmm | m m M m

Inequalities (10.43) and (10.44) are following from (10.19) and (10.20). O

Proposition 10.10 Let the functions Gy : [a,B] x [a,f] — R (k =0,1,2,3,4) be as
defined in (10.3)-(10.7). Let p,r € R', be such that

1 1 &
— € la,b] C [, B) fori=1,...,n; and that — Y r; € [a
pi Pri:l

where P, is as defined in (10.17). Furthermore, let p,q € R, 1 < p,q < oo, be such that

1 1 _

st =1
IH( )—1 1i
— ;r)—log| = ) ry
P, p g Pri:ll

Then
<0- Hlog”HP (10.45)
holds, where Q is as defined in (10.22).

Proof. The result follows from Theorem 10.4 (a) by substitution f :=logandq=(1,...,1).
O
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10.5 The mappings of H and F

In this section, we study discrete general case of the mappings called H and F introduced
in [7] and [8]. For a given function f: I/ CR — R and for a,b €I, a < b, S. S. Dragomir
considered the following two mappings H,F: [0,1] — R defined by

H(t)= bla/abf <Ix+(1 t)aTer) dx

F(t)= (bila)z./a‘b/abf(tx—i—(l —1)y)dxdy

for all r € [0,1]. Under assumption of convexity of f, mappings H and F have been tested
on convexity on [0, 1], monotonicity and other properties. On this lead, Cho et al. in [3]
also studied generalized functions of this type.

In this section, we consider f to be Lipschitzian function and dealing with discrete
generalization, so our next results come naturally. We prove some of the properties of the
functions F and H, such as Lipschitz property.

and

Theorem 10.5 Let p,r ¢ R’} and g € R" and f: R — R be an L-Lipschitzian function.
For a mapping H: [0,1] — R defined by

1 & i —
H(3) == Y pinif (A@+(1—A)Q,) (10.46)
ri=1 pi
we have the following:
(i) the mapping H is Ly-Lipschitzian on [0, 1], where
L qi —=
L= Fr;piri (; Qr) (10.47)

L

(ii) the inequalities

1 n ;
‘H(A)—Fzrtpif (Z—) <(1—=A)Ly, (10.48)
ri=1

1

'f <%i'ﬁ'¢li> —H(A)| <AL (10.49)

ri=1

and

<2A(1— )L (10.50)

ri=1 14

'Hw 5 S (£) - a-21@)

hold, for all A € [0,1].
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Proof. For A1,2; € [0,1], we calculate

|H(A2) — H(A1)

-1 ipm {f (,121%441—12)@,) —f(h%i+(1 —Al)ér)H

15 . 9D ) — Ry
Spri;prl <lzpi+(1 )~2)Qr> f(llplﬂr(l Atl)Qr)‘
L = gi —
SFZ piti 12— +(1=4)0, —A1— —(1-4)0,

ri—l Di

LMQ—

and get |H(Ap) — H(A1)| < LA, — Ay|, for L; defined by (10.47). For A; =1 and A, = A,
left hand side in (10.48) is equal to |[H(A) — H(1)|. Since we already proved H is Li-
Lipschitzian function, inequality (10.48) holds. Analogously, (10.49) follows for A} = A
and A, = 0. Finally, inequality (10.50) follows from (10.48) and (10.49),

——zrlp, (2)-a-nr@)

AL ;
M*Fzripif (Z-) + |-
ri—=1 1

<2A(1-A)Ly.

<

f(Pizq> +<1A>H<x>|
ri=1

Theorem 10.6 Lerp,r € R, g € R" and f: R — R be a L-Lipschitzian function. For a
mapping F: [0,1] — R defined by

O

I & x qi qj
F(A) PZZZp,rlpjrjf )L +( —A)= (10.51)
roi=1j=1 p]
we have the following:
(i) the mapping F is symmetric, i.e. F(A) =F(1 —A),A €[0,1]

(ii) the mapping F is Ly-Lipschitzian on [0, 1], where

L n n qj
pitipiri (10.52)
P2 ,leZ S b p;
(iii) the inequalities
n n
Zzpmpmf[ < >} < _|2)L_1| (10.53)
r i=1j pi  Pj
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] & .
A)— 7 N pirif (%)
Tzl i

hold for all A € [0,1].

and

< L,min{A,1 -1} (10.54)

Proof. The first property follows immediately from the definition (10.51). For proving the
next property, let A1, 4, € [0, 1]. Then we have

|F(A2) — F(A1)

1 L q;j qi q;
= — iripir ).— 1-4 —J> <A.—+ 17). —j):|
Fgggypup(z H-a L) (g (-2
< 3 S priy | (L 1-a) L) (WL -2 L)
F; i=1j=1 Di Dj Di Dj
LA =4 & & qi  qj

iripiri|— — =+
=Lo|Ar — A4l

1
Inequality (10.53) follows from Lipschitzian property of F' for A; = 3 and A, = A. So,

1 1 L
we have |F (1) fF(§)| < LA — §| = 72|). — 1]. Analogously, (10.54) follows for A; =
1,A, =A and A; = 1,4, = 1 — A. Namely, by combining

P Zp’r’ <pl)

FA=A)=F()|=|F(A)—F1)|<[1-A-1]=4
we get (10.54). O

[F(A)—F(1)| = |F < A-1=1-4

and

The next result offers us the relation between the mappings F and H, defined by (10.46)
and (10.51).

Theorem 10.7 For mappings F: [0,1] — R and H: [0,1] — R defined by (10.51) and
(10.46), inequality

F)—HO)| < (- ALy (10.55)
holds for all A € [0, 1], where Ly is defined by (10.47).

Proof. The inequality (10.55) holds as follows:

P~ H() =
Ly G B LS (A% 1D
=g S S et (o212 )5 S (150270
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10.6 Applications to Zipf-Mandelbrot law

Definition 10.1 [11] Zipf-Mandelbrot law is a discrete probability distribution, depends
on three parameters N € {1,2,...}, t € [0,00) and v > 0, and it is defined by

1
iiN,t,v) i = —~————, i=1,....N
¢(l7 ) 7V) (i+t)vHN7l7v7 L ) ) )

where

Mool
H, = .
Nt j; (j+t)v

When t = 0, then Zipf—~Mandelbrot law becomes Zipf’s law.

Now, we can apply our results for distributions on the Zipf-Mandelbrot law, as a sort
of discrete probability distribution.

Let p, q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, ¢, > 0 and vy,
vy > 0, respectively. It is

. 1 .
pi=0 (LN, t,v1) = ET i=1,...,N, (10.56)
and
. 1 .
qi = ¢ (izN,12,v2) := m, i=1,...,N, (10.57)
where
N 1
HN7lk7vk = 2 (]+t )Vk’ k: 172 (10.58)
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Then the generalized Csiszér divergence for such p,q, and for r € R’} is given by

| LA ((i+t1)V'Hm v )
Cr(q,p;r) = - - S (10.59)
f(q p ) HN,[| v 2:1 (l +t1)V1 f (l+t2)v2HN,l2,Vz
Using (10.56) and (10.57), we have the following expressions for (10.17) and (10.18)
1 N i
P = - (10.60)
a i=1 l+t1 VIHNZ|,V| HN,Z],V] 1:21 <l+t1)v1
N N r
g, - T g _ Hyaw T T (10.61)
. .

ri N ri
2’ U410 T Hy 4y ~ Hyia Xisy (i+1)"1

For m and M from Theorem 10.3 we have

= (1 thl)leNJl,Vl
(N+t2)v2HN,t2,vZ
and
_ (N+0)" Hyy
(1 +t2)V2HNJz7V2 '
Thus we have the following results.
Corollary 10.1 Ler p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, t,

1y >0 and vy,vy > 0, respectively, and v € R'.. If Cr(q,p;r), P, and Q, are defined by
(10.59), (10.60) and (10.61), respectively, we have

N _n
L & (i+m)"  Zimt T2
C ,Pir T r . ri ?
| r(q,pir) — f(Q)| HN’z"zZ:l 1+t1 U (i41)» 2 z+ti
and
N i v
gl T (V) 2 ) f<<1+“) 1HN’”’”> (10.62)
St [\ (1+n)2 ¥ T (N +12)"2Hy 1, 1,
N ri
i=1 Tz (L+n)" f<(N+tl)V1HN,t1’”)
2 l+ll‘|. (NJFIQ)VZ (1+102)"2Hy v,
(N4n)" (14" )
_ — C P;
((1+t2)"2 (N+1) r@pr)

< op Ha ¢ i ((NHI)”‘ (i+t1)”1) <(i+t1)”l N (1+n)”l>'

Hypw S G+t \ (1+0)2  (i+0)2) \(i+n)2  (N+n)”

Proof. Inequality (10.62) can be obtained from

N ri
‘ ((N'i_tl)leNJth Hy 1, v, 2,’ 1 (th), > ((1 +t1)VIHN,l|,V| )+

(1 +t2)v2HNJz,V2 N HN 1 v, 21 17 ,H (=) (N+t2)v2HNJz,V2
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N ri
(HNll,vl Zimi (i+tz) (14+11)" Hy 4, v, ) <(N+II)VIHNJ17V1 ﬂ x

HN 1 v, 21 17 ,+,1) <N+t2)v2HN7lzavz (1 +t2)V2HNJz7V2

i ((N+t1 "Hy gy vy ( 1)’ i, )C (q,p;r)
i=1 l+l1 HN!| V1 ( +l2)v2HN,lz7vz (N+f2 “2HN 1 v, S
(

i ri ( N+11)""Hy 1, v, i+t])V1HNatlaVl> %
(i+0)" Hyyoy \ (L+0)2Hy 0, (i+0)2Hy g,

<( J”l) T )

_
(

(l'thz)VZHN,tz,vz (N+t2)V2HNJ2,V2
O

Corollary 10.2 Let the functions Gy : [a,B] x [o, ] — R (k=0,1,2,3,4) be as defined
in (10.3)-(10.7). Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 11,
ty > 0andvy,vy > 0, respectively, and r € R’} such that

i i +11)" H,
4 ._ w € [a,b] C [0, B fori=1,...,N,
pPi (l+t2) HN,IQ,VZ

and that Q, € |a, B], where Q, is as defined in (10.61).
Furthermore, let p,q € R, 1 < p,q < oo, be such that % + é =1

(a) If f :[o, B] = R, f € C*([at, B]), then

<[],

holds, and
(b) ifid-f:[o,B] = R, id- f € C*([er, B]), then

Z{V: qi . "
S| <ot s,

holds, where id is the identity function, Q, pi, qi, P Cf(q,p;r) are as defined in
(10.22), (10.56), (10.57), (10.60), (10.59) respectively.

1 _
‘Frcid-f'((LP;l‘) _Qr'f<

If p, q are two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 11, 1 > 0 and vy,
vy > 0, respectively, and r € R’}r, for the generalized Kullbach-Leibler divergence we have
the following representation:

1 N
KL(q,p;r) = Z

Hy 15,0 i=1 l+t2

((i—i—h)leN,n V1 > (10.63)
(i+n)2Hypy, ) .

The following results hold.
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Corollary 10.3 Ler p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 1,
tr > 0 and vi,v; > 0, respectively, and r € R,.. If KL(q,p;r) is defined by (10.63), then
inequalities

N

N
ri HN!| Vi ri
Hy s KL(q,pir) — Y — log UM 4 1oe S L
0, KL(Q, pix) l-zl(lﬂz)”( TR W o =

B lgz l+t1 )‘

< max{

log —/———

Nty vy

log +s110g(1+t1)vzlog(Nthz)Jrl’,

N,tp, v

AN —|—v110g(N+t1)_vzlog(l—f—tz)—i—l’} X

Nty vy

N i
N (i+n)" it (l+lz)

(i+t2) 2 l+t1

ri

X;(i+tl)vl

i

and

=

(L) [((N4n)" i "
(N+l‘2)v2 1+t2 V2 = l+t] vl = (l+t2)

L (Nn) i ri 1+1)" i
(I+n)2 \ A (i+n)? N+t2"2 l+t1

i=1

(N+l‘1)vl (1+t])vl
— H, — KL ;
e ( vy~ (Winye ) KHaPD)

Hy 1, v,

log —™ 4y log(1+11) —vplog(N +1) + 1|,

< 2max{

N,tr,v»

Nl|,

log —"L 4y 10g(N+t1)V210g(1+t2)+1’}

Nt vy

$ ((N+t1)V1 (i+r1)w><(i+tl)w(1+t1)w)

x J—
S+r)r \(14+n)2  (i+n)” (i+n)2 (N+n)»

hold.

Corollary 10.4 Let the functions Gy : [or, B] X [0, ] — R (k=0,1,2,3,4) be as defined
in (10.3)-(10.7). Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 11,
ty > 0 andvy,vy > 0, respectively, and r € Ri such that

qdi._ (i+t1)VI Hy 1) v,

= €la,b] C [a,B] fori=1,...,N,
Di (l+t2)vzHN7lz7vz b e ]

and that Q, € |a, B], where Q, is as defined in (10.61).
Furthermore, let p,q € R, 1 < p,q < oo, be such that % + % =1
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Then

21 14i

P%KL((LP;I‘) o, 10g<2 >’SQ'||(id'1°g)"Hp

holds, where id is the identity function, Q, pi, qi, Pr, KL(q,p;r) are as defined in (10.22),
(10.56), (10.57), (10.60), (10.63) respectively.

i=1Pi

For p,q two Zipf-Mandelbrot laws with parameters N € {1,2,...}, t;, £, > 0 and vy,
vy > 0, respectively, and r € R’}r, the generalized Hellinger divergence has the following
representation:

- i )
He(q,p;r) = 1 iri (\/(l+t1)V1HN,t| v \/(l-i-tz)VzHN,,z,vz) .

- ; (10.64)
HN,tl,leN,tz,vZ i=1 (l+tl)vl (l+t2)v2

The following results hold true.

Corollary 10.5 Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 1,
1 > 0 and vy,v2 > 0, respectively, and r € R.. If He(q,p;r) is defined by (10.64), then
inequalities

N N ri
He(q,p; S — _
q pr le l+t1 HN!l v le (l+t2)v2HN,l2,V2

gmax{ }

N

2

(N+t2)v2HNJz7V2
(1 +t1)v| Hy 1y v,

(1 + IZ)VZHNJLVZ

1—
(N+t1)V1HNJ|,V|

717

N i
(i+0)" ZHW
(+0)" I, ot

ri
X .
IZ:I (l+t1)v| HN 15,

and

((N-i—h)vl

2
i (1 +t1)VIHNJl V1
(1+1)» (l+l1 P l+f2 (N +12)"2Hy 1, v,

2
i C(I+n)n ul ri 1— (N+411)" Hy g, v,
. l+t2 )2 (N+n)2 A (i+u)n (1+12)2Hyy, v,

i=1
}x

b=

(N+n)"  (I4n)"
- HN,t|,V| ((1+t2)v (N+t )VZ)He(q p:r )

H,
< 2 NIV ay
HN!2,V2

(1
N+ n) (Gn) (L+n)"
8 2 l+t1 < (1+1)> (l+t2)v2> ((i—i—tz)"z - (N—l—tz)vz)

(N+t2)v HN 15 v,
+t1)v HNZ] Vi

(1 + IZ)VZHN,lzavz

1-—
(N"'II)VIHNMM

17

hold.
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Corollary 10.6 Ler the functions Gy : o, f] X [0, ] — R (k=0,1,2,3,4) be as defined
in (10.3)-(10.7). Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 11,
ty > 0 and vy,vy > 0, respectively, and r € Ri such that

qi (i"'tl)vl Hy 0, :
—=—>"—bleclgb|Cla,p]fori=1,...,N,
Pi (l"'IZ)V2 Hy 15,0 [ ] [ ]

and that Q, € |a, B, where Q, is as defined in (10.61).
Furthermore, let p,q € R, 1 < p,q < oo, be such that % + é =1

Then )
1 —
EHe(q,p;r)— (1 - \/Qr)

holds, where Q, pi, qi, P, He(q,p;r) are as defined in (10.22), (10.56), (10.57), (10.60),
(10.64) respectively, and f(t) = (1 —+/1)%, t > 0.

<0-|,

For p,q two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 71, #, > 0 and vy,
v > 0, respectively, and r € R”,, the generalized Rényi divergence has the following rep-

resentation: .
HV N —Dv
N g1,V l + t]
Re ;) =
y(qpir 2 (07

Nt2v21

(10.65)

The following results hold.

Corollary 10.7 Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 1,
t > 0 and vi,vy > 0, respectively, and r € R}, If Rey(q,p;r) is defined by (10.65), then

inequalities
1—y y
HY N N '
le,V2 ri
— 1 Rey(q,p:r) S — _
HNtl vy lzzl l+t1) 1:21 (i+1)2
. N r
< y(Nth] 1)y ﬁ/: (lth])vl 721,:] Gy
A= H_tl V402 S |
and

(L+m)™ [(N+1)" i i ri
(N+t2)yv2 1+l‘2 V2 = l+l‘1 Vl = (l+l‘2)
MRGEINIE i ri 1+1)" i

(1 thz)yVZ = (l'thz) N+t2 v2 = lthl

N , N+ L4
_ lzl V2 ( ) ( ) Rey(q,p;l‘)
HY g, NP (N

) (N+1) (y Dt g: (N4 - (i+1)" o
= e A l“l (14+n)2  (i+10)">
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(i+l‘1)vl (1+t])vl
8 <(i+t2)Vz B (N+t2)Vz>

hold.

Corollary 10.8 Let the functions Gy : [a,B] x [ot, ] — R (k=0,1,2,3,4) be as defined
in (10.3)-(10.7). Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 11,
ty > 0andvy,vy > 0, respectively, and r € R} such that

qi (i+t1)Vl Hy 0, :
—=——bleclgb|Cla,B]fori=1,...,N,
Pi (l+t2)v2 Hy 15,0 [ ] [ ]f

and that Q, € |a, B], where Q, is as defined in (10.61).

Furthermore, let p,q € R, 1 < p,q < oo, be such that % + é = 1.
Then
1 Y
7 Rey (q,p:r) = 0; [ < 0-[|f"]],
holds, where Q, pi, qi, P, Rey(q,p;r) are as defined in (10.22), (10.56), (10.57), (10.60),
(10.65) respectively, and f(t) =17, (t > 0,y > 1).

For p,q two Zipf-Mandelbrot laws with parameters N € {1,2,...}, t;, £, > 0 and vy,
v > 0, respectively, and r € R", the generalized x> —divergence has the following repre-
sentation:

N

1 1
D, (q,p;r) =H, Y ri+n)" | = T
2 <q P ) N 1:21 l( 1) ((l+t2)V2HNJz-,V2 (H“tl)leNJlM

2
) . (10.66)

We have the following results.

Corollary 10.9 Ler p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, t,
tp > 0 and vi,v, > 0, respectively, and r € R, If D,>(q,p;r) is defined by (10.66), then
inequalities

Hy, N T N i ?
D,>(q,p;r) — A . ’ -y
x ?]:1 W 2:1 (l+t2)v2HN7lz7vz 2:1 (l+t1)v1HN7ll7V1
{’( +t1 HN!|,V| ‘ ’ N+t1 HN!|,V| ‘}
< max —1|p x
HNJ2,V2 <N+t2 2Hy 2,2 1+1 VZHN 12,2
N ri (i+nM PIA (i+t2)vz
X 2 : t V1 ; t %) - N ri
S G+ | (i+n) i=1 {ir)'T
and
N i
i i (N+n) Zi= 1(z+tz) ((1+f1)V'HN,t.,v. 1>2
i=1 (i+1) (I+n)» Z z+t (N +12)"2Hy 1, v,
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+ 2 1+tz (1 +tl)v1 <(N+II)V1HN’ZI’V1 — 1)2
ﬁuﬁ%” - (N0 N (1+0)2Hy
. (N+0)" (Ln)"
Dy (4 Pir)Hy ( (1+0)2  (N+n)»
’(N‘FII)VIHNMM B 1’} >

)
)2 {’(1+t1)v Hy 1, v,
s max -1 )
v2 (N+t2) "2HN 15, (1 +t2)vzHN”2’V2
" N ri <(N+t1)"1 (i+t1)vl) ((ith])"l (L4 >

(i—l—ll)v' (1 + )2 B (i+t2)v2

IN
~
/N
F|F

=

(i+t2)v2 (N+l2)v2

—_

i=
hold.

Corollary 10.10 Let the functions Gy : [, B] x [ot, B] — R (k=0,1,2,3,4) be as defined
in (10.3)-(10.7). Let p,q be two Zipf-Mandelbrot laws with parameters N € {1,2,...}, 11,
1y > 0andvy,vy > 0, respectively, and r € R, such that

4 ._ (i+n)" Hy 1

= — € la,b) C|a,B]fori=1,...,N,
" GF 1) Hymsns [a,b] C [o, B] fe

and that Q, € [a, B, where Q, is as defined in (10.61).

Furthermore, let p,q € R, 1 < p,q < oo, be such that % + é =1
Then

2D (@pin) =@~ 1 <017,

holds, where Q, pi, qi, P, sz (q,p;r) are as defined in (10.22), (10.56), (10.57), (10.60),
(10.66) respectively, and f(t) = (t —1)%,(t > 0) .

If p is the Zipf-Mandelbrot law with parameters N € {1,2,...},#; > 0 and v; > 0, and
r € R, then the generalized Shannon entropy H (p;r) has the following representation:

1 N

H(p:r) = di -1 1) H . 10.67
(p I‘) HN7117V1 le l+t Og l+ l) N"tl’vl] ( )

We have the following results.

Corollary 10.11 Let p be the Zipf-Mandelbrot law with parameters N € {1,2,...},t; >0
and vy >0, andr € R.. If H(p;r) is defined by (10.67), then inequalities

S Ti i
Hy g H(pir) = Y e log { Hy v, 27

i=1 1+t1

2, 1 rz
z 1+t1

th])vl

+t1 V| 2 V

1:1




310 10 JENSEN-TYPE INEQUALITIES FOR GENERALIZED f-DIVERGENCES...

and
N . noo.
(V1) = 2| (1 40) Hygy) + | ol — (1)
i=1 ey )T i=1 (i)t
H,
X F(N+10)" Hygy ) = < (N +0)" = (1+00)" | H(psr)
Zizl (i+11)
2
B (1+t1) 2 l+ti
3 (V1) — () 1) — (L))
o o o
= (i+tl)vl 1 1 1 1
hold.

Corollary 10.12 Let p be the Zipf-Mandelbrot law with parameters N € {1,2,...}, 1t >0
and vy >0, and r € R} such that

= (i+t1)"" Hyy, v, € a,b] C[a,B] fori=1,...,N,

and that — 2 ri € , Where P, is as defined in (10.60).
b i=1
Let the functions Gy : [0, B] x [a,B] = R (k=0,1,2,3,4) be as defined in (10.3)-(10.7).
Furthermore, let p,q € R, 1 < p,q < oo, be such that % + é =1
Then
1

1 n
EH(PQI') —log (Fr Zh’)

i=1

< Q- |llog"||, (10.68)

holds, where O, pi, q;, H(p;r) are as defined in (10.22), (10.56), (10.57), (10.67) respec-
tively.
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Chapter 1 1

On Shannon and
Zipf-Mandelbrot entropies and
related results

Sadia Khalid, Dilda Pecarié and Josip Pecarié

Abstract. We present some interesting results related to the bounds of Shannon
and Zipf-Mandelbrot entropies. Further, we define linear functionals as the non-
negative differences of the obtained inequalities and present mean value theorems.
We also discuss the properties of the functionals, such as n-exponential and log-
arithmic convexity. Finally, we present examples of the family of functions for
which the results can be applied.

11.1 Introduction and Preliminaries

Definition 11.1 The Shannon entropy of a positive probability distribution p= (py, ..., pn)
is defined by S (p) := Y}_, prlog (plk)

An important result related to the bounds of the Shannon entropy is given in [4].

313



314 11 ON SHANNON AND ZIPF-MANDELBROT ENTROPIES

Theorem 11.1 Let p;. > 0 (1 < k < n) be a probability distribution with Shannon entropy
S(p)and P, = Y%, pi(1 <k <n). Then

n

S(P)+ Y, (k—1)px—Pi-1) (logk —log(k — 1))

k=2
< 2 F(k— I)Pk
k=2
<S(p)+ Y ((k—1)pr—Pe—y) (log Py —log Pr_y) (11.1)
k=2
where
F(x)=(x+1)log(x+1)—xlogx(x >0). (11.2)

Equalities hold in (11.1) if py = 1 (1 <k <n).

S. Khalid, J. Pecari¢ and M. Praljak presented the following generalization of Throrem
11.1in [6, Theorems 2.1 and 2.3].

Theorem 11.2 Let a; > 0 and pr > 0 (1 < k < n) be real numbers such that P, = 2;{:1 Di
(1 <k<n). Let g: [a,b] — R be a differentiable function such that g(x+h) — g (x) is
convex for all x,x+ h € [a,b], where h > 0.

k=1 .. k -
(i) If Py, Py, zi%f’a’, Z,+kp,a, € [a,b] for all k € {2,...,n}, then for any s € R, we
have
k—1

Zak g(Pi-1)) + iaf] (2 Piai_Pklak> (8'(Pe) — &' (Pr-1))
=2

i=1

< zak( (&) - (zf zlkp,a,))

< Zak g(P1))

n - k k—
s—1 o s [ Zioq Pidi B Zl 1 Pidi
+k§:12ak (izlpla, Pklak> (g <7ak ) ( o )) (11.3)

(i) If prai, Pi—1ax, Peayg, Zf;ll pidi, 2;‘:1 pia; € |a,b] for allk € {2,...,n}, then we have

n

g(prar)+ Y, (g(Par) — g(P—1ax))
=2

k-1
(2 pidi — Pklak> (&' (Peag) — ' (Pe—1ax))
i=1

pidi
1

4
M=

k

I
S}

IN
o
M-

1
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n

<g(pra1)+ Y, (8 (Prar) — & (Pr—1ax))
k=2

n (k-1 k k=1
+ (2 pidi — Pklak> (g/ (2 Piai> -¢ (2 Pi%’) ) . (11.4)
k=2 \i=1 i=1 i=1

If g(x+h) — g (x) is concave for all x,x+h € [a,b] such that h > 0, then the reversed
inequalities hold in (11.3) and (11.4).

Divided difference of a function is defined as follows (see [15, p. 14]):

Definition 11.2 The nih-order divided difference of a function f : [a,b] — R at mutually
distinct points x, ... ,X, € [a,b] is defined recursively by

i fl=f(x),  i€{0,...,n},
(X1, Xns f] — o, - -+ Xn—13 f] .
Xn — X0

[X0y- -y X3 f] =

The value [xg,...,Xy; f] is independent of the order of the points xo, . .., Xp.

n-convex functions can be characterized by the nth-order divided difference (see [15, p.
15]).

Definition 11.3 A function f : [a,b] — R is said to be n-convex (n > 0) if and only if for
all choices of (n—+ 1) distinct points xg,...,x, € [a,b, the nth-order divided difference of
£ satisfies [x0,.. ;. f] 2 0.

Remark 11.1 Note that O-convex functions are non-negative functions, 1-convex func-
tions are increasing functions and 2-convex functions are simply the convex functions.

The following interesting result related to the 3-convexity of the function g, is also pre-
sented in [6, Corollaries 2.2 and 2.4].

Corollary 11.1 Let a; > 0 and p; > 0 (1 < k < n) be real numbers such that P, = Zf‘:] Di
(1 <k <n)andlet g: |a,b] — R be a differentiable function.

k—1 . . k .
(i) Let Py, Py, Ziol Pidi B Piti [a,b] for all k € {2,....n}. If g is 3-convex, then

ag Ak

(11.3) holds for any s € R.

(ii) Let prai, P_1ax, Pray, Z{.le pidi, Zlep,-a,' € [a,b] for all k € {2,...,n}. If g is
3-convex, then (11.4) holds.

If g is 3-concave, then the reversed inequalities hold in (11.3) and (11.4).

A sequence {a;} el ©of real numbers which is non-increasing in weighted mean (see [6])
can be defined as follows:
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Definition 11.4 A sequence {a;}, .y C R is non-increasing in weighted mean if

1 n+1
Y prar, né€EN, (11.5)

where a; and py. (k € N) are real numbers such that p; >0 (1 <i < k) with P, := ¥*_, p;
(keN).

If the reversed inequality holds in (11.5), then the sequence {a;}, .y C R is called non-
decreasing in weighted mean.

In a similar way, we can define when a finite sequence {a;}}_, C R is non-increasing or
non-decreasing in weighted mean.

In [1] G. Bennett proved the weighted version of an inequality presented by Hardy-
Littlewood-Pdlya (see [2, Theorem 134]) for power functions f (x) = x*: if a; (1 <k <n)
are non-negative and non-increasing and p; > 0 forall k € {1,...,n} such that B, = 3%, p;
(1 <k < n), then for any real number s > 1, the inequality

n s n n
S piar) = 3B (0 —at) = (ma)' + S (Be-F) (L6
k=1 k=1 k=2
holds. If 0 < s < 1, then the reversed inequality holds in (11.6) (see [1]).
S. Khalid, J. Pecari¢ and M. Praljak presented the following generalization of inequality
(11.6) in [6, Theorem 3].

Theorem 11.3 Let a; and py (1 < k < n) be real numbers such that a; > 0 and py > 0.
Let pray, Y}y prax, Peag, Pr_iay € [a,b] for allk € {2,...,n} and let f : [a,b] — R be a
Wright-convex function.

(i) If the sequence {ay}}_, is non-increasing in weighted mean, then

f (2 Pkak> > f(pran) + Y, [f (Pear) — f (Peerax)] - (11.7)
k=1 k=2
(ii) If the sequence {ai}}_, is non-decreasing in weighted mean, then
f (2 Pkak> < f(pra)+ Y, [f (Pear) — f (Peo1ax)].- (11.8)
k=1 k=2

If f is Wright-concave, then the reversed inequalities hold in (11.7) and (11.8).
Definition 11.5 Zipf-Mandelbrot law is a discrete probability distribution depending on
three parametersn € N, r > 0 and t > 0, and is defined as

fin,nt) = ie{l,...,n},

(i) Hy,ry 7
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where f is known as the probability mass function and

(11.9)

< 1
B k; (k+r)
is the generalized harmonic number.

Ifwetakepk:W (1<k<n,r>0,t>0and H,,, is the same as defined in
n,nt

Definition 11.5) in S (p), then simple calculations reveal that

- t & log(k+r)
log ((k+r ) =
/(21 k+}") n,rt g(( ) " l) Hn,r,tk:1 (k+r)t

= Z(V%Hﬂ,rst)v

+log (Hp,rs)

where Z (r,t,H, ;) is known as Zipf-Mandelbrot entropy.

The results related to Shannon entropy and Zipf-Mandelbrot law are topic of great
interest see for example [3], [10] and [11]. Zipf-Mandelbrot law is revisited in the context
of linguistics in [13] (see also [12]).

In the first section of this chapter we present some interesting results related to the
bounds of Zipf-Mandelbrot entropy and the 3-convexity of the function. In the second sec-
tion, we present some interesting results related to the bounds of Shannon entropy by using
non-increasing (non-decreasing) sequence of real numbers and by applying Theorem 11.3.
Further, we also present some results related to the bounds of Zipf-Mandelbrot entropy. In
both the sections, we define linear functionals as the non-negative differences of the ob-
tained inequalities and we present mean value theorems for the linear functionals. We also
discuss the n-exponential convexity and the log-convexity of the functions associated with
the linear functionals.

11.2 On Zipf-Mandelbrot entropy and 3-convex
functions

The results presented in this section are given in [7]. This section is organized as follows: in
Section 11.2.1, we present some interesting results related to Zipf-Mandelbrot entropy. In
Section 11.2.2, we define linear functionals as the non-negative differences of the obtained
inequalities and present mean value theorems for the linear functionals. In Section 11.2.3,
we present the properties of functionals, such as n-exponential and logarithmic convexity.
Finally, we give an example of the family of functions for which the results can be applied.
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11.2.1 Inequalities related to Zipf-Mandelbrot entropy

The aim of this section is to present some interesting results related to Zipf-Mandelbrot
entropy.
Now first we define the cumulative distribution function as follows:

H,
Chnra = 7 (11.10)
n,rt

where k€ {1,...,n},neN,r >0, t >0and H, ,; is the same as defined in Definition 11.5.
The first result of this section states that:

Theorem 11.4 Let Z(r,t,H, ;) be the Zipf-Mandelbrot entropy and F and Cy , ; be the
same as defined in (11.2) and (11.10) respectively. Then

1 k
Z rt,H, it + 2 (W Ckl,n,r,t) log (k 1)
Hy r;

_ 1 ”F(kfl)
- nrl =2 (k+r)t

k—1 Hy s
Z(T,I,Hn re) t+ 2 (m Ckl,n,r,t) log (m) .

Proof. Take p; =

W (1<k<n,r>0,t>0)in (11.1), the result is immediate. O

The second main result of this section states that:
Theorem 11.5 Let a; > 0 be real numbers and H, r; and Cy p, ., be the same as defined

in (11.9) and (11.10) respectively. Let g : [a,b] — R be a differentiable function such that
g(x+h)—g(x) is convex for all x,x+ h € [a,b], where h > 0.

() Let Gy Ln,rt Cknrl’ aanrtZ l+lrt’ aanrtZ ,+rt E[Cl b]forallke{Z }
Then for any s € R, we have

n

2 aj (g (Ck,n,r,t) —§ (Ck—l,n,r,t))

k=2

_|_

]
i\
Q
=7

Hy i (5 (i+r

s 1 Ek: a; 1 k=l a;
& aan rti—1 (i+ r)t & aan,r,t i— (i+ r)t

(g (Ck,n,r,l) —8 (Ckfl,n,r,t))

1l | 1k a;
o —a;Cy—
+ Zak Hyre & (it 1) akCk—1nrt

1 k—1 a; , ,
Tr 2 .—)Z_akckfl,n,r,l (g (Ck,n,r,l) —8 (Ckfl,n,r,z))

IA
M=
=,

T
NS}
-

IN
1=
;Sq

T
[\9)




11.2 ON ZIPF-MANDELBROT ENTROPY AND 3-CONVEX FUNCTIONS

319
1 kooa 1 K g
« | o i _ o ! . (11.11)
(g (aan rt ; (l+r) & aan,rt ,; (l+r)
(ii) Let 7(1“‘)‘}11’1”, A Cre—t,r1» WChn,rts #ﬁﬂ-‘; l+’r 75 H,m Z ’r, [a,b] for all
ke{2,...,n}. Then
aq 2
g m +k§:lz (8 (axCenrs) — 8 (xCi1 1))
+ 5 Ll*akckfl,n,r,t (g/ (aka,n,r,t) - g/ (akckfl,n,r,t))
Hn ntoi—1 (l + V)
1 & a;
<
=8 (Hn,r,l ,:211 (l+ V)l>
<

a n
# ( (1 + r)tHn,r,t ) * 2 (g (aka%r’l) 8 (akckfl’"arat))

1 k
Hn,rt i

|
@
T +lr)’ —a;C_1 ,n,r,t)
1

1 & a; , 1 K a;
. - . : (11.12)
(H 2 <z+r>f> o 2

If g (x+h) — g (x) is concave for all x,x+ h € [a,b] such that h > 0, then the reversed
inequalities hold in (11.11) and (11.12).

n
+
=2
X (g/

Proof.

(i) By taking p; = m in (11.3), the result is immediate.

(ii) The idea of the proof is the same as discussed in (7).

Corollary 11.2 Let a; > 0 be real numbers, Hy .y and Cyp, r; be the same as defined in
(11.9) and (11.10) respectively and let g : [a,b] — R be a differentiable function.

(i) Let the condition of Theorem 11.5 (i) holds. If g is 3-convex, then (11.11) holds for
any s € R.

(ii) Let the condition of Theorem 11.5 (ii) holds. If g is 3-convex, then (11.12) holds

If g is 3-concave, then the reversed inequalities hold in (11.11) and (11.12).
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11.2.2 Linear functionals and mean value theorems

Consider the inequalities (11.11) and (11.12) and define linear functionals P; (i = 1-6) by
the non-negative differences of the inequalities (11.11) and (11.12) as follows:

n S 1 a; 1 k=l a;
lIjl(g): Zak<g< l(i+r)t>_g<akHiz,rt i=1 (l+i")>>

k=2 aan rt
n
- 2 ai (g (Ck,n,r,t) —8 (Ckfl,n,r,t))
k=2

M»

M

i

n
= Y a; ' D (& (Cone) =8 (Ceot ) (11.13)
k=2
- n o 1 k—1 a; c
2 (g) - kgzak Hn . l:§:1 (l+}")t —QkC k10t
1 Looa 1 Ko
/ i o i
8 (g <aanrt21(i+r)t> & <aan,r,ti21 (i+r)t>>
n
- 2 aiile (g/ (Ck,n,r,z) - g/ (Ckfl,n,r,l)) , (11.14)
k=2
n
Y3 (g) = 2 ai (g (Ck,n,r,t) -8 (Ckfl,n,r,t))
k=2

noo 1 k a; 1 k—1 a;
- as . - .
]{2::2 k (g (aan,r,t le (l+ r)l> 8 (Clan,r,t 1:211 (l + r)t

n 1 k 1 —
+ aS*lD / )
,{2::2 k k<g (danltz (i+r) ) & aan,,,g z—i—r

(11.15)
n a; )
b Y = =
4(8 g<Hnrt[1 > ((1+V) nrt
n
7}; (g (aka,n,r,t) -8 (akafl,n,r,t))
n
— Y Dy (&' (aCrnre) — &8 (axCitnre)) s (11.16)
k=2
n 1 k—1 a;
s (g) = Y wCiinr
5(8) kE::Z Ho e le (it r), arCik—1,n,rr

1 & a; 1 =g
X /! . 1 _ / . L
<g o 277 )~ o 2 Ty

n

— Y D (g (axCrnrs) — & (axCi1nrs)) (11.17)
k=2
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and

N ( ) - ( aq ) 1 zn: a;
618/ = & (1+r)tHn,r,l & Hn,r,l i—1 <i+r)t

+ 2 (8 (axCrnrr) — 8 (axCi—1 1))

k=2
n 1 k ai 1 k—1 ai
Yo (g[S ) g (Y ), s
2 (g o 257 )~ \ B 2 7
where D), = #ﬂ 2{»{;11 (H‘f—lry*akckfl,n,r,t-

If g : [a,b] — R is differentiable and 3-convex, then Corollary 11.2 implies that

Now we give mean value theorems for the functionals ¥; (i = 1-6) as defined in (11.13)-(11.18).
These theorems enable us to define various classes of means that can be expressed in terms
of linear functionals.

Theorem 11.6 Let g : [a,b] — R be such that g € C*(|a,b]) and let ¥; (i = 1-6) be linear
functionals as defined in (11.13)-(11.18). Then there exists §; € [a,b] such that

"es.
‘Pt(g)ZgTM‘Pi(go), ie{l,..,6},
where go (x) = x>.
Proof. The proof is analogous to the proof of Theorem 2.7 in [6]. 0

The following theorem is a new analogue of the classical Cauchy mean value theorem,
related to the functionals W; (i = 1-6) and it can be proven by following the proof of
Theorem 2.8 in [6].

Theorem 11.7 Let g,k : [a,b] — R be such that g,h € C*([a,b]) and let ¥; (i = 1-6) be
linear functionals as defined in (11.13)-(11.18). Then there exists §; € [a,b] such that

Yi(e) _ &"(5)
Y (h)  KW"(&)’

provided that the denominators are non-zero.

ie{l,....6}, (11.19)

Remark 11.2 (i) By taking g(x) = x* and h(x) = x4 in (11.19), where s,q € R\
{0,1,2} are such that s # g, we have

5§59 — q(g—1(g—=2)¥:i(x")
! s(s—1)(s—2)¥; (x2)’

ie{l,...,6}.

(ii) If the inverse of the function g"” /h"" exists, then (11.19) implies that

5 = (%)1 (iiii) ic{l,...,6}.
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11.2.3 n-exponential convexity and log-convexity

In this section first we will present some important definitions which will be useful further.
In the sequel, let / be an open interval in R.

The next four definitions are given in [14].

Definition 11.6 A function f : I — R is n-exponentially convex in the Jensen sense if

d Xi+x;
> thjf< 5 j) >0

i,j=1

holds for every ¢, € Rand x; € I (1 <i<n).

Definition 11.7 A function f : I — R is n-exponentially convex if it is n-exponentially
convex in the Jensen sense and continuous on I.

Definition 11.8 A function f : I — R is exponentially convex in the Jensen sense if it is
n-exponentially convex in the Jensen sense for all n € N.

Definition 11.9 A function f : I — R is exponentially convex if it is exponentially convex
in the Jensen sense and continuous.

A log-convex function is defined as follows (see [15, p. 7]):

Definition 11.10 A function f : I — (0,c0) is said to be log-convex or multiplicatively
convex iflog f is convex. Equivalently, f islog-convex if for all x,y € I and for all A € [0, 1],
the inequality

fRx+(1=2)y) < A @) @)

holds. If the inequality reverses, then f is said to be log-concave.

Next we study the n-exponential convexity and log-convexity of the functions associated
with the linear functionals V; (i = 1-6) as defined in (11.13)-(11.18).

Theorem 11.8 Let A = {f; : s €1 CR} be a family of differentiable functions defined
on [a,b] such that the function s — [20,721,22,23; fs| is n-exponentially convex in the Jensen
sense on I for every four mutually distinct points z0,21,22,23 € [a,b]. Let ¥; (i = 1-6) be
the linear functionals as defined in (11.13)-(11.18). Then the following statements hold:

(i) The function s — ¥;(f5) rlns n-exponentially convex in the Jensen sense on I and
the matrix {‘Pi ( Ssj+s )} is positive semi-definite for all m € N, m < n and

2 P l—

Jik=1

S1y--.,Sm € 1. Particularly,

m
det[‘l’i(fm)] >0, VmeN, m<n.
2 Jk=1

(i) If the function s — W, (f) is continuous on I, then it is n-exponentially convex on I.
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Proof. The proof is analogous to the proof of Theorem 3.11 in [6]. O

The following corollary is an immediate consequence of Theorem 11.8.

Corollary 11.3 Let A = {f;: s € I CR} be a family of differentiable functions defined
on [a,b] such that the function s «— [20,21,22,23; fs] is exponentially convex in the Jensen
sense on I for every four mutually distinct points z0,21,22,23 € |a,b]. Let ¥; (i =1-6) be
the linear functionals as defined in (11.13)-(11.18). Then the following statements hold:

(i) The function s — Y; (f;) is exponentially convex in the Jensen sense on I and the ma-
m

trix | Wi | fsjrs ] is positive semi-definite forallm e N, m <nandsy,...,sm €

e
Jk=1

1. Particularly,

m
det[‘l’l(fm)] >0, VmeN, m<n.
2 Jk=1

(ii) If the function s — W; (f5) is continuous on I, then it is exponentially convex on I.

Corollary 11.4 Let A = {f;: s € I CR} be a family of differentiable functions defined
on |a,b] such that the function s — [20,21,22,23; fs] is 2-exponentially convex in the Jensen
sense on 1 for every four mutually distinct points 20,71 ,22,23 € |a,b]. Let ¥; (i = 1-6) be the
linear functionals as defined in (11.13)-(11.18). Further, assume that ¥; (f;) (i = 1-6) is
strictly positive for f; € A. Then the following statements hold:

(i) If the function s — ¥, (f) is continuous on I, then it is 2-exponentially convex on 1
and so it is log-convex on I and for ,s,f € I such that ¥ < s < I, we have

s—F

W (T < (F ()], ie{l,....6}, (11.20)

known as Lyapunov’s inequality. If ¥ < < s or s < F <1, then the reversed inequal-
ities hold in (11.20).

(i) If the function s — W, (f) is differentiable on I, then for every s,q,u,v € I such that
s <wuandq <v, we have

Usg (Pis A) <ty (i, A), i€ {1,...,6}, (11.21)
where 1
(q’f(m)ﬁ, s#4q,
ts g (Fi, A) = i (@P ) (11.22)
exp % , S=¢q
for fi, f € A

Proof. The proof is analogous to the proof of the Corollary 3.13 in [6]. O
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Remark 11.3 Note that the results from Theorem 11.8, Corollary 11.3 and Corollary
11.4 still hold when two of the points zg,z;,22,23 € [a,b] coincide, say z; = z9, for a family
of differentiable functions f; such that the function s — [z0,20,22,23; f5] is n-exponentially
convex in the Jensen sense (exponentially convex in the Jensen sense, log-convex in the
Jensen sense on I), when three of the points zg,z1,22,23 € [a,b] coincide, say z, = z; = 20,
for a family of differentiable functions f; such that the function s — [z0,20,20,23; 5] is
n-exponentially convex in the Jensen sense, when three of the points z9,z1,22,23 € [a,D]
coincide again, say z, = 71 = zo, for a family of twice differentiable functions f; such that
the function s — [20,20,20,23; fs] is n-exponentially convex in the Jensen sense and fur-
thermore, they still hold when all four points coincide for a family of thrice differentiable
functions with the same property.

There are several families of functions which fulfil the conditions of Theorem 11.8, Corol-
laries 11.3 and 11.4, and Remark 11.3 and so the results of these theorem and corollaries
can be applied for them. Here we present an example for such a family of functions and
for more examples see [6] and [9].

Example 11.1 Consider the family of functions
A={f;:(0,0) = R:scR}

defined by
Wwv S¢ {07172}7
fs (x) _ 3 IOg)C7 S = 07
—xlogx, s=1,
%xz logx, s =2.
Here %fs (x) =x3 = e5=3)Inx 5 0 which shows that fs is 3-convex for x > 0 and

3 . . -
S j? f5 (x) is exponentially convex by definition.

In order to prove that s — [z0,21,22,23; f5] is exponentially convex, it is enough to show
that

X =155k [ZO»Z1,Zz,Z3;fﬂ] = [zo,m,zz,m;E?,klgjgkfm >0, (11.23)
: 2 : 2

foralln € N, gj,s; € R, j € {1,...,n}. By Definition 11.3, inequality (11.23) will hold if
) =30 gjgkfi;d (x) is 3-convex. Since s — %fs (x) is exponentially convex, that
is )

2 €j€kf./v/;+sk 207 anNvgjvsjER7J€{177n}7

k=1 2

which implies that T' is 3-convex, inequality (11.23) is immediate. =~ Now as
s+ [20,21,22,23; f5] is exponentially convex, s — [20,21,22,23; f5] is exponentially convex
in the Jensen sense and by using Corollary 11.3, we have s — ¥;(f;) (i = 1-6) is expo-
nentially convex in the Jensen sense. Since these mappings are continuous, s — ¥; (f)
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(i = 1-6) is exponentially convex.
If 7,s,7 € R are such that 7 < s < 7, then from (11.20) we have

Wi(f) < [ ()7 [ ()], i {1,...,6).

If 7 <7 <sors<F<T,then the reversed inequality holds in (11.24).

Particularly, for i = 1 and 7,5,7 € R\ {0, 1,2} such that 7 < s <7, we have

1 n 1 L s =l g $
s(sl)(sZ)%(H,{n, ((231 (i+r)f> - (231 (i+r)’> )

s s s s—1 s—1 s—1
+a3 (C 1yt = Choprs) +5a3 ' Dy (Ck Lt Ck,n,r,z))

1 n 1 . e 4 F
< _ _
SEEEPArS <,-21<i+r>’> (21 <i+r>f>

i—s

7T 7 —1 F—1 7F—1 —F
+ak (Ckfl,n,r,l - Ck,n,r,t) + rak Dk (Ck 1,n,rt Ck,n,r,t))}

1 N ow N (e ow )
X f(ffl)(f—Z)kgz Hi,, (il(l-Jrr)z) _<121m>
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(11.24)

+a;~( (Clifl,n,r,t 7Clt;,n,r,t) + faiile (Cltc % JLEE C]’;;’l}l,l))} o )y § g-f {0’ 1’2}'

In this case, W4 (Pi,A) (i = 1-6) defined in (11.22) becomes

2Vi(fefo) _ 3s>—6s+2
exP( W) Dl ) s=q¢{0,1

~ 2
tag (¥ 8) = 3 oxp (4814 3), s=q=0,
exp () s=q=1,

Yi(fof: 3
exp (G5 3). s=4=2

In particular for i = 1, we have

~
|
—

1 n 1 k ’ ai
‘Pl (fv) = S(S—l)(s_z) 2 (Hrszrl ((2 l+r ) (il (l+r)

2},

))

0 (Citnre = Chse+ 505 Di (Gl = il ) ) ) o5 #40.1,2),

Ck 1 st 2 l i D
= + ) k
Ck,ll,l,t z,:] (l+lr)l‘

i) = 5 Ya (log<
k=2

Ay (k + r)l Ck*l,n,r,tCk,n,r,tHn,r,t > ?
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k—1 a: —
L2 (fl) = Za (2 (i+lr)l log (akl'}n,rt 2 l+}" )

nrtk2 i=1

-3 >
Si+r) axHyre (5 (i+r)

n

+ 2 ai (Ck,n,r,t long,n,r,t - Ckfl,n,r,t logckfl,n,r,t)

k=2

& Cinre
3 oo (S22 ).
1{2::2 k Ck*l,n,r,t

1

n k ai 2 k
¥ (f2) = 2r Z (2 (l-Jrlr)t) log (akhllnr,z (i+r) )

n i=1
2 1 kil a;
i—1 l + r aan,r,t i—1 (i + r)t

n
2 (Ck Ln,rt log (Ck I,n rt) C/%,n,r,t log (Ck,n,r,z))
n

1
Dy| ———+2 1

kzzak k ((k+ r)tHn,r,t + Ck,n,r,l 0g (Ck,n,r,z)
—2C 1 s 10g (Ceot i) s
n 1 k a 1 k=1 a;

49 (fo?) = * | log? | —log? ’
: (fO ) kzzlzak (Og (aan,r,t ,:211 (i+r)t> o8 (aan,r,l Z:I (l+r)t>>
n

+ 2 ai (10g2 (Ckfl,n,r,l) - ]0g2 (Ck,n,r,t))

k=2

-2 2

s— 1D (10g (Ck,n,r,t) . log (Ckfl,n,r,t) )

Ck,n,r,t Ckfl,n,r,t

1 1 ’ 1 L
2¥1 (ffo) = s(sl)(sZ)Hnr,kzz<<lzl (l+}"l> 10g<aanrt ; (i+r) )

K=l g s 1kl g
a (; (i—l—r)t) log (aan,rl i—1 (l-i—V) >>

n
W Y ar ((C 1108 (Ceztns) = Ch 108 (Cine))
) =

+a;le (Ci in rt ( +SIOg (Ck*lvnvrvl)) Clinlrt( +SI0g (Ck7n7r,l))>) ’
s¢{0,1,2},

M

+
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1 n k—1 ai 1 —
2y = ! — log?
l(fofl) H, Zak (2 (i+r)t o8 aHy ry 2 l+r

S =2 i=1

1k
_ o
2 (i+r) (aananl (i+r) ))

+ 2 ai (Ck,n,r,t 10g2 (Ck,n,r,t) - Ckfl,n,r,t 10g2 (Ckfl,n,r,t))
k=2

n
+ Y @ Dic((2+log (Cenre)) 108 (Cinrr)
k=2

- (2 + IOg (Ckfl,n,r,t)) log (Ckfl,n,r,t))

and

2
o) = —— a2 (34 ) o Ly @
= — a; (0]
e Hg . 5 ¢ Si+r) £ arHy e S (i+r)

2
. Iil a; 10g2 1 a;
S (i+r) axHyry 5 (i+71)

n
+ 2 ai (Clgfl,n,r,z 10g2 (Ckflsnsrsf) - Cl%,n,r,t logz (Ck,"arsf))
k

=
n
+2) @ "Dy (Ci—1 e (14108 (Cm1r) ) 10 (Ci—1 1)

u M’»:

- Ck,n,r,t (1 + log (Ck,n,r,t)) IOg (Ck,n,r,t)) .

If W; (i = 1-6) is positive, then Theorem 11.7 applied for g = f; € A and h = £, € A yields
that there exists 6; € [a, b] such that

571 = ‘Pf(f‘) ie{l,... 6}

Since the function §; — &, 7 (i = 1-6) is invertible for s # ¢, we have

min{a,b} < (;’EZ)))[' <max{a,b}, ic{l,...,6},

which together with the fact that u ,(\F; ,A) (i = 1-6) is continuous, symmetric and mo-
notonous (by (11.21)) shows that i, (¥;,A) (i = 1-6) is a mean.
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11.3 Shannon and Zipf-Mandelbrot entropies and
related results

The results presented in this section are given in [8]. This section is organized as follows:
in Section 11.3.1 and 11.3.2, we present some interesting results related to Shannon and
Zipf-Mandelbrot entropies respectively. In Section 11.3.3, we define linear functionals as
the non-negative differences of the obtained inequalities and present mean value theorems
for the linear functionals. In Section 11.3.4, we present the properties of the functionals,
such as n-exponential and logarithmic convexity. Finally, we give an example of the family
of functions for which the results can be applied.

Remark 11.4 log denotes the logarithmic function and throughout this section we con-
sider the base b of logarithm is greater than 1.

11.3.1 Inequalities related to Shannon entropy
In our first main result, we will use the following lemma:

Lemma 11.1 (i) Ifp; € Rsuchthat p; >0 (1 <i < n)and ifthe sequence {a;} | CR
is non-increasing, then it is non-increasing in weighted mean.

(ii) If pi € R such that p; >0 (1 <i<n) and if the sequence {a;}"_, C R is non-
decreasing, then it is non-decreasing in weighted mean.

Proof.
(i) Simple calculations reveal that

1 k 1 k+1 Pial k
— Y piaj— — piti = piai — Pagy1 | -
Pk,;l T P ,;1 T PP = o "

Asa; >...>apand p; >0,i€{l,...,n}, we have

p1ai 2> p1agii,

D@y 2 Prlii1-

On adding the above inequalities we have 2{;1 pia; — Prag1 > 0, which combined

together with Pf ;‘,L‘ - > 0 yields that Pik >k piai > Pk1+1 > piag.

(ii) The proof is analogous to the proof of (i).

Our first main result states that:
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Theorem 11.9 Let p; € R such that pr >0 (1 < k <n) andlet f : [a,b] — R be a Wright-
convex function.

(a) Let 0 < pp < 1 (1 <k <n) and let S(p), p1log (ﬁ) Pklog(i), Pk,llog(é)
€ [a,b] forallk € {2,...,n}.

(i) If the sequence {pi}}_, is non-increasing, then

f(8p) < f(PllOg (p%))
+ki2 [f (Pklog (pik)) —f (Pkllog (pik)ﬂ (11.25)

(ii) If the sequence {pi};_, is non-decreasing, then

ris@)= 7 (moe(5-))
+ki2 [f (PkIOg <pik>) —f <Pk110g (pik)ﬂ .(11.26)

(b) Let py > 1 (1 <k <n)andlet —S(p), p1logpi, Plogpy, Pr_1logpy € [a,b] for all
ke{2,...,n}.
(i) If the sequence {py}}_, is non-increasing, then
n
f(=8®) = f(pilogpr)+ Y, [f (Pelogpi) — f (Pierlogpi)]. - (11.27)
k=2

(ii) If the sequence {p;}}_, is non-decreasing, then
n
f(=S()) < f(prlogpr)+ X [f (Plogpi) — f (Peilogpy)]. (11.28)
k=2
If f is Wright-concave, then the reversed inequalities hold in (11.25) - (11.28).

Proof.

n
(a) (i) Asp;>pr>...>pyandb > 1,the sequence {log (ﬁ) }k | is non-decreasing.
\ =
By Lemma 11.1 (ii), the sequence {log (plk) }k ) is non-decreasing in weighted

mean and hence by using Theorem 11.3(ii) for a; = log (é) such that 0 <
pr < 1 (1 <k <n), the result is immediate.

(ii) The idea of the proof is the same as discussed in (i).



330 11 ON SHANNON AND ZIPE-MANDELBROT ENTROPIES

(b) (i) Aspy >p2>...> pyand b > 1, the sequence {log py};_, is non-increasing.
By Lemma 11.1 (i), the sequence {logpi};_, is non-increasing in weighted
mean and hence by taking a; = log py with p; > 1 (1 <k <n) in Theorem
11.3(i), the result is immediate.

(ii) The idea of the proof is the same as discussed in (7).

O

Since the class of convex (concave) functions is properly contained in the class of
Wright-convex (Wright-concave) functions, the following corollary is immediate:

Corollary 11.5 Let py € Rsuch that pr >0 (1 <k <n)andlet f : [a,b] — R be a convex
Sfunction.

(a) Let all the conditions of Theorem 11.9(a) hold.

(i) If the sequence {py};_, is non-increasing, then (11.25) holds.
(ii) If the sequence {p;}}_, is non-decreasing, then (11.26) holds.

(b) Let all the conditions of Theorem 11.9(b) hold.

(i) If the sequence {py};_, is non-increasing, then (11.27) holds.
(ii) If the sequence {py}}_, is non-decreasing, then (11.28) holds.

If f is concave, then the reversed inequalities hold in (11.25) - (11.28).
An application of Corollary 11.5 is given as follows:

Corollary 11.6 Ler f (x) =x°, where x € (0,00) and s € R. Let py € R such that p; >0
(1<k<n).

(a) Let 0 < pp <1 (1 <k<n)andlets <0ors> 1.

(i) If the sequence {pi};_, is non-increasing, then

s < 1g<l}1)>+kz<lg<§k)) (R-PL)).  (1129)

(ii) If the sequence {pi}}_, is non-decreasing, then

(S(p))’ > (Pllog (%))Eé (log (pik))s (Bi—PF)). (1130

(b) Let pp > 1 (1L <k<n)andlets <0ors>1.
(i) If the sequence {pi};_, is non-increasing, then
n

(=S(p))* = (pilogp1)* + Y, (logpe)* (Pf —PE_y) . (11.31)
k=2



11.3 SHANNON AND ZIPF-MANDELBROT ENTROPIES 331

(ii) If the sequence {pi};_, is non-decreasing, then
n
(=S()’ < (p1logp1)’ + ¥, (logpy)® (B —Piy) - (11.32)
k=2

If0 < s < 1, then the reversed inequalities hold in (11.29) - (11.32).

11.3.2 Inequalities related to Zipf-Mandelbrot entropy

The aim of this section is to present some interesting results by using Zipf-Mandelbrot
entropy.
The first main result of this section states that:

Theorem 11.10 Let Z(r,t,H, ;) be the Zipf-Mandelbrot entropy, Cy , »; be the cumula-
tive distribution function and f : [a,b] — R be a Wright-convex function.

. 1
(i) Let 0 < T < 1.

|
IfZ(r,t,Hypy), log ((1+ ) Hy ) 7' Hnre log ((k+r)f H,,JJ)Ck”””,
log ((k+r) Hn,r,,)ck*""‘r” € la,b] forall k€ {2,...,n}, then

1
F(Z(rt,Hypy)) < f (log (L4 7r) Hupy) (l+r)[H,“-,,>

+ 2": f (log ((k+7r) Hn’r’,)ck‘””)

k=2

=3 (log (k47 Hup)F ) - (1133)
k=2

(ii) Let (k-+r) Hy,, < 1.
If =Z(r,t,Hy 1), log ((1 +r) Hn,m) (1) Hp log ((k +r) H,,JJ) 7Ck”””,
log ((k+7) Hyy) Gt ¢ [a,b] forallk € {2,...,n}, then

—1
f<_Z(r7taHn,r,t)) Z f <]0g ((1 + r)t Hn,r,z) (l+r)tHn,r.t >

431 (1o (ko ) o)

k=2

-y f (log ((k+ 1) ) *C"*‘-"’”) (1134
k=2

If f is Wright-concave, then the reversed inequalities hold in (11.33) and (11.34).

n
Proof. 1t is easy to see that the sequence { Dr = W} is non-increasing over
nnt ) k=1
ke{l,...,n}.
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(i) Take px = in Theorem 11.9(a) (i), the result is immediate.
t

1
(k+r)[Hn,r.

(ii) The idea of the proof is the same as discussed in (i) but here we apply Theorem
11.9(b) (i) instead of Theorem 11.9(a) (7).

Corollary 11.7 Let Z(r,t,H, ;) be the Zipf-Mandelbrot entropy, Cy . , be the cumulative
distribution function and f : [a,b] — R be a convex function.

(i) If all the conditions of Theorem 11.10(i) hold, then we have (11.33).
(ii) If all the conditions of Theorem 11.10(ii) hold, then we have (11.34).

If f is concave, then the reversed inequalities hold in (11.33) and (11.34).

11.3.3 Linear functionals and mean value theorems

Consider the inequalities (11.25), (11.27) and (11.33) and define linear functionals as
follows:

O1(f) = —S(S@)+/ (Pl‘c’g(p%))

+k§nl2 [f (Pklog (p%)) —f (Pkllog (pik)ﬂ , (11.35)

n

D, (f) = f(=S(p))— f(pilogp1) — Y [f (Pclogpx) — f (Pe—1logpr)]  (11.36)
k=2

D3 (f) = —f(Z(rt,Hpp))+ f <10g ((1 + r)t Hn,r,t) T Fip s )
£y

k=2

[f (log ((k+r) Hn,,,,)ck‘““) —f (1og ((k+r) Hn,,,t)ck*'v'”vf)} .
(11.37)

If f is a convex function defined on [a,b] and if the sequence {p;}}_, C R is non-
increasing, then Corollary 11.5(«)(i) and Corollary 11.5(b)(i) imply that @ (f) > 0 and
@, (f) > Orespectively. Moreover, if Z (1,1, Hy ;) is the Zipf-Mandelbrot entropy, Cy. . is
the cumulative distribution function and if f : [@,b] — R is a convex function, then Corol-
lary 11.7(i) implies that @5 (f) > 0.

Now we present mean value theorems for the functional ®; (i = 1-3). Lagrange-type
mean value theorem related to ®@; (i = 1-3) states that :
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Theorem 11.11 Let f : [a,b] — R be such that f € C*([a,b]) and let ®, ®, and @3 be
the linear functionals as defined in (11.35), (11.36) and (11.37) respectively. Then there
exists &1,&, & € [a,b] such that

f(&)

®l(f): ) q)i(f0)7 i€{17273}7

where fy(x) = x2.

Proof. The proof is analogous to the proof of Theorem 2.7 given in [5] (see also Theorem
2.2 1in [14]). ]

The following theorem is a new analogue of the classical Cauchy mean value theorem,
related to @; (i = 1-3).

Theorem 11.12 Let f,g : [a,b] — R be such that f,g € C*([a,b]) and let ®;, ®; and
D3 be the linear functionals as defined in (11.35), (11.36) and (11.37) respectively. Then
there exist &,&, &3 € [a,b] such that

Pi(f) _ f"(&)
®;(g) g"(&)

provided that the denominators are non-zero.

ic{1,2,3}, (11.38)

Proof. The proof is analogous to the proof of Theorem 2.8 given in [5] (see also Theorem
2.4 1in [14]). ]

Remark 11.5 (i) By taking f (x) =x* and g (x) =x7in (11.38), where s,¢g € R\ {0,1}
are such that s # ¢, we have

(ii) If the inverse of the function f”/g" exists, then (11.38) implies that

& = (g)l (Ziig) ie{1,2,3}.

11.3.4 n-exponential convexity and log-convexity

Let I be an open interval in R.
Now we study the n-exponential convexity and log-convexity of the functions associ-
ated with the linear functionals ®; (i = 1-3) as defined in (11.35)-(11.37).

Theorem 11.13 Ler Q = {f; : s € I C R} be a family of functions defined on [a,b] such
that the function s — [z20,21,22; f5] is n-exponentially convex in the Jensen sense on I for ev-
ery three mutually distinct points 20,21,22 € |a,b]. Let ®; (i = 1-3) be the linear functionals
as defined in (11.35)-(11.37). Then the following statements hold:
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(i) The function s — ®;(f;) is n-exponentially convex in the Jensen sense on I and
m

the matrix [(Di ( fxzv+s'k):| is positive semi-definite for all m € N, m < n and
2 k=1
Js
S1y--.,Sm € 1. Particularly,

m
det[d),'<fsj+sk)} >0, VmeN, m<n.
2/ k=1

(i) If the function s — @; (fy) is continuous on I, then it is n-exponentially convex on 1.

Proof. The idea of the proof is the same as that of the proof of Theorem 9 in [6]. O

The following corollary is an immediate consequence of Theorem 11.13.

Corollary 11.8 Let Q = {f; : s €  CR} be a family of functions defined on |a,b] such
that the function s — [z0,z1,22; f5| is exponentially convex in the Jensen sense on I for every
three mutually distinct points 20,21,z € |a,b]. Let @; (i = 1-3) be the linear functionals as
defined in (11.35)-(11.37). Then the following statements hold:

(i) The function s — ®; (f;) is exponentially convex in the Jensen sense on I and the ma-

m

trix {CD,- (fsj'Jrsk > ] is positive semi-definite forallm e N, m <nand sy, ... ,sn €
2 k=1

1. Particularly,

m
det [(Di (fs'j+s'k):| >0, VmeN, m<n.
T/ 1 jk=1

(ii) If the function s — ®; (f5) is continuous on I, then it is exponentially convex on I.

Corollary 11.9 Ler Q = {f;: s € I C R} be a family of functions defined on [a,b] such
that the function s — [z0,21,22; fs] is 2-exponentially convex in the Jensen sense on I for
every three mutually distinct points z0,21,22 € [a,b]. Let ®; (i = 1-3) be the linear func-
tionals as defined in (11.35)-(11.37). Further, assume that ®; (f) (i = 1-3) is strictly
positive for f; € Q. Then the following statements hold:

(i) If the function s — ®; (f;) is continuous on I, then it is 2-exponentially convex on I
and so it is log-convex on I and for 7,s,t € I such that ¥ < s < f, we have

@ ()T <@ (@), ie{1,2,3), (11.39)

known as Lyapunov’s inequality. If F <1 < s or s < F <1, then the reversed inequal-

ities hold in (11.39).

(i) If the function s — ®; (fy) is differentiable on I, then for every s,q,u,v € I such that
s <wuandq <v, we have

,u's,q ((I)Z,Q) S .uu,v (q)hg)? RS {17273}7 (1140)
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where 1
(q)i(fs)>ﬂ» s# 4,
oo (@,Q) = NP (Q")q)'(f) (11.41)
exXp % , §=(q
for fu fy € Q.

Proof. The idea of the proof is the same as that of the proof of Corollary 5 given in [6]. U

Remark 11.6 Note that the results from Theorem 11.13, Corollary 11.8 and Corollary
11.9 still hold when two of the points zg,z1,22 € [a,b] coincide, say z; = 7, for a family
of differentiable functions f; such that the function s — [z0,21,22; f5] is n-exponentially
convex in the Jensen sense (exponentially convex in the Jensen sense, log-convex in the
Jensen sense on I); and furthermore, they still hold when all three points coincide for a
family of twice differentiable functions with the same property.

There are several families of functions which fulfil the conditions of Theorem 11.13, Corol-
laries 11.8 and 11.9, and Remark 11.6 and so the results of these theorem and corollaries
can be applied for them. Here we present an example for such a family of functions and
for more examples see [9].

Example 11.2 Consider the family of functions
Q={f;:(0,00) = R:scR}

defined by
S(Sxfl)a s ¢ {07 1}7
fs(x) = ¢ —logx, s =0,
xlogx, s=1.
Here %fs (x) = x*~2 = el=2)1ex > (), which shows that f; is convex for x > 0 and

2 . . .
S [77 fs (x) is exponentially convex by definition.

In order to prove that the function s — [z0,21,22; fs| is exponentially convex, it is
enough to show that

2 k=155 [10721,Zz;fs,-+5k} = [20,21722;2?‘/(1 SiSkSsi+s | =0, (11.42)
: 2 : 2

foralln e N, gj,s; € R, j € {1,...,n}. By Definition 11.3, inequality (11.42) will hold if
E(x) =X gjgkfi;& (x) is convex. Since s — %fs (x) is exponentially convex, that
is
i "
> Gickfory 20, VneN,gs;eR, je{l,...,n},
Jk=1 2

which shows the convexity of E, inequality (11.42) is immediate. Now as the function
s+ [z0,21,225 fs] is exponentially convex, s — [z9,21,22; f5] is exponentially convex in the
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Jensen sense and by using Corollary 11.8, we have s — ®; (f;) (i = 1-3) is exponentially
convex in the Jensen sense. Since these mappings are continuous, s — ®; (f;) (i = 1-3) is
exponentially convex.

If 7,5,7 € R are such that 7 < s < 7, then from (11.39) we have

O; (f) < [ (F))7F [ (£)]F7, i€ {1,2,3), (11.43)

If 7 <7 < sors<F<T,then the reversed inequality holds in (11.43).

Particularly, for i € {1,2,3} and 7,s,7 € R\ {0, 1} such that 7 < s < 7, we have

=5 (p)+ (prtog (1)) + 31 (l0g (1)) (B —F)

s(s—=1)
[roma) () 0n)
- Fi—1
—S"(p)+ (p110g (ﬁ))iﬂLELz (log(ka>)i(P]l;—P;§,1) -
i ii—1) ,
(=S())’ — (pilogp1)’ — Fi (logp)” (B —F,)
s(s—1)
< l(s ()" — (p1logp1)” — 3, (logpi)” (P{P,fl)] 7
- FF—1)
() ~ (prlogp) ~ Sy (ogpe) (B~ )]
" Fi—1)
and
s(sl_ 1) [ZS (rt,Hyr) + (log((l +r)’1-1n,r’,)m>s
+ kizlz {(log ((k+ r) Hn,r,[)ck.n,r.t)s _ (log ((k—|— ~ Hn,r,z)Ckl””’t)SH

1 \TF
= (V,I,Hn,r,,) + (log ((1 + r)t Hn,r,t) (140) Hn g )

i—s

< (1 -
= (77-m)

N kzz (log((kJrr)l H,l,r,,)ck""”’); <1og((k+r)‘Hn,r,t)Ckw) H
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s—F

()

3 (ot ) - (et )|

In this case, U, (P;,Q) (i = 1-3) defined in (11.41) becomes

1 7
—Z (r,t,Hy pt) + <log((1+r) nr t)(Hr)tH""‘t>

P
7

Di(fs) \ o4
(q)i(fq)) ’ s 7é q,
1-2s _ Dilfofs) _
sy (@, Q) = eXp(s(sq) ®:(f,) )a s=q¢{0,1},
5,9 12} d),(jg) -
exp (1- 2q>i(fo)) ’ s=q=0,
exp flf—qz)&()ﬁ){l‘))), s=q=1.

In particular for i = 1, we have

1

¢1(ﬁ)=m<—5“(p)+p“ilog“< )+Zlog( e-n 1)>,s¢{0,1},

S(p)
o S8 ) - S ()

(p110g (i))mlog(’L> . (Petog ))Pklog )
P1 + 2 log

S

e (S (p))*® k=2 (P,Hlog (,,%))Pk ) |
01 8) = 3 o (s () ) 0 (erioe () )| 106 (Plbg(p%))
—log?(S(p)),
(fof1) = S(p)log* (S (p)) — pilog (p%) log? (P' lo (i))
kizlog pik) {Pklogz (Pklog (p%)) — Pi_1log? (Pkll()g (p%))]
and

Dy (fofs) = s(sl_l) (1Og (S(p))<s<;:>l> -
(Pllo L) A
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If ®; (i = 1-3) is positive, then Theorem 11.12 applied for f = f; € Qand g = f, € Q
yields that there exists & € [a, ] such that

é;ﬁ‘*fl _ ; (fs)
' D; (fq),

ic{1,2,3}.

Since the function & — &7 is invertible for s # ¢, we have

q)i (fV)
“= <q>,» o)

which together with the fact that yg 4 ((Di,f}) (i = 1-3) is continuous, symmetric and mo-
notonous (by (11.40)), shows that i, (®;,Q) is a mean.

1
)qgu ie (1,23},
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